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Foreword

This collection of technical reports addresses the following
topics: evaluation of stability of the Wigner distribution
function (WDF) in the presence of noise; determination of the
WDF with minimum spread; computation of an alias-free WDF and
complex ambiguity function from discrete-time samples;
performance evaluation of a combiner with a dead zone in each
channel; determination of the optimum memoryless nonlinear
transformation for weak narrowband signals in noise; and
estimation of the noise field directionality directly from the
spatial correlation for linear, planar, and volumetric arrays.

Some of the material presented here is heavily based on the
author'’s earlier work, which can be found in the following
volumes in addition to the referenced technical reports:

Performance of Detection and Communication Systenms,
NUSC Scientific and Engineering Studies, 1974;

Spectral Estimation,
NUSC Scientific and Engineering Studies, 1977;

Coherence Estimation,
NUSC Scientific and Engineering Studies, 1979;

Receiver Performance Evaluation and Spectral Analysis,
NUSC Scientific and Engineering Studies, 1981;

Signal Processing Studies,
NUSC Scientific and Engineering Studies, 1983;

Signal Processing Studies,
NUSC Scientific and Engineering Studies, 1985;

Signal Processing Studies,
NUSC Scientific and Engineering Studies, 1986;
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NUSC Scientific and Engineering Studies, 1987.
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Technical Report 8225
16 February 1988

Wigner Distribution Function: Relation to
Short-Term Spectral Estimation, Smoothing,
and Performance in Noise

A. H. Nuttall
ABSTRACT

The properties and behavior of the Wigner Distribution
Function (WDF) are investigated both analytically and by means
of a number of simple informative examples. The lack of local
temporal averaging when obtaining the instantaneous correlation
function, and the lack of weighting the longer delay values when
transforming to the instantaneous spectrum are shown to be the
causes of the deleterious interference effects that are inherent to
the WDF. The equivalence of short-term spectral estimation to
the smoothed WDF offers an attractive alternative with
guaranteed positive distribution values and no interference

offects.

The performance of a processor which estimates the WDF of a
signal waveform in the presence of additive noise is investigated
in terms of the output mean, bias, and variance. Dependence on
filtering the input and time-weighting is allowed and included in
the analysis. Numerical application to a particular example is
carried out.

Approved for public release; distribution is unlimited.
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WIGNER DISTRIBUTION FUNCTION: RELATION TO SHORT-TERM
SPECTRAL ESTIMATION, SMOOTHING, AND PERFORMANCE IN NOISE

INTRODUCTION

The potential of the Wigner Distribution Function (WDF) for
characterizing the short-term local time'and frequency content of a
transient waveform has been amply demonstrated in a series of papers; for
example, see the recent publications [1,2,3] and the extensive references
1istad therein. In particular, [1] contains numerical examples of the WOF
for rectangularly gated linear frequency modulation and a version which has
been smoothed with a square window in the time-frequency plane, in order to

yield positive distribution values. Here, we will be concerned with

smoothing so as to minimally spread the WDF, but will not presume all the
information that is required for implementation via [2], nor do we 1imit
consideration to a constant-magnitude function. We w1110then use the close
connection between short-term spectral estimation and smoothed WDFs to
suggest a possible analysis procedure and philosophy to extract information
about a given waveform without an extensive search in waveform parameters.
Finally, the performance of a particular WOF estimator in the presence of

additive noise will be analyzed, both in terms of bias and variance.

This report summarizes and compiles many of the results in the
publications noted above in a unified framework and notation. Also,

numerous examples are presented in the various sections of this report to
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11lustrate and bring out some of the fundamental concepts and limitations of
the WOF; these examples can be evaluated analytically in closed form,
allowing for close investigation of the behavior of the WOF, and as control

cases on any computer-written program for numerical evaluation of the WOF.
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BASIC PROPERTIES OF THE WOF

DEFINITIONS

A natural definition of the time-varying correlation of a nonstationary

complex stochastic process s(t) is

R(ET) =s(t+3) s (t-3), M

where the overbar denotes an ensemble average. The "center® time in (1) is
t, while the "separation® time is T. However, if an ensemble is not
available, or if s(t) is a deterministic waveform, the obvious extension of

(1) is simply

R(E,T) = s(t + ) st -5 . (2)

This quantity is interpreted as the instantaneous correlation of waveform

s(t) at time t, for separation (or lag) T.

The associated "spectrum* at time t is then available, as usual, by

Fourier transforming (2) on separation variable T, to get at frequency f,

W(t,f) = S'dr exp(-12¢fT) R(t,T) =

- j' dr exp(-12efT) s(t + ) s"(t - 3) . (3)
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(Integrals without 1imits are over the range of nonzero integrand. Also, it

is presumed that s(t) and its derivatives decay fast enough to zero at t = te
for all the integrals to converge.) This time~frequency function W(t,f) 1s
called the Wigner Distribution Function (WDF). It is a real function, even

when s(t) is complex, since

H*(t.f) = fdt exp(12#fT) s*(t +?2-) s(t - %) =

= j‘du exp(-i2«fu) s*(t - %) s(t + %) = W(t,f) . (4)

However, 1t 1s not necessar11y'posit1ve.'a§ the simple example of a
rectangularly gated pulse quickly shows: for
a for |t| <172

S(t) = ’
0 otherwise

then

sin[2«f(T - 2]t[)]
W(t,f) = 2g Sinf2ef{T =2t for Jt| <1, anlf,

2«fT

and zero otherwise, where E 1s the waveform energy:
E = Idtls(tﬂz- lal? 7. (5)

An even simpler example 1s furnished by waveforms with odd symmetry,
s(~t) = ~s(t). Substitution in (3) immediately yields W(0,0) =
- .fdr'kcrIZ)lz = -2€, Thus the origin value of the WDOF is always

negative for an odd waveform.
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More generally, when waveform s(t) is expressed in terms of its even and

odd parts according to

s(t) = e(t) + o(t) , (6)
then the origin value of the WDF is
* *
w0,0) = [(ar sw/2) s"(-m2) = 2 [ gt set) sty =
- 2fdt[3(t) +ort)] [ty - o"(0)] = 2, - 2, (78)

where

E, = fdt e}, €, - J'dt btt)] 2 (78)

are the energies of the even and odd parts respectively. For nonzero t,f,
it can readily be shown that the magnitude of the WOF is upper bounded by
2t = 2(Ee + Eo).

T — — — — - - -
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PROPERTIES OF WDF
For s(t) real, it readily follows from the definition of the WDF in (3)
that
W(t,-f) = W(t,f) for s(t) real . (8)
In this special case, it 1s only necessary to evaluate W(t,f) for f > 0.
Define the voltage density spectrum of waveform s(t) as

S(f) = Jdt exp(-12«ft) s(t) . (9)

Then an alternative form for the WDF in (3) is

W(t,f) = f dr exp(-12#fT) s(t + f) s*(t - g) =

- j‘du exp(12wvt) S(f + %) S*(f - %) ' (10)
in terms of S(f).

Integration on (10) immediately yields the marginals

fdt W(t,f) = [s(f)] 2, ()

and

~fdf Wit f) = [s(t)] 2, _, (1.
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where we used the result

fdx exp(i2wxy) = &(y) . (13)

The quantity in (11) 1s the energy density function, while that in (12) is

the instantaneous power. If we complete the integrations on the remaining

variables in (11) and (12), they both yield
J' dt df W(t,f) = E =
- Jdt st 2 - fdf s 2, (14)
where E is the total waveform energy.

If waveform s(t) satisfies a time-limited rgstriction, namely

s(t) # 0 only for t] <t<« t2 , (15)

then (3) reduces to

W(t,f) = ?dt exp(-12«fT) s(t + g) s*(t - g) for t; <t<t, , (16)
T

and zero otherwise, where

’Cm-zmn(tz-t.t-t,)_”fort1<t<t2. (17)

Thus the WDF is time-1imited if waveform s(t) 1s time-1imited; however, if
there are gaps in s(t), the behavior of the WDF is more cumplicated, as will

be demonstrated later.
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PRODUCT AND CONVOLUTION
If waveform s(t) is the product of two other waveforms,
s(t) = a(t) b(t) , (18)

then the WOF of s(t) is (inserting sub_scr1pts as needed)

W (t,f) jdt exp(~12¢fT) R (t,T) =

fdt' exp(~12«fT) R&(t.-t) Rb(t‘.t) =

de Ha(t.v) Hb(t.f -v) =

£ .
Wy(t,F) @ W (t,f) , (19)

which 1s a convolution on frequency f, for fixed t.

In a similar fa‘sMon. if s(t) is the convolution in time, of two other

waveforms,

t
s(t) = a(t) @ b(t) = [ ara(m bt -T) , (20)

then the WOF of s(t) 1s
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i - t ‘ ’ v , -
W(t,f) = W (t,f) @ W (t,f) = fdr W, (T.f) W (t - T,f) , (21)
which is a convolution on time t, for fixed f.

AMBIGUITY FUNCTION

The WDF is closely related to the complex amb1gu1ty function of s(t),
which is defined here as [4; section 7.2]

x-(V,T) = jdt exp(-12«vt) s(t + g) s*(t - g) -
= fdt exp(-i2#vt) R(t,T) =

- jdf exp(12«fT) S(f + 3) S (F - ) . (22)

In fact, the two are double Fourier transforms of each other:

!fdt df exp(i2«Tf - 12wvt) W(t,f) =

- Sg‘dt df exp(i2«Tf - {2wvt) jdtl exp(-inﬂ.‘]) s(t + 52'-) s*(t - ..?21) -

- ffdt dt‘1 exp(-12wvt) s(t + %) s*(t - %) a(r-t,) -

- Sdt exp(-12wvt) s(t +-§) s*(t - :g) = U»,T) . (23)
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Here we used (3), (13), and (22).

In a similar fashion, the following (single) Fourier transform

relationships on the WOF hold:

.[df exp(i2«fT) W(t,f) = s(t + gb s*(t-- %} = R(t,T) ,

fdt exp(-12wvt) W(t,f) = S(f + -‘2’-) s*(f - §) = A(v,f) . (24)

These properties are summarized in the following diagram, where an arrow

denotes a Fourier transform:

R(L,T) =——— W(t,f)
tiv tlv
L(v,T) +—F—+ A(v,f)

Not every function of t,.f is a (legal) WDF; in fact, from (24) there

follows

+t +t
Idf exp (12¢F(t; - t,) u@—z—z .f)- s(ty) s"(t,) = RG‘—E—Z by - tz) :

(25)

10
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Thus, in order for a candidate function W(t,f) to be a WDF, the function
resulting on the right-hand side of (25) must be separable in -the variables

t] and tz. When and only when that separability occurs, the waveform s(t)
can be recovered from correlation R or W (within a constant unknown phasor)

as follows: let
s(t,) = ,s(to)l exp(ie(to)) . R(t,0) = ls(to)|2 , (26)

where to is arbitrary, except that s(to) # 0. Then, from the right-hand

side of (25),

R [ t - t R ’ t - t -
2 of 2 Q exp(ie(to)) for'all t . (27)

s(t) =
s*(to) V R(t,.0)

The special case of to = 0 was given in [3; (17)]. The fact that the

constant phase e(to) is 1rretrievably lost in R and W can easily be seen

by considering s(t) = ¢ g(t), for which Ns(t,f) = Ic]2 Ng(t,f).

The box-~1ike function rect(t/T) rect(f/F) = 1 for [tl < T/2 and
|£] < Fr2, zero otherwise, which was employed for smoothing in [1], is not a
WOF, since the transform on the left-hand side of (25) yields
F sinc(Ft1 - th) for lt] + tzl < T, which is not separable in t1 and t2.
Also, the Gaussian function exp(-tzla2 - b24:2f2) is a legal WDF if and only

1f b = o, 1n which case s(t) = (4102)-]/4 exp(-tZ/(Zoz)). with o arbitrary.

n
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FIRST MOMENTS OF W

The marginal integrals of W were given in (11) and (12). The

(conditional) first moment of W, w1£h respect to frequency, is

de f W(t,f) = fdf f fd'C exp(-i2«fT) s(t +.§) s (t - .25) -
I 2 :
= dT s(t + 2) s (t - 2) df f exp(-12«fT) =

=g [awst e H e -p s =g tnfs' (0 5"t} - (28)

Here we used the result

1z¢fdx,x exp(12wxy) = &'(y) , »_ (29)
obtainable directly from (13) by taking a derivative with respect to y.

Therefore the "frequency center at time t" of waveform s(t) is defined as

df f W(t,f) { 1(t) *( i
vf(t) - .y - Imis'(t)s (t , (30)

(af e,y 2 [sct)] @

upon use of (28) and (12). If we let complex waveform s(t) be represented

in terms of 1ts amplitude and phase modulations according to

s(t) = M(t) exp[ie(t)] , (31)

12
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then (30) yields simply

ue(t) =L 0'(t) , | (32)

which is independent of amplitude modulation M(t). (32) can also be

interpreted as the instantaneous frequency at time t of waveform s(t).

The "time center at frequency f" follows in an analogous fashion as

dat t W(t,f) S
J IR 1 TGRNG (33)

O% Tawen T [se)?

If we represent the voltage density spectrum S(f) in terms of its magnitude

and phase,

S(f) = A(F) exp[-18(f)] . (34)
then (33) reduces to
up(f) = 5% 6'(F) (35)

which is independent of A(f). (35) can also be interpreted as the group

delay at frequency f of waveform s(t).

The unconditional first moments of W are frequency center

fat af ¢ wet,e)  Jar efsce) 2 Jar ¢ a%e)

-f— - -
’ { at af we,0) Tdf Jse] 2 Jldf A2(f) e

13



TR 8225

and time center

Hdt df t W(t,F)  Jdt t]s(t)] 2 J-dt t M(t)

t= = - . 37
[Jar arweey  far Jseof? idt M2(t) (3n

(36) follows directly from (11) and (34), while (37) follows directly from

(12) and (31). Thus, T 1s independent of 8(f), and t is independent of ©(t).

Alternative forms to (36) and (37), in the complementary domains, are

available:
L fot mfsewy ")} for wv) 01ty 35)
et fsol? e W)
and
oy Jae mfs (s"r)} faf a%6) o1(6) | )

Z far )2 Tdf A2(f)

The result in (38) follows from the use of (28) and (12) in definition (36);
a similar procedure yields (39). The frequency center T in (38) is an
average of the instantaneous frequency uf(t) in (32), weighted according

to the magnitude-squared waveform, Hz(t); similarly, time center t in (39)

is a weighted average of ut(f) in (35).

14
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SECOND MOMENTS OF W

By taking two partial derivatives with respect to T in (24), there

follows

2 3 2 *
df £~ W(t,f) = —= l{s'(t - R "(t t . 0
f 6.6 = L5 lls v e{s()s()}] (40)

When we then employ (12) and (31), the (conditional) second moment with

respect to f develops into the form“

far £ weeey 1 [ e ] [ (41)
jdf Wt f)  8el [ME(1) "“"

Therefore the instantaneous "mean-square frequenéy spread® is

{ar 17 - weewn1? wea)

2
t -
of(t) e fdf W(t,f)
|2 L} ]
I I 1) ___L_g{nm} (42)
ol Wy M) o 2 dt [M(t)

where we employed (32) and (12). This result does not depend on phase
modulation e(t). However, it should be observed that this quantity can be
negative; consider the example M(t) = exp(-t’) for t > 0, with 0 < » <1,
Thus (42) can not be interpreted as a true variance. This unfortunate
feature of the WOF 1s due to the fact that H(t.f)kcan go negative for some

values of t,f.

15
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The unconditional second moment with respect to f follows from (40) and

(11), respectively, as

2 ] 2 2 2
dt df f Ht,f=——fdt ' - )
H R =2 Jsrof 2 = far ¢ ]sce) (43)

Analogous relations for the second moments with respect to t can also be

derived via a similar approach.

MOMENTS OF W2

The marginal integral of the square of the WOF with respect to f is, via

(3), (13), and (2),

Sdf Wo(t,f) = fdf Hdt du exp (-12«f(T - u)) R(t,T) R (t,u) =

gjﬁlk(t.t)l 2. jdt‘ ls(t . §), 2 ’s(t - g), 2

- Z{Is(t)|2® lsco)] } (48)

2
T=2t
which is the convolution of ]s\2 with itself, at argument 2t. The

complementary result, integrating with respect to t, is
, o , ,
5dt Wo(t,f) = fd» ,S(f + %)I ls(f - %), -

-2 {[5(»)] 28s(v) "’} o (45)

16
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If we complete the integrations in (44) and (45) on the remaining
variables, both yield the result -

jj dt df wWo(t,f) = E2 ; (46)

see (14). Also note, for comparison, that the double integral on W yielded

E.

Although the results in (44) and (45) are not overly simple, continued
integration does yield a surprisingly simple result; multiplying (44) by t,

there follows

Sgdt df t Wa(t,f) = Idt t 2f dx Js(x)| ’ k2t - x) 2.
2 2 2 2
- de ko] 2 jdt t Js2t - x)| = Idx Is(x)| Idy st} (v + x)/2 =

2
-1 fdx Iso] (e + xE] = HTE2 + TE2) €2 T . (a7)

. e W W E T TR EYEYTREETEreivieava N

Here we used (44), (37), and (14). Thus

| 2 2

‘ _Udt df t We(t,f)  _ Jdt t [sct)]

\ LR (48)
2 2

\ dt df W°(t,f) dt Js(t)

| I Jat el

\

S from (47), (46), and (37). This result in (48) 1s the same as (37), but now

§ for w2 rather than W.

17
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i

A

Conditional first moments of W wilh resgect 1o f and t are alse

deriveable; for example,

jdf f ﬁzét.f)

4

e fér RLT) SERLD)

*

2 .
. 5—} 4t }S(t g)} im{a'{! - §) s (t - g:} .

$

L R S

x)‘z im{s'(x) s'(x}} =

S-dx {S(Zt

LI hd

fax w2t - x) Mi(x) @' (x) . (49)

Here we used (3), (29), (2), and (31). When normalized by the quantity in
(44), the re<ult is considerably more complicated than the corresponding
result for W in (30) and (32); nevertheless, continued integrations simplify
tremendously. In particular, there follows, from (49), (14), (38), (46),

and (36),

ot ar ¢ wi(e.6) . ‘fdf f lS(f‘)l2
§§ dt df Wo(t.f) de Is(h)] 2

This is the dual relation to (48), but derived by means of a different

(50)

approach. Comparison of (50) with (36) reveals the same result for W as for

We.

18
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CROSS WIGNER DISTRIBUTION FUNCTION

The cross WOF of two complex waveforms a(t) and b(t) 1s a generalization

of (3) and (10) according to

Nab(t.f) = fdt'exp(-iz'ft) Rab(t't3 -
- ot exp(-12et0) a(t + By 07t - I .

| NP v
= | dv exp(i2vvt) A(f + 2) B (f - 5) . {51)
which 1s generally complex. If a(t) and b(t) are nonzero only for

a, <t < a2 and b} <t « bz. respectively, then the integral limits
on T in (51) are explicitly la, Iz. where

T = - - - - -
] 2 max (a1 t, t b2) . Ié 2 min (32 t, t b1) .
If T1 > T,, then W, 1s zero.

The following properties of the cross WDF result immediately:
*
Woap(t,F) = W (t,-F) ,
*
“ba(tnf) = “ab(t'f) ’

de W (t.f) = a(t) b (t) ,
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S'dt Hab(t.f) = A(f) 8 (f) ,

ot arw e = [at aco o7y = jdf ACE) B (1),
ffar af \wab(t.f){z A
ngt df W (t,F) W, (t,f) = Hdt a(t) b'(t)} 2. det df W,y (t.f) ¢ .

® - ®
SYdt df Hab(t.f) wcd(t.f) = 'Ydt a(t) ¢ (t)« jdt b (t) d(t) . (52)
The last three relations follow upon substitution of (51), interchanging
integrals, and the use of (13). Again, the double Fourier transform of the
cross WDF yields the cross ambiguity function:
‘gj‘dt df exp(-12wvt + 12+fT) wab(t.f) =
x
= Idt exp(-i2nvt) a(t + TZC) b (t - ;5) -

= j.df exp(i2«fT) A(f + %) B*(f - %) =

=X, p(v.0) = ydt exp(-12wvt) Ry (t,T) . (53)

20
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The magnitude-squared cross-WDF of waveforms a and b is also related to

the auto-WDFs by means of a double convolution:
2
* R t+t1+t2 r¥-t2 R t_t)*tZ t]‘TZ -
aa 4 * 2 bb 4 ' 2

= Hdt' dt eXD("iZ'ft') Raa(t - 2) bb( — ’ %
”.dt dt exp{-i2«ft') Raa t + 4 . )fdf' expé?:f 2) bb( -g R f') =

- ' - I 1 1 - - ] _t...'. ; E.. =
= det df wbb(t 2 .f) Jd‘c exp(121(2f f') 2) Raa(t + 5, 2)

IH

2Hdtdf Wy ( L f) W, 6:+— 2f—f) 4}]&3{%{&?)w f&"cﬁ*)

T ) _r )
ﬁ“d”“aa(‘*z'f"z)“bbé 2 f 2)' (54)

where we let T= (1:1 +'C2)/2, T = ‘1.'1 - 122 in the ‘third line.
Lit 1%"" b(“e" ﬂ’tﬂﬂ
W (Jf) H=2Xy (24, 2*) »

ft

awd

conveluction W;b((,?) g W* (hﬁ’ X - (f,m(t (f',f) = %Mc (‘it >"§) M: (jz: "ﬁ) )
e S [ W) X0, D000 - SN (E WA (E ).
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NARROWBAND REAL WAVEFORM

when waveform s(t) is narrowband and real, it can be expressed in terms

of its low-pass complex envelope c(t) according to
s(t) = 2 Refc(t) exp(i2ef 1)} =
= ¢c(t) exp(izvfot) + c*(t) exp(~ichot) ,

where fo is the carrier or center freguency of s(t). The WOF of s{t) is

then expressible as

M (£.F) = [ dT exp(-i2efT) s(t +3) st - 3) =
sstts 2 2
= W (t,F = F ) + W (t, - F-F)+
+ 2 RefW__,(t,f) exp(i4af t}} . (55)

Here, we substituted for s(t), and used (51) and (52). Since complex
envelope ¢(t) is low-pass, a representative contour plot of (55) appears as
shown in figure 1. The wiggly lobe centered at f = 0 is subject to rapid
oscillations in t, whereas those lobes centered at tfo are slowly varying
with f and t. A small amount of averaging in time would wipe out the

undesired oscillating lobe, but maintain the desired components at f = tfo.

22
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Figure 1. WDF for Narrowband Real Waveform

SAMPLING PROPERTIES

By letting u = T/2 in (3), the WOF becomes

Wt F) = 2 [ du exp(-T4xfu) s(t + u) s*(t - u) , (56)

where we again now allow general complex s(t). If this integral is to be
evaluated numerically on a computer, we will need to sample the integrand at
some increment At{ and apply some integration rule. In particular, if we
use the Trapezoidal rule and carry out the summation over -, +e, we have

approximation

~ *
W(t,f) s 22 exp(-14«fka,) s(t + ka,) s (t - ka,)
t t t t
k

(57)

for all t,f. Since it is immediately seen from (57) that

23
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~ 1 ~
ﬂé,f + 26{) - Wit f) , {98)

it follows that Q(t.f) has period (ZAt)"‘ in ¥, when waveform s{1) is
sampled at increment At' In fact, it can be shown that W is the aliased

version of W:

W(t,f) =§ wW(t,f - ﬁ* Seg ‘Gyme 2. (59
n

Thus, ﬁkt,f) need be evaluated only over one period, say (0..S/At).

Since (57) cannot be evaluated for all continuous values of t and f,

we will Timit its evaluation to

n

ZNfAt !

f =

. (60)

t = mA

where m, n, Ng are integers. Then (57) becomes (exactly)

ﬁ(nut. ZNfAt) utZexp( “12enk/Ne) s((m ¢ ka5 (m - 008y) . (1)
A = ZA(: as in definition (57)

the right side of which is recognized as an Nf—point discrete Fourier
transform. If the number of nonzero samples in k is greater than Nf. we
simply collapse them mod Nf. without loss of accuracy; see [5; page 7].

Stnce the period of‘W(t,f) s (24 ! in f, we only need consider

t)
0<n« Nf—l. that is, 0 < f < (ZAt)-l. Values of m must be considered

wherever the summand of (61) is nonzero.

A plot of two of the infinite number of lobes of W(t,f) in (59) is

depicted in figure 2 for a representative bandpass analytic waveform s(t).

24




Figure 3.

~o

W(t,f) for Real Waveform s(t)

25




TR 8225

t

The spreads of the desired wWOF term Wil t) sre
respectively. In order 1o guarantee that aitasing 1 fnuignificant o

figure 2, we must choose
(28¢)°1 > B, that ts, &y « (28}

For Nf

T arg B 358 Ylime a0l frfguetiy,

equal to a power of 2 in (61}, an FHT can be emplioyed 1o evaiuale W

and will give the vertical slice in f indicated 'n figure 7 Delweer f - U and

f = (ZAt)”l, for the particular m value under consideration  Lince the
spacing of frequency values in (61} s (2nfat}"}, then in order to
keep track of the wiggles in g(t,f) as & function of f, we must choose

- -1 .
(Nfat) 7, that s, Ne > T/At > 287,

Thus the FFT sire may have to be quite large for an extended WOF in t.f

space.

(&3]

If s(t) is real, then (8) applies, meaning that W in (61) need only be

computed for

0<n<N/2, thatds, 0<f<(da)

(64)

The pertinent approximate WOF Wis depicted in figure 3. 1In order to avoid

aliasing now, we must have

-] -1
(48,) " > f,.  that s, A < (4f )

26
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where fH is the highest frequency conteined in s(t). This sampling rate
is twice as fast as the usual Nyquist rate for waveform s(t), and is due to

»*
the unavoidable factors of 1/2 in definition (3).

The procedure described above, in (61) et seq., realizes a slice in f,

at fixed t, of the WDOF; see figures 2 and 3. An alternative procedure for
obtaining slices of the WDF in t, at fixed f, is described in appendix A;
however, starting with time samples of s(t), it requires an additional

large-size FFT to start the calculations.

* Bt see (A"B’) et Seg.
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EXAMPLES OF WOF
In this section, we present several examples of the WDF for waveforms
that are 1ikely to be encountered in practice, and that are amenable to

simple closed form solution. A significant shortcut in the presentation is

possible when it is observed from (3) that if

r(t) = s(t - to) exp(iwaot + 190) . (66)
which corresponds to a time delay and frequency shift, then

Nr(t.f) = Hs(t - to' f - fo).. (67)

Thus we can choose any convenient origin for the waveform s in time and

frequency, without loss of generality, and then merely shift the WDF

according to (67), as appropriate.

We will place heavy emphasis here on combinations of Gaussian pulses,
both because of their analytic tractability and due to the fact that any
waveform can be expanded into elementary waveforms consisting of Gaussian

wavelets; see, for example, Gabor's original paper [6, part 1, section 5].

In the following, frequent use will be made of the following integral:

1/2 2
j‘dx exp(-~ -;- cxz t BX) = (gi exp(g;) for a. > 0o, (68)
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where o and B can be complex, with components
a=a + 1&1 . B = Br + 1B1 . (69)

Also, as a special case, there follows

2 2
2 a (B - B;) + 2,88
j;x exp(- % ax? & Bx)| = 2¢ 73 exp[tr L ; 3 irif (70
(ai + c%) ap + ay

written out in ierms of purely real quantities.
GAUSSIAN WAVEFORM

Let waveform

2

s(t) = a, exp(E -35) ;A complex . (71)

200

(Parameters will be real unless indicated otherwise.) Use of (3) and

(68) yields WOF

12 2
W(t,f) = 2€ exp|- 15 - (20f0)?| | (72)
%

where E 1s the waveform energy:

£ =Voh,|% o, - (73)

The WDF consists of a single positive lobe in t,f space,centered at the

origin.
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(Obuerve Tng WD, G 1y egual Yo Jt Tur TRYL sxampie, I8 Tacl trom 30,

Thus wavetorms s{t) wilh TRiy evern symmelry eoiull V6 pear Wil valtees uf Ut
at the artgin,  Howsver, 1Y 3 hay 002 Symemetry abogl Jero, i Vi o vily,
then w{,0) = 2t.

The contours of equal Beighl of the WOF 'n (12 are ¢litpies The
contour for the case where the jevels dre down Lo eap{ 11 5! 1hetlr pead
value 15 the ellipse it ated in figure 4  The areg of t1hiy particiiar
Tevel ellipse is 1/2 in the t,f plane When thls sres 3% mulitipited by the
peak helght of 26, the product §s E, which Y5 Just the volume yrder the Wi,
see {14). Thus the "effective extent® of the WOF In {772) 11 that given in

*

figure 4, for relative level 1/e of the peak.

4y

Figqure 4. Contour of WDF (72) at 1/e Relative Level
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GAUSS AN -MODULATED TONE

2
S(t) = b cos(2ef t ¢ 8 ) up(- ;%) (15)
0

The energy of this waveform 1is

1
Ees V:’bz oLV + ccs(?lo)exp(~y§)) . (76)

and its WOF is

-1
G‘F’bg "o) W(t,f) = exo[—-xz -(y - yo)q * exo(*xz -y ¢+ yo)?] +

+ 2 cos(t:fot + 210) exp(—xz - yzl . (11)
where dimensionless variables

X = t/ao . y = 2vfao . Yo " Zcfooo . (718)

There are two positive lobes centered at (t,f) = (O.fo) and (G.~fo). each of
peak height approximately £ {if Ys {s large). The contours of each of these
Tobes are circles in the x,y plane, or ellipses in the t,f plane, as indicated
in figure 4. There is also an oscillating lobe centered at the origin; this

is an example of the general situation depicted in fiqure 1.

It should also be observed from (77) that if a slice in frequency is taken
of the WOF, at fixed time t, that there 1s no fast oscillation in any of the
three lobes. Whatever value of the cos is encountered, that value is main-
tained, and the only variation with y (frequency) 1s the Gaussian dependence.
Thus if we locally averaged the WOF with respect to frequency alone, that

would not eliminate the undesired oscillating lobe centered at (0,0).

N
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MULTIPLE MODULATED TONES

Consider complex waveform

2
(t - 1)
s{t) = :z;ak exp 12'fkt -\ {ag} complex . (19)
k

K 20

This is a collection of tone bursts centered at (tk,fé} in the t,.f
plane, with energy Ek = '='hk‘2 o - The corresponding WOF follows
from (3) and (68) as

(t - tk)z 2 . 2 2

W(t,f) = 2§£k expl- ——5—— - o 4x“(f - £)°[ +
K "

~ (t - tgg)z ~ 2 2

+ 4® %g &P | > N I (f - f) | >
k<l “ka
. -2 t-tf t-ty
* Reja,a, exp 12e(f, - f)t + o, 2u(f - fq) ¥, - g , (80)
k 2

where

(—-;- + —%) (81)
Gu dk O'(
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The first line of (80) represents the desired positive lobes centered at
(tk'fk)’ each scaled according to its energy. The remaining undesired

lobes are centered at

fo
for all k = @ , (82)

and osciilate with t and/or f. These locations in (82) are halfway between
every possible pair of desired lobes; their amplitudes are proportional to
the geometric means of the corresponding interacting lobes, and therefore
constitute significant interference effects to interpretation of the
computed WDF. Furthermore, the locations in (82) can occur in time where
the waveform s(t) is zero, and/or in frequency where the spectrum S(f) is
zero. This most undesirable feature of the WDF has been reported previously
in [7,8]. The only saving feature, that should allow salvaging the WDF, is
that the undesired lobes, k < £ in (80), oscillate positive-and-negative and
can be averaged out by smoothing the WDF. Of course, via this smoothing
procedure, the desired lobes will also be smeared somewhat, but this
trade-off appears to be required in order to make a meaningful, useful

interpretation of the WDF at all points of the t,f plane.

The envelope of the k,L lobe in (80) is proportional to an exponential
of an elliptical function. When this exponential has decreased to 1/e of

its peak value, the corresponding elliptical contour has area

i 3 + >
2 %/

Q

(83)

|
Q
no|—

w;!!
Zﬂ;kl
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in the t,f plane, the latter value of 1/2 being the area of every desired
Tobe. Thus the undesired oscilleting lobes are smeared out more than the

desired positive lobes.

1f we restrict (79) to two equal-duration bursts with the same time
center, but different center frequencies, the undesired lobe oscillates only
with t, not f. This is similar to example (75)-(77). On the other hand, if
(79) is restricted to two equal-duration bursts with different time centers,
but the same frequency center, the undesired lobe oscillates only with f,

not t.

More generally, for two equal-duration bursts with different time and
frequency centers, the undesired lobe has no fast oscillation along lines in
the t,f plane which are parallel to the line joining the centers of the two
positive lobes in the WDF. For two unequal-duration bursts, the situation
is more complicated, and there is generally oscillation along all straight

tines in the t,f plane.

What these simple examples demonstrate is that if we want to locally
smooth (average) the WDF, in an effort to wipe out the undesired oscillating
cross-terms, that smoothing must be applied in both t and f, not either one
alone. Of course, such smoothing will also tend to smear the desired
positive lobes; thus the minimum amount of smoothing to guarantee a

nonnegative WDF is of interest.
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Although these conclusions have been drawn from the particular example
of Gaussian-modulated tone bursts in (79) (for analytic simplicity), they
hold generally. Appendix B demonstrates the oscillating character of the
interacting cross-terms of the WOF for a waveform with two separated energy

bursts in time of general shape.
The ambiguity function of waveform s(t) in (75) is considered in
appendix C. It has some similar properties to the WOF and some significant

differences, which make it much less desirable as a descriptor of a signal's

concentration in time-frequency space.

LINEAR FREQUENCY MODULATION

Here, we consider waveform

t2 % 2
s(t) = a, expl- ;:5 + i - t 1 °, >0, a, complex . (%4)
o

The instantaneous frequency, according to (31) and (32), is a linear
function of time,
[ 3

ne(t) =30t (85)

while the envelope is Gaussian. When
t=t =t OOV1/2'. (86)
the magnitude of the waveform s(t) is

[s(to)] = lag| expt-+sa) = .456[s0)] . (87)
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If we define the duration, at, of s(t) as the time between these

function values, then

ot = o \77 . (68)

During this time interval, the instantaneous frequency in (85) sweeps

through a bandwidth

0
Af = 7 At = a,9 ﬂ?f . (89)

The time-bandwidth product of waveform s(t) is therefore

st af =aciz6, (>0), (90)

when the time duration is defined as the interval between the function
values in (87). This quantity, e, is an important parameter of the

1inear frequency modulation waveform (84).

The WOF of (84) follows, upon use of (3) and (68), as

2
W(t,f) = 2t exp[; 23 - ag(Zﬂf - aot)%] =

%

L

2t exp[—x2 ~(y —xeo)%] =

[}

2t exp[;xz(l + es) +2xy e - y€] . (91)

where we employed (78) and (90). This is an everywhere-positive lobe
centered at the origin of time-frequency space, with contours that are
tilted ellipses. The peak value, 2E, is independent of the amount of

frequency modulation.
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For a given value of time t, the frequency f that maximizes the WDF in

(91) is

[« 3
= 2 -
f = T t, that is, y = xeo , (92)

which is just the instantaneous frequency in (85). However, this line,
(92), in the t,f plane is pot the major axis of the elliptical contours of
the WDF. A similar observation regarding the ambiguity function Z(»,T),

(23), of the linear frequency modulation waveform, namely

X(v,T) = E exp[— -1- x'2(1 + eg) ~ 2x'y'90 + y'z}] . (93)
where
T
x' = ;; , y' = 21uao . (94)

has been made in [4; page 124].

What this means is that, if the WDF of a waveform is evaluated
numerically from a given data sequence (via (61) for example), then the tilt
of the major axis of the contours of the computed WDF is not directly the
amount of linear frequency modulation in the waveform. Rather, the major

axis of the ellipse in (91) lies along the line
y=x tany (95)

in the x,y plane, where

\£2+ 4 + 60

tan“/ ==——-9—-2——-—- 2 6, . (96)
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(See appendix D for detailed derivations on the rotation of coordinate
axes.) Thus, the major axis (95) of the ellipse is more tilted than the
instantaneous frequency line (92). Equation (96) can be inverted and solved

for the linear frequency modulation parameter eo according to
8, = tany - 1/tany , (97)

in terms of the measured or calculated major axis tilt, tanﬁ'.in the x,y
plane. The detailed procedure for solving for both % and ay in terms

of a computed WDF in the t.f plane, is discussed in the example in appendix
D, especially (D-28) and (D-29).

When the exponential in (91) is down to 1/e of its peak value, the
ellipse at that level has area = in the x,y plane. This may be seen by use
of (D-1) and (D-20), with A =1 + eg, B=-2,C=1,0=E=0, F=-1,
for which G = 1 via (D-19). This corresponds to area 1/2 in the t,f plane,
as seen by (78). Therefore, the peak height, 2E, times the "effective" area
is again E, as it was for the simple Gaussian pulse of (71) and figure 4.
Thus, although the volume of the WDF in (91) has been redistributed in the

t,f plane, by virtue of linear frequency modulation, the effective area is

maintained, although now located as a tilted ellipse.

A plot of the ellipse of (91) at the i/e level, namely

x2 + (y - xeo)2 = x2(1 + eﬁ) - 2xyeo + y2 =1, (98)

is given in figure 5, when eo = 1.5. The instantaneous frequency line
(92) as well as the major axis (95) are delineated, and are clearly seen not

to overiie each other.
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fj E2rfs; .
ma\or
axis
1+8, +— — — — instaritaneous
Q.WC3
line
64 — £ —
\ /!
l l
l
| l
l l
-1 [ I
} | x =t/
1 10 N T
: k 6.,/Jn+e,
| 1+9“
l
l
!
————— | _{I+62

Figure 5.

Contour of (91) for 8,= 1.5
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GATED LINEAR FREQUENCY MOODULATION

A1l the previous examples in this section had Gaussian envelopes. We

now consider a rectangularly gated waveform with linear frequency modulation:

a
- 0,2 I,
s(t) = a, expE 2 t] for ]t] < 5 a, complex . (99)
Equation (3) yields directly WDF

sinf(2«f - a t)(T - 21th)]

- LA
W(t,f) = 2E (ZF = a 0T for It| <3, a1l f, (100)

and zero otherwise. Along the instantaneous frequency line, (85), the WOF
is 2E (1 - thl/T) for Itl < T/2, which is nonoscillatory and positive.

However, in other portions of the t,f plane, (100) does go negative, due to

the sin term.

For a given value of t, the quantity W in (100) is maximized by choosing
f = aot/(Zw), but, again, this is not the major axis of the contours of the
WOF. 1In figure 6, these contours are plotted for aOTZ = 1 and aOTZ = 10.
In fact, the contours are no longer ellipses, although they tend to resemble
ellipses near the origin, when frequency modulation parameter aoTz is large;
see the bottom figure, where the instantaneous frequency line and the

mountain ridge (curve of slowest descent) have been sketched.
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The amdiguity fus tice of waseform {99 13
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42




D 505 o e AR i

L I N SN

TR 8225

SHORT-TERM SPECTRAL ESTIMATION

Some advantageous features of the WDF have been brought out by earlier
examples, such as the concentrated positive lobes in the t,7 plane about
locations corresponding to obvious bursts of energy. However, the WDF also
goes negative in surrounding regions, causing difficulty in interpretation;
see fiqgure 1, (80{. appendix B, or [7,6]. What is needed is some form of
smoothing of the WOF so as to eliminate or suppress the oscillating
components; however, this averaging must be two-dimensional, carried out in
both time and frequency, for the reasons presented in the sequel to (83).
We now present one method of smoothing the WDF, which guarantees a

non-negative distribution in time-frequency.

WEIGHTED SPECTRAL ESTIMATE

The voltage density spectrum S(f), corresponding to waveform s(t), was

defined in (9) as the Fourier transform over all time. In order to bring
out properties which are local in time, a weighting must be applied before

transformation. In particular, we generalize (9) to

Su(t.f) = j.dt] exp(-i?«ft]) s(t,) u*(t - t1) =

= exp(-12«ft) j.df1 exp(121tf1) S(f1) U*(f - f1) ' (102)
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where welghting u will Tend to De & narrow funstion centered sboul ils
origin, thus the weighting in (107} wiil aceent the behavivs of wavelorm 3
in the neighborhood ot time t. Ine function U Yy the Foyrler transiorm of
u. The short-term power spectral estimatle (a1 Uime U and frequency ) of

waveform s, relative to weighting u, i< then defined &<

o Z 1014
l.:;u(t,f)l . (103)
See also {2, p. 768].

The following symmetry properties of definttion (102) followe:

L]
Su(t.f) = Us(t.f} exp(-i2«¢ft) ,

lsun,f))z - lus(t,f)‘z , (104)

where US is the spectrum of waveform y relative to weighting 5. That is,

Us is the dual of Su' Also, by use of (53), we can express

S, F) =X (F. 1) exp(-iaft) :%Wm@»@mfiwﬂ), (105)

in terms of the complex cross-ambigquity function of s and T, where U is the
mirror image of u: U{t) = u(-t). Also, the same shifting property, given
in {(66) and (67) for the WDF, holds as well for quantity (103). In 3er~fﬂh

’XSE@,Q = %Mu @"’%‘) fov any S, u.

RELATION TO WOFs

There is a very important relation between the short-term spectral
estimate (STSE), (103), and the WODFs of s and u; namely, by use of (102),

(2), and (3), we have
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}Su(t.f)‘z =jfdt] at, exp(—i?wf(t] - tz))ﬁ(t‘}s*(tz,)u (t - tu(t - 1) =

S e s 3G ul e D0 3)

= jj.dt dt' exp(-12«fT) Rs(t',T) Ru(t -1, 1) =

= jj'dt' daf' Hs(t’.f') ﬂu{t -t f - f) =
tf

=W (t,f) @ W (t,f) = ;’Xﬁ({{)ftf Mu(lf--,.;ﬁ)l’ (1086)

via (i08).
This relation states that the STSE is a double convolution, in both t and f,

of the WOFs of waveform s and weighting u. That is, tne STs¢ |5 (t.f)] °

of waveform s, relative to weighting u, is a smoothed version of the WDF of
waveform s, where the smoothing function is the WDf of weightirg u.
Furthermore, since the left-hand side of (106) can never be negative, and
since s and u are arbitrary, (106) shows that the double convolution of any
two WOFs 1s never negative for any values of t,f. This furnishes a
possibility of accomplishing smoothing of a computed WOF of waveform s, with
a guarantee of a nonnegative distribution resulting; of course, wu must be

a legal WDF, as discussed in (25) et seq., in order to guarantee this

nonnegative property.

Since lSu]2 is a doublie convolution of WDFs ws and wu, it

follows that the double Fourier transform of the STSE is given by
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L‘.dt af exp(i2efT - i2atv) lsu(t.f)] 2 =Z,(»0 X (v, ), (107)

where ); and ]; are the complex ambiguity functions of u and s,
respectively; see (23). This leads to an alternative expression for the

STSE as

,su(t,f)l2 - Hdt dv exp(-i2efT + 120tv) X, (v,0) A (. T) .  (108)

Therefore, if the complex ambiguity function of s is computed, it can be
multipiied by the ambiquity function of an arbitrary weighting function u,
and followed by a two-dimensional Fourier transform. There is no need to
calculate the WOF ws via this route; also several different weighting
functions could be utilized, each at the expense of a two-dimensional
Fourier transform. The end result for the STSE is always nonnegative. Of
course, the same result is obtainable directly by taking the magnitude-

square of definition (102).
MARGINALS OF SPECTRAL ESTIMATE

There follows, from (106) and (12), the marginal relation
t
Jat Isye.n 2= farr b 2luct - )] 2 = o] 2@ Juv] 2 . (100)

Thus, the time marginal of Isulz is not directly Is(t)lz, but is
smeared by the weighting, according to ‘u(tﬂ 2. In a similar fashion,

from (106) and (11), the frequency marginal is
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f
fdt Is,(t. 6] % = [sh] 2@ Juen)| 2 (110)

Again, lS(f)\2 is smeared by window IU(f)lz.

Finally, completing either of the integrations in (109) or [110), over

the remaining variable, yields

(Fat af Js,ct 2 =€ €, (1)

where ES and Eu are the energies of s and u, respectively; see (14).

Since weighting u is arbitrary and under our control, we can easily choose
Eu to be 1, without loss of generality; then the volume under the STSE
will be equal to the energy in waveform s being analyzed, just as for the

WDF in (14).
MOMENTS OF SPECTRAL ESTIMATE
If we use (110) and (14), we find the following development:

Hdt af £ Js,(t.f)|? = Idf f fau Is(o)] 2Juct - )] 2 =

=fd» lsm]zfdf (F - v+ o) Ju(f -o)]2=

= fd» [see] B‘dfl £y Juce 2 + vEu] -
- J-df] f ]2 v ey [av o [so) 2 (112)
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Combined with (111), there results

Jat as fyenl® Jar fuen)? fas #5062

[§ at af fs(t.0) 2 i [ar Jun)? ' § af s} ?

(113)

That is, the first moment in f of the STSE is the sum of the frequency
centers of |U|2 and |S|2. This should be compared with the

corresponding result in (36) for the WOF, where only the last term in (113)
is present. The presence of weighting u in definition (102) adds an
additional term to the frequency center unless IU(f)l is even about f = 0;

in this latter case, (113) reduces to (36).

In a similar fashion, the first moment in t of the STSE is found to be

fJatar tls,t.0) 2 far tpo)? for thol?
= +
K at af [s,(t,0]° [t Jod®  fatkeol?

(114)

Again, a sum of time centers results; but if weighting lu(t)l is even about

t = 0, then (114) reduces to the same result, (37), as for the WOF.
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CONDITIONAL MOMENT

Just as in (28)-(35) for the WDF, conditional moments of the STSE can be

defined. For example, directly from (105), we have

Sdf Fls,ct.) 2 = [ar ¢ [X e8] (115)

in terms of the cross-ambiguity function of s and U, where U(t) = u(-t).

An alternative time-domain expression is possible for the frequency

moment in (115): define
g(t,ty) = s(ty) u*(t - ty) . (116)

Then from (102) and (29),

’(df f!Su(t,f)I 2 _ j.df £ ﬁ dt, dt, exp 6121f(t] - tz)) g(t.t,) g*(t,tz) =
; g b
- gat1 dt, 9(t,t)) g (t,t,) 57 8'(t) - t,) =

= j 1 *
-5 fat, gttt ofet (1)
where
1 —-—-—a - -—-—-a * -
9'(6 ) 2 G- actiy) = g {seep e -} (118)

If we represent waveform s in terms of its magnitude and phase according to

(31), and do likewise for weighting u as
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u(t) = E(t) exp[iP(t)] , (119)
then substitution in (117) results in the simplified form

jaf flsu(t.f)]2 = 5—} _S'dt.l[e'(tﬂ + P'(L - t]ﬂ Hz(t]) 2t - t,) . (120)

wWhen this result is combined with (109), the normalized conditional

first moment is

(af s 8.9 2 o Jan g P - )] W) it - 1)
Jet [syce.) 2 o [ at, Wy ¥t - 1)

+ (121)

(This reduces to (38) when E(t) =1, P(t) = 0, that is, u(t) =1, in which
case Su(t,f) = S(f).) Generally, (121) is an average of e'(t]) - P'(t ~ t1).

weighted according to the instantaneous powers of s and u.
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EXAMPLES OF SHORT-TERM SPECTRAL ESTIMATION

Here we will reconsider many of the examples presented earlier for the
WDF investigation. The particular example of weighting u adopted here in

spectral definition (102) will be, for the time being,

-1/4 2
u(t) = (x %) exp(~ —-t—g) (122)
20

where duration measure o is under our control. The energy Eu of this
waveform is unity, in keeping with the discussion in (111) et seq., which
guarantees that the volume under the STSE will be the energy Es = £ of the

waveform s being analyzed.
GAUSSIAN WAVEFORM

The waveform s was given in (71); its transform Su(t.f) is obtained by

substituting (71) and (122) in (102) and using (68):

NG ) 2
s (t,F) = [E DY expl & - #2262 - ixft 2+ 1 arg(a )] . (123)
| u c 2 h 2 0
} a 40a %

where E is the energy of s and

Q

o |
S o

o2 = (o +o§). =+ (124)

02 i
h

o'l
o ia
-+
IQ
Qo
v

G-3)

o rol—
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The quantity oz is the arithmetic average of 02 and ag, while

og is the harmonic average. The STSE then follows immediately (or by
use of (70) directly) as

2

2 . % 1/t 2,2 2

lsu(t,f)‘ =€ Dexpl- 2L + aes ah)] . (125)
a Oa

The volume under STSE (125) is readily verified to be E, as it must be.

The half widths of the ellipse at the 1/e relative level are Y2 9 Vﬁ? (21ah)-1,

respectively, in the t,f plane. The area of this ellipse in the t,f plane is

(<]
d_a=l(-s+—‘2 >1 . (126)

This area is at least twice as great as that for the corresponding WODF in

figure 4, and even then, only when the proper guess is used for the
weighting u, namely o = Sy Since waveform duration 9, will likely be
unknown in practice, the mismatch factor in (126) will smear the
concentration of the STSE somewhat. For example, if o is off by a factor of
2 from %, (either double or half), (126) is 1.25 instead of its minimum

value of 1.

The area enlargement factor °a/°h in {(126) is also the same factor
by which the peak of the STSE in (125) is down from its best value of E.
Thus, the STSE has a decreased peak and enlarged effective area relative to
the WOF, the relative factor being at least 2, and being a/ao + co/a in

general. Both distributions contain volume E, independent of o.
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This example demonstrates the presence of "window effects" in the STSE
that are not seen in the WDF. That is, whereas the effective ellipse in
figure 4 depended only on waveform parameter % the ellipse here depends
additionally on weighting parameter o, in such a fashion as to always smear
the concentration of energy in the t,f plane by at least a factor of 2. In
trade, we always have the guarantee that the STSE (103) will be nonnegative,

and that it will not contain the large interference phenomena inherent in

the WOF; see (80)-(81).
MULTIPLE MODULATED TONES

The waveform of interest is given in (79). The transform Su(t,f) is

found by use of (122), (102), and (68):

172 2
o -t
_2 hk _(‘____Q_ 2 2 2
Su(t,f) = (Ek 3 ) expl- > - qa (f - fk) %y

K ak 4 %k

2 2
% t+o0 tk

2
%ak

- iw(f - fk) + i arg(ak) . (127)

where energy Ek = 1?'Pk|2 O and averages

). (128)

2 _1f2, 2\ 1L _1fa
°ak'2é’ *"k)' 2‘262+
“hi

ol
x N|-
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The STSE is the magnitude squared value of (127); the resulting double

sum has diagonal terms

2
g t -t
:E hk 1 ( g) 2 22
Ek S Pl Tt 4" (f - fk) ohk}:], (129)

which are identical to (125), except for the indexing by k and the shift to
center tk'fk in the t,f plane, as expected. If <2 value of weighting
parameter o is used to evaluate the STSE for all t of interest, it cannot
simultaneously match all the different possible values of {ck} for the
various pulses. This will cause some of the components in (129) to be more

severely deqgraded than others, in terms of decreased peaks and spread

effective areas; the pertinent factor is again

[} [+}
—i'i=-;~d°+—: (130)
“hk k

for the k-th component lobe. If some apriori knowledge of the values of
{6k] is available, this suggests using different values of o for those
values of t near the corresponding values of {tg}, in an effort to

minimize the factors (130) for different k.

As for the off-diagonal terms of ]Su(t,f)l2 in (127), the k 2term is

proportional to

2 2

(t -t) (t - t,)

exp|- ke L P AP S J PR K N T ID

Y 22 ) 2 k) %hk ) n
ak ag
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If t is not near one of the time centers {tk}, or if f is not near one of
the {fk}. this term will be very small, due to the exponential decay. In
particular, halfway between the dominant desired peaks of (129} at {tk"kS'

the quantity (131) will be essentially zero. This is in distinction to the

WDF result in (B0) et seq.
LINEAR FREQUENCY MODULATION

This waveform is specified in (84). 1Its STSE is, upon use of (70),

‘Su(t.f)‘z = 2€ [ {x (1 +r+r 9 ) +

+ y2(1 + r)/r - 2xy SOX] . (132)

where

"~

- 2 - = L 2
8 =a oo , r 5 H2 r + 2 +r+r eo . (133)
0

and where we define, here,

Q jr+

. Y = 2«fc . (134)

By means of the results in appendix D, the area of the contour ellipse

in (132), at the 1/e relative level, is found to be

]
area = 5%@; in the t,f plane. {135)
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Thus, the product of the peak helght of Tre LIS te (937, gnd The effeilive
L4

area 1s again £, the volume under he 5101, regardliess of The va'uer of o,

N ao. (For 90 = 0, (13%) reducey to (106, as YT omost

To minimize the effective drea and o maz'imizre the peab value of the

+
o 4
ws
a
o

STSE, the common quantity H, tn {133} shoyld be mtrimted

Z
accomplished by choosing the weighting parameter o in {177 a3

) {} ¢« &7}

Q
<o
©
Y
]
S~
b
F -3
3
w
e
L ong

W
iy

which would require knowledge of both the duyration 9, and the amount o
frequency modulation eo in wavefprm 5. Even 16 that {nformation were
available, the minimum area in (13%) becomes

2
Ve
2

172
T ¢
mininum area = (= in the t.f plane

b,
et
Smd
~d
N e

which still increases as V?i;f? for large 8 . Thus, even the hest thoice

of o for the weighting results in considerable spreading of the concentration
ellipse and in peak reduction of the STSE. searching in g is not overly
helpful because the simplie weighting pulse {122) 15 a poor facsimile %o the
linear frequency modulation waveform (84), especially for large amounts of

frequency modulation, as measured by parameter eo.
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MORL -GENERAL Wi IGHTING

Thers 14 no need To restriil the weighting u tn 5TSE (Y075 ang {103 1o
be the simple Gausstan pulse tn (1227 In this seclion, we generaliye 1t 1o

allow for some !inear freguency modylalion

1/a 2

2 t .
u(t) = (e o} exple e 3 0 R (138)

The waveform of interest here 15 again the linear frequency modulation

example

¢? %5 2
s{t) = dg expl~ LI B | . a >0, {139)

The STSE follows from (102), {103), and {10), after a considerable

amount of manipuylations, as

[Su(t.f}lz = 2t exo[ gj‘{ 2(1 ¢ rag + rzqzeg} +
¥ 3

U RSV P rq)eo}]. (140)
where
02 a 1 2 .2
r="3. ¢= 2 H3 = ¢ 2+r +rig - 1) e, . (141)
o )
0
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in addition to (134). The quantities r and q are mismatch factors,

reflecting the lack of knowledge of weighting (138) about the waveform {139).

The area of the contour ellipse of (140) at the 1/e relative level is

(by means of appendix 0)

1 )
area = 2%;; in the t,f plane . (142)

This 1s also the same factor by which the peak of (140) is down from E.

Thus, a minimum value for H3 is desired. This can be achieved by choosing
r=1,q=11n (141), for which the minimum H3 = 4 and the minimum areza = 1;
however, this requires that we choose o = % and a = a which is not a
}Jikely situation in practice, without some apriori knowledge about the
waveform s. If this fortuitous situation of perfect match of the parameters

does occur, the STSE in (140) reduces to
2 _ 1f2 2, 2}]
lsu(t.fﬂ £ exp{. S1x (1 + eo) 2xy eo +y . (143)

which is identical to the corresponding WDF in (91), except for a factor of

2 outside and inside the exponential. Thus, the effective area is doubled

and the peak is halved.

As special cases of weighting (138), if a = 0 (no frequency modulation
in the weighting), then H3 in (141) reduces to H2 in (133). Alternatively, if
@, ? 0 {(no frequency modulation in the waveform s), then eo(q - 1) =

a oﬁ (alay - 1) ~ a ai and
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Q

[+
H3~‘;+2+r+razoz=(;§+£j+(qcoo)2. (144)
This 1s minimized by choosing a = 0 and o = o, giving value 4

as usual. Finally, for given q, H3 in (141) 1s minimized by

choosing r = (1 + (q - 1)? e -172

o’
2 + 207 +(q - 1)2 ei)]/z; however, again, this increases as

, for which the minimum HS =

2[q - lleo as @ increases.
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SMOOTHING THE WDF

It was demonstrated in (106) that the double convolution of any two WDFs
is always nonnegative, and is in fact equal to the STSEt of one waveform
relative to the other:

tf 2
W(t.F) @ W(t.f) = s (.02 (145)

This suggests that one should choose a (legal) WDF for weighting u which is
as narrow as possible (least area or spread) in the t,f plane, in order to
minimize the inherent spreading that (145) implies. The simple examples in
the previous section demonstrated that, for the best choices of duration and
1inear frequency modulation parameters in the Gaussian weighting, an
increase of .5 in the effective area in the t,f plane of the STSE, relative

to the WOF, resulted.
PHILOSOPHY AND APPROACH

Since fine detail of the WDF Ns(t,f) will likely vary in different
portions of the t,f plane, this suggests the following possible procedure
for analysis: For a given waveform s(t), compute and plot the WDF ws(t,f)
according to (3) or (61). Locate a t,f region of interest in the plane,
where large (perhaps oscillatory) values of Ns occur; denote the center of

the region as tc'fc' Estimate the duration, o and linear frequency
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modulation index, a.s of this particular region in the t,f plane. Perform

the STSE of waveform s(t) according to (102)-(103), with weighting

-1/4 2 a
u(t) = (v o2)  expl- S +i St , 6 ca o, (146)
C 2 2 2 C

%

(for reasons to be given below), but only for locations t,f in the plane

near t=t , f=f .
c c

The WDF of weighting (146) is (with a. = Zch)

2
- o ,22,. 2| _
Nu(t,f) = 2 exp[ 02 4u oc(f Bct)] =
c
= 2 expi- LE (1 + 82) + 4«fte - 412f2 2 (147)
P c2 c c % [’
c

which has a contour ellipse, at the 1/e relative level, of area 1/2 in the
t,f plane, regardless of 9, and a.- This STSE procedure is equivalent

to smoothing the WDF NS of waveform s with the WDF in (147), for values
near tc,fC in the t,f plane. Thus we have two alternative procedures

for conducting the smoothing of a calculated WOF ws. the first via direct
evaluation of double convolution (145) for values of t,f near regions of
interest, and the second via the STSE in (102) and (103). Which one to

adopt will 1ikely depend on the number of points that must be closely

investigated in the t,f plane.
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For other regions of interest in the t,f plane of the original WDF ws.
different values of tc. fc. oL @ must be extracted and the smoothing
procedure repeated. Although tedious, this procedure will minimally spread
the WDF wS (by area .5) and it will guarantee a nonnegative distribution.
This procedure is similar to that given in [2]; however, the information
required to implement [2] is not easily available, and the current approach
is not l1imited to constant-magnitude waveforms. A fine-grained analysis of
a given general waveform s, for various t,f values and yielding nonnegative
distribution values, is not going to be achieved without the expenditure of

considerable effort and interaction between a user and preliminary analysis

results.

This two-stage procedure, of observing the raw WDF and then computing
different smoother versions in different regions, avoids the arbitrary
pre-selection of time duration and frequency modulation content of the
weighting in the STSE, which would overly smear the modified WDF for
improper matches of parameter values. It also guarantees nonnegative
estimates. In trade, there is approximately an increase of .5 in the
effective area of the distribution in the t,f plane that must be accepted,
in addition to a decreased peak value. For WDFs, HS, with lobes which
already occupy portions of the t,f plane with areas significantly greater
than .5, this additional spreading (by area .5) is not very damaging,
provided that o and a. are chosen correctly. Perhaps simultaneous

plots of WDF ws(t,f) and STSE \Su(t,f)l2 would yield maximum

information about waveform s.

62




TR 8225

In actual practice, where the integral definition in (102) is replaced
by a numerical summation of samples taken at increment a, the quantity (145)
is necessarily approximated. This problem is addressed in appendix E, where
it is shown that the dominant term in the numerical approach is
approximately the desired quantity (145). Furthermore, since the definition
in (E-1) involves a magnitude-square, the approximation is guaranteed to be
nonnegative. This need not be the case if the double convolution of WDFs
“s and wu in (145) is approximated by sampling directly in the t,f plane
and performing a double summation. However, for small enough increments in
both t and f, this nonnegative aspect should be small and probably
negligible; this latter approach was used in {1}, although the smoothing

function was not a legal WDF.

ALTERNATIVE AVERAGING PROCEDURES

*
Instead of using R(t,T) = s(t + g) s (t - %) in (2) as the instantaneous

correlation at time t and separation T, one could use a local average, in

hopes of improving the correlation and distribution functions. That is,

consider correlation definition
A t T, ¥ T
R(t,T) = v,(t) ®R(L,T) = jdt' Vilt = ') s(t' +3) s (1 - 3) ,  (148)

where vy is a fairly sharp, even, real function centered at the origin.

The corresponding "locally averaged" WOF is
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A A
it f) = [ ar exp(-12efT) R(t, D) -

t
= S‘dt' v](t -t') W(t',f) = v](t)ON(t.f) . (149)

This is a convolution, in time only, of the WOF of s with weighting vy
Reference to the discussion following (83) reveals that this form of
averaging is inadequate, since it does not average additionally on
frequency. Also, (149) need not remain positive, as would be desired of a

smoothed WOF.

Furthermore, the Fourier transform in (149) (as well as (3)) is over all
T, thereby involving argument values of waveform s in (148) which are very
distant from the time point, t, of interest. If ﬁ(t.f) or W(t,f) is to be
considered as the "spectrum at time t," it is hard to justify why
arbitrarily distant time points from location t should enter into their
evaluations. Therefore, in addition to the local average in (148) for
stability purposes, there should be a weighting in T in (149) to better

confine the Fourier transform to local values of waveform s about time

instant t of 1interest.

To this aim, consider the more general form of average given by

. t
R(L,T) = vy (1, D) B R(L,T) = ert' v(t - t,7) R(t',T) =

= Jdt' Vo(t - t',T) Idf' exp(i2vtf') W(t'.f') , (150)
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where weighting v, depends additionally on T. Define its transform
Vz(t,f) = j.dt exp(-i2«fT) vz(t.t) . (151)

Then the modified WOF corresponding to R in (150) is

WL F) “~SIdt' af WL, ') Vy(t - B0, f - f') =

tf
= W(t,f) ® Vz(t.f) v (152)
which is a double convolution of W with v2, on both t and f. However,
since v2 need not be a WOF, ﬁ in (152) can become negative for some t,f
values. This form of smoothing was considered previously in [9; (1.5)] and

{10; (2.1)1.

An additional justification of two-dimensional smoothing, from the
frequency domain alternative viewpoint, is given in appendix F. Also, a
generalization of the Gaussian WDF (147), with arbitrary area and linear
frequency modulation content and which guarantees a positive distribution Q.
is given in (F-7)-(F-19); this result generalizes that in {11] for no

frequency modulation.

If we specialize weighting Vo in (150) to the form

Bt =uwt+H -5, (153)

then (151) yields
Vo(t,f) = W, (t.f) , (154)
65




TR 8225

and the general result in (152) specializes to (106), which is guaranteed
positive. Thus the special case of weighting Vo in (153) leads to the

STSE of s, relative to u.
EFFICIENT CALCULATION OF SHORT-TERM SPECTRAL ESTIMATE

If we employ the weighting u in (146) with linear fregquency modulation

parameter L the spectrum in (102) becomes

S,(t.f) =j'dt] exp(-12eft)) s(t;) w(t - t,) =

*
= exp(-iwat)‘f dt2 exp(—iwatz) s(t + tz) u (- tz) =

tg %
exp(-i2«ft) j.dtz exp(-i2eft,) s(t + t,) expf- —5 - { =

2¢c

-1/4
2
) t

=(n 9%

(155)

The exp(:tgl(2o§b term gates out the portion of s(t + tz) near
the origin in tz. while the exp(-i actf/Z) term cancels linear

frequency modulation in waveform s.

An approximation to (155) is obtained by sampling at increment A and

using the Trapezoidal rule:
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. , 174
St s (v od)  exp(-i2eft) 52 exp(-12wf ak)*

* s(t + ka) exp[— = k .} ( )] {156)

which has period 1/a in f. 1In particular, the approximation to the STSE,

at selected points, is

3 [ma, ) exp(-12«enk/N)*
l N vn ‘E

2
* s(mA + ka) exp{j 7 2 2(15 + 1 qéj)’ , (157)
[+
¢

which is an N-point discrete Fourier transform; m, n, N are integers.

The procedure for analysis is as follows: for a region of interest
centered at tc,fC in the t,f plane, choose time values mA near tc.
Then for each m, sweep out n such that frequency n/(Ns) 1s near fc; an FFT
will give all f values in (0,1/4). Plots of (157) give a fine-tuned STSE
near tc.fc for the particular choices of LR Y Additional estimates
with different parameters will be required in other regions; there is no

globally optimum smoothing that will yield high-quality positive spectral

estimates for all t,f values.
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The numerical evaluation of the exponential quantities

Q,(k) = exp[— 32- kztsz(;l2 + ia():l = Q,(-k)
c

in (157) can be effected very efficiently by the methods given in [12].

(158)

They are given by recurrences (which need to be evaluated only once for each

[+
c’“c)

Qy (k) = 0;(k - 1) exp(2c,)
for k > 1,

Qy(k) = Qy(k - 1) (k)

with starting values

Q](o) = exp(- Cz) » 02(0) =1,

1,21
oC

Cnly two complex multiplications per stage are required in (159).

Furthermore, since

A2 ia 32
exp(- cz) = exp|—5 jexp{— — Tt (C+ i3) ,
2¢c

¢ - s? - jas¢

g2 '

and

exp(Zcz) =

(159)

(160)

(161)

(162)

only one exp, cos, and sin must be evaluated to accomplish {159) for all k.
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WDF WITH MINIMUM SPREAD

The virtues of smoothing WOF NS of waveform s with the WOf uu,
(147), of weighting u, (146), were discussed earlier in this section. At
that time, the selection of form (146) for the weighting was seemingly
arbitrary. However, it is shown in appendix G that the weighting, u, which

has a minimally spread WOF, is precisely that given in (146). The measure

of spread is

2
I = j].dt df Hu(t,f) (f - Bct) , (163)

where BC is a specified (observed) slope of interest in the t,f plane, and
a. = Z'Bc' This measure of spread concentrates the WDF about the

specified slope; see (147). The actual minimum value of spread (163) is

given in (G-24) as

1
minimum I = TR (164A)
c

B¢ o

when weighting u is constrained to have mean square duration

2
2 o
gdt ] =5, (1648)

in addition to unit energy. Without these two constraints, the minimization

of spread (163) is i111-posed; see appendix G.
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PERFORMANCE IN NOISE

In this section, we investigate the blias and stability of a WDF estimate

obtained from a nolsy waveform. In particular, the given waveform x i3

x(t) = s(t) + n(t) , (163)

where s is a deterministic signal of interest, and n is an additive

Zero-mean stationary noise. In fact, we have

M =0, )N (L) = C (T, - t,)

Gn(f) = (ldr exp(-12«fT) (T, {(166)

where Cn and Gn are the noise covariance and power density spectrum,

respectively.

WAVEFORM WEIGHTING

If the WDF of given waveform x in (165) were directly evaluated via
definition (3), the result would be infinite, since the NxN (noise-
cross-noise) terms do not decay for large arguments. Also, since the signal
s will be assumed to be transient and decay to zero for large arguments,

some gating or weighting of given waveform x is appropriate, in order to
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concentrate on the time reglions where signal s is largest. Accordigly, we

consider the seighted waveform

y(t) = v{t) x(t) = v(1) [s(t) ¢+ n(t)] . (167)

where v{(t) 1s a deterministic function under our control.

The WOF that will be calculated is therefore

* T
Hyy(t.f) » j‘ﬁt exp(-12«fx) y(t + §} y (t - 5) =
= 3 +b+c¢ +4, {168)
where
T, * T
a= Sdt exp(-12«fT) va(t.T) s(t + 5) s (t - 5) .
b = 5dt EXD("“ZIft) va(t,t) n(t + ;) n.(t _ %) '
C = Sdt exp(-12«fT) va(t,t) s{t + %) n*(t - g) .
h 4 * L o
d = Jdt exp(-12efT) R, (t.T) n(t + 3) s"(t - 5 (169)
and
- T, %, I
va(t,t) vt + 2) v {t 2) . (170)

The first two quantities in (168) are, respectively, SxS and NxN terms,
while the last two are SXN terms; here, S denotes signal, while N denotes
noise. The SxS term, a, in (169) is real a)d non-random, while NxN term, b,
is real and random. On the other hand, the SxN terms, ¢ and d, are complex

]
random, with d = c.
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MEAN VALUES

An alternative expression for the SxS term in (169) is

a-= jdt exp(-12¢fT) R, (t,T) R (L,T) =

f
= Nw(t.f)ﬁwss(t.f) ) (171)

in terms of the WDFs of weighting v and signal s.

The mean of the NxN term is

b = fm: exp(-i2xfT) R, (t,T) C (T) =

f
= Nw(t,f) QGn(f) R (172)

where we made use of (16€). And since noise n has zero mean, there follows,
for the SxN terms, € =d = 0. Collecting these results together, the mean
of WDF estimate (168) is

— f
Wyy(t,f) = va(t,f) ® [wss(t,f) + Gn(f)} . (173)

No additional statistical properties on the noise n, such as a Gaussian
process, are needed for result (173); this holds for an arbitrary stationary
noise process. The difference in mean outputs, for signal present versus

signal absent, is just a, as given by (171).
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VARIANCE OF WOF ESTIMATE

In order to determine the variance of estimate (168), we need to assume
that noise n is Gaussian. Furthermore, in addition to properties (166), we

will presume that

n(t]) n(tz) =0, (114)

as 1s true when n is an analytic process or a complex envelope [13, ch.2].

Then (168) yields

2 ' 2 2. 112 . 1412
W (t.F) = lww(t,f)] 222 eb? e )2+ Ja)? .

-— * *
+2ab+c¢d +c¢d, (175)

the other terms being zero due to n being zero-mean Gaussian noise.

The second term on the right-hand side of (175) can be developed from

(169) as

b? = W = ,Hdt] at, exp (~H2xf (T, 'TZ)) Ryy(t.Ty)*

wo™ * 2]"t2
va(t,Té) Cn(T}) Cn(tz) + Cn —7 ’ (176)

where we used (166) and (174). Referring to (172), we have
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b= 52+ Hdcl dr, exp (12ef (T, -T,) Ry (LT

T
*
"Ryp(tT)) ci(si_ﬁ_—%) y

At this point, it is convenient to define

aff)(f) - jdr exp(~14¢f7) c2(T) .

Then

62 (£/2) = [ dT exp(-1 2

n = p(-12«fT) C (T) = 6, (f) ® G (F)
and

c2cr) = § af exp(izefr) 62 (8/2) -

= 2 [ v exp(ituom) 6w .
When this result is substituted in (177), there follows

2
b2=b +2 j‘du W2 (1,6 - v) 6l (o) -

2 f
R 2 ® (2
b + 2 va(t.f) Gn (f) .

14
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The third and fourth terms in (175) are

ld!z = ,Clz = j‘jdt] d'C2 exp (“‘12!’f(-t-l 'Ta)) va(t"r")*

* T T -T
* R, (8. T) s(c + —;—) s*(t + *%) cn((—-—-—-—-——-] 5 2) =
- Jdv 6, (v) lB(t.f - %f : (182)

where

B(t,f) s ‘( dT exp(-i2«fT) R, (t.T) sé + 2‘.') =
= I dv exp(i2wvt) wwé,f - 32’—) S(v) . (183)

(As special cases, if weighting v(t) = 1 for all t, then va(t.t) =1

and

le]© = 4J-du 6,(2) Js(2f ~ v 2 ; (184)

while, instead, if G (f) = ﬂd for all f, then C (T) = ﬁd §(T) and

A 2
Ic]? = 2 Ng fdt Rsv(t,t) ls(t +-}1 : (185)

If both conditions above hold, then

le|]2 =48, €. ) (186)

d

75




TR 8225

Returning to the general case again, the fifth term in (175) is given by

combining (171) and (172), while the sixth term is

JOTROREETY

*
¢d = ﬁ‘d‘t] dT,, exp (—-121f(1’1 -tz)) R, (8T *

T * T *
* R:V(t.'fz) S(t + —]5) s ( - '—%) n*( - P%)n (c + %—) =0, (187)

by use of (174).

Combining the above results, we have, for the variance of the WOF

estimate,

P

Var{wyy(t,f)} =a? +b? v 2fl? v 2ab - (a4 D)2 =
— 2  ___
= b2 -b o« 2]c|2 =
-2w2tfée‘2)f NxN
- 2w (t,5) @62 () + (NxN)
2
.2 fdv 6, (v) ‘B(t,f - -g)] . (SXN) (188)

This r2sult holds for arbitrary signal s, weighting v, and noise spectrum

Gn. The quantities ng) and B are defined in (178) and (183),

respectively.

16




TR 8225

If we do not weight waveform x(t), that is, choose v(t) =1 for all t in
(167), then va(t;t) =1, wvv(t,f) = §(f), and the NxN term in (188)
becomes infinite; that is, the WDF estimate (168) has infinite variance if
we do not weight in time, regardless of what the actual noise spectrum,
Gn’ is.

On the other hand, 1f the noise n is white, then G (f) = Ny for all f,
C,(T) = Ny &), and 6{2) 4n (178) 1s infinite, which makes the NxN term
in (188) infinite. Thus, if we do not filter out the noise which is out of
the band of the signal, the WDF estimate has infinite variance, regardless

of what time weighting v is employed.
WDF PROCESSOR

In view of the above observations, we now consider the general WDF

processor depicted in figure 7. The only new element here is the

Sien® | Filter | santt y® | WDF | W, &9
-~ -  ——— ]
H{F) § Gleulation

Weightivg
v it)

Figure 7. WOF Processor

time-invariant 1inear filter with transfer function H. The input noise n,

is presumed to be white over the band of the input signal So mathematically,

this is handled by letting
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G, (f) =N for all f , (189)
Ny d

where Nd is the double-sided noise spectral density level in watts/Hz.

The 1inear filter H(f) approximately matches the bandwidth of the input

signal and passes So(f) essentially unaltered, while filtering out

undesired noise spectral components. The actual filter output signal s is

given by

s(t) =h(t)® So(t) = J‘df exp(12wft) H(f) So(f) . (180)

The weighting v(t) approximately matches the duration of the signal and
passes s(t) essentially unaltered, while gating out undesired noise temporal
components. Representative plots of the various quantities in figure 7 are

given in figure 8.

A numerical example of the WDF processor in figure 7 is carried out in
complete detail in appendix H, including the mean and variance results given
earlier in this section. 1In particular, the input signal So is a linear

frequency modulation waveform with Gaussian amplitude modulation.

18




TR 8225
St
t
-—d -
n.{t) .
S
Ay
ﬁ'q,(f) = m
.F
HiF)
vit)
/ N ;

Figure 8. Time and Frequency Characteristics of Figure 7
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SUMMARY

When a segment of a stationary random process is available, the method
of Blackman and Tukey [14] tells us that, to estimate the correlation
function at delay T, we should average the product of waveform values
separated in time by T seconds, and that we should carry out this averaging
over the total available data record, in order to reduce the effect of
random fluctuations. For a nonstationary process, the averaging interval is
further limited to that in which a significant change is statistics does not

occur.

After obtaining the estimated correlation, the Blackman-Tukey method
further directs us to weight the correlation values in the neighborhood of
T= 0 more heavily than those for larger T, and to Fourier transform the
weighted correlation estimate. The weighting should taper off to zero for
larger T, so as to suppress these more noisy estimates, and the taper should
be gradual so as not to create significant positive and negative sidelobes

in the frequency domain.

These two operations, averaging in time and weighting in delay, are both
totally absent in the WDF, as may be seen from (2) and (3). In fact, (2)
and (3) might be viewed as the ultimate in greediness of a spectral
estimate, since they include no averaging and no weighting. Viewed in this
1ight, 1t is not surprising that the WDF has some very debilitating behavior

in terms of negative distribution values and large interference terms.
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The inclusion of averaging and weighting in the spectral estimate, as
typified by (150)-(152) and (F-1), results in a modified distribution
function which is a double convolution with a smoothing function in the t,f
plane. Furthermore, the averaging and weighting in (F-1) takes place both in
the f and v domain (line 4) just as well as in the t and T domain (line 3).
Alternatively, line 2 indicates that the complex ambiguity function may be
weighted in two dimensions and doubly Fourier transformed. However, the

resuitant modified WDF need not be positive.

The ijdentity of this double convolution with a positive STSE, when the
smoothing function is a legal WDF, aliows for an alternative approach that
is very attractive computationaily and is easy to interpret. The preliminary
calculation of the WDF serves to point out regions of interest in the t,f
plane and to quantify the time and frequency extents, as well as the amount
of linear frequency modulation, to utilize in weighting u in the STSE. This
procedure is illustrated in appendix I for the waveform s{(t) =t exp(~t2/2)
and shown to yield a physically meaningful smoothed distribution function,
whereas the WDF is very difficult to justify and interpret on any physical

grounds.

It was pointed out earlier that double convolution of a given WOF with a
Gaussian WDF increases the spread of the smoothed function by area .5 in the
t,f plane, since the effective area of a Gaussian WOF is .5. Strictly
speaking, this is only true when the Gaussian WOF contour ellipse has the
same tilt and the same ratio of major-to-minor axes as the given WOF

(assumed Gaussian in the region of interest in the t,f plane). More
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generally, if there is a mismatch in tilt or ratio of major-to-minor axes,
the effective area is increased by more than .5, thereby leading to
additional spreading in the t,f plane. The detailed derivations are

presented i1n appendix J.

The performance of an estimator of the WDF of a signal in the presence
of noise depends on the amount of filtering and weighting employed to

suppress noise components in frequency and time. Exact relations for the

mean output, the bias, and the variance of the WDF estimate are given.
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APPENDIX A. SLICES IN TIME OF THE WOF

The voltage density spectrum of waveform s(t) was given in (9). If s(t)

{s sampled at increment At. an approximation is afforded according to

S(f) = fdt exp(-12eft) s(t) =

® o, 2 exp(-12efka,) s(ka,) £ $(f) for all f. (A-1)
K

The summation on k runs over the range of nonzero summand. Since

§(f + f-)z S(F) (A-2)
t

then 3(f) has period 1/a, in f. We 1imit the evaluation of S(f) to the

t
values

fn\. ) } N
S(NfAt) 8¢ Zexp( 12enk/Ng) s(ka)  for 0 <n < he -1,  (A-3)
k

where n and Nf are integers, and thereby cover a full period of §(f). A

representative plot of rg(f)land its sampled values appears in figure A-1.
For the low-pass case of J(f) depicted in figure A-1, 1t 1s necessary to

choose

At < (2Fy)71 (A-4)
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(N; ‘t)ﬁ

A

+ et + £
-1/ E @)y  a
Figure A-1. Low-Pass Spectrum S(f)
in order to avoid a]iasingA ‘We will also need frequency spacing
|st9)] ] ]
(NfAt) < (271) . that is, Nf > 2T/At (A-5)

t

in order to track the wiggles of S(f) in frequency, where T is the effective

time duration of s(t). 1In fact, we may need frequency spacing (NfAt)*] to

be very small if we are to do fyrther accurate integrations on S(f). Thus

we need

Ne >4 f, T, (A-6)

f

and perhaps much larger for further manipulations.

The 'IDF can be written in terms of the spectrum S{f) according to (10):

W(t,f)

5 dv exp(i2wvt) S(f + %) s*(f - %) =

Zj'du exp{i4nut) S(f + u) S*(f -u) . (A-7;
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If we sample S(f) at increment 4, in frequency, the Trapezoidal
f

approximation to the WOF is

;l(t.f) H an%exn(u.tuf) S(f +La;) s*(f - A8) = (A-8)
DAUCEAL)
for all t,f. Since
» -.l“ - Fo _
H(t + 28, f) W(t,f) , {A-9)

then Q(t.f) has period (2:‘.\f).1 in t. Accordingly, we evaluate only

~ m "
N(——thAf . naf) = Zaf%exo(ihml/Nt) S((n +R)Af) S ((n —f)Af) (A-10)

for  <m < N, -1, wherem, n, “t are integers. In this manner, we get

t
a slice of G(t.f) in time t (m) for fixed frequency f (n). The operation in
(A-10) can be efficiently realtized as an Nt—point FFT of collapsed samples

when Nt is a power of 2.

Now the only information on S(f) that we have available are the samples

of S(f) given in (A-3). If we choose, without loss of generality,

-1
o = (Meoy) ™ (A-11)
then (A-10) becomes (exactly)
Afma, N i
“C"—z‘t' WA 2)‘ s ;.‘-"‘D“?‘"‘f’"t) S(H‘L) 3 %Tg) (A-12)

for 0 <m< Nt - 1. We then adopt as our approximation to ﬁ, which itself

is an approximation to W, the guantity
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A, N
~ot Uf n\-_2 . n_+ *fn -4 -
w("2 R ﬂt\) = X 2 exp(i2-m/N,) §(N 3 ) §(N 3 ) (A-13)

t V¢ £8¢ 2L it 8¢

forOgmsNt—Lwhere

L ¢ Ly denotes o £ £] < Nes2 (A-14)

and we presume that S(f) has been calculated for |f] < (Zat)']; see

figure A-1.

The quantity NfAt may have to be large, in order to sample §(f)
finely enough for an accurate WDF. Then since the spacing in t, applied to

N.A
W(t,f), is —gﬁl , it may require a large value of Nt in order to keep track
t

of the variations versus t. Also, n may not have to run through consecutive
integer values, but may take on decimated values, so that "/(NfAt)

tracks the f behavior adequately.

Addendum : WED = B-8):

/\ W9
A van 4

' T F 11 L
-Et; %i :g Z& Z 2A;
WQ ove ?mSuuiug that S&)zo FDT (‘H>T/2' S we Nerd
A< i
s 2T

‘w ovder to avoidi q\iuring of W({‘,-f) m WEF. Ther, when
we cheose (A-11), we’ wwst have N{ > 2T/Af in ordev 4o avord
aliasing. This is 1derbicel & (A-?-
S we wust Safishy (A-4), but need not sabisfy
€2) or (65). An alias-free WDF can be veobized with e safis -
faction f Nyquist critwion (A-9) only; the ond result is (-u) or (A-13).

A-4
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APPENDIX B. OSCILLATING WDF FOR SEPARATED PULSES

Consider the waveform s(t) in figure B-1 consisting of two separated

energy bursts of general shape. Let t1 and t2 represent the "center® of

each pulse, and let T1 and T2 be some measure of their durations. Define

t, = %(t] 1) (B-1)

Let us investigate the WDF of s(t) for t near tc, that is, near the center

of the two puises. In particular, let time
t=1t.+8, (8-2)

where 4 is small. Then from (3),

W(t_ + aA,f) = j.dt exp(-12«fT) s(t_+ A + I) s*(t + 4 - E) =
¢ ' C 2 c 2

= exp(—iz«f(t1 - t2» J.dx exp(-12«fx) s(t2 + A+ g) s*(t] + 48 - %), (B-3)

Figure B-1. MWaveform s(t)

B-1
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where we let T= t2 - t] + X,
It can be seen from the integral expression in (B-3) and figure B-1,
that for small 4, only small values of x will contribute to the value of the

WDF. In fact,

Ix] < min(T,.72) (8-4)

is the dominant range of contribution to the integral. Thus the variation
with f of the integral component of (B-3) is slow. By contrast, the leading

exponentiai term in (B-3) varies much faster with f, since
ty -ty > max(Ty,T2) > min(Ty,Ty) . (8-5)

Since these faster varying oscillations of the exponential term cannot be
cancelled by the slower integral contribution of (B-3), the WDF will
oscillate in f, for times t near tC = (ty + tz)/z. Thus separated

time pulses will lead to oscillations (in f) of the WDF, near times midway
between the pulses, regardless of their detailed shapes. An analogous

argument can be presented for spectral components, based upon form (10) of

the WOF.

Notice that as t2 approaches t], and the two pulses become one, the
oscillating exponential term in (B-3) disappears, allowing for the

possibility of a slowly varying (hopefully positive) lobe in the WDF.
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APPENDIX C. AMBIGUITY FUNCTION OF (79)

The complex ambiguity function of waveform s(t) in (79) is obtained by

substitution into (22) and use of (68):

2
T
* ~ 1 k 1~2.2
»,T) = yWw a o, eXPi- ¥ - T o. V.. +
X Z k% ke 4-2 2% "
k2 kR
1"32”"k
+1562+02 Tuvui-izyf“Tn-1tmvn+121fu(tk—t‘!) . (C-1)
A k
where
t, = 2(t, +ty) fooo=L(F +f)
TR L T A UK
-2 _1,2 2 i R I 5 R
9% = 2(% * ) gz'z(oz*dz)-
1] k p |

Ta =T+l ~t . Vg =2e(o+f - f) (C-2)

The diagonal terms of (C-1) are

12 1 2,22 i i
EEK exp[—“a’2 e 4x“v +121fkt 121tku]. (C-3)
k k

which are complex and oscillate with T and v due to the imaginary terms.
The contour at the 1/e relative level, of the magnitude of the k-th term, is
an ellipse with axes twice as large as those depicted in figure 4. In

addition, the peak amplitude is decreased by a factor of 2 below that for
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the WOF in (80). Thus the ambiguity function is a more smeared function of
time-frequency than the WDF.

The ambiguity function has peaks of value

™ a3y 5 exe[ix(f + 508, - )] (C-4)

centered at

(ts") = (tk = &’fk = f‘) (C-5)

for all k,2. The phases of (C-4) are virtually random relative to each
other. A slice in v, for fixed T, varies (in addition to the Gaussian
envelope) as

Z 2
19~ %
expi{i2wv|> .. -t . (C-6)
[. 2 ﬁf + °E ke (7 ]

which could be either a slow or fast variation, depending on the particular
parameter values. All of these features make physical interpretation of the

ambiguity function very difficult.




APPENDIX D. ROTATION OF AXES
Consider the general second-order curve described by
2 2
Ax +Bxy +Cy +Dx +Ey +F =20,

If we rotate the x,y coordinate axes according to figure D-1, we have

x
il

x' cos(B) - y' sin(B) ,

x' sin(p) + y' cos(B) .

<
L]

Substitution in (D-1) yields

2 2

Anxl + Boxiyo + ctyl + Dlxl + ElyO + F - 0 .

where

\
\ X

—

——
\ -
o F X

Figure D-1. Rotated Coordinate Axes

TR 8225

(D-1)

(0-2)

(D-3)
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Al = %[A ¢ C+ (A-C) cos(2B) + B sin(28)]

B' = B cos(2B) + (C - A) sin(2B)

C' = 3[A + C - (A - C) cos(2B) - B sin(2B)]

D' = D cos(B) + E sin(B)

E' = - D sin(B) + E cos(B) . (D-4)

If we want to eliminate the cross-product term in (D-3), we must make
B' = 0, that is, take

tan(2B) = K‘%-E . (D-5)

We will also choose 2B in the principal value range:

B_).
2B = arc tan (A - C) ; (D-6)

that is

<28 <

1A
=™
tA

(0-7)

roja
1

(XY™
PN
N

A1l other solutions for 28 differ by n«; that is, 8 differs by n«/2. These

are the major and minor axes of the curve described by (D-1).

If we now define

R _\/ 2 2" )
=\[(A-C)°+B°, P=sgn(A-0), (D-8)

where ¥ ' denotes the positive square root, we find
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I-cl _a-c

cos(2B) = R R ;

(D-9)

see figure D-2. And since sin(2B) has the same polarity as tan(28) in the

principal value range,

sin(2B8) = J%L sgn(: B )

[}

8
R P (D-10)

Also, since

fi
~N -
Par=—n"
+
x>
i1
x
\-—4

cosZ(B) = %(1 + cos(2B)) (0-11)

then

cos(B) =v u_zl%_‘_.g_]. ,

sin(8) =\/R — gAR - ¢l sgnc\ |3 C) . (D-12)

It then follows that the coefficients in (D-4) simplify to

A' = %(A + C + RP)
B' =0

¢! = %(A +C ~RP) , (0-13)

2 |

A-C

Figure D-2. Triangle Interpretation of (D-5)

0-3
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from which there follows

Act = ac - 1 8% (D-14)
Additionally, we have

an(p) = B=(A=0)

cot(p) = BR2LA-D) (0-15)

As a result of the above, the general equation in (D-3) can be written as

N2 N\ 2 )2 2
A'é(' +-2-2—,) +C'(y‘ +-2-%-,- =2F+§(:—,-F . (D-16)
where
1 =A+C"Rp 1=A+C+RP‘ (0_17)

A" aac -2 7 T aac - 82

The simplest expressions for D' and E' appear to be those given in (D-4), in
conjunction with (D-12). However, D'2 and E'2 can be simplified,

resulting in expression

p')\? £')2
A'(x' toa7r) * C'(y' + -é-é-,-) =6, (D-18)
where
2 2
G = 55——i—99~—:§ﬂg -F. (D-19)
4AC - B
2

Now suppose that A and C in (D-1) are positive and that 4AC > B.
Then A' > 0 and C' > 0, meaning that (D-18) is an ellipse if G > 0.

D-4
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Furthermore, 1f A < C, then A' < C' and x' 1s the major axis. On the other
hand, if A > C, then A' > C' and x' is the minor axis. See figure 0-3. The
area of this ellipse is A,g’-g-Bx_\’ ¥ C31+ Dx+ Ey+F=0

L —2x6 (0-20)

«6
yACT Vuc Aok

Area =

by use of (D-14), where G is given by (D-19).

It follows directly from (D-18) that the curve is a circle if and only
if A’ = C', that is, R = 0 via (D-13), which in turn means A =C and B = 0

from (D-8). e
]
LT
&/c'

N | A

Figure D-3. E1lipse in Rotated Coordinates
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EXAMPLE

Consider the ellipse in (91), for which

2
A=1+ 60 » B=- 260 , C =13 60 >0. (D-21)

Then (D-5) yields
tan(2B) = - 2/84 , (D-22)

from which there follows

tan (23 + %) = -1/tan(28) = o/2 ,

:)
arc tan (—%) -

As @, varies from 0 to +e, B varies from -«/4 to 0; thus B always lies in

(D-23)

~ |—
™

B =

the principal value range, as required by (D-7).

However, since A > C in (D-21), then B is the angle in the x,y plane of

the minor axis of ellipse (91). The major axis angle in the x,y plane is
Y=8+3, (D-24)

which varies from »/4 to /2. There follows
tan(2¥) = tan(2B + «) = tan(28) = - 2/8 (D-25)

from (D-22), whereupon the slope of the major axis in the x,y plane can be

obtained as

D-6
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tan¥ = %éo +vez + 4). (0-26)

This slope varies from 1 to +eb as eo varies from 0 to +e. Conversely,
given a measured slope, tan]?, of the major axis of a WDF contour in the x,y
plane, the corresponding amount of linear frequency modulation can be

determined from (D-25) or (D-26) as
8, = tany - 1/tany" . (0-27)

The final determination of frequency modulation parameter a, in (84)

requires the additional knowledge of % in (90).

In practice, where both % and o, are unknown apriori, the WDF

will 1ikely be plotted directly on the t,f plane. According to (78) and

(0-24), the major axis will then 1ie on the line

1c=ttant

R (D-28)
2«a2
o

which can be observed and measured. But 9% can be determined separately
from a slice in f (at fixed t) of the WDF, since the variation in f in (97)

is proportional to

2
exp[— og (wa - agt) ] (D-29)

Thus the distance, between frequency values that are down by 1/e from the
peak on this frequency slice, is ("do)-l’ and can be used for direct
calculation of o . Then (0-28) and (D-27) yield tany¥ and e,
respectively.

D-7/D-8
Reverse Blank
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APPENDIX E. DISCRETE APPROXIMATION TO SHORT-TERM SPECTRAL ESTIMATE

The STSE 1s given by (102) and (103). A discrete approximation, by
means of the Trapezoidal rule, is furnished by

2
j(t,f) = IAE exp(-12«fak) s(ka) u*(t - ka) =
i

Kk

- A2§_ exp (-12xfa(k —1)) s(ka) s (f8) u (t - k8) u(t - £4) =
13 ]

- Azzexp (-mfm -2) Rs(i‘——;i- A, ka ~ﬁa) Rué - "——;d- A, k& -,Qa) ,
Kt

(E-1)
where & is the sampling increment in time. Let
m=k-0,n=k+ A4, (E-2)
to get
J(t.6) = 522 exp(-12xfam) RS(%,mA) Ru(t -2 mA) : (E-3)
m+n
even
Define, for use below, the function
f
C(t},t.f) = Hs(t].f) qu(t - t1'f) =
= J’df} ws(t],ﬁ) Hu(t - t].f - f1) . (E-4)
£E-1




TR 8225

which is the convolution, on f, of WDFs NS and Nu. When the integral on

tI is effected, it yields the desired double convolution:

tf
dt1 C(t],t,f) = Ns(t,f) ® Nu(t.f) . (E-5)

We now express RS and RU in (£-3) in terms of the inverse transforms
of ws and wu. respectively, according to (24), interchange summations

and integrations, and use the facts that [4, chapter 2]

Z exp(-i2«xm) = Jz-%s(x - %1) ’

m even

Z exp(-12wxm) = %Z(—] #ax - %;) , (E-6)
m odd 2

to get approximation (E-1) in the form

Jin =43 > c(%.t,f - 235) +

A n even

. |
+ %5_(—1) 2 C(ﬂ%,t,f - 5% . (E-7)
2 n odd

The &= 0 terms together give, where the sum is now over all n,

E-2
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“EC( L, 6) (E-8)

which i1s a discrete approximation to desired quantity (E-5).

The =1 terms in (E-7) yield
“E(n (%1, - 51, (E-9)

which is approximately zero. A similar result holds for £ = -1.

The &= 2 terms in (E-7) are

EC("A t,f - ) , (E-10)

which 1s a discrete approximation to convolution (E-5), but shifted by
frequency 1/A. For small sampling increment A& in approximation (E-1), the
quantity (E-10) will be small in the fundamental region centered at f = O,

and can be neglected. Thus (E-8) is the dominant term, giving

Jt.ns AEC( ) =

tf
o j.dt1 C(t'.t.f) = Hs(t,f) () Hu(t,f) . (E-11)

E-3/E-4
Reverse Blank
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APPENDIX F. SOME SMOOTHING CONSIDERATIONS

This discussion compiements and extends that given in (148)-(152)
reqarding two-dimensional smoothing of the WDF. For easy reference, we
repeat the diagram under (24) and furnish an additional one for the
smoothing functions that will be employed here. An arrow denotes a Fourier

transform.

WAVEFORM FUNCTIONS

s(t +§) s*( - g) = R(t,T) <-—-Tt—-b W(t,f)

th tiv

e o b s )53

SMOGTHING FUNCTIONS

V,(1,T) e V,(t,f)

tiv tlv
ap(v.T) = Qy(v.f)

By using the basic Fourier transform relations above, we may readily
show that iwo-dimensional smoothing of WOF W with general function v2 may

be written in several alternative forms:
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tf
DEF) = WL, f) @ vy(t,f) =

= .Ud” dT exp[i2«(vt - Y] X(v,T) QZ(V.T) =

t
= fmexp(—121ft) [R(t,T) @ vz(t.’c)] =

f
= J‘dv exp(12wvt) [A(vw,f) OOz(u,f)} . (F-1)

The second line says that the ambiguity function X of waveform s should be
weighted by q, and the product then double Fourier-transformed into the

t,f plane. The third line indicates smoothing of R on t, followed by
transformation of a weighted function of . The last line performs
smoothing of A on f, followed by transformation of a weighted function of v.
These relations extend those given in (150)-(152). The function v2 above
need not be a legal WDF. The volume under the smoothed distribution (F-1)

is the product of the volumes under W and V. ; if the latter volume is

2°
unity, the energy of waveform s results again, as is desired.

INADEQUACY OF TIME SMOOTHING ALONE

Consider the special case where smoothing function v2 is a delta

function of f; then

Vz(t,f) = v](t) 8(f)

vz(t,t) = v, (1)

q,(v,T) = V(o)

Qy(v,f) = V (v) &(F) . (F-2)
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Equation (F-1) then simplifies to an averaging of the WDF solely in time:

t
Wit,f) @ v.l(t) =

= S{du dt exp{i2«(vt ~ fT)] AUv,T) V](u) =

t
= S dt exp(-12«fT) [R(t,T) & vi(t)] =

= [ 4o exp(i2evt) A(w.F) V(o) | (F-3)

which is an extension of (148)-(149).

The advantageous feature of locally averaging the instantaneous
correlation R in time, indicated in line 3, is equivalent to weighting the

"Jocal spectrum"

A

AGv.F) = S(F + 2 S°(F - ) (F-4)

in 1ine 4 by function V1(v), prior to Fourier transforming back into the t
domain. This weighting on v is sensible, since 1f WOF W(t,f) or some
modified version is to represent the spectrum at f, the transform on » in
1ine 4 of (F-3) ought not to involve arbitrarily distant values of v;
otherwise, waveform spectrum S in (F-4) will then be utilized at argument
values very different from the frequency f of interest and would be
nonrepresentative. However, there is no weighting onT in line 3 of (F-3),

thereby allowing arbitrarily distant arqument values of signal s, from the

F-3
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time instant t of interest, to be considered; this unrealistic feature of

the WOF is one of the reasons for its undesirable properties.
INADEQUACY OF FREQUENCY SMOOTHING ALONE
Now consider the alternative special case where v2 in (F-1) 1s a delta

function of t; then

Vo(t.f) = &(1) Vv, (f)

Vz(t,f) = §(t) v1(‘!')
qZ("ot) = V](t)
Qz(vof) =V, (f) . (F-5)

Equation (F-1) then simplifies to an averaging of the WOF solely in

frequency:

f
W(t.f) @V, (f) =
= L{dv de exp[i2«(vt - fT)] Xv,T) v](‘t) =
= j.dt exp(-i12«fT) R(t,T) v,(T) =

f
= j.dv exp(i2wvt) [A(u,f)OV](f)] . (F-6)
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The advantageous feature of averaging the "local spectrum” A in
frequency, indicated in line 4, is equivalent to weighting the instantaneous
correlation R(t,t) in line 3 by function v](t), prior to Fourier
transforming back into the f domain. This weighting on T is sensible, since
if WDF W(t,f) or some modified version is to represent the time behavior at
t, the transform on T in line 3 of (F-6) ought not to involve arbitrarily
distant values of T; otherwise, waveform s will then be utiiized at argument
values very different from the time t of interest and would be non-
representative. However, there is no weighting on v in 1ine 4 of (F-6),
thereby allowing arbitrarity distant argument values of spectrum S, from the
frequency f of interest, to be considered; this unrealistic feature of the

WDF is an additional reason for its drawbacks.

SEPARABLE SMOOTHING

If smoothing function V2 is separable, then

1}

Vz(t.f) va(t) Vb(f)

i

vz(tot) Va(t) Vb(t)

Gy(v,T) = V,(») vp(T)

0y(v.F) = V,(9) V() .

Then (F-1) gives, for example,

F-5
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t f
Wit E) @ v, (1) ® V (f) =

- fat exp(-i2wfT) v, (T) jdt‘ R(t - t',T) v (t') .

This has both the desirablie features of locally averaging the correlation
and suppressing large-T contributions. However, it restricts the form of
averaging in the t,f plane and specifically disallows tilted smoothing

regions which are not parallel to the t or f axes.
GENERAL GAUSSIAN TWO-DIMENSIONAL SMOOTHING
The inadequacies of smoothing in time alone or frequency alone suggest

consideration of the general two-dimensional result in (F-1):

W(t,f)s W(t,f) @ Vz(t,f) =

= J'dt exp(-i2nfT) j dt' R(t - t',7) vz(t'.T? =

= S'dt exp(-12«fT) !\dt' s(t -t' + g) s*(t -t - g) v2(t',r) . (F-7)

If we Tet t, = t' +

4
1 2

i

Lt =t -

2 , this becomes

A * .'+t2
W(t,f) ==I[dt] dt, exp(-izwf(t] - 1,)) s(t - ty) s (t - t1) o=, t, -ty .

F-6
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Now let two-dimensional smoothing function V., have the general

2
Gaussian form

Vy(t,f) = 20T exp(-aZt? - a+2b2f2 - axctf) , (F-9)
where a,b,c are real constants and
0= a%? - % . (F-10)

The scale factor, 2V, 1s chosen so that the volume under V2 in the t,f
plane is 1; this keeps the volume under the smoothed distribution in (F-1)
or (F-7) at £, the energy of waveform s. 1In order that V2 tend to zero at
infinity in the t,f plane, we must have Q > 0. The area in the t,f plane of

the contour ellipse of (F-9), at the 1/e relative level, is (appendix D)

7,2 6

-C

The transform on f of V, in (F-9) is

vz(t,‘t) = exp[ {0 t + + 1ct‘t}]. (F-12)

For completeness, the two remaining smoothing functions in (F-1) are

qz(v.'t) = exp[— 4—]6@2[2 + 412b2v2 + 4«:1‘:)} .

Q,( f)=3\RT‘ex --41-2-0f2+23-1cf
2lv a YU¥ exp 32 3 9l -

We can now determine the quantity necessary for evaluation of (F-8), namely

F-1
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+t
<t1 2 _Yore ‘_ - 2
) 2 T tz) =Tp &XP ap2 {‘0 1+ 42) ty 4

+ (0 +1 - i2¢c) tg +2(Q - 1) t]té}] . (F-13)

By the discussion in (25) et seq., this function in (F-13) is separable in

t1 and t2 if and only if

2,2 2

Q=1, that is, ab° - ¢ = 1. (F-14)

n the &, plme
Then V2 in (F-9) is a legal WDF and the areaA1n (F-11) becomes 1/2. Also,

smoothing V_, in (F-9) is then exactly equivalent to the Gaussian smoothing

2
considered previously in (147).

We are interested here, however, in the more general case of V2 where

Q is not necessarily 1, and therefore V., is not a legal WDF. If we

2
substitute (F-13) in (F-8), the smoothed WDF becomes

W(t,f) = '%/—' Hdh dt, x(t,) X*(tz) exp [— g;—; t,tz] . (F-15)

where

2
t

x(ty) = $*(t - t) exp [}12«ft1 - (Q +1 + 12¢) -13:]- (F-16)
4b

By expanding the exp in (F-15) in a power series, there follows

[~
A V7= 1A - g)" ” nlz
W(t,f) = ey dt, x(t,) t . (F-17)
b g;% nt 2b2 L B 1
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It 1s obvious from (F-17) that a sufficient condition for smoothed WOF ﬁ

to be non-negative is Q < 1, that is
a2 - ¢ <1 . (F-18)

{The special case of ¢ = 0 was given in [11, (5)].) When this condition is

used in (F-11), we see that the area of the concentration ellipse of (F-9) is
Area 2 1/2 In -H\Q ‘t,F #cm&. (F-19)

Thus, smoothing with the Gaussian two-dimensional function v2 in (F-9) always
results in a non-negative distribution, provided that the areaAofﬂ%%: ellipse
at the 1/e relative level is greater than or equal to 1/2. It is not
necessary that v2 in (F-9) be a legal WDF; that is, the area of the ellipse
need not be precisely 1/2. However, the most concentrated v2 in (F-9), that
guarantees nonnegative results, has area 1/2. The only restrictions on

parameters a,b,c are given by 0 < Q < 1, that is, 0 < azb2 2 < 1.

F-9/F-10
Reverse Blank
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APPENDIX G. DERIVATION OF MINIMUM-SPREAD WOF

The short-term spectral estimate of waveform s, relative to weighting u,

is given by the double convolution (106),

2 tf
s (.6 © = w(t.6) @ Wty , (6-1)

of the WDFs of s and u, It is therefore important to use, for weighting u,
a function which has as narrow a WDF as possible, so that the smearing

implied by (G-1) is minimized. In particular, since we are interested in
analyzing waveforms with linear frequency modulation, we are interested in

minimizing the spread of WDF Nu, as measured by the quadratic quantity
= - 2 -
1= [fat af wt.6) (F-8.0)%, (6-2)
where BC ts a specified (observed) slope in the t,f plane.

By expanding the quadratic in (G-2), we obtain spread

L=l + 1, ¢y, (6-3)
where
2
1, = Jfatar 2w,
1, = -2, [{ dt af t Fu(t.6)
1, = 8° ﬁdt df t2 W (t.f) (G-4)
2 c ur - :




TR 8225

Reference to (43), (28), and (12), respectively, allows the terms in (G-4)

to be simplified and expressed solely in the time domain as

—
]

: 2
o ;;Z—fat RIE3]

W

- B—:‘(‘dt t Im{u'(t) u*(t)] ,

—
i

2
2 2
5 = B fdt 2l . (6-5)
Adding these results together, the spread in (G-3) becomes
. 2
1= J,dt lu'(t) - tat ut)) (6-6)

where we define

o, = Zch . (G-7)

Observe that the spread I in (G-6) is nonnegative, for all weightings u.

The function that minimizes I in (6-6) is

[+
% 2 -
u(t) = a, exp(i > t) v Ay complex, (G-8)

for which
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2
1=0, WI(tf)= jaol §(f - B.t) . (6-9)

That 1s, the WDF 1s concentrated on the f = Bct 1ine in the t,f plane.

However, the energy of (G-8) is

Ey =%, (6-10)

which is unacceptable.

If we attempt to approximate (G-8) by unii energy weighting

~1/4 2
u(t) = (woz) exp(? —35 + 1 % t{) . (6-11)
20

the spread of u, as given by (G-6), turns out to be

1 = -15{}% + o%(a - ac)f} . (6-12)

8x lo

Now if o = % that 1s, the linear frequency modulation parameter « in
weighting u is exactly equal to given quantity a. (from (6-7) and (G-2)),

the spread is

1

73 >0 . (6-13)
8% o

However, as duration o of weighting (G-11) gets larger, the spread I tends

to zero, even though the weighting has finite (unit) energy. Also, then

(6-11) tends to a scaled version of (G-8) at each fixed t.

G-3




TR 8225

In order to eliminate these undesirable features of the weighting, it
will not be sufficient to minimize spread I, subject only to a constraint on
the energy of u. Rather, it will also be necessary to constrict the time
duration of the weighting u. Accordingly, we will minimize spread I in

(G-2)-(G-6), under the two constraints that

far uev 2 =1 = [[at arwyery

2 2 o 2
jdt t*lut)] = Hat df t° W (t.f) ; (6-14)
see {14) and (12).
Thus consider

Q= th lurct) - fa t un)] 2 + 2 jdt Juce)} & + fdt 2 Jut)l 2, (s-15)

where A and u are real Lagrange multipliers. Replacing u(t) by

u(t) + en(t), where n(t) is an allowed variation, we have

0+ 0= fat [u(t) +en'(®) - ot (uD) + en(t)] [0 + (D) 4

* * d * * * 2
+ 1act (u (t) +en(t))] *-j-dt [u(t) + en(t)] [u (t) + en (t)] (A + u t™) .
(6-16)
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Since the coefficient of «* must be zero, in order for u(t) to be the

optimum [15], we require the following:

fdt n'*(t) {u'(t) - 1qct u(t)] + jhdt n*(t) fu'(t) - 1cct u(t)] 1cct +

+ J.dt n*(t) u(t) (a + utz) =0 for all n(t) . (6-17)

We now integrate by parts on the first term of (G-17), and presume that
n,u,u' all decay to zero at ted. Since n is arbitrary, its coefficient
under the integral must be zero; namely, we find that u must satisfy the

following differential equation:

2

Su'(t) + 120t u'(t) + (fa, + uﬁt sa+utd) u(t) =0 forallt . (6-18)

If we try solution

u(t) = a exp(% cté) , a,c complex , (6-19)

in (G-18), we find that

2, 2

t2(-c +12acc+..§+,.)-c+1ac+>.=o for all t . (6-20)

Then a solution of the form (G-19) exists with the choices

¢=fa tyW, A=tV (6-21)

6-5
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To determine u(t) explicitly, we substitute (G-21) into (G-19) to get
u(t) = a exp(1 Ta t2e IR t2) . (6-22)

When the two constraints in (G-14) are satisfied, there follows, for the

optimum weighting,

2 ~1/4 t2 L
u(t) = <; oc) expl- —5 + i 3 t . (6~23)
20
C

This is linear frequency modulation with a Gaussian envelope.

The minimum value of the spread I in (G-6) for the optimum weighting

(6-23) is
rinimum I = —0—s , (6-24)
8 22
w O
¢
and the corresponding WODF is
W (t,f) = 2 ex l; t? axll(f - B t)2] -
ur P 2 c c
[«
c
£ 2 2.2 2
=2 exp|- =3 1 + ec) + 4nftec - 4x°f o |+ (G-25)
o
c

where 8. = a. ci. The area of the contour ellipse at the 1/e relative

level is 1/2 in the t,f plane.

The mean-square time extent of the optimum weighting u in (G6-23) is
05/2. as required by constraint (6-14). The mean-square frequency

extent is obtained from voltage spectrum

G-6
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U(F) = '1/46 . «1:9)
(o

fdf ¢ Juce)) 2 -

exp(ﬁ—"‘

1 +0
2

8% o

o N

2%

2

2.2 2
f %

16c

1

)

(6-26)

(6-27)
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APPENDIX H. EXAMPLE OF WDF PROCESSOR

The prniessor of interest here is depicted in figure 7, while
representative characteristics of the waveforms and devices are sketched in
figure 8. The mean output is given by (173) and the variance is given by
(188). We will use the definitions and results in (165)-(189) freely in the

following.

INPUT INFORMATION

The input signal waveform to figure 7 is Gaussian-modulated linear

frequency modulation:

|~
~N

[+ 3
0,2 2
so(t) = a, exp[— +1 t_‘] v B =T lao‘ gy (H-1)

o N

20

where a, can be complex. The instantaneous input signal power,

s, (012 = Jag)? exn- t45D) (H-2)

peaks at t = 0 and has effective duration %-

The corresponding signal voltage density spectrum is

b \172 22} £ )
So(f) =a,9, T":f;g; exp —T—:-Tag , 90 = a0, - {H-3)
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The energy density spectrum is

? 21,a°l20§ 4120§ f2
lSo(f)l = exp\-—" 35 J» (H-4)
1 +6 1 +6
o 0
which peaks at f = 0. When
\/1+ez
fotf =3——2, (H-5)

the energy density spectrum is reduced to 1/e of its peak value; hence fo

is a measure of the bandwidth of the linear frequency modulation waveform.

The input noise "o to figure 7 has a white spectrum

Gno(f) = Nd for all f . (H-6)

The filter transfer function is

f2
H(f) = exp(- —5 |, (H-T7)
28

which peaks at f = 0; this coincides with the signal spectrum peak, which
means that we are considering the most fortuitous situation. The weighting

in figure 7 is taken to be

v(t) = exp(- =5 |, (H-8)
2L
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which peaks at t = 0; again, this coincides with the signal peak and is most
favorable. The maximum values of H and v, being equal to 1, are chosen for
convenience, without loss of generality; absolute level does not influence

the performance of the processor in figure 7.

CALCULATIONS OF BASIC FUNCTIONS

We will make frequent use of (68)-(70) in evaluating the following
quantities which are needed in (165)-(189); the choices for Gaussian
functions for so,H,v, above, were made for analytic simplicity, since the
various integrals can be conducted in closed form. More general cases would

require numerical integrations.

The noise spectrum at the output of the filter is

By(F) = 6 () (e 2 = Ny ex(- £2/8%) . (H-9)
The corresponding noise correlation is
_ _ 2 212
Cn(t) = J.df exp(i2nfT) Gn(f) = ¥ Nd B exp(-« B"T) . (H-10)

The auxiliary spectrum in (178) is

6l (5) = [ dv exp(-1avfry c2(r) =T N2 B exp(- 26%/8%) . (w-1)

2 d
The instantaneous correlation of the weighting is

H-3
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(H-12)

R,(E,T) = v(t + g-) v*( - -'24)

and its corresponding WDF is

L}
o
»
o
/T-\
Tl
oo
]
ol
—
N

2
= - . ,.2,2.2 _
Nv(t,f) = J‘dt'exp( i2wnft) Rv(t.t) 2fW L exp (bLZ dx"L f;) . (H-13)

The filter impulse response is
nT) = Sdf exp(12+FT) H(f) = VI'B exp(-2428°C%) ., (H-14)
leading to filter output signal

st) = [ dr oy s (t -1y -

1/2 1 - 19 2
OGTDT;Q' exp|- 268" TVoo e b (H-15)

8 =a oo, 0= (2«300)2 . (H-16)

where

This filter output signal is again a Gaussian-modulated linear frequency

modulation waveform.

In general, for signal

2 2
s(t) = ¢, exp(-ct®/2) , c_,c complex , E = v71c°| /VE:“, (H-17)

H-4
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the WDF is
]cojz tzlcl2 v anlfl 4 4nfic,
Hs(t,f) = 2Yw exp|-~ c (H-18)
Vcr r
When applied to example (H-15), we identify
172 1 ~ ie
D _ a4 2,2 0 .
Cc’a06+0-160) 'C—4'B1+D—1'80’ (H-19)
to obtain
12 = | |2 2 ,2_(23)4‘*‘%
Ico - l o‘ Vﬂ? oo el = (en b,
D De
¢ =ax?82 L ¢, = - 44282 —2 | (H-20)
r D i 0
2 2
where
- 2 _ 2 2 _
D1 =7 4+ 0D + eo . 02 = (1 +D)" + 60 . (H-21)

When substituted in (H-18), there follows, for the WDF of s in (H-15),

1/2 2
- 08" el s szt oy - a3

(H-22)

As bandwidth B of filter H in (H-7) tends to infinity, then D » o,

2

D] + 0, D2 + D", and (H-22) yields

2
Ns(t,f) > 2Eo exp{; (1 + eg) f§ - (21aof)2 + 4w90f;)as B ses | (H-23)

H-5
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This agrees with (91) and (78). More generally, in order to keep the scale

factor (D/Dl)”2 in (H-22) near 1, we need

Ml + 80
D>1 + 9, » that is, 8 > (H-24)

2
Zfoo

according to (H-21) and (H-16). But this latter quantity is just the
bandwidth of signal S+ See (H-5). Thus condition (H-24) yields the
physically intuitive statement that the filter passband should be wider than
the input signal bandwidth, in order not to decrease the peak value of the

WDF of the filter output signal.

The area of the elliptical contour of the general WOF in (H-22), at the
1/e relative level, is 1/2 in the t,f plane, regardless of the values of any
of the parameters of the input signal and filter; this follows by the direct
use of (D-1), (D-19), and (D-20). It is also consistent with the general
fact that this is true for any signal of the form of (H-17), as may be seen
by application of appendix D directly to (H~18), where ¢ and c, are

arbitrary complex constants.

The peak height of the signal WDF in (H-22) 1is ZEOVD7D'; hence, the
product of peak height and effective area is EOVD75', which is just the

enerqgy of s:

E - \S‘dt sty 2 = Eo\}ﬁlg - ([ at af wot.e . (H-25)

This follows directly from (H-15) or (H-17).

H-6
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The ti1t of the major axis of the elliptical contours of (H-22) is given
by B radians in the (2«Bt,f/B) plane, where
6o
tan(28) = TT0/2° (H-26)
according to (D-5) and (H-21).

MEAN SIGNAL OUTPUT

The mean signal output of the WOF processor in figure 7 is given by
(171) as

as= j~dt exp(-12«fT) Rv(t,T) Rs(t.T7 =

= jdt exp(-124fT) Re(t,T) = Wy(t,f) , (H-27)
where
3(t) = (1) s(t) = ¢, exp(-E t?/2) (H-28)
and
z i
=C+ (H-29)
L

according to (H-8) and (H-15)-(H-19). By analogy to (H-18), we have

H-17
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. ¢l t2]2]2 + axf? 4 auft T
a ="MW (t,f) =2 expl~ = =
3 VE:‘ Cp
172
DR
= ZEO(#;) exp{; ﬁ%{HZ x2 + Dzy2 - 2RDe0 xy}j]. (H-30) I

where we defined

R=(20BL)2 , x=1t/L, y=2xfL ,

Hy =D, + ROy = (1 +0)(1 +D +R) + (1 +R) eﬁ ,
) 2 2. 2 2.2 )
Hy = D, + 2RD, + RE(1 + 62) = (1 + D + R)%+ (1 + R)% (H-31)
and used
H RD® H
€, = 2] v =g 2, IEJZ = 42 : (H-32)
L, L°D, L%,

The area of the conc~»ntration ellipse of wg in (H-30) at the 1/e
relative level is 1/2 in the t,f plane, regardless of the sizes of D and R;
so the signal WDF is not spread by the filtering and weighting operations in
figure 7, at least for this example of (H-1) coupled with (H-7) and (H-8).

The peak height of WDF W, is given by the leading factor in (H-30).

g
Since the effective area of this WDF is 1/2, the product of peak height and

effective area is EdVDR/H1' which is just the energy of $:

T- .Sdt l2t)] % = ¢ [ OR \2

O 1 +0)(1 +D +R) + (1 +R) eﬁ) (H-33)

H-8
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The parameters eo,D,R are given in (H-16) and (H-31).

We now define

L, = L__ . L 55 5 =+ (248)
Vi v R\ + (248L) Tt

Then (H-30) and (H-31) become

% H 2
_ ¢ [OR e [t 2 t
wg(t,f) = ZECL\H]) expE H1{1 + R (Lb) + 02(1+R)(21rLbf) - 2RDO°(2wLbf)(LbE].

(H-34)

(H-35)
The major axis of the elliptical contours is at angle B radians in the
(t/Lb,ZwLbf) plane, where
60(1 + R)
tan(2f) = (H-36)

1 +R+D + RO/

Given measurements or observations § and %y this can be immediately
solved for 80, where it is presumed that B8 and L are known since they are

under our control.

As alternative fundamental parameter is more useful than the above; we
introduce

M= (L/gg)? , (H-37)

which 1s the square of the ratio of weighting time to input signal duration.

Then (H-31) yields

R=DM, (H-38)

H-9
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where D = (2wBo°)2 just as defined in (H-16). Eliminating R in favor of

D and M, the peak height of W, in (H-30) becomes

3
2 1/2

Peak = 250/ DM 5 . (H-39)
G+ +0vom + 1+ oM)e’

As checks on this quantity, observe that as D s, the factor of ZEO
in (H-39) approaches (M/(M + 1))]/2; in order to keep this latter quantity
near 1, we need M > 1, that is, L > % This is consistent with physical
reasoning on figure 7. Alternatively, as M -+, the factor of ZEO in
(H-39) approaches (D/(1 + 0 + 6§))1/2; in order to keep this near 1, we

need (H-24) to be observed, just as before.

More generally, in order to keep the signal factor in (H-39) near unity,
we need to choose the combination of D and M large enough. For example, to

keep the factor at value F, that is, maintain

2 1/2

b 5| =F (<1, (H-40)
(V+0)(1 +D+DM) + (1 + DM)Go

we need to choose L in (H-37) such that

F2ra + )2 + eg]

M= 3 5 (H-41)
D[D - F°(1 + D + eo)]
However, this relationship is useful only for
F2 2
D> — l:2(1 + o) . (H-42)
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A representative sketch of (H-30) is displayed in figure H-1. Small values
of parameters M or D are not realizable without the other parameter tending
to infinity, in order to maintain the factor in (H-40) at value F. Three
numerical examples, for eo = 0,1,5 are given in figures H-2, H-3, and H-4,
respectively. The larger F values can only be achieved through rather large

D and/or M values.

There is, however, a minimum value of the product, MD, required to
realize a specified value F for the factor in (H-40), when e, is
specified. In fact, we find from (H-41) that, for given F and eb, the

product MD is minimized by the choices

-
1+922 ]+F4eo
Dopt - 2 P+ 2 f
1-F ! 1 + eo
2F2 1 +F eg
Hopt = —~*——z 1+ -—————E— . (H-43)
1 -F L 1 + 60

The value Mo is relatively insensitive to eo; in fact, it varies from

pt
4271 - F*) to 2F2(1 - F%) as @ varies from 0 toes, which is

less than a 2:1 variation.

The corresponding minimum product is

2 3
[1 R eri + \/(1 + 9§)(1 R F‘og)‘J . (H-34)

1”"“‘2‘F—'2'
min <3 i F?)

(MD)
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Figure H-1. Plot of (H-40) or (H-41) for Fixed 6,
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Figure H-2. Plot for o, = 0
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Figure H-3. Plot for @,
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In particular,

452

¢ -

in fact, this is a good approximation except near e, = 0. Thus, large

2

2 . -
{MD) 2 (1 + F eo) + 1 as eo-aco ; (H-45)

min ~

amounts of linear frequency modulation, or values of F near 1, require very

large MD.

At the other extreme,

2
Mp)_ . = —3— fop 0, =0 . (H-46)

min Ci i F2>2

For example, if F = 1/y2, this product is 8; thus relatively large values of
the product are required, even at the low end where there is no linear
frequency modulation. A plot of (H-44) is given in figure H-5, for various

,; / / // / //

w1 &

“ / / i i ’ e
y—*""”//

0 4 § g 12 6 20

oq

Figure H-5. Minimum MD Product
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As a particular numerical example, for 8, =0, F= 1/¥7, we find

|
(%)
-»
=
b
w o

' (MD)min =8 . {H-47)

So both Dopt and Mopt are somewhat iarger than unity, even for F equal &
1/¥2. AY1 these conclusions are drawn relative to the mean signal output

alone; we now consider the noise output contributions.
MEAN NOISE OUTPUT

The mean noise output of the WDF processor in figure 7 is given by

(172), (H-9), (H-13), and (H-31) as

_ f
b= Hv(t,f) ® Gn(f) =

1/2 2 2
- R _y _f R -
- NdG + R) exp{ L2 BZ 1 + R]' (H-48)

(As L >, that is, no weighting, then R »e, and b » N exp(-f /B ) =G (f),

d
as expected.)

The noise factor in (H-48), namely

172 1/2
(] + R) (1 + DM) (H-49)

is virtually unity when the mean signal degradation is small, according to

the results of figure H-5. Thus the ratio of peak signal-to-noise means is

approximately ZEO/Nd. according to (H-30) and (H-48). These latter

H-15
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quantities, Eo and Nd’ are directly the input parameters to the WDF

processor in figure 7; see (H-1) and (H-6).
VARIANCE OF NxN TERM

The variance of the NxN term at the WDF processor output is given by the

third line of (188) as

f
=2 Wl (2) gy =
VNN = 2 Nv(t.f)ﬁb Gy (f) =

2 2
2 _R 2t 2f R
=N expj- - :l (H-50)
d \ﬁ':f?? [: L2 B2 1 +R

Here, we also used (H-11) and (H-13). As L 2o, then M »®, R 20, and

VNN »e0, Alternatively, as B >, then D 29, R »e, and VNN >

These results for this particular example confirm the general observations

o0,
in the sequel to (188).

The standard deviation of the NxN term, namely Vv N: is precisely equal

N
to the noise mean output in (H-48) for all t,f, except for a constant factor
(1 + R)]/4 = (1 + DM)]/4. Also, the axes of the elliptical contours of

(H-48) and (H-50) are parallel to the t and f axes and are independent of

eo' the amount of linear frequency modulation in the input signal.
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VARIANCE OF SxN TERM

The variance of the SxN terms at the WDF processor output is given by
the last 1ine of (188) or by double the results in (182). Upon substitution
of (H-10), (H-12), and (H-15) in (182) and an extreme amount of

manipulations, there follows variance

Vs = 4EoNg 3_—@ expl-€(t,F)] (H-51)
Hy
where
Hy = (14D + R/2)(1 + D+ R+ DR/2) + (1 + R)(1 + R/2) eg (H-52)

and £(t,f) is an elliptical function with minimum value at t = f = 0.

Namely,
2 * 2 *2 2
(t,f) = 225 + Crtz _ E_H__tdﬁ%__iégllﬂL_ , (H-53)
L 2(la]l® - ¥9)
where
1 - i@
c = 41282 9

- 3 4
1+0 186

l(c + 2 + 2 «232) .

4
H

4 L2
C
= - (5 t + i2«f) ,
y = ‘5 8% . (H-54)
H-17
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The quantity in the denominator of (H-53) can be simplified to

2(Jal? - v) = = (H-55)

however, £(t,f) has not been reduced to its most compact form,

2 2 _
b]t + bzf + 2b3tf . (H-56)

due to the excessive amount of labor required to simplify and obtain

b]'bZ’b3’

QUALITY MEASURE OF PERFORMANCE

We define a quality measure for the WOF processor output in figure 7 as

. Difference of mean outputs _ a . -
Q Standard deviation of output (YSN + qu)yh (H-57)

The relevant quantities are given by (171) and (188) generally. For the

specific example in this appendix, the quality measure, at peak signal

location t = f = 0, is obtained by combining (H-30),(H-50), and (H-51):
1/2

A i+ X

172

Ng L [TUNS!
T
al M

For convenience, we repeat the parameter definitions here:

(H-58)

H-18
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8, = o, o>+ 0 = (280 )’ , M= (L/s)?,
R = OM
H] = (1 +0)(Y +D +R) + (1 + R)eg '
Hy = (1 4+ + R/2)(1 + D + R+ DR/2) + (1 + RY(1 + R/2)82 . (H-59)

It has already been observed in (H-24) and in the sequel to (H-39) that
D>1+ eg and M > 1 are desirable, in so far as the mean signal output is
concerned. However, if filter bandwidth B (D) is made too large, then too
much noise is allowed through; alternatively, if weighting duration L (M) is
made too large, a noise degradation also results. Thus, it is expected that

the quality ratio Q will peak for D in the neighborhood of 1 + eg and

for M near 1.

It should be observed from (H-58) that even if input signal-to-noise
measure EOINd gets extremely large, the quality measure Q behaves
according to\lEo/Nd. and not Eo/Nd' This is due to the saturation
effects caused by the SxN term in the denominator of definition (H-57); it
can also be seen directly from the quantitative result in (H-51), where

variance V., is directly proportional to input signal energy Eo as well

SN
as the noise density level Nd'

H-19
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The quality ratio Q in (H-58) is plotted versus M in figures H-6, H-7,
H-8 for eo = 0,1,5, respectively. The input ratio EO/Nd is kept at
value 20 in all cases; the only other fundamental parameter, D, is varied
over a range wide enough to encompass the maximum of Q. However, for ease
of plotting the results, the values of D which are less than the critical
value, which leads to the peak Q, are separated from those that are greater
than the critical value. For example, in figure H-6, D = 1 leads to the
maximum value of Q that can be achieved for any value of M; thus, the upper
part of figure H-6 contains results for D < 1, while the lower part contains
the remainder for D > 1. The corresponding critical values of D are 8 and

80 in figures H-7 and H-8, when e° = 1 and 5, respectively.

One important observation that is made apparent by these figures is that
near the maximum, the quality ratio Q is not too sensitive to M and D; that
is, the maximum js broad in the neighborhood of the best parameter pair
M,D. It should also be observed that as e0 increases, the peak value of Q
decreases, although the decrease is not very significant, at least over the
range eo = 0,1,5 used here. Finally, the values of the peaks in these

figures are slightly less than VEO/NJ, as anticipated above.

H-20
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Figure H-6. Quality Ratio for @, = 0, E5/Nq = 20
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H-22
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APPENDIX I. SMOOTHED WDF FOR s(t) = t exp(—t2/2)
For the waveform
s(t) = t exp(~t2/2) for all t , (1-1)

the WOF is

W(.f) = 2/ oxp(~t2 - 4a2F0)(t2 + aalfl - ‘5) = 207 exp(-ro)(r? - ]5) . (1-2)

with energy

E = fdt Is(t) 2 = v 72 . (1-3)

Contour plots of the WDF in (1-2) are concentric circles in the (t,2«f)

plane; in fact, (I-2) is a function only of re = t2 + (2«f)2. The
origin value of NS js -2 = -y, and the WDF 1s negative for r < 1/Y2,

while it is positive for r > 1/Y2.

Let us smooth this WDF with the most compact WOF; namely, use the
Gaussian weighting function in (G-23) with WDF (G-25) with ec =g, o, = 1:

Nu(t,f) = 2 exp(-—t2 - 4«2f2) = 2 exp(*rz) . (1-4)
The reason for these parameter choices of ec and °c is that the contours

of (I-4) are also circies in the (t,2«f) plane and exactly match those of

the waveform WDF in (I-2); this should lead to minimal spreading.

I-1
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The result of smoothing (1I-2) by (I-4) is

) tf
syt )] ¢ = wo(t,f) @ Wy(t.6) =

- 1w (1% + 4 exp<- e 412f2)> - e ept-rf2y . (109)

which has volume E as given by (I-3). Again, this is a function only of

r2. but it is never negative. This smoothed distribution is zero at r = 0,
and peaks at r = Y2 with value .326. By contrast, the WOF in (I-2) is -1.77
at the origin, a large negative value. However, the waveform WOF in (I-2)
does decay faster than the short-term spectral estimate in (I-5); this is an

example of the tradeoffs that must be accepted when using short-term

spectral estimation versus the WOF.

To lend credence to (I-5) as a better measure of the time-fregquency

content of s(t), we observe that at t = 0, the center of gravity of (I-5) is

2
_ df ls (0,6) < ¢
f -£ l . l = l"% . (1-6)

-
ofdf Is,c0.0)] 2 !

Then we expect that

A sin(hFot) (1-7)

ought to be a good fit to s{t) of (I-1) for t near zero. 1In fact, plots of
(I-1) and (I-7) for A = exp(-.5) overlap for -1 < t < 1.
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If we attempt this same procedure for WDF HS in (I-2), the denominator
is
o0
[af w0y =0, (1-8)
0

giving rise to ?; = @, which is useless.

With respect to t = 1 instead, we find center of gravity

[ -]
Ldfkun,ﬂlzf__lvzqg
|

f, = > = 3 (1-9)
deS (1,f4
u
~ Since s(t) in (I-1) peaks at t = 1, we expect that
A cos(Zw?](t - 1)) (1-10)

ought to be a good fit to s(t) for t near 1. In fact, plots of (I-1) and

(I-10) for A = exp(-.5) show very good agreement for .8 < t < 1.7.

Thus, smoothing of the WDF ws in (I-2) by means of WDF wu in (1-4),

for this example, results in a very meaningful distribution function.

1-3/1-4
Reverse Blank
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APPENDIX J. DOUBLE CONVOLUTION OF TWO GAUSSIAN FUNCTIONS

By means of the double integral result

j].dx dy exp[- % axz - % By2 + YXYy + ux + vy] =

2 2
_ 2w + av + 2yuv
= £ exp , (J-1)
( %)]/2 [: 2(aB - 72)
o - vy

2
for a, >0, Br >0, “rBr > Ypr it 1s readily shown that the

double convolution of two general Gaussian functions is given by

2

exp[~ % ax2 - % by2 - Yab' pxy] @ exp(- % (o} S % dy2 - Ved axyl = (3-2)

2u N1x2 + N2y2 + 2N3xy
exp|- 50 (J-3)

v

for a,b,c,d > 0, |p| <1, Ja| <1, where

o
L}

ab(1 - pz) + cd(1 - xz) + ad + bc - Zvaﬁca'p A

=
[}

) = aclb(l - p%) + d(1 - 29)]

2 bdfa(1 - PZ) +c(1 - kz)]

=
[}

Ny = VABET (VAF (1 - 5°) + YVET o(1 - 29)] . (3-8)

J-1
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Also, a useful auxiliary relation is

NN, - N§ =0 abed (1 - p2)(1 - 29) . (3-5)

Now let

L]

p = sin(@), where - - <8<

N |

A = sin(8), where -3 <8<

LN

(J-6)

oA

Then the area of the contour ellipse at the 1/e relative level of the first
exp in (J-2) is

A, = —LT (3-7)

w
1 Vab' cos(e)
in the x,y plane, where we used (D-1), (D-19), and (D-20). Similarly, the
area of the second exp in (J-2) is

2n
A2 = (J-8)

VEE‘cos(n) '

The sum of these two effective areas is

- 24 Yab' cos(®) + Ycd cos(#)
2 VEBEﬁ’cos(e) cos(s)

(3-9)

On the other hand, the area of the contour ellipse at the 1/e relative

level of the smoothed exp in (J-3) is

A, = 2% L
3
Yabed' cos(e) cos(s)

(J-10)
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in the x,y plane, where we can express D from (J-4) as

[~
i

= ab cos?(8) + cd cos?(s) + ad + bc - 2\{abcd sin(@)sin(e) =

[Vab cos(e) + Ycd cos(s)])2 + IYEE" exp(ie) - ybc exp(in)’2 . (J-11)

Comparison of the square root of (J-11) with the numerator of (J-9) reveals

that

Az > Ay + Ay, (J-12)
with equality occuring if and only if
Vad=Ybc' and o= . (3-13)

That is, in order for A3 = A1 + Az. we must have

and A = p . (J-14)

o e
]
o o

Physically, this requirement states that the contour ellipses of the two exp
terms in (J-2) must have the same ratio of major-to-minor axes and they must
have the same tilt. If either condition is violated, then A3 > A] + Aa,

the exact amount depending on the second term in (J-11).

EFFICIENT CALCULATION OF GAUSSIAN FUNCTION

If the general two-dimensional Gaussian function in (J-2) is sampled on
an equi-spaced grid, for purposes of convolution, it will be necessary to

compute the quantity

Q2(m,n) = exp(-am - bn2 - cmn) (3-15)
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for integers -M <m < M, -N < n < N. The following efficient procedure is

based upon the general method given in [12].

We observe first that
Qa(-m,-n) = Qa(m,n) , (J-16)

which cuts the effort by one-half. There also follows
0,y(m.n) = Qy(m,n = 1) Qy(m,n) , (3-17)

where

Q1(m,n) = exp[-b(2n - 1) - ¢cm] = Q1(m,n - 1) exp(-2b) . (J-18)
These recurrences can be started with
Q,(m,0) = exp(b - cm) ,
0,(m,0) = exp(-an’) = Q,(-m,0) . (3-19)

Furthermore, these latter two quantities are available through the

recurrence

Q](muo) = Q](m - 1,0) exp(-c)
form> 1, (3-20)

01(m - 1v0) = 0]("‘00) eXD("'C)
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with

01(0,0) = exp(b) , (J-21)

and the recurrence

Qz(m’o) = Qz(m - }90) E(m)
form>1, (3-22)
E(m) = E(m - 1) exp(-2a)

with

02(0,0) =1, E(0) = exp(a) . (3-23)

The only case not covered by the above recurrences is for m = 0; then

Qz(otn) = Qz(gon - }) F(n)
forn>1, (3-24)
F(n) = F(n - 1) exp(-2b)

with

F(0) = exp(b) . (J-25)

A program for the evaluation of (J-15) is given below. Only three
exponentials, in 1ines 90-110, need to be evaluated. Also, the only storage
required is for the final quantity Qz(m,n) in 1ines 60-70. The auxiliary
variables Q](m,n), E(m), F(n) introduced above need never be stored. The

check on accuracy in lines 390-470 would be discarded, of course, in any

J-5
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practical application; it is appended as a check on any typographical errors

in entering the program into another computer.

18 AR=.037 ! exp(-Awm~2 - Bn*2 - Cmn>
29 B=,0351 ! for -M{am{=M, -N{=n<{=N

38 C=.0844

48 M=3

S0 N=?

6a REDIM Q@2<¢-M:M,~N3N>
70 DIM Q2¢%8, 50>
8e DOUBLE M,HN,Ms,Ns !  INTEGERS
90 EasEXPC(R)
188 Eb=EXP(B)
110 Ec=EXP(C)
120 Q2¢8,0>=1,
130 E=Eb
140 E2b=Eb+#Eb
159 FOR Ns=1 TO N
160 EsE/E2b
179 Q2(8,Ns)>=Q2¢(@,Ns—-1)*E
180 NEXT Ns
198 E=Ea
200 E2a=Ea*Ea
210 @lpo=Gimo=Eb
220 FOR Ms=1 TO M
230 Gip=QAlpo=Qipo-/Ec
2480 Gim=Gimo=Qino*Ec
250 E=E/E2a
260 Q2(-M3,8>)=02(Ms,0>=32(Ms~1,0)*E
279 FOR HNs=1 TO N
280 Q1p=21p/E2b
299 Ain=RIm EZL
269 @2¢M3,Ns)=Q2(Ms,Ns—-1)*dlp
310 R2{-Ms , Hs)=R2({-Ms,Ns-1)*Qlm
320 NEXT Ns
3309 NEXT Ms
340 FOR Ms=-M TO M
359 FOR Ns={ TO N
360 Q2{(-Ms, ~Ns>=Q2<Ms,Ns)>
370 NEXT Ns
3809 NEXT Ms

390 Big=9, ! MAXIMUM ERROR CHECK
400 FOR Ms=-M TO M

410 FOR Ns==N TO M

420 E=EXP(~A#M3#Ms-B#Ns*Ns~C*Ms*Nsg)

438 ErroragE-Q2(Ms,Ns)>

449 Big=MAX<(Big,ABSCError))

438 NEXT Ns

460 NEXT Ms

479 PRINT Big

439 END

J-6




TR 8225

REFERENCES

N. Yen, "Time and Frequency Representation of Acoustic Signals by Means
of the Wigner Distribution Function: Implementation and

Interpretation,” Journal of Acoustical Society of America, vol. 81,

no. 6, pp. 1841-1850, June 1987.

J. C. Andrieux et al, "Optimum Smoothing of the Wigner-Ville
Distribution," IEEE Transactions on Acoustics, Speech, and Signal

Processing, vol. ASSP-35, no. 6, pp. 764-768, June 1987.

Kai-Bor Yu and S. Cheng, "Signal Synthesis from Pseudo-Wigner

Distribution and Applications," IEEE Transactions on Acoustics, Speech,

and Signal Processing, vol. ASSP-35, no. 9, pp. 1289-1301, September

1987.

Woodward, Probability and Information Theory, With Applications

P. M.
1o Radar, Pergamon Press, New York, NY, 1957.

A. H. Nuttall, Accurate Efficient Evaluation of Cumulative or Exceedance

Probability Distributions Directly From Characteristic Functions, NUSC

Technical Report 7023, Naval Underwater Systems Center, New London, CT,

1 October 1983.

D. Gabor, "Theory of Communication,” Journal of Institute of Electrical

Engineers, vol. 93, part III, pp. 429-457, 1946.

L. Cohen, "On a Fundamental Property of the Wigner Distribution

Function," IEEE Transactions on Acoustics, Speech, and Signal

Processing, vol. ASSP-35, no. 4, pp. 559-561, April 1987.




TR 8225

8.

10.

1.

12.

13.

14,

15.

R-2

REFERENCES (Cont'd)

L. Cohen and C. A. Pickover, "A Comparison of Joint Time-Frequency

Distributions for Speech Signals," IEEE International Symposium on

Circuits and Systems, pp. 42-45, August 1986.

L. Cohen and T. E. Posch, "Positive Time-Frequency Distribution

Functions," IEEE Transactions on Acoustics, Speech, and Signal

Processing, vol. ASSP-33, no. 1, pp. 31-38, February 1985.

L. Cohen and Y. E. Posch, “Generalized Ambiguity Functions," IEEE

International Conference on Acoustics, Speech, and Signal Processing,

March 26-29, 1985.

N. D. Cartwright, "A Non-Negative Wigner-Type Distribution," Physics,
vol. 83A, pp. 210-212, 1976.

A. H. Nuttall, Efficient Evaluation of Polynomials and Exponentials of

Polynomials for Equi-Spaced Arquments, NUSC Technical Report 7995, Naval

Underwater Systems Center, New London, CT, 1 April 1987. Also IEEE

Transactions on Acoustics, Speech, and Signal Processing, vol. ASSP-35,

no. 10, pp. 1486-1487, October 1987.

C. W. Helstrom, Statistical Theory of Signal Detection, Second Edition,

Pergamon Press, New York, NY, 1968.

R. B. Blackman and J. W. Tu<ey, The Measurement of Power Spectra, Dover

Pubiications, New York, NY, 1959.

A. H. Nuttall, A Shortcut in Calculus of Variations for Complex
Functions, NUSC Technical Memorandum 2020-179-70, Naval Underwater

Systems Center, New London, CT, 21 September 1970.




Technical Report 8317
1 June 1988

The Wigner Distribution Function
With Minimum Spread

A. H. Nuttall
ABSTRACT

The Wigner distribution function (WDF) with minimum
quadratic spread corresponds to a Gaussian amplitude-modulated
waveform with linear frequency modulation. The optimum WDF
is two-dimensional Gaussian and has contours of equal height
which are identical to the penalty contours of the quadratic
spread measure employed. An alternative measure of spread,
involving an exponential reward for concentration, leads to
identically the same optimum waveform and WDF. A
generalization to a certain class of smoothed WDFs is also
possible and is presented.

The sensitivity of the effective area of a smoothed WDF, to

mismatch in shape factor and tilt in the time-frequency plane, is
evaluated quantitatively.
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THE WIGNER DISTRIBUTION FUNCTION
WITH MINIMUM SPREAD

INTRODUCTION

A number of advantageous features associated with smoothing a Wigner
distribution function (WDF) were discussed in a recent report [1]. At that
time, it was shown that the WDF with minimum quadratic spread, about the
line f = Bct in the time-frequency plane, was a two-dimensional Gaussian
function, when constraints of finite energy and mean-square duration were
imposed [1, app. G]. However, a more appropriate measure of spread about
the origin in the t,f plane is adopted here and minimized, yielding a unique
waveform and corresponding WDF. Additionally, a reward measure for

concentration is shown to yield identically the same optimum WDF.

An additional property of smoothing two-dimensional WDFs was also
demonstrated; namely, if two Gaussian mountains are doubly-convolved with
each other, the effective area of the result is greater than the sum of the
two effective areas, unless the contours of both WDFs have the same tilt and
ratio of major-to-minor axes [1, app. J]. A quantitative investigation of
the effect of mismatch in these parameters on the effective area is

conducted herein.

It 1s assumed that the reader is familiar with the content and approach

of the earlier report; accordingly, this follow-on effort will be briefer

and will not review the considerable history and background of the WDF.




TR 8317

MINIMUM QUADRATIC SPREAD

It was shown in [1, (102) and (106)] that the short-term spectral
estimate is equal to the double convolution of the WDF of the waveform s(t)

being analyzed with the WOF of the weighting u(t) employed. That is,

s t.0]% = )IdtT exp(-12eft;) s(t;) ux(t - t]))z -

tf
= .ﬁ‘dt'l df] Ns(t],f.l) Nu(t -t -f) = Ns(t,f)®ﬂu(t,f) , (1)

where ® denotes convolution. Here,
T. T
Hu(t,f) = 1‘¢r exp(-i2«fT) u(t + E) ur(t - E) (2)

js the WDF of complex weighting u(t); a similar definition holds for WDF
ws. (Generalizations to non-Wigner smoothing functions for Nu are givin

in [1, app. F].)

Since the WDF ws of waveform s(t) has some good energy localization
properties (and some deleterious negative osciilations), it is desired that
the smearing in the t,f plane, implied by convolution (1), be minimized.
That is, we would like WOF wu of weighting u(t) to be as concentrated as
possible about the origin of the t,f plane. The ideal of an impulse,
§(t)8(f), is not a legal WDF, and must be discarded. Since the left-hand
side of (1) can never be negative, we can be assured,by this smoothing
procedure of two WDFs, that we will always get a physically-meaningful
distribution in the t,f plane; that i1s, the smoothed distribution will
always be non-negative for all t,f and have a volume equal to the energy of

when wld has unit energy.
waveform S(thﬁ For examplie, See f%. (111) et seq.].
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PENALTY MEASURE AND SPREAD

In order to confine WDF Nu near the origin, we define a penalty
measure which is zero at t,f = 0,0 and which increases quadratically with t

and f. Namely, the penalty measure is

P(t,f) = a2t2 + 41202f2 + 4uctf , a,b,c real , (3)

and the corresponding spread of the WDF Nu is defined as
I= H dt df W (t,f) P(L,f) . (4)
Contours of equal penalty in (3) are tilted ellipses in the t,f plane; these

would be selected upon observation of a calculated WDF NS of waveform s(t)

in regions of interest, i.e., high activity.

Therefore, real constants a,b,c are presumed known. Define quantity

Q= a2b2 - c2 . (5)
Then, in order that penalty
P(t,f) >0 for t,f »0,0, (6)
it is necessary that
Q>0. (7)

The property (6) was not satisfied by penalty function (f ~ Bct)2 in

{1, app. G}, that function was zero all along the line f = Bct. allowing

the WDF to become impulsive there.
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We also want WDF Nu in (1) and (4) to have unit volume, for two
reasons. First of all, this will guarantee that the short-term spectral
estimate on the left-hand side of (1) will have a volume equal to the signal
energy, regardless of weighting u(t) employed. Secondly, without this
volume constraint, u(t) and Nu would collapse to zero, giving a

meaningless spread value of I = 0 in (4). Thus we require that
2
1 =ffat af W (t,f) = [at Jun)]? . (8)

Subject to this integral constraint, we want to minimize spread I in (4),
and find the particular weighting u(t) and corresponding optimum WOF Nu.

Notice that we are imposing no constraint of positivity on Nu.
DERIVATION OF SPREAD

Substitute (3) into (4) to get spread

I = ”dt df Nu(t,f) (azt2 + 4«2b2f2 + 4qctf) , (9)

where WOF wu is given in terms of u(t) according to (2). B8y using the
results in [1, (G-4) and (G-5)], we can express (9) solely in the time

domain as

a? [at +2 Jun)] 2 + 02 far Jurcn)] 2 + 2c ot ¢ Infur(t) wced) -

—
L]

gdt a?t? Jue)] 2 + b2 fur ()] 2 + dct ut) wix() - dct ux(t) u'(t)1. (10)

For reasons to become apparent shortly, define complex constant

B = ; ()
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then, by using (5), we find
bl [8|? = a% . (12)
Now consider the quantity
Ttz 6% uct) + Bt u(t)) ? -
=02 fur ()] 2 + 0% [8) 262 fu()] 2 + b2BE u(t) u'A(t) + b2B* t wx(t) u'(t) =

= b2 lu'(t)|2 + a’t? Juct)] 2 4 (fT + i)t u() u'*(t) +
+ (YO - o)t u*(t) u'(t) . (13)
Comparison of (10) and (13) immediately reveals that
j‘dt T(t) =1 +V{Q jdt t {u(t) u'*(t) + u*(t) u'(t)] . (14)
We now integrate by parts, letting
U=t u(t), dv = dt u**(t) , (15)

to find that
Sdt tu(t) ut) = - {at fuet) + t w7 wret) =

= - fathuen}? - fortun wn (16)

We presume that u(t) goes to zero at t = + e, consistent with energy

constraint (8).

When (16) is employed in (14), there follows

Sdt T(t) = 1 - V'o"jdt ht) 2 . (17)
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Thus the desired expression for spread I is given by (17) and (13) as

1 =02 fatlurt) + 8t ut)]  + V@ (ot o)l . (18)

This general result holds for any weighting u(t); it is obviously positive

in all cases, since Q > 0.
OPTIMUM WEIGHTING

The last term in (18) cannot be altered; it is equal to VT, as seen by
reference to constraint (8). Furthermore, the minimum value for the
remaining term in (18) is zero and is obtained for weighting u(t) which
satisfies the differential equation

u'(t) +8 tu(t) =0 for all t . (19)

The only solution to (19) is
1 ,.2
uo(t) = A exp(- 2 Bt") for all t , (20)

where complex constant A is chosen for unit energy, and B is given by (11).
That is, uo(t) has Gaussian amplitude-modulation and linear frequency-

modulation. The phase of A is ambiguous.

The resultant minimum value of spread I in (18) is obviously

22 2
I,=y0=Yab" - ¢, (21)

where we employed (5). It is always positive, as seen by reference to

requirements (6) and (7).
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OPTIMUM WOF

The WDF corresponding to optimum weighting (20) is obtained by
substitution in (2), and use of [1, (H-17) and (H-18)], as

2.2 2,2.2
_ _at +4rb f + 4uctf
wo(t,f) =2 exp[ ‘ﬁ ] . (22)

The area of the contour ellipse at the 1/e relative level is 1/2 in the t,f

plane, as expected.

Observe that the numerator of the exp in (22) is identically the
quadratic penalty function P(t,f) imposed in (3). That is, the contours of
optimum WDF (22) are identical to the contours of equal penalty of P(t,f) in
(3). This result is intuitively satisfying: the optimum WDF packs as much
volume inside a given penalty contour as possible, to the extent that the

resultant WDF values are equal all atong that given penalty contour.

Observe also, that although positivity of the WDF ”u was not imposed
as a constraint in the minimization of spread I in (4) or (9), the resultant
optimum WDF in (22) is, in fact, everywhere positive. Although the optimum
weighting (20) has an ambiguous phase, the optimum WOF has no ambiguity;

there is a unique optimum WDF, namely (22).
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ALTERNATIVE REWARD MEASURE

Instead of penalizing the spread of WOF Hu about the origin in t,f
space, we could alternatively utilize a measure which rewards concentration
about t,f = 0,0. 1In particular, consider reward function

R(L,F) = exp[-a°t’ - 4#2b2F2 — Axctf) (22a)

and reward value

V= ﬁ at df R(t,F) W (t,) (22b)

for WDF Nu. The origin value of R(t,f) is 1; in order for R(t,f) to decay
to zero as t and/or f tend to infinity, we must have condition (7) satisfied
again. Notice that the contours of equal reward are ellipses in the t,f

plane.

The maximization of reward value V, subject to volume constraint (8) on
Hu, is conducted in appendix A. It is shown there that the optimum
weighting is again (20), and that the optimum WDF is (22). The maximum

value of reward V is

1 1
Max 1 "VTP 1 +Yyab” - ¢

(22¢)

More general results, for arbitrary reward functions R(t,f) in (22b), are

presented in appendix A.
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GENERALIZATION TO SMOOTHED WDF

A general class of distributions* has been presented in [2, (1.7) and

(1.8)]. 1In current notation, that class is given by [1, (F-1)] as

tf
D(t.F) = W (t,F) @ Vy(t,f) =

- H dv 4T exp(i2nt - 120FT) X (v,T) Q,(v,T) , (23)

where WOF wu is given by (2), and Vz(t,f) is a general two-dimensional

smoothing function. The complex ambiguity function of u(t) is

X (v.7) = Jdt exp(-12evt) u(t + ) u(t - 3) , (24)
while

qz(u.t3 = 5Sdt df exp(-i2wvt + 12«f7T) Vz(t,f) (25)
is a double Fourier transform of the smoothing function v2. Observe that
if there is no smoothing, then

Vz(t,f) = &(t) &(f)
qz(u,tj =1 for all »,T
D(t,f) = wu(t,f) . (26)

*This section is based upon a suggestion by Leon Cohen, Hunter College, New
York, NY, that the optimum WDF results here actually apply to a wider class

of distributions.
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Now it is shown in appendix B8 that the following second moments of
generalized smoothing distribution D can be expressed in terms of

derivatives of )% and q, at the origin:

H at df t% 0(t,f) = - L5 (2°(0,0) 6,(0,0) + 22(0,0) a3(0,0) +
4w

+X,(0,0) 4,°(0,0)] ,
§fat er £ £ oce.) = L5 000,00 0y(0,0) +X5(0,0) a5(0,0) +
4u
+%3(0,0) q5(0,0) +%,(0,0) 4;°(0,0)] ,

([ar ar ¢ pctary = - 5 6T¥0,0) 0,(0,0) + 2¢5(0,0) a(0,0) +
4o

+%,(0,0) 437(0,0)] . (27)

Here, for example, supers~~ipt v denotes a partial derivative with respect

to v, which is then evaluated at the origi. »,T= 0,0.

If follows immediately that if origin value

q2(0,0) =1, (28)
and if the five origin derivatives
a,(0,0) = q3(0,0) = a,°(0,0) = ,7(0,0) = a37(0,0) = 0, (29)

then (27) reduces to the moments that would have resulted from employing the
no-smoothing result (26) in (27). Thus, distributions D(t,f) resulting from

(23), with properties (28) and (29) for q2, have the same second moments

10
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as the WOF Nu(t.f). Hence, the spread ID of distribution O(t,f) is

given by (see (9))

-
i

[{ at af oct,f) (a2t? + 4x2b%F% + ductf) =

2 420262 & ductf) = 1, (30)

it

SS dt df W (t,f) (a’t

which 1s exactly the spread I of WDF wu(t.f). That is, smoothed
distribution D(t,f) in (23) has the same spread as WDF wu(t,f), when
smoothing function V2(t,f) (actually transform qz) satisfies the

properties in (28) and (29). Notice that these properties are considerably

less restrictive than requiring

qz(v,O) = qz(O,'C) =1 for all »,T, (31)

which arises when one is interested in maintaining the marginals [2, (1.6)].

We must also observe from (23) that the volume under generalized
smoothing distribution D is equal to the product of the volume under Nu
and the volume under vz. But the latter quantity is unity, by virtue of
(28). What all this means is, that if we minimize spread ID in (30),
subject to a unit volume constraint on D, the end result is precisely (18)
and (20), and the optimum WDF Nu js again given by (22). The
corresponding distribution D is obtained by substitution of (22) into (23)
and specification of the complete V2 or q2 functions. The properties in
(28) and (29) are not sufficient to completely specify q, or D; all that
is specified by (28) and (29) are the second order moments of D in (27). It
should also be noted that all the conditions in (29) cannot be met by the
general tilted Gaussian q2 function employed in [1, (F-9) and sequel to

(F-12)].

\
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SENSITIVITY TO MISMATCH

In [1, app. J], it was shown that if two Gaussian mountains are
doubly-convolved in x,y space, the effective area A3 of the resultant is
greater than the sum of the individual areas, except when the two elliptical
contours have the same tilt and the same ratio of major-to-minor axis (shape
factor). Here, we wish to investigate, quantitatively, the increase in
effective area above the minimum value, when the tilt and shape factors are
not at their optimum values. This situation can arise when observation of
WDF ws of waveform s{(t) is contaminated, in a particular region of
interest in the t,f plane, by interference effects, thereby making
estimation of the tilt and the shape factor of the elliptical contours

somewhat inaccurate.

The general situation is considered mathematically in appendix C.

Ellipse 1 has

area A]. tit B1. shape factor F] P (32)
while ellipse 2 has

area AZ’ tilt Bz. shape factor F2 R (33)
The ratio

is presented in (C-13) in terms of a number of auxiliary quantities.

12
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The initial example we consider is where ellipse 1 has seven different

areas, namely

A, = .5,1,2,3,4,5,6 81 =

1 F, = 2. (35)

1A
s

The t11t 1s fixed at »/4 radians and the shape factor at 2. On the other

hand, ellipse 2 has

F,=2. (36)

~n
D
N
N

That is, the shape factor is perfect at F2 = F1 = 2, but the tilt is
swept over a w/2 range (greater discrepancies than v/2 lead to obvious
periodicities and symmetries centered about 32 = B] as well as about
B2 = B] *+ %/2 and about 82 = BI + w). The situation under

investigation is depicted in figure 1, where ellipse 2 i, dotted.

The effect of mismatch in tilt is presented quantitatively in figure 2.
As expected, ratio (34) is 1 at Bz = B1 = w/4, regardless of area A].

The most degradation (upper-most curve) is realized for A, = 2, i.e., when

1
the areas of the two ellipses are equal. The maximum increase in area is
only 25 percent, when 82 is off by »/2 radians; however, if the shape
factor 1s significantly larger than 1, the sensitivity to the tilt would be

much greater, as figure 1 shows.

The final example utilizes the exact same parameter values as (35) for

ellipse 1, while ellipse 2 has

=2 to 6. (37)

13
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Now the tilt is perfect at 82 = B] = w/4, but the shape factor F2

varies above the best value of 2. The situation is depicted in figure 3,

where ellipse 2 is again dotted.

Ratio (34) is plotted in figure 4 versus the shape factor Fz' Again,
the upper-most curve corresponds to the case where Al = A2 = 2. There
is no need to compute ratio (34) for F2 < F] = 2, because the values for
F2 = F1r are the same as those for F2 = F1/r. Additional cases of

interest can be investigated by use of the program listed in appendix C.
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f-2
Figurel. Contour Ellipses for Mismatched Tilt
.25
N\X
1.20 \i\k
= \\
115 \\
A, N
A+A, \
Lo N\
N
105 \
’_.g - 0 LA T
] 182 z 4

Figure 2. Area Ratio (34) for Fy =2, Fp =2, Ay = 2, B = /4
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Figure 3. Contour Ellipses for Mismatched Shape Factor

Lie
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Figure 4 . Area Ratio (34) for Fy = 2,Ap =2, By =w/4, By = w/4
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SUMMARY

The most compact WOF wu that can be used for two-dimensional smoothing
of a measured WDF NS is a Gaussian function in two variables, when the
measure of spread is quadratic in the time and frequency variables t and f,
or the reward measure is exponential. Furthermore, this two-dimensional
convolution gquarantees a non-negative modified distribution, since the
result is equivalent to a short-term spectral estimate. Extensions to a
particular class of generalized distributions yields the same optimum WOF.
The corresponding waveform has Gaussian amplitude modulation and linear

frequency-modulation.

The additional smearing caused by mismatched smoothing functions to the
true parameters of a measured WDF has been investigated numerically for a
few examples, and found not to be overly sensitive to the exact values.
However, the multitude of parameters has prevented simplification of the
area spread factor; accordingly, a program allowing calculation of

particular cases i1s included to allow for further investigation.

The WOFs for the Hermite functions of order n are given in closed form,
in terms of a Laguerre polynomial of order n. This result is extended to
cross-WDFs in appendix A; in this manner, we can investigate the WDF of an
arbitrary waveform when expanded in a weighted sum of Hermite functions,

including linear frequency-modulation.

17
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APPENDIX A. MAXIMIZATION OF REWARD VALUE

We want to find that WDF, Nu(t,f), which is maximally concentrated
about the origin in t,f space, where the measure of reward for concentration
is

R(t,f) = exp[—azt2 - 412b2f2 - 4qctf)} , a,b,c real . {(A-1)
Thus, the maximum reward occurs at the origin,

R(0,0) =1, (A-2)

and the contours of equal reward are ellipses in the t,f plane. In order

for R(t,f) to decay to zero as t and/or f tend to infinity, we must have
0>90, (A-3)

where

Q= ah? - 2. (A-4)

The reward value associated with WODF Hu ¥s the real quantity

v=[f at of Rt,E) W (1LF) (A-5)
which we wish to maximize, where
W (t,f) = fdc exp(-12¢FT) u(t + 5y ux(t - %) (A-6)
u‘’ 2 2

in terms of weighting u(t). We must constrain the volume of Hu. in order
that V in (A-5) not tend to infinity as u(t) is simply increased in level.

Thus, we have integral constraint

1 = ﬁdt df W (1,f) = fdt Ju(t)} 2 . (A-T)

18
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ALTERNATIVE FORM FOR V

If we substitute (A-6) in (A-5), there follows

v=ffatac et ut+ H oue -5, (A-8)
where
ME,T) = Idf exp(-12¢FT) R(L,f) . (A-9)

A more useful alternative form for (A-8) is

ve [fax gy koaw uo ) (A-10)
where kernel
K(X,y) = r(’%" , x-y) - (A-11)

EIGENFUNCTIONS OF K

In this and the following subsection, kernel K is Hermitian, but
otherwise arbitrary; it is not limited to form (A-11) with (A-9) and (A-1).

Suppose {x#} and {’n§ are the eigenvalues and eigenfunctions of kernel

K; i.e.,
de K{x,y) on(x) = kn on(y) for n =0,1,2, ..., (A-12)
where XO > 1] > 12 ... o and
‘Idx a;(x) am(x) = snm . (A-13)

19
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Then the kernel can be expanded according to

oD
K(x,y) = z A, BR(x) 8.(y) . (A-14)
n=0
Also, there follows immediately
dex dy K(x,y) °n(x) o;(y) = kn . (A-15)

EXPANSION OF u

Suppose we expand weighting u in a series of eigenfunctions of Hermitian

kernel K:

o0
u(x) = Z g, 8,(x) , where g = de u(x) 8x(x) . (A-16)
=0

Then general reward expression V in (A-10) becomes

oQ
vefay e oy D g 800 -

n=0
0 oo
= 2 9, j\dy u*(y) A, B (Y) = 2 lgnlz Ay o (A-17)
n=0 n=0

where we used (A-12) and (A-16). At the same time, the energy of u in
(A-16) is

%
E, = fdx lu(x)lz = E lgnlz ) (A-18)

n=0

20
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Now if the energy Eu of u is constrained at 1, as in (A-7), then the
best choice of coefficients {ggs to maximize V in (A-17) is, since
, obviously

A >A 2
0

1 5 o

lgo\ =1 and g =0 for n>1. (A-19)

That is, the optimum weighting is

uo(x) = oo(x) exp(ie) , (A-20)

where constant @ s arbitrary, while the maximum reward is

=\ . (A-21)

That is, the zero-th order eigenvalue and eigenfunction of general Hermitian
kernel K in (A-12) are the solutions to the problem of interest here, namely
.maximization of reward value V in (A-10) by choice of weighting u. For a
general kernel, a recursive numerical procedure could be employed on (A-12)

to determine xo and ’o’ if desired.

The formulation in these last two subsections is actually general enough
to cover the earlier penalty function considered in (3) et seq. The only
difference is that the eigenvalues {kn} now increase with n, and we must
select the eigenfunction corresponding to the minimum eigenvalue, in order

to realize the least penalty. This approach is the subject of appendix D.

21
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SPECIAL CASE OF EXPONENTIAL REWARD

We now specialize the general results of the previous two subsections to

the reward function (A-1). Substitution in (A-9) and use of (A-4) yields

ot + }‘l:2 - ict'c]

r(t,T) = Zfz?‘b exp |- 5 (A-22)

b

compare [1, (F-9) and (F-12)]. Then (A-11) immediately gives Hermitian

kernel

2 2
K(X,y) = s exp|- 2Dt ¥ D+ 2xy(0-1) | (A-23)
2f b b2

where

=Q+ 1+ {2 . (A-24)

At this point, we refer to Mehler's expansion [3, (67)] to obtain

{(after some labor)

od
KGLY) = D &y 8500 8,(Y) (A-25)
n=0
where
a - yq)"
A = . (A-26)
n Q +V-6-)n+'l
YO + 1c] 1 1/2 .1/4
'] (x) A exp[ He 2 Q b}, (A-27)
5| e, (201 )
and
174
|a|? - %—-;‘3 : (A-28)
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The function Hen(x) is the Hermite polynomial [4, 22.2.15]. It is easily

verified that (A-27) satisfies orthonormality relation (A-13).

OPTIMUM WEIGHTING

Since Q > 0 by (A-3), the eigenvalues in (A-26) satisfy

ko > k] > kZ ee. . Therefore, the maximum reward is

1 1

v = AN = = >
max 0 1T 1 +QaibE —c!

and the corresponding weighting is

2 .
uo(t) = oo(t) = A exp[&?}‘ !%if“l%]

from (A-27) and (A-28). This is identical to (20) combined with (11).

(A-29)

(A-30)

Therefore the optimum WDF is again (22) for reward measure (A-1), as well as

penalty measure (3). The waveform in (A-30) has Gaussian amplitude

modulation and 1inear frequency-modulation.

HIGHER-ORDER HERMITE FUNCTIONS

For n > 0, the reward valuesfa}in (A-26) are all less than optimum

value A We have succeeded in obtaining these explicit values without

having to evaluate the WDFs of the corresponding Hermite waveforms in

(A-27). We now rectify this situation. The WOF of nn(t) in (A-27) is

given by integral
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. ) T B
W (L,f) = gdt exp(-12efT) 8 (t + 3) #5(t - T)

2 2 2
= ‘%‘ fdt exp[-i?«f't -1 a(t + %") -3 B*(c - %)]*
*Hen66+§>) Henéé—%-')), (A-31)

where
. 1/72.1/4 1/4
B = jEL%_lE L F = g__sg___ , lAI2 | (A-32)
b b

Now a more general integral result already exists in closed form; from

(5, p. 292, (30)], we have, in a form more useful for present purposes,

th exp(-~ % x2 + ax) Hem(b + x) Hen(b - %Y =

= \‘21’(-1)m m (b -a)"™ Lé,"'m)(b2 - a2) exp(a2/2) form<n ,
(A-33)
where L;“)(x) is the generalized Laguerre polynomial [4, 22.2.12]. When

(A-33) 1is used on (A-32), there follows, for the WDF of waveform on(t) in
(A-27), the compact resuit

W(t,F) = (-1)" 2 L (20) exp(-U) , (A-34)
where
2,2, 222
U= t~ + 4x ;—i + 4uctf ) (A-35)
Q

This result reduces to (22) for n = 0. Again, contours of equal values of

the WDF are ellipses in the t,f plane,
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CROSS-WDFs

Suppose a general waveform u(t) is expanded in a set of orthonormal

Hermite functions with linear frequency-modulation (a positive real, B real)

1/4
B(t) = (B)  expl- 3 (a + 1B)t%] He (VT2 1)/AT, (A-36)

according to

(]
u(t) = ;;E u, ﬂn(t) . (A-37)

n=0

Then the WDF of u(t) becomes

W, (t,f) = Idt exp(-12«fT) u(t + g) u*(t - Er) =

od
= :EE U u; wmn(t.f) . (A-38)
m,n=0
where cross-WDF
W (t,F) = ( dC exp(-i2efT) 0. (t + 3) o*(t - ) 'A-39)
mn* "’ m 2 n 2’

When (A-36) is substituted in (A-39),and (A-33) is utilized, the

cross-WDF can be expressed as

Nmn(t,f) = 2(—\)m %% P Lén-m)(lzlz) exp(}]zlz/é) form<n ,

(A-40)
where
2
- =\[57[at + 1(2«f + BL)] ,
k1% = 2 [(a? + 8912 + ae?6? + auptf] . (A-41)
25
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These results generalize [6, pp. 456-7] and [7, p. 547].

The origin value of (A-40) is
W (0,0) = 2(-1)" s (A-42)
mnt o’ mn !

consistent with unit energy of un(t) and their even or odd character. The
cross~-WDF in (A-40) is a function only of the three variables m,n,z, where z
is the complex combination in (A-41). The parameters « and B in (A-36) are
perfectly general; when they are specialized to match (A-27), and when we
set m = n, then (A-40) reduces to (A-34). Equations (A-38) and (A-40)
afford a direct ralculation of the WDF of a general waveform u(t), once the

coefficients are determined by

u = jdt u(t) ex(t) . (A-43)
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APPENDIX B. MOMENTS OF DISTRIBUTION D

The generalized smoothing distribution D is given by (23) in terms of a

double Fourier transform of product

P(”!‘t) = xu(\hr) qz(vrt) . (B'])

Therefore, the inverse relation is
P{v,T) = Jj.dt df exp(-i2wvt + 12#fT) D(t,f) . (B-2)

If we let superscript v denote a partial derivative with respect to v, there

immediately follows from (B-2),

P(0,0) = det df 0(t,f)

P*(0,0) = -f2v [{ut af t 0(t,f)
P%(0,0) = 12« [ at af £ 0(t,f)
P**(0,0) = -4¢° ([ at af t? 0(t,f)
P*%0,0) = 4x° Jf at af t £ 0(t,f)
PTH0,0) = 4«2 J[ at af £ 0(t,6) (8-3)

When these relations are written out explicitly in terms of 2; and
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LY according to (B-1), we find that the moments of D are

Jfat af ect.hy = 400,00 a,00,0)

it

§§ at af t o(t, ) = 32 D2(0,0) 0,(0,0) +,(0.0) 43(0,0))

L]

U dt df f D(t,f) g [X5(0,0) 4,(0,0) + %(0,0) a3(0,0)]

[Jar ar ¢ o) = - 27 00,00 000,00 + 2G00.0) 030,00 +
w
+%,(0,0) ¢;°(0,0)]
1 v% T v
” dt df t f O(t,f) = ) [X] (0,0) 4,(0,0) +X5(0,0) q,(0,0) +
«
+X2(0,0) a3(0,0) +%X,(0,0) q37(0,0)]

2 ] TT, < T
dt df f~ D(t,f) = - [, (0,0) q,(0,0) + 2x (0,0) q,(0,0) +
J o? 2 2, 2

+7%,(0,0) 03%(0,0)] .

Since q2 is a double Fourier transform of Vz. of exactly the same form

as (B-2), it follows immediately, by similarity to (B-3), that the required

derivatives of q, in (B-4) can be found from smoothing function V, as

2
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0,0,0) = Jfat af vy(t,0)

a5(0,0) = -12« ” dt df t V,(t,f)

03(0,0) = 12« [ [ dt of ¢ v(t,f)

2 2
a5°(0,0) = -4«°[§at af t° v,(t,f)

a37(0,0) = 4¢° [ at af t £ v (t,6)
aF%0,0) = -412‘Hdt df £V, (t.6) . (B~5)

COMPLEX AMBIGUITY FUNCTION PROPERTIES

The required derivatives of )a in (B-4) can be determined from

definition (24). We Tist them here for completeness and future reference:

X, (0.0 = fat Jur)|?
X0(0,0) = -i2e {at t Ju(t)|?
x500,0) = 1 [at mmfur(t) ur(t)
22°(0,0) = -4+ [t t¥Ju(t)]

(0,0 = 2 fat t Impur(t) we(e)}

X700,0) = - fatfurt)] 2. (8-6)
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These quantities are all real, with the exception of the two single

derivatives, both of which are purely imaginary. These second-order

derivative values of 2; can be expressed solely in terms of u(t) and u'(t).

Since we can express complex ambiguity function )% in terms of the WOF

wu according to

Y (v, = ﬁ' dt df exp(-12vvt + 12¢fT) W (1,f) ,

it readily follows from (B-6) that

fl

§J at ar wct.6) = [atucn))?

L}

§§at af twct.e) = [at tlun)?
§fat at fuye e = 1 [at mfurct) oxed
§fat af 2 w6 = fat ¥ o] ?

SJataf v eut,) = 2= (ot t mfuct) urce)

[f ot af £ we,) - ;—‘5 fatprn)?
w

30
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APPENDIX C. GENERAL TILTED ELLIPSE

It will be convenient to be able to specify the area, tilt, and shape
factor of an ellipse directly, instead of trying to solve for these

quantities from the general form
% ax’ + % by2 + ¥ab' pxy = 1 (C-1)

employed in [1, (J-2)]. Accordingly, as done in [1, app. D], we employ the

rotated coordinates depicted in figure C-1 below. The equation of the

2
x' yuy -
()65 (©2

ellipse in x',y' space is

Figure C-1. Rotated Coordinate Axes

KY
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But since the area of this ellipse is

A=x Xo yo . (C-3)
while its shape factor is
xl
_ 9 -
F Vé . (C-4)

it is a simple matter to find that

AF =x xéz AF = eyl (c-5)

leading to the desirable form

2
x!_ 2 _
FrFRy =

4 >

(C-6)

Furthermore, the coordinate axes in figure C-1 are related according to

x! xC + yS

C =cos(B) , S=sin(B) . (C-7)

y! -xS + yC

Substitution in (C-6) yields
12fcd 2\ 1 2fs? 2 1 A
7 X'\ +FS toy ?-+FC + xy SC F—F)=z, (C-8)

which is of the form {C-1) under identifications

2 2
Jafet L2 J2afst .2
a-—A(F+FS>, b A(F+FC).

p = ==m with vy = sc(% - ) i (C-9)
T+ v

Once area A, tiit B, and shape factor F are specified, (C-9) affords a ready

calculation of a,b,p; quantities C and S are given by (C-7). Since
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p = sin(@) in [1, (J-6)], we have

1
sin(@) = , C0s{®) = . (C-10)
QI +y 01 +Y

which are needed below.

In order to distinguish the two Gaussian mountains being doubly

convolved in [1, (J-2)], we label them with subscripts 1 and 2,

respectively, thereby obtaining

2 2
S

1 N )
¥ = 8.6 [ - F) . sine) = , €0s(®) . (C-11)
1 QI + 75 ql + 15

and

2
C
c = g-‘-'-(—-2- + Fzsg) , d = 2nf 2 | cmg) . S2 = 510(82) , c2 = cos(ﬂz) '

Y
2 1
Y, = Szcz(%— - F2) , sin(p) = , €O05(8) = 5T - {C-12)
2 1+ Y, 1 + Y,

We are now in a position to evaluate the effective area A3 of the

resultant convolution; namely from [1, (J-9)-(J-11)], we have

N 3
A+ Ay Vab 'cos(®) + Ycd’ cos(s)

>
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where

D = ab cosz(e) + c¢d cosz(o) + ad + be - Zfabc? sin{@) sin(s) . (C-14)

The minimum value of (C-13) is 1, attained when shape factors F1 = F2

and tilts B] =8 More generally, when we specify

2

A1,B1.F1 for ellipse 1 ,

Az.Bz,F2 for ellipse 2 , (C-15)
equations (C-11) and (C-12) allow for evaluation of all the parameters
needed in (C-13) and (C-14). A sample program in BASIC 1s attached.

Subroutine E computes a, b, sin(@), cos(®) as given by (C-9) and (C-10) in

terms of given area A, shape factor F, and tilt B (=B).
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39

408

Se

€9

79

80

=15
188
it8
124
130
140
159
169
179
188
190
208
210
220
230
240
250
268
276
280
290
300
310
320
330
340
358
360
378
380
390
400
410

GINIT

PLOTTER IS "GRAPHICS"
GRAPHICS ON

WINDOW -PI/4,PI-/4,1,1.2%
GRID P1-8,.05

Fi=2 ! SHAPE FACTOR
Bi=P1/4 'OTILT

A2=2 ! AREAR

Fa2=2

DATR .5,1,2,3,4,5,6

DIM ALCL1:?)

READ AL(x>

FOR 1=t TO 7

Al=R1CI>

CALL ECAL1,F1,B1,Rs,Bs,St,Ct)
Rb=ARs*Bs

FOR B2Z2=-Pl-4 TO Pl1-4 STEP Pl 100
CALL E(R2,F2,B2,Cs,Ds,Sp,Cp>
Cd=Cs*Ds
D=Ab*Ct#Ct+Cd*#Cp*Cp+As*Ds+Bs*#Cs-2, *SAR(AD*CA> *#St*Sp
A312=SOR(D)*A1%#R2/(2,.+PI*{(R1+A2)>)
PLOT B2,R312

NEXT B2

PENUP

NEXT 1

PRUSE

END

]

SUB EC(A,F,B,As,Bs,St,Ct)
S=SINCB)
C=C0S¢B»
G=S*Cx(l,F-F>
Sq=SQRC(1.+G*G)
St=G-Sqg

Ct=1,r8q

C2=C*C

§52=54+%

T=2.%PI1/A
As=2T2(C2/F+S2%F)
Bs=T*(S2/F+C2%F)
SUBEND

TR 8317
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APPENDIX D. KERNEL APPROACH TO PENALTY FUNCTION

The general formulation in (A-11) through (A-21) will be applied in

this appendix to the penalty function (3):

P(t,f) = a%t? + 42026 + awctf . (D-1)

Substitution in (A-9) (in place of reward R) yields

r(t,T) fdf exp(-12nfT) P(L,f) =

\fdf exp(-i2«fT) (azt2 + 4«2b2f2 + 4uctf) =

a%t%s(T) - bls"(T) + i2cts(T) . (0-2)

Then kernel K follows from (A-11) as

K(x,y) = r(x__;:_x . X *y) -

2
(x + ¥)2 8(x - y) - b&h(x - y) +dc (x +y) &'(x - y) . (D-3)

hlﬁi

which is Hermitian.

The integral equation (A-12), that must be solved, can be simplified by

use of the facts that

-} a’ f dx(x + y)2 §(x - y) ﬂn(X) = azyzan(y) ,

b { ax an(x - vy 8 () = -bPen(y)

te fax (x+y) 870x - y) 8 (0 = -icloyel(v) + 8 (], (0-0)
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where the last two results are obtained by integration by parts.

(A-12) yields differential equation
bzu“(y) + i2cy o'(y) + (A  + ic - a2 2) g (yv) =0
If we try solution
- 1.2
g,(y) = A exp( 2 By)

in (D-5), we find it to be acceptable if we take

Bam’ Xosﬁ'

b2
These results agree with (11) and (20), as expected. To find the

solution of (D-5), we try solution form

B(y) = exp(- 3 BY") H(y) ,

with B sti11 given by (D-7). This form in (D-8) is no loss of gen
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Then

{0-3)

(D-6)

(D-7)

general

(0-8)

erality

since H 1s still arbitrary. Use of (D-8) in (D-5) results in

b2He(y) + 2y H'(y) (-b%B + ic) +

+ H(y) (-DZB + b282y2 - 12c8y2 + 2+ fc - azyz) =0 .

When the value for B in (D-7) is utilized, (D-9) simplifies to

b2H"(y) - 2{T y H'(y) + (A - YT ) H(y) = O .

(As a partial check, if H(y) = A, then A = Y0, as in (D-7).)

Now, in (D-9), let

H(y) = G(Fy) , H'(y) = F &'(Fy) , H'(y) = 2 G"(Fy) ,

(0-9)

(D-10)

(0-11)
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where F is arbitrary for the moment, thereby obtaining

b2F2 GU(Fy) - 2\T v F G'(Fy) + (» - V@) G6(Fy) = 0 . (D-12)

Now let x = Fy to get

G"(x) - 200 X G'(x) + Z‘—t-)—;—zﬁ‘e(x) =0 . (D-13)
F

b2F2

If we now let (without loss of generality)

. 21/§91/4 ’ (3-14)
then (D-13) simplifies further to
6"(X) - x G'(x) + Lﬁjﬂa(x) =0 . (D-15)
We now appeal to [4, 22.6.21]1 and observe that if
L§?3¥§T= n = integer , (D-16)
then a solution of (D-15) is
G(x) = Hen(x) s My = YO (1 + 2n) . (D-17)
Also, (D-11) yields
H(y) = G(Fy) = He (Fy) , (D-18)
while (D-8) gives
8,(Y) = A exp(- 3 By") He (Fy)ART , (0-19)
with
aaﬂ—;ﬁ.hgzgﬂ,m%l/:, (0-20)

b
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where the unit energy normalization of L has been imposed. The

corresponding eigenvalue follows from (D-17) as

LS = V0 (1 + 2n) =Va§b2 - c2 (1 + 2n) . (0-21)

The minimum obviously occurs for n = 0.

Result (D-19) agrees with (A-27). However, the ln given here by
(0-21) differs from that given by (A-26), because we are solving for the

minimum penalty here versus the maximum reward there.
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Aiias-Free Wigner Distribution Function
and Complex Ambiguity Function for Discrete-
Time Samples

A. H. Nuttall
ABSTRACT

If an arbitrary complex continuous waveform s(t) with finite
overall frequency extent F Hertz is sampled with time increment
A < 1/F, the aliasing can be controlled and the continuous
time waveform s(t) reconstructed exactly at any desired time
instant from waveform samples {s(kA)}. On the other
hand, it is commonly believed that aliasing of the corresponding
Wigner dis‘.ibution function (WDF) can only be avoided by
sampling twice as fast; i.e., & < (2F)~1 is thought to be
required. Alternatively, interpolation of the time data has been
suggested as a means of circumventing aliasing of the WDF;
however, the computational burden has proven excessive if done
by sinc function interpolation.

It is demonstrated here that this conjecture is false and that
the usual sampling criterion , A < 1/F, suffices for exact
reconstruction of the original continuous WDF as well as the
complex ambiguity function (CAF) at all time/frequency locations
without an excessive amount of computational effort. The
inadequacy of earlier investigations was due to incomplete
processing of all the information available in data samples
{s(ka)}. Correct processing eliminates the troublesome
close-in aliasing lobes, leaving only the standard aliasing lobes
that can be suppressed if sampling increment A < 1/F. The
new feature is a diamond-shaped gating function in the
two-frequency domain where interspersed aliasing lobes occur.

The required data processing for an alias-free WDF and CAF
is strikingly simple. It requires that the available time data be
immadiately transformed to the frequency domain and that the
frequency domain versions of the WDF and CAF integrals be
employad rather than the time domain forms. Discretization of
the reconstructed alias-free WDF and CAF in both time and
frequency is then investigated and the required FFT sizes and
ranges of variables are determined. Interpolation of samples
{s(ka)} or reconstruction of s(t) from these samples is
neither necessary nor utilized.

Approved for public release; distributlon s unlimited.
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ALIAS-FREE WIGNER DISTRIBUTION FUNCTYION AND
COMPLEX AMBIGUITY FUNCTION FOR DISCRETE-TIME SAMPLES

INTRODUCTION

The attributes of the Wigner distribution function (WDF) have come under
close scrutiny in recent years; see, for example, [1,2,3] and the references
listed therein. However, the numerical calculation of the WDF from discrete
time data still suffers from the belief that the sampling rate of a given
time waveform must be twice as large for computation of an alias-free WDF,
as the rate required for reconstruction of the original continuous
waveform. If true, this would double the number of data points that must be
collected to cover a given time interval, and greatly increase the number of
subsequent computations. This contention applies to the complex analytic

waveform as well as to a real waveform.

It is the purpose of this report to establish the fact that the sampling
rate need not be doubled, and that an alias-free WDF, as well as complex
ambiguity function (CAF), can stil) be quickly and efficiently obtained,
provided that all the information in the available data stream is extracted
and properly processed. Some recent effort on this topic (4,5,6] did not
discover the particular complete set of processing required, leading to the
conjecture (5, page 1068] that it was not possible to accomplish the desired
goal for the WOF.




TR 8533

We will show not only that the desired goal can be achieved, but that
the required data processing for an alias-free WOF and CAF is strikingly
simple. Our approach to the solution initially involves the four
time/frequency domains associated with the WDF and its various Fourier
transforms. However, in hindsight, an extremely simple and direct method of
obtaining the WDF and CAF will be presented, which requires only FFTs (fast

Fourier transforms) for its implementation.

An alias-free discrete WOF and CAF have been achieved in [7] and [8], by
means of interpolating either the waveform time samples or the spectrum
frequency samples. Also, the ranges and required increment sizes in time
and frequency of the various two-dimensional functions have been carefully
scrutinized in [7], by discrete Fourier transform techniques. However, that
approach does not illuminate how the various aliasing lobes interact and can
be controlled. Furthermore, we utilize a continuous approximation approach
(rather than a discrete Fourier technique), which lends tremendous insight
into the shortcomings of current processing methods and brings out the
fundamental properties of the various two-dimensional functions and their
domains of definition. The final discretization in time and frequency is

only done with deference to practical computer evaluation.

In fact, we will not define a discrete WOF or CAF here. Instead, we
attempt to recover the WDF and CAF of the original continuous time waveform,
by developing approximations and then controlling or eliminating the errors
in these approximations. Only after this is accomplished, do we then address
discretization of the time and frequency arguments of the two-dimensional

functions of interest.
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NOTATION

For economy of presentation, a number of notational and manipulative
shortcuts are employed here. We have collected them all together at this

point, and will employ them freely later, with minimal comment. We define

1 for x| <172
rect({x) ’ (1)
0 otherwise

sin(ex)  ¢or a1 x . (2)

sinc(x) = pore

The symbols f and QE without Timits denote that integration and summation
are to be conducted over the complete range of nonzero integrand and summand,

respectively.

The convolution of two functions g(x) snd h(x) is denoted by
g()@h(x) = [du g(u) hx - u) . (3)
The two-dimensional convolution of two functions is

xy
906y) @ hoe,y) = [ [ dudv g(uv) nix - wy - v) . (4)

The Fourier transform of a time domain function s(t) into its spectrum

in the frequency domain f is according to the pair of relations

"

S(f) f dt exp(-i2eft) s(t) ,

s(t)

j~df exp(i2«ft) S(f) . (5)
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Then the Fourier transform of a product of time functions is equal to the

convolution of the two spectra:

j.dt exp(-i2uft) a(t) b(t) = A(f)@B(f) . (6)

The infinite impulse train in time t, with spacing a, is

A Zé(t - na) , n integer . (1)
n

Its Fourier transform is another infinite impulse train in frequency f, with

reciprocal spacing:

fdt exp(-i2aft) A Eé(t - na) = Zé(f - %) . (8)

n n

Combination of (6) and (8) leads to a very useful relation that is employed

frequently in the following:

I‘dt exp(-i2«ft) a(t) a ::E“t - na) =
n

= A(f)Qzé(f - = Z ACE - (9)
n n

The discrete Fourier transform operation arises frequently; consider

2(n) = Eexp(-iZ«kn/N) 2k)  for all n . (10)
K
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The periodicity of Z(n) means that it only need be computed for one period,
namely 0 < n < N - 1. The absence of 1imits on the sum in (10) means that
it goes from k = — to +w. However, since z(k), z(k + N), z(k + 2N),

. all receive the same weight in (10), regardless of the value of n, the

values of {;(kﬂ can be “collapsed" according to

Ez(k+jN) for 0 <k < N -1

|
Z(k) = , (1)
0 otherwise

and (10) becomes identically

N-1
2(n) = :EE exp(-i2wkn/N) Z(k) for all n . (12)

k=0
For N highly cumposite, FFT routines can be employed for efficient evaluation
of (12) for 0 < n <N - 1. The manipulation of {10) into (12) is called
collapsing (or prealiasing), and the operation in (11) is modulo N addition.
The nonzero values of {zk} in (10) can occur anywhere on the k-axis, and
there can be an arbitrary number of them; nevertheless, (12) is an identity
with (10). The value of Z(n) for any n can be obtained immediately from the

FFT output, by looking up the value in location n modulo N.
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WAVEFORM CHARACTERIZATION AND RATE OF VARIATION

The continuous complex waveform of interest is s(t), with

Faurier spectrum
S(f) = I dt exp(-i2nft) s(t) for all f . (13)

We presume here that spectrum S(f) is bandlimited, with total extent F Hz;

i.e.,

s(f) =0 for |fl > Fr2 . (18)

Notice in figure 1 that spectrum S(f) is centered at f = 0, without loss of
generality, since waveform s(t) could be multiplied by exp(—iZ«fot) to

downshift it by fo Hz, to any convenient center frequency, as desired.

If we were given a real waveform, we would replace it by its analytic
waveform or complex envelope, thereby allowing the minimal possible
time-sampling rate that can still exactly represent and recover the complex
waveform. This sampling rate is half that required for sampling the
corresponding real lowpass waveform, without loss of information.
Nevertheless, the decreased sampling rate applied to the complex waveform is
still sufficient to get an alias-free WDF and CAF. (Of course, the samples

are now complex, whereas they were formerly real for the real waveform case.)
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Figure 2. Spectrum §(f) of Sampled Waveform
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SPECTRUM OF SAMPLED WAVEFORM

Waveform s(t) is sampled at time increment A seconds, yielding samples
{s(kAj} for all integer k . (15)

The spectrum of this sampled waveform is defined by means of a Trapezoidal

approximation to defining integral (13):

S(f) = a :EE exp(-i2vfak) s(ka) =
k

.g dt exp(-i2w«ft) s(t) a :EE §(t - ka) =
k

= S(f) @ Eé(f - %) - ZS(f - %) for all f , (16)
K k

where we used (6, -79). The approximating spectruu)g(f) has period 1/4 in f

and is depicted in figure 2. It will have nonoverlapping aliasing lobes if
p<l (1)
£

This fundamental sampling rate condition will be presumed to be true,
henceforth. In fact, in order to keep the number of samples {E(kAﬂ small,
(17) will be presumed to be closely met. It is very important to minimize
the number of samples that must be manipulated, so that the computational

burden in evaluating the WDF is not overwhelming.

Another interpretation of approximation §(f) is afforded by line 2 of
(16): §(f) is the spectrum (Fourier transform) of the signal s(t) sampled
(multiplied) by the infinite impulse train at spacing A. This alternative
interpretation will also arise later, when we investigate samplingc relative
to the WOF and its various two-dimensional transform domains.

8
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Since sampling rate condition (17) is presumed to be met, then spectrum
Vod
S(f) in figure 2 can be gated with a rectangular function, and S(f) can be

recovered; i.e.,

S(f) = S(f) rect(fa) for all f . (18)

Therefore, the time waveform s{t) can also be recovered exactly, for all t,

by means of inverse transform {(5):

s(t)

#

‘g df exp(i2eaft) S(f) rect(fa) =

S(t) ® % sinc(%) ) (19)

However, since from line 2 of (16), product waveform
E(t) = s(t) A za(t ~ k8) = A Fs(ka, s{L ~ ka) , (20)
k k
then (19) becomes

s(t) = :Es(kb) sinc(% - k) forallt, (21)
k

which is the standard interpolation formula for a bandlimited waveform.

It should be pointed out here that (21) is not an attractive
computational procedure, and that an excellent alternative is available.

Namely, from (16), compute from the available samples,

S(f) = & :E'exp(~iwaAk) s(ka) for [fl < 5% . (22)
k

and then use the top line of (19) to recover waveform
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i
28

s(t) = Sdf exp(i2¢ft) S(F)  for all t . (23)
3

25

The reason this gating procedure is attractive is that (22) and (23) can both
be done by FFT procedures.* Also, this seemingly trivial sidelight will
reoccur in WDF and CAF reconstruction, where it will have a significant

impact.

Notice that we have not defined a discrete spectrum, per se. Rather, we
have concentrated on getting an approximation §(f) to the original continuous
spectrum S(f), both defined for all f. If sampling condition (17) is met,

A < 1/F, the approximation affords the possibility of exact recovery of S(f)
at any f. This philosophy, namely avoiding arbitrary definitions of discrete
functions, in favor of direct approximations to the desired continuous
functions, is pursued throughout this report. It is believed that this
clarifies the fundamental limitations and processing that must be performed
in order to achieve the desired quantities. Finally, after demonstrating

the viability of this approach, in order to reduce the mathematical equations
to practical calculations, we discretize the time and/or frequency arguments
of the approximations, as appropriate, and manipulate the equations into
attractive FFT forms. We end up, of course, with discrete data processing

forms that are suitable for efficient computer realization, but the

*Actually, termination of the sum in (22) at finite k limits will yield an
approximation to g(f); the error can be controlled to any desired degree by

taking enough terms. Also, the integral in (23) will have to be
approximated, say, by the Trapezoidal rule; the attendant time-aliasing can

be minimized by choosing the frequency increment small enough. These details
will be investigated later.

10
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discretization in time/irequency is deferred to the latest possible
location, since it is not fundamental to the ideas of controlling or

eliminating aliasing.

The sampling increment A& will not be set equal to 1 in this report, for
several reasons. It is easier to keep track of dimensions, and dimensional
checks on the equations are accomplished more readily. It is also easier to
obtain physical interpretation of time instants and increments, as well as
frequency 1imits and bandwidths. Finally, it will be seen to eliminate
confusion and ambiguity as to precisely where time and frequency samples of
the temporal correlation function, WDF, and CAF are being taken; the

importance of this last point can not be overemphasized.
EXAMPLES

It is very informative at this point to consider a couple of continuous
waveforms and their corresponding WDFs, in terms of their rates of variation.
Consider first, spectrum

178 for |f] < F/2
s(f) = ¥ rect(f) - , (24)

0 otherwise

for which the waveform is
s(t) = sinc(Ft) = SREEEL) oo a1yt (25)

wFt

The corresponding WDF, at time t and frequency f, is [9, (10)]

N
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W(t,f)

0

J.dt exp(-i2uf1) s(t + ) s (1 - %) =

n

j'du exp(i2mot) S(f + ) SF -2 -

sinf2«Ft(1 - 2If]/F)]1 . I} < E
nFt 2
= for all t
F
0 for [f| >3
- %6 -2 —‘{‘—)sinc tre(r - 24y rececy (26)

Then, for instance, the slice of the WDF at zero frequency,

~N

W(t,0) = ¢ sinc(2Ft) , (27)

F
varies twice as fast as waveform s{t) in (25). Therefore, although sampling
s(t) in (25) with time increment & < 1/F is sufficient to reconstruct s(t),
we need a time increment half as large in order to adequately sample slice
(27) of the WOF at f = 0. In fact, W(t,f) in (26) varies faster with t thaen

s(t) does, whenever |f] < F/4.

This example points out that the WDF must be computed twice as finely as
the waveform samples, lest important information about the energy
distribution of s(t) in t,f space be lost. 1In fact, if (27) were computed

at time points

t = (n+ %) for all n , (28)

n—

12
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which have time increment At = 1/F, then the WDF values obtained would be

1.1 -
w(En + 2) F é) =

We would be led to believe from samples (29) that there is no energy along

sinc(2n +1) = 0 for all n . (29)

nino

the f = 0 line in t,f space, whereas continuous version (27) indicates a

considerable contribution.

A second example is

2
s(t) = exp ( —t‘g) ’
20

S(f) = VT o exp(-2v2a’f?) | (30)

for which the WDF is

2
W(t,f) = 2/3 0 exp( % - 4*202'*2) . (31)
[+

This WOF varies faster with t than s(t) does, and faster with f than S(f)
does. In fact, the rates of variation of W(t,f) and [s(t)[2 are the same

with t, while those of W(t,f) and lS(f)lz are the same in f.

Both of the examples above illustrate the need to compute the WDF at
finer increments than are adequate for the time waveform or spectrum.
However, this does not mean that the time waveform need be sampled more
frequently than requirement (17). Rate (17) is fine for sampiing waveform

s(t), but the corresponding WDF can and must then be computed at finer

increments.

13
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TWO-DIMENSTONAL CONTINUOUS FUNCTIONS

For a continuous waveform s(t) with spectrum S(f), there are four useful
two-dimensional characterizations. The first is the continuous temporal

correlation function (TCF)

r, * T
R(t,t) = s(t + 5) s (t - 5) for all t,+x . (32)

variable t is absolute time in seconds, while r is relative time or time

separation. The corresponding Wigner distribution function (WDF) is a

Fourier transform on «:

W(t,f) = Idr exp(-i2«fv) R(t,x) for all t,f . (33)

The alternative Fourier transform on t yields the complex ambiguity function

(CAF):

x{v,t) = fdt exp{-12wvt) R(t,r) for all v, . (34)
Functions W and x are two-dimensional Fourier transforms of each other.

Finally, completing both routes (by t or by t), we have the spectral
correlation function (SCF) as another Fourier transform, according to

several equivalent forms

14
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Al{v,f) = J.dt exp(-i2wvt) W(t,f) =
= fdt exp(~-12«fx) x(v,t) =
= SY dt dr exp(-12¥vt - 12«f<) R(t,r) =
vy ™ v
= S(f + 5) S (f - 5) for all »,f . (35)

This last relation in terms of the spectrum S(f) of waveform s(t) will turn
out to be extremely important and useful. It also enables interpretation of
f as absolute frequency in Hz, while » is relative frequency or frequency

separation.

The names for the TCF and SCF have been drawn from the similarity of
their forms in (32) and (35), respectively, to correlation operations. The

latter name is also used in [10, (5)-(7)] for a similar quantity.

Recalling the bandlimited character of S(f) in (14) and figure 1, we see
that SCF A(v,f) in (35) can be nonzero only when

’f :§l<

This region in the two-frequency domain (v,f plane) is depicted in figure

N

(36)

3. 1t is a diamond-shaped region centered at the origin of the v,f plane.
OQutside this diamond, SCF A(v,f) is identically zero. Thus, a bandlimited
spectrum S(f) is reflected in the v,f domain as a diamond-limited SCF A(v,f).

15
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Since (35) can be inverted to give

fl

W(t,f) I.dv exp(i2wvt) A(v,f) ,

x(v,T) Idf exp(i2«ft) A{v,f) , (37N

it follows from figure 3 that

Wit,f) =0 for |f| > Fr2,

i

x(v,7v) =0 for Ju} > F . (38)

Thus the WDF and CAF are bandlimited in their respective freguency variables.
These properties will be useful later when we study the effects of aliasing

in the various domains. More generally, the extents and rates of variation

of the TCF, WDF, CAF, and SCF are summarized in appendix A.

The following symmetry properties on the TCF and SCF reduce computational

effort by a factor of two:

1"

R(t,-1) = R (t,1) ,

A(-v,f) = A (v,f) .

These follow immediately from (32) and (35), respectively.
It

Ff2

)

<t

Figure 3. Extent of Spectral Correlation Function A(v,f)
16
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TWO-DIMENSIONAL FUNCTIONS FOR DISCRETE-TIME SAMPLES
The available data samples of waveform s(t) are, as given in (15),

{s(knﬁ for integer k .

SAMPLED TEMPORAL CORRELATION FUNCTION

From these values, the totality of information, that can be computed

regarding the continuous TCF R(t,t) in (32), are the two sets of discrete

values
R(mA,2q8) = s(mb + qA) S (md - qA) (39a)
for integers
and m and q.
1 \ *
R @m + E)A, (2q + 1)6/ = s(mA + gqA + 4) s (mA - qa) (39b)

Thus both the t and t variables in R(t,t) are discretized, as indicated
in figqure 4. However, observe that the available information is

interspersed in the t,+« plane. Thus, for fixed t, the separation in

available « values is 24, not A, whether t/a is integer or half-integer.
Similarly, for fixed +, the separation in available t values is 4, not

A/2, whether /A is an even or odd integer. This lack of intermediate
values in both slices is what has led (in the past) to incomplete processing
of the available information. What is needed to solve the aliasing problem
is a combination of all the interspersed information in figure 4 into a

single unified two-dimensional description. That solution will be found to

reside in the SCF domain, »,f.

17
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o |+ * * L
”4 J ) 3 -t/
® —I-L ] . L
° -Z* ® T
Figure 4. Available Values of TCF R(t,t)
APPROXIMATE WIGNER DISTRIBUTION FUNCTION
Guided by definition (33), we adopt the following Trapezoidal
approximation to the continuous WDF W(t,f) at time t = ma, m integer:
wa(mA.f) = 2A§ exp(-i2wf2qa) R(ma,2qa) for all f . (40)

q
Subscript a on wa denotes that it is only an approximation to the true
continuous W. Notice that the t increment in (40) is 2a, as it must be,
according to (39a) and figure 4; we are taking a vertical slice at t = ma in
figure 4. The approximation in (40) is always real. It utilizes only the
upper line of information available in (39). Notice also that this function

is defined for all f.

However, there is an additional approximation to W(t,f) available at

time t = (m + %)A . by use of the bottom line of (39); namely, guided again

18
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by definition (33), we have Trapezoidal approximation

Na ((m + %)A,a > ZAE exp(-i2«f(2q + 1)a] R((m + %)A. (2q + 1)15) for all ¢ .,
q
(41)

m is still an integer. Again, the x increment is 24, but it is shifted by

4, as (39b) and figure 4 dictate. We are now taking a vertical slice at
t=(m+ %)A in figure 4; this is in keeping with the philosophy developed

earlier in (24)-(31). Approximation (41) is also real.

Equations (40) and (41) can be developed into some informative forms;

from (40) and (9), approxi- 2 ion

Ha(mA,f) = J~d1 exp(-i2«fx) R(ma,<) 2A:§; §(r - 2qa) =

q
f
= W(na,f) ® > &(f - 59 =
q
=2 Wma,f - 53)  forant . (42)

q

Similarly, (41) yields

“a@" + ';‘)A.f) = j.dr exp(-i2«fx) Rém + %)A.r) 2A E §{(x - 2q4 - A) =
q

f
- me + %)4.93 DY aif -5 -
q

.é(—n“ H«m + %)A, f - i% for all f . (83)

19
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The (—1)q factor is due to the time delay of A seconds in the impulse

train; more generally, for delay Ty

fdt exp(-i2wfr) ZAE §(t - 2qA - ro) =
q
- 3 - -9y o
= exp( 12«fr°)z.s(f ZA) =
q

==dexp(-iaq ro/A) §(f - 5%) . (44)
q

The two relations, (42) and (43), are equivalent to those given in
[4, (9)] and [6, (14)]. Observe that the aliasing lobes are separated by
only (20)—] in the frequency domain, not 1/A as was the case for the signal
aliasing lobes in figure 2. These approximations, W, are illustrated in

figure 5, for two adjacent time instants at ma and (m + %)A . We have used

property (38) in drawing figure 5.

In order for either approximation, by itself, to be free of aliasing, we

would need

N

1 _E 1
<7y -3 te,acx . (45)

This relation, obtained directly from both plots in figure 5, is the usua)
one quoted* regarding an alias-free WOF. It is seen to require a sampling
rate twice as fine as (17). If we satisfy (17), but not (45), then the

approximations in figure 5 are significantly aliased.

®
The case where s(t) is a real waveform is treated in appendix A.
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F'lgure 5. WDF Ayprox‘:mations
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The two approximations, (40) and (41), use all the available information
(39) about the TCF R(t,<x) in the t,« plane. However, we cannot average

these two WDF approximations, in hopes of cancelling out the close-in lobes

centered at f = t(ZA)-], because the two times, ma and (m + %)A, are not
identical. (This timing observation is one reason for keeping & itself in

all the equations, rather than setling A equal to 1 and losing track of the
meaning of m vs. m + %). Nor can we discard either one of approximations

(42) and (43), espectally if criterion A < 1/F is closely met; the examples

in (24)-(°?') amply demonstrate the rapid variation of the WDF with time t.

We see from (40) and (41) that approximations to the continuous WDF are
available at disciete time values with separation At = A/2 and at a
continuum of f values. Thus we have succeeded in eliminating the discrete

nature of one of the two initial time variables in the 1CF, namely r.

22
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APPRUXIMATE SPECTRAL CORRELATION FUNCTION VIA WOF

Guided by line 1 of definition (3%), we adopt the following Trapezoidal

approximation to the original SCF A(v,f):

(w) = .é -3 DA D_.Q —
Aa (U,f) ) Z exD<121U 2) wa( zof) -
n

Iy -i2uv 28 w (28
=3 2 + Z } exp(-i2wv 2) W (5. f) for all »,f . (46)

even n odd

Notice that this function is defined on a continuum in v,f space. The
superscript w on approximation Aa denotes the fact that we have used the

WDF route to get into the v,f plane. The increment on t in (46) is 8, = a/2,

in keeping with the available WDF values in (40) and (41) together. This

*

W) o) = Aéw)(v,f) . just as

approximation satisfies the symmetry rule, Aa

for the original SCF A(v,f).

We let n = 2m in the first sum in (46), and let n = 2m + 1 in the second

sum. There follows, upon use of (42) and (43),

A (0, f) = 2 Sexp( A2evam) W_(ma,f)
m

+ %Zexp(—iZ«uA(m + -;—D wa<(m + %)A,f? =
m

-+

= %Zazexp(-i&wlsm) W(ma,f - 5-%) +
g m
R lz(_”q AZ exp[ -i2wvd(m + 1)) wém s Laf - -—‘1> (47)
2 2 7187 -5 )
q m

23
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But

AZ exp(-i2wvam) W(ma,f') =

m
= jdt exp(-i2wvi) W(t,f') AE §(t ~ mA) =
m
v
=A@ > 8w -1 =
m
- DA - Ly, (48)
m

while

AE aexp[-i2nva(m + ;—)] wém + ;—)A.f) =
m

\

& =
/

= jdt exp(-i2wnt) W(t,f') AZ 66: - (m+ %)
m

v
= A(v,f') @2(-1)"‘ §(v - %) =

m

- >N A - B (49)
m

24
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The use of these two relations in (47) yields the approximate SCF

.
AR =3 DD a0 -8 (50a)
q m
+—‘2— ZZ (-1IM ap -0 ¢ - 38) = (50b)
q m
=S SAaw-D s 58)  forall uf . (51)
q m
q+m even

Ae now have a function defined on a two-dimensional continuum in the

two-frequency domain, v,f.

At this point, the reason for pursuing the use of all the available
information becomes obvious. A}l the close-in lobes thal caused problems
have precisely cancelled in the SCF domain! Figure 6 depicts the regions in
the v,f plane where approximation A;w)(u,f) in (51) can be nonzero; see

also figure 3.

The SCF term in (50a) corresponds to use of only the information about
the TCF given in (39a), within a factor of 2, whereas (50b) arises from

(39b). Term (50a) by itself contains all the aliasing lobes centered at

v=¢ =51 with separations & = 1/a, & = (28)7'; condition (17) is then
insufficient to prevent overlap, and (50a) is seriously aliased. A similar
situation exists for (50b) by itself. It is only the average of these two
pieces of information that succeeds in elimination of the troublesome
close-in alifasing lobes in v,f space. And it is only in this last domain,

where the functions are continuous in both variables, that this average can

be conducted.

25
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There will be no overlap of any of the remaining aliasing lobes in

figure 6 if we choose, as in (17),

1
8<g. (52)

Notice that we do not have to require a < (2F)'1, in order to avoid the
overlap. Furthermore, if we define the diamond gating function (see

figure 6)

» A
f e 2‘ <22

D(v,f) = : (53)
0 otherwise

1 for

then we can recover exactly the original SCF from approximation (51)

according to

A (0,6) D(v,f) = A(u,f)  for all v,f , (54)

But recovery of A(v,f) is tantamount to recovering the exact continuous WDF

since

W(t,f) = S.du exp(i2wvt) A(v,f) for atl t,f . (5%)

Thus, criterion (52) is sufficient to guarantee the possibility of getting

an alias-free WOF from discrete-time data.

Additional interpretations of (54) and a simple method of computing
approximation Agw)(v.f) are addressed in the next section, after we

have also looked at the route to the v,f plane by way of the CAF.
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APPROXIMATE COMPLEX AMBIGUITY FUNCTLON

Based on definition (34), we utilize the Trapezoidal approximation to

the continuous CAF x(v,t) at delay r = 2qa, q integer:

]

xy(v.208) A§ exp( -i2nuam) R(ma,2qa)
m

= Sdt exp(-i2wvt) R(t,2qh) AZ §(t - ma)
m

v
- x(v.200) B D &(v - D) =

m

= EE x(v - %, 2qA) for all v . (56)
m

Notice that the t increment is A, as it must be, according to (39%a) and
figure 4; we are taking a horizontal slice at v = 2qa in figure 4.
However, there is an additional approximation available to the CAF, at

delay v = (2q + 1)A; again, referring to (34),

xa(v,(Zq N 1)A) = AZ exp[ -i2wva(m + 32-)) R, Gm N %—)A,(Zq N 1)9 -

m

- fdt exp(-12avt) R{t.(20 + 18) 8 > 56 ~(m + ;—)9 -
m
v
= x(2a )@ SN s -G -
m

=Z(—1)"' x( - '-""—. (2q + 1)4;) for all v . (57)
m
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The t increment is again 4, but it is shifted by 4/2, in keeping with (39b)
and figure 4. We are now taking a horizontal slice at « = (2q + 1)a in

figure 4. The (~1)m factor is explained by (44).

The aliasing lobes in (56) and (57) are separated only by 8, = 1/A and
will overlap on the v axis unless & < (2F)'1; see (38) and fiqure 7. Thus,
the approximate CAF, xa(v.nA) for n integer, suffers overlap due to
aliasing, just as the WOF, wa(% A, f) for n integer, does; elimination
of overlap is achieved only if the stringent requirement a < (ZF)'] is met.
Furthermore, again, we cannot directly average the two results in fiqure 7,
in hopes of canceling the close-in lobes centered at v = + 1/a, becivse the

two delays, 2qA and (2q + 1)a, are not identical.

Equations (56) and (57), together, illustrate that approximations to the

continuous CAF are available at discrete delay values with separation AT s A
and at a continuum of v values. Now we have succeeded in eliminating the
discrete nature of the other of the two initial time variables in the TCF,

namely t. The remaining Fourier transform into the SCF domain will

eliminate the other discrete variable.
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Figure 7. CAF Approximations
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APPROXIMATE SPECTRAL CORRELATION FUNCTION VIA CAF

Guided by Jine 2 of definition (35), we obtain the following
approximation to the original SCF A(v,f):

Al o, za Z exp(-i2¢fna) x,(v,n8) =
n

= A :EE. + :EE exp(-i2«fna) xa(v.na) for all »,f . (58)
n even n odd

The superscript ¢ on approximation Aa denotes that we are obtaining this
result by way of the CAF. The increment on t in (58) is a_ =4, in

keeping with the available CAF values in (56) and (57) together.

Let n = 2q in the first sum in (58), and let n = 2q + 1 in the second

sum. There follows, upon use of (56) and (57),

A;c)(u.f) = “Z exp(-12vf2q) x,(v,2q8) +
q

. Az exp[-i2efa(2q + 1)] xaé.(zq . I)A) -
q

=Zh Z exp(-i2«fa2q) x( - '-2-, 2qA> *
m q
+Z(-1)’“ AZ exp[-i2«fa(2q + 1)] x( - %, (2q + 1)A> i (59)
m q
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But
A E exp{-12«fA2q) x(v',2qA) =
q
= jdr exp(-i2#«ft) x(v',t) AE $§(t - 2qa) =
q
f 1 q
= A, ) @3 Za(f -5 -
q
- l A( ] f - _ﬂ)
=2 Voo 28’
q
while

Az exp[-i2vfa(2q + 1)] x (o', (2q + 1)4) -
q

= de exp(-i2aft) x(v',t) Azé(t - (2q + ])A) -

q

f
= A1) B3 2 (-0 s(F - 5 -
q

-1 _11d v ¢ _ 4
—22(1) AGo',f - 53) .
q

The use of these two relations in (59) yields the approximate SCF

32
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m
= Zm E Alv - 30 f - E%) for all v,f . (62)
q
m+q even

But this result is identical to the approximate SCF Agw)(v,f) given
in (51) and figure 6. That is, we obtain the same continuous approximation
in the »,f domain, whether we approach it via the WDF or the CAF. This
apparently fortuitous result is due to the fact that we used all the
available information about the TCF when we started with (39), and kept all

of it in passage through the WDF or CAF domains.

Figure 6 is again applicable, and we now see that we can drop
superscripts w and ¢ from (51) and (62), respectively, since there is only
one approximation in the SCF domain. (The comments following (51) are also

directly applicable here.)

A rigorous proof of the equality of the two approximations available for
the SCF is given in appendix 8. It utilizes an impulsive sampling approach,
similar to (9) but in two dimensions, and can be considered as an alternative
to the approximation approach developed in this section. Of course, the end

result for the SCF in the v,f domain is again (51) or (62) or figure 6.
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SUMMARY STATUS IN ALL FOUR DOMAINS

The results for the approximations to the TCF, WDF, CAF, and SCF are
sketched in figure 8. These plots are a condensation of the exact
analytical results given by (39), (42) & (43), (56) & (57), and (51) & (62),
respectively. For example, the approximate WDF in the lower left of figure 8
is avzilabie oniy along the slices where t = na/2, n integer. Along these
slices, the aliasing lobes (in frequency) alternate in polarity if n is odd,

but remain positive for n even. (Positive lobes are drawn toward the right

side in the figure).

Horizontal movement from one diagram to another in figure 8 is
accomplished by a Fourier transform from t to v (or vice versa).
vertical movement is according to a Fourier pair relating v and f.
Finally, the diagonal connection between Ra and Aa, or between wa and

Xy is by means of a double Fourier transform.
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RECOVERY OF ORIGINAL CONTINUOUS TWO-DIMENSIONAL FUNCTIONS

We have seen, by means of (52)-(54) and figure 6, that the original SCF

can be recovered from the approximate SCF

A (v,f) = z Z Aw - 0 f -5 forall wf (63)
q m
q+m even

by means of the diamond gating function D(v,f) in (53), provided that

A < 1/F. We have used (5)) and (62) here, and dropped the superscripts in
accordance with the discussion following (62). This means that we have the
possibility of evaluating the original continuous TCF R(t,x), WOF W(t,f),

and CAF x{(v,t) at any argument values we please.

SIMPLTIFICATION OF SCF Aa(u,f)

It would be an extremely tedious task to evaluate the approximate SCF
Aa directly by its definition (46) coupled with (40) and (41), which, in
turn, are based upon starting information (39). In fact, there is a

startingly simple way of computing Aa'

Recall from (16) that spectrum

S(F) = & > exp(-i2ufak) s(ka) =
K

=Z s(f - % foran v (64)
K
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Therefore

S DT - ST sre-HNr-2-
K2

£ k-8 k + 8
_EZ AQ, -5 of - ET ) for all »,f , (65)
k 2

where we used (35). Now let m =k - & and g = k + 2; then

m*g—g = K, g-§JB = % , meaning that m + q must always be even. Therefore,
(65) can be expressed as

~ v K oy L _ m _ q
S(F +3) S (f -35) = :25 :E: Alv - 40 f - 5)) for all v,f . (66)
q m
gHn even

But (66) is identical with (63)! Thus we have the compact result for the

approximate SCF
2 vy v
Aa(u,f) = S5(f + 5) S (f - 5) for all »,f , (67)

where

S(f) = A:E: exp(-i2afak) s(ka) for all f , (68)
k

in terms of the original time samples {s(koﬂ .

It is convenient at this point to define, for all f, the function

-
T

S(F) = S(f) rect(af) = . (69)
0 otherwise

A;g exn(-i2efak) s(ka)  for [f
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which can be computed directly from the samples {s(ka)} . Then since

4 < 1/F, reference to figure 2 and (18) reveals that
S(f) = S(f) for all f . (10)

The only reason for distinguishing between S and S is that we think of S as
being computed directiy from samples {?(kai} via (69), whereas we think of S
as being computed from s(t) via Fourier transform (13). Strictly, since S(f)
is bandlimited to + F/2, S(f) in (69) only needs to be computed in that

somewhat smaller range of f.

At this point, we refer back to (52)-(54) and figure 6 to find that

A(v,f) = A_(v,) D(v,f) = 5(f + 3) 5°(f - %) for all w,f, (11)

since only the origin lobe in figure 6 can contribute, and there is no
overlap. Thus we have a very direct way of recovering the original SCF from
the time data samples: compute S(f) from (69), and then A{v,f) from (71).
A1l these results are predicated on sampling rate condition A < 1/F; they do

not require & < (2F) .

If we substitute (70) in (71), we have original definition (35). Thus we
have come full circle on the SCF, returning with an obvious relation. This
indicates that a shortcut could have been taken with regard to getting the
key result (67). We have pursued the longer route because it indicates what
the compliete set of fundamental processing equations are, and it clarifies a

number of points that have been under contention in the literature.
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RECOVERY OF ORIGINAL WDF AND CAF
From (37) and (71), we obtain the original continuous WDF as
: = vy ¥ v
W(t,f) = j‘du exp(i2wvt) S(f + 5) S (f - 5) for all t,f , (72)

where S(f) is given by (69) in terms of samples {s(koﬂ-. The truncation of
Skf) at f = ¢ (2A)<] in (69) is what prevents all the distant sidelobes of

Aa(v,f) from contributing. We could hardly have expected a simpler result.

From (37) and (71), we also obtain the original CAF according to

(v, 1) = jdf exp(iaefe) S(F +2) §°(F - 2)  for all w,x . (73)

Thus, both the WDOF and the CAF can be recovered by single Fourier transforms

of the same product function, but on complementary variables v and f,

respectively.
RECOVERY OF ORIGINAL TCF

Probably the best way to recover the original TCF R(t,tr) is by means
of a combination of (32), (5), and (70):

Rt =s(t+ Dy s™e -5y, (14)
with

s(t) = jdf exp(i2nft) S(f) . (75)

A1l the above procedures employ §(f) and a Fourier transform in some
fashion. The quantity S(f) can be computed at any f of interest, directly
from samples {s(kai}. by means of (69).
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DIRECT TIME DOMAIN RECOVERY OF CONTINUQUS WDF

We have given two alternatives for the recovery of continuous time
waveform s(t) from samples {s(ka)}. They are (21) or (75)£(69). If we
employ the former in the time definition of the original WOF (line 1 of
(26)), we find, for all t,f,

W(t,f) = J‘dr exp(-i2nfr) s(t + %) s (t - %) =

= 4 ;? D exl-izafack - 0)1 scka) s¥am) Wit - KL a)) . (76)
)

where

sin[2n{1 - 21f1a) t/a]
at /A

W (t,f) = for all t . (17)

for |f] < 54

0 for |f| > ¢

This result is equivalent to [5, (5)£(6)]. However, as noted there, this
alternative for the WDF is not computationally attractive, although (76) is
certainly alias-free because it is restoring W(t,f) itself, and not some

approximation to it.
As an aside, if the frequency domain version of the WOF is used instead

(1ine 2 of (26)), and if (21) is immediately transformed into the frequency

domain, we get directly
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S(f) = S(f) rect(af) = S(f) . (78)

in complete agreement with (72).

In the sequel to (62), it was mentioned that an alternative approach
involving impulsive sampling could be used to get various impulsive
two-dimensional functions from samples {}(kaf}. In a similar vein, the
continuous two-dimensional functions can be recovered by direct convolution
(interpolation) in the domain(s) of interest. These alternative forms are
not as numerically useful as the ones presented above, and so are deferred
to appendix C. However, some useful insight into the inadequacy of some
past attempts at interpolation is gained by this alternative viewpoint, and

the readers attention is directed to these results.

DISCUSSION

In retrospect, (72) and (69) are an obvious result. We know that the

original continuous WDF is given by (line 2 of (26))

W(t,f) = S'du exp(i2evt) S(F +2) S™(F - 2)  for all t,f . (79)
So if we can get S(f) exactly from samples is(kAﬂ', in some (any) fashion,
we can get W via (79). But, in fact, S(f) in (69) is identically equal to

S(f) for all f, when A < 1/F. Condition A < (2F)_1 js patently unnecessary

and too restrictive. A similar comment holds with regard to the CAF.
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Given samples is(ka)}, the function S(f) in (69) can be computed at any

desired f values of interest. Therefore the product
S(F+ Y 5(F-Y (80)
2 2

required in (72) and (73) can be computed at any v,f values needed, and the
integrals for W(t,f) and x(v,t) evaluated very accurately at any

arguments of interest.

This is the major difference relative to the TCF R(t,<x), (74), which
could only be calculated at interspersed points in the t,t plane from the
available data; see (39) and figure 4. Strictly, waveform s(t) could be
interpolated, and then TCF R(t,t) filled in at the intermediate points of
interest in figure 4. This viable alternative requires just siightly more
calculations that the frequency domain approach given above; we will discuss

and compare both alternatives in a later section.

In practice, S(f) will only be calculated at a discrete set of
frequencies, in order to economize on computational effort. We then find
that the product function (80) is available at interspersed points in the
v,f plane in an identical manner to that for TCF R(t,t) in figure 4.

In fact, if S(f) is computed only for f/a, = integer, then (80) is

f
available only at

f/Af = integer , v/Af = even integer (81)

and at

f/a, = odd integer/2 , v/A, = odd integer . (82)

f f

Just as this type of interspersed sampling required a finer sampling interval
in the time domain (see figure 5 and (45)), so also is a finer increment
required here in the frequency domain. Namely, we must have
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1
A, < = , (83)

in order to avoid aliasing in the t domain of the reconstructed WOF via
Fourier transform (72). The same requirement holds for aliasing control in
the + domain of the reconstructed CAF via (73). Here, T is the overall

effective duration of waveform s(t):
s & 0 for Jt| > 172 . (84)

See figure 9. (The waveform can be centered at t = 0 without loss of
generality, merely by time delaying it.) However, there is a very convenient
and efficient way to meet requirement (83), as will be shown shortly, whereas
requirement (45), A < (2F)—], is very unattractive, at least through direct

sampling of time domain waveform s(t).

Since the total extent of the spectrum S(f) is F Hz (see (14) and
figure 1), waveform s(t) cannot be strictly time-limited. However, we
assume that a finite T value can be found for figure 9 such that
approximation (84) is a good one. Strictly, (84) should read

A oy for 2l > T2 . (85)
max |s(t)]

Is®] )

~T/2 o T/2

Figure 9. Waveform s(t)
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DISCRETE PROCESSING IN FREQUENCY DOMAIN

Thus far, we have not discretized in the frequency domain; both v and f

have been allowed to take on continuous values. So we have, from (69),

5(f) = AE exp(-i2efak) s(ka)  for |f| < 5 . (86)
K

Now, suppose that we only evaluate S(f) at a set of discrete frequencies,

according to

S(z7) = A‘ZE exp(-i2ank/N) s(ka) for ]n] < % . (87)
Kk

Since the sum on the right-hand side of (87) has period N in n, we can
evaluate it quickly via a collapsed N-point FFT; see {10)-(12). The

negative n values desired in (87) are easily accommodated by means of a

modulo N look-up in the FFT output.
EVALUATION OF WDF

The increment in argument f of S(f) in (87) is
Af = 'N—A' . (88)

In order to use these results in approximating integral (72) for the WODF,
- g vy ¥ v
W(t,f) = | dv exp(i2wwt) S(f + 2) S (f - 2) . (89)

we need to have the increment in v satisfy (due to the v/2 arguments)
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1, _ _ -2
> A” = N i.e., 8 = Na (90)

So if we limit v in (89) to the values %% , one possible Trapezoidal

approximation to W is

W(t.f) = N%Z exp (2w %% t) 3(f + o) $(F - ) for all t,f .  (91)
:

This function is defined on a continuum in time,frequency space. But this

can be developed according to

~ — =X
H(t,f) = fdu exp(i2avt) S(f +3) S(F - ) ;}E 8y - 2
%

t
S W) B D At -2 u%) -
'

ht NA

- > - —

=/ W(t - ¢ 2 f) for all t,f , (92)
%

where we used (72).

Since waveform s(t) is approximately limited to [t| < T/2 (see (84) and
figure 9), then WOF W(t,f) is also approximately limited to ]t] < T1/2, as

may be seen from line 1 of (26). The approximation (92) then appears as in

figure 10. W({' -F)
)
}
"GS‘u
W((','F) aI‘obc‘ J
nz 14 ‘0 1r ' x T + *t
"2 - 2 Nf"z’ ‘%A

Figure 10. Time-Aliased WDF
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In order that approximate WDF W not suffer significant overlap in time,

we see that we need

NA

NA 27
2

< . i.e., N> “a - (93)

N~
o0~

The FFT size, N, in (87) must be at least twice as large as the number of
samples, T/A, taken of waveform s(t). Recalling (88), this inequality

becomes
Af = iz < E? . (94)

consistent with (83), as predicted. Thus, approximation W(t,f) is an
extremely good approximation to W(t,f) for ]tl < T/2 if FFT size N satisfies
(93). The goodness of W depends critically on the degree of satisfaction of

(85).

More generally, we could limit the v values in (89) to

28
0 * NA

v =90

: 2
v arbitrary (A” = NA) . (95)

getting alternative approximation

] = P
W, (t.f) = Idu exp(i2«tv) S(f + 12:-) S (f - -%) i%z 8(v - wg - 2'_‘%) -
L

t
= W(L,F)® exp(i?wtuo)ZG(t -2 3—3—)} =
%

=§ wit -2 X2 g exp(iww Nat)  for all t,f . (96)
L
The plot for | (t,f)| 1s identical to that of )ﬁ(t,f)] in figure 10, since
the magnitude of phase factor exp(1«u°NA!) s 1 for all 2, The main lobe,
L =0, is unaffected by the choice of v, So criterion (93) 1is again

sufficient to avoid time-aliasing in Wa, regardless of shift v,
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DISCRETIZATION IN TIME AND FREQUENCY

For convenience, we therefore return to W in (91) and get, in particular,

the values

.NA z exp(i2x :t) st ;A‘) $* NA‘) for all t , (97)

where we must choose frequency f = NA , in order to use the available

samples of S in (87). We now further choose time

_maN
t= > M (98)
and get the approximation in the form
~ =% -
WA = 2SS exprizemsm) 5(BEE) Y (99)
L

The reason for this choice of t values is that this sum can be accomplished
as a collapsed M-point FFT as described in (10)-(12). The range of values

that must be covered is

mla N T TM
2 M2 i.e., Im| < aN (100)
and
i _E N
Ne <7 i.e., [nl < Fa > - (101)

Coincidentally, this identical procedure above has already been derived
by the author in [9, (A-13)2(A-14)]. However, it was done, at that time, to
generate slices in time of the WDF, without realizing that the procedure also

had an alias-elimination feature. Requirement (93) was [9, (A-5)d(A-6)].
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INCREMENTS IN t AND f
The increments in t and f in approximation iﬁt.f) in (99) are
b=5 % and 8- ak. (102)

Since the original WDF is given by

W(t,f) = j‘dr exp(-i2»ft) R(t,t) , (103)
and the effective extent of R(t,x) in « is %T for the waveform s(t)
satisfying (84), then we must require

Al .
A <5y, e, N

~
[t

. (104)

in order to track the variation of W(t,f) in f. (See appendix A.) However,

this was a condition already encountered in (93).

Furthermore, since we have the alternative Fourier transform
W(t,f) = j dv exp(i2wvt) A(v,f) , (105)

and the extent of A(v,f) in v is tF, then we must also have

b

s (106)

T et

1 .
At<2F’ 1.e., A<

in order to track W(t,f) variations in t. Now if we choose M smaller than N,
say M = N/2, then we obtain condition A < (2F)‘1. But this is a finer time

sampling increment than required. Also (102) gives &, = A, which does not

t
track W(t,f) adequately in time; see (24)-(31). Conversely, if we choose M
larger than N, say M = 2N, then we get a < 2/F, which is already accommodated
by the earlier requirement
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A <1/F. And At = 8/4, which is overly fine in time. So, in order to

minimize the range of m values needed for investigation, we choose
M=N. (107)

¢ 10 (102) for W(t,f) is then 8, = 8/2,

not the & that was sufficient for sampling s(t). This is consistent with

Notice that the time increment a
the fact that W(t,f) can be sharper in t than s(t).
SUMMARY OF WDF EQUATIONS

Here we summarize the major assumptions and requirements and list the

major equations by which the approximate WDF W can be computed.

Assumptions:
S(f) =0  for [f] > Fr2,

st 20 for [t] > 172 . (108)

This is no loss of generality, since the waveform can be time delayed and

frequency shifted as desired.

Requirements:
a<t,
N> g% (> 2TF) . (109)
Equations:
A%;; exp(-12emk/N) s(ka)  for |nl <3
G - - (110)

0 otherwise
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n+8 =*n-~29

o - -2 : gt 2 n -2
W( 2’NA) = NA exp(i2wmi/N) S( NA ) S ( NA )
2
for Iml <X, In] < % Fa . (111)

Operation (110) can be accompiished by a single N-point FFT with
collapsing, while (111) requires an N-point FFT for each n value of interest.
The latter N-point FFT (for a given n) will sweep out N values of integer m;

A
2

of n (frequency) values to be searched is NFA. Values of W for negative

this will cover a total time range of N = > T , as desired. The total number

values of m are available in location m modulo N of the FFT output.

For the most advantageous choices of

—

=1 =2l
A=g¢, N=50=2TF, (112)

we have ranges

jm| < TF, In| < TF .

EVALUATION OF CAF

The equations for calculation of the CAF, from discretized frequency
samples of S(f), are very similar to those given above for the WOF.

Accordingly, they are deferred to appendix D.
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INTERPOLATION OF TIME WAVEFORM

It was mentioned in the sequel to (80) that available data samples
{s(k8)} could be interpolated in time, to fill in the vacant spots of TCF
R(t,x) in figure 4. One procedure to accomplish this is by direct use of
sinc-function interpolation in (21). However, a more efficient procedure is

by use of FFTs.

From (22), we can get samples of the approximate spectrum according to

S = 8 exp(-izemk/m) s(ka)  for |m| < ¥, (113)
K

which can be accomplished by an M-point FFT. The frequency increment is

B¢ = (HA)‘]. The original continuous time waveform is

]

s(t) =de exp{i2=ft) S(f)

(2A)"'

i

= S; df exp(i2«ft) S(f)

~(20)7"

e

M/2
1 20 < ¢y D) -
M3 2 exp(i2« MA t) S("A) =
m=-M/2

”
S

14

() for all t , (114)
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where we have utilized the fact that a < 1/F. (The tic mark on the summation
symbol indicates that the summand values at m = tM/2 must be scaled by 1/2,)

But approximation §(t) can be developed in the form

1

2a M/2

S(t) = S.df exp(i2nft) S(f) ﬁ% EE 8(f - i% =
=1 m=-M/2
22

ydf exp(i2wft) S(f) ﬁz §(f - 5'5‘3 -
m

S(t)GZ §(t - mMa) =Z s(t - mMA) for all t . (115)
m m

This aliased function is illustrated in figure 11.

aliasin
lokej

o

1

7
4

2.
T

~Ma 1 o I mi

g

Figure 11. Time-Aliased Waveform S(t)
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In order to avoid time overlap in figure 11, we must have
T
M>yr (TR . (116)

If this FFT size requirement for (113) is met, then figure 11 reveals that

"~

) Ts(ty  for Jtf <M, (17)
that is, we can expect that §(t) is a good approximation to s(t).

In particular, if we want to interpolate sampies {s(kAf} by a factor of

2, we have, from (117) and (114),

M/2
DA, ~ A nA, 1 mn, . m
s(75) = 5(75) = g, EE exp(i2v o0) S(gy) for |n} <M. (118)
m=-M/2

M
This can be done by a 2M-point FFT with zero-fill, and {g(i‘f)}’j}re made

available by the M-point FFT in (113). The two requirements that

must be met are

—
-

2M > (> 2TF) . (119)

This is the procedure utilized in [8].
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DISCUSSION/SUMMARY

We have two alternatives for computing an alias-free WDF and CAF.

requirements that must be met are

4 < % , M> % ’ N=2M>> .

The processing equations are summarized below.

TIME DOMAIN APPROACH

g(ﬁm&) = AE exp(~i2«mk/M) s(ka) for lml g

k
M/2 )
ﬁ% EE exp(i2wmn/N) g(M ) for |n] <M
m=-M/2 >
A NA
S(_z) = N
0 otherwise J
* -
ﬁ(g—%. ﬂ-’—' AZ exp(-i2¥n/N) s(m i,y 8 (!'1.5,!-. a)
%
I N N
for |m| <4, Inl <5 Fa<3.

The

(120)

(121)

(122)

(123)

In the last equation, we obtain slices of the WDF in frequency (n) at fixed

time (m). (This result is in essential agreement with [7, (77) and (74)];

however, we are not restricted here to 7T = MA.)
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FREQUENCY DOMAIN APPROACH

A}exp(-ianlN) s(ka)  for |n} <Y,
K
S(Ra) = . (124)
0 otherwise

n+48 =*n-1

G n, _ 2 g+ 2 n_-#%
A2, D - NAE exp(i2ame/N) 5("-d) (A=t
)
for [m] < % < g , In] < g Fa . (125)

Here, we obtain slices of the WDF in time (m) at fixed frequency (n). (This
result is in essential agreement with {7, (81)]; however, we are not

restricted here to 2T = NA.)

COMPARISON

Since waveform s(t) = 0 for |t| > 7/2, the sum on k in (121) can be

confined to |k} < 3+ <

24 = % , while the sum on k in (124) can similarly be

sz o=

. T
confined to lkl <75 <

The time domain approach requires one M-point (M = N/2) FFT, one N-point
FFT, and then an N-point FFT for each time index m of interest. The
frequency domain approach requires one N-point FFT and then an N-point FFT

for each frequency index n of interest. Thus, the time domain approach

requires one additional M = g - point FFT, which is a negligible difference,
compared with the multiple FFTs that must he performed for (123) or (125).
The major difference between the two approaches appears to be whether one

wants slices in frequency, or slices in time, of the WDF.
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It should be emphasized that the procedure here reconstructs the
original WOF of the continuous waveform s(t), at any time,frequency (t,f)
arguments of interest, from the samples {s(kAﬁ . There is no need to define
or set up some arbitrary discrete form of the WDF. The discretization of
the t,f arguments of the WDFs is undertaken only after this reconstruction
procedure has been delineated (via the v,f plane) and the sufficiency of
sampling requirement A < 1/F established. Of course, this eventual
discretization in time/frequency is necessary in order to reduce the general
procedure to a practical efficient algorithm. A similar set of arguments

applies equally well to the reconstruction of the CAF.

An alternative philosophy, to developing Trapezoidal approximations for
the various two-dimensional functions, is given in appendix B in terms of a

pair of interspersed impulsive trains in the t,« plane. The end result

for the approximate SCF in the »,f plane is shown to be identical to that

obtained earlier.

The connection of this two-dimensional impulse train with direct time
domain sampling of the waveform s(t) is considered in appendix E. Again,
the two approaches, time domain sampling versus t,r domain sampling, are
shown to yield the same result. Finally, the fundamental rules and patterns
relating two-dimensional interspersed infinite sampling trains are displayed

at the end of appendix E.
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APPENDIX A. EXTENTS AND RATES OF VARIATION
OF TCF, WDF, CAF, SCF

From (5), we have Fourier pair

S(f) = S"dt exp(-i2eft) s(t) ,

s(t) = S.df exp(i2wft) S(f) ; (A-1)
and from figures 1 and 2, we know that if
s(f) =0 for |fl > Fr2, (A-2)

then samples (4&At5} are sufficient for reconstruction of s(t) if At < 1/F.
That is, if a spectrum is bandlimited in the frequency domain to total
extent F Hz, samples of the corresponding time function must be taken with

time incremen* A, < 1/F, in order not to lose any significant information.

t
In a similar vein, the duality of the equations in (A-1) indicates that
if, instead,

s(t) =0  for Jt] > 172, (A-3)

then spectrum samples {S(nAfi}are sufficient for reconstruction of S(f) if

frequency incr _ment Af < 1/T.

The general rule, here, is that if a function in one domain is
essentially limited to overall extent E, samples in its Fourier transform
domain must be taken finer than 1/E, in order not to lose any information.

This rule will be used frequently below.
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EXTENTS OF TCF, WOF, CAF, AND SCF

Henceforth, we assume that
s(fy2 0 for |f| > Fr2
and

s(t)x 0 for Jt} > 172 . (A-4}

Thus, the overall frequency and time extents are approximately F Hz and T

seconds, respectively. It then readily follows from (32)-(38), namely,

R(t  * hd
( ") = S(t + 2) ] (t = 2) ’ (A'S)
A(v.f) = S(F + 8 s°(F - D), (A-6,
W(t,f) = jhdr exp(-i2«ft) R(t,v) = (A-7)
= jhdv exp(i2wvt) A(v,f) , (A-8)
x(v,T) = S.dt exp(-i2w«vt) R(t,x) = (A-9)
= j[df exp(i2eft) A(v,f) , (A-10)

that the extents of these functions are as depicted in figure A-1. The solid
curves depict the contour level within which the function is essentially

2
concentrated. In fact, for Gaussian waveform s(t) = a exp(- —15). the
20

choices T = 4qo, F ;% , for example, give these exact results in figure A-1,

at the exp(-4) = .018 level.
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RATES OF VARIATION

We now combine the sampling rule deduced under (A-3) with the extents in

figure A-1. From (A-7) and (A-8), we must have sampling increments (i.e.,

spacings of argument values on left-hand side) satisfy

1

A¢ <77
to adequately track WDF .

_1

t 2F

From (A-9) and (A-10), we need

-4
<

A
—Af—

to track CAF .

A <
T

|-

By inverting (A-7)-(A-10), we express

i}

R(t, <) fdf exp(i2efr) W(t,f) =

L}

j.dv exp(iZnt) x(v,t) ,
A(v,f) = j‘dt exp(-i2wvt) W(t,f) =

= J~dr exp(-i2«ft) x(v,t) .

There follows from (A-13) and (A-14), that we need

to track TCF ,

A-4

(A-11)

(A-12)

(A-13)

(A-14)

(A-15)

(A-16)

(A-17)
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while from (A-15) and (A-16),

to track SCF . (A-18)

These last four restrictions are identical to those given in (A-11) and
(A-12). The total number of samples required to complietely describe any one

of the four two-dimensional characterizations is T2F2.

SAMPLING RATE FOR REAL WAVEFORM

Requirement (17) on the time sampling increment, A < 1/F, for recovery of
the time waveform s(t), is based upon figures 1 and 2 for a complex envelope
waveform s(t). LIf s(t) were, instead, a real waveform s](t). the earlier
development covers this case as well, but with a change in notation. The
spectrum S](f) of waveform 51(t) is symmetric about f = 0, as depicted in
figure A-2. F is now th~- total frequencv extent of the positive-frequency

components of s](t).

We now have frequency limit

;

L E -
2 fc 2o (A-19)
and the stringent requirement (45), for an unaliased WDF, becomes

<.
2F,  4f  + 2F

A (A-20)

For a narrowband waveform, fc >> F, this requires an unnecessarily high

sampling rate, compared to what would be required for the waveform
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corresponding to single~-sided bandwidth F. Extraction of the complex
envelope (or analytic function) of s1(t) would return us to WDF requirement

A< 5% , as in (45). This pre-processing feature is recommended for all real

waveforms. However, we also want to avoid this more stringent WDF

requirement and be subject only to the &4 < 1/F limitation.

ySEN

F
' |
- ' 5 ' ' 3 - f
"ﬂ{ "4; {; '}%

Figure A-2. Spectrum of Real Waveform
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APPENDIX B. IMPULSIVE SAMPLING APPROACH

Instead of trying to develop Trapezoidal approximations to the WDF, CAF,
and SCF integrals from the available information about the TCF in (39), we
adopt here the philosophy that continuous TCF R(t,x) has had a pair of
impulsive trains applied to it, yielding the impulsive approximation

Ry(t,7) = a2 R(t.t)[E §(t - ma)z §(x - 2q8) +
m q
+z 66: - (m + -;—)192 6(1 - (2q + I)A)] =
m q

= 42 R(t,v) Z Z 8(t - 9-‘2-’) &(t - 24) =
n %
n+L even

- a2 na - na - -
= A nzg R(Z5,28) &(t - %) 8(T - 1) . (8-1)

n+L even

That is, a couple of two-dimensional impulse trains, interspersed in the
t.t plane, have been applied, so as to use all the available information
in (39). This is identical to the result for the TCF of impulsive time
waveform si(t). obtained by multiplying s(t) by a sampling train; see

appendix E.

We now define the corresponding WOF, CAF, and SCF as rigorous Fourier

transforms of (B~1), using the standard forms, for all argument values,

8-1
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-

W (t,F) = [(de exp(-12efr) Ro(t,0)

x;(v,7) = Jdt exp(-i2wwt) R, (t,7)

Ai(v,f) Idt exp(-i2wvt) Ni(t,f)

[
it

S.dr exp(-i2«ft) Xi(v,T)
= J].dt dr exp(-i2wvt - i2«f1) Ri(t") . (B-2)

These exact interrelationships indicate that the same SCF Ai will result

from TCF Ri’ whether we proceed by way of the WDF or the CAF.
We have, in detail, WDF

W (t,f) = fdf exp(~i2nfr) R, (t,7) =

N~

A EE §(t - ma) S.dT exp(-i2«fr) R(t,<) 2A z; &(r - 2qA) +
m q

+

o=

A} 6& ~ (m + %)‘9 jdr exp(-i2wft) R(t,t) ZAE s{x - (2q + 1)A) =
m

q

=

N it

f
Az §(t - ma) N(t,f)@Z&(f - '2%) +
m q

+

s s(t - (m+ %)a) W(t,f) éz (D% s(f - 5 -
m q

=%AE s(t -mA)E Wt - 5d)
m q

N fomd

. a > &(t -~ (m + %—)A)Z(q)“ W(t,f - 33) = (B-3)
m q
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+%A§ 66 - (m +%¢92 (—1)q wém +]2-)A,f - 2—3
q

Nl-—‘

m

using (42) and (43). Thus, the areas of the impulses in Ni are equal to

E (t-mA)N(mAf)+-— E ( (m+—)l§ (m+-—)Af)

wtb

nA
( '
a2

(8-4)

the approximations wa developed in (42) and (43), within a scale factor of

a/2.

Continuing on, from (B-3), the SCF is

A,](u_f) =j-dt exp(-i2wvt) wi(t,f) =

= ‘;_'Ej.dt exp(-i2wvt) W(t,f - ﬁ) AE §{t - ma) +
q m

m

]2-2 ~1)qydt exp({-i2wvt) W(t,f - A) AE 6(1: - {m +%)19 =
q

B-3
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wl-—*

E A(v,f - )826(»—-
q

v
P 2D A - @S s - =
q m

> T Me-D - sa)  for all u,f . (8-5)
q m
g+m even

Thus, the SCF Ai' resulting from the impulsive sampling approach applied

to the TCF, is not impulsive at all in the »,f plane, and is identical with

the approximations Aa developed in (51) and (62).

Proceeding instead via the CAF, we have

xi(v’t) = J‘dt exp(-i2wvt) Ri(t,t) =

= AZ&(T - 2qa) ydt exp(-i2wot) R(t,t) A Z §(t - mA) +
q m

. ]
+ Ag a(r - (2q + 1)A) ’(dt exp(-i2mvt) R(t,<) AE&(t - (m+ -2-)A) -
q m

B-4
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= AE 8(v -~ 2qA) x(v,t)ég &{v - %) +
q m

+ AE a(f - (2q + m) x(u.r)o"z(—ﬂ'“ v - =
q ]

- AE &(x - 2qA)Z x(v -8, )+
q m
+AE sG - 20+ 1)) > ()" x(v -2 1) - (8-6)
q m
= Az_ 8+ - 2qA)Z x(u - %. ZQA) +
q m

“‘E s - (2q + 1)92(4)“‘ x(v - (2q + 1)9 -
q m

- Azé(t - 2q8) x,(v.2q8) + aZs(t - (2q + 1)&) xq (1020 + m) -
q q

=8 &(x - na) x (v.n8) , (8-7)
n

via (56) and (57). Thus, the areas of the impulses in Xy are equal to

the approximations Xy tn (56) and (57), within a scale factor of A.

B-5
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Now strictiy speaking, there is no need to proceed to SCF Ai via the
CAF since (B-2) shows that there is only one Ai function, regardless
of how reached. Nevertheless, for completeness, we also present the last

route. We have, using (B-6),

Ai(v,f) = J‘dr exp(-i2nft) x;(v,1) =

=

N |t

E_{dt exp(~i2#ft) x(v - %,1) ZAZG(r - 2q4) +
m q

+

Y.

2'(—1)"’ ‘(dr exp(-i2x«ft) x(v - %,1) ZAZ 6(1 - (2q + m) =
m q

f
= %}_’ A(v - ‘-“-.f)ez §(F - 53) +
m q

f
#3202 (V" A - L@ 5 (-1 s(f - 5D -
m q

m q mq

> S M-8 g 5a)  for all v,f . (8-8)
moq
m+q even

As anticipated, this is identical with (B-5). Thus we get a unique SCF in

the v,f plane.

B-6
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APPENDIX C. RECOVERY VIA DIRECT CONVOLUTION

This appendix is closely coupled with the previous one; it shows how to

recover the original continuous two-dimensional TCF, CAF, and WOF from their
impulsive counterparts. From (B-5), (B-8), (51), (62), (53), (54), and

figure 6, the original SCF is
A(v,f) = Ai(v’f) D(v,f) . (€-1)
WDF RECOVERY
We have, using (B-4),
W(t,f) = j‘dv exp(i2nuvt) Ai(”'f) D(v,f) =

t
= w-i(tof) e d(t:f) =

d(t - n%,f) for all t,f , (C-2)

N I

na
= Z Na( 2'f)

n

where

% d(t,f) % jﬁdv exp(i2wvt) D(v,f) =

sin[ 2w %(1 - 28lf])]

for lfl < 5%

2w %
= for all t
0 for ]fl > 5%
= (1 - 2alf]) sinc[? §(1 - 2A|fl;] rect(af) . (C-3)

€1
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These results agree with [6, (27)&£(28)]. Interpolation rule (C-2) uses the
available slices of information in the t,f plane of figure 8. A particular

case of (C-3) is

% d(0,f) = (1 - 2a)f]) rect(af) . (C-4)
CAF RECOVERY
From (C-1) and (B-7), there follows
x(v,1) = j.df exp(i2nfr) Ai(v,f) D(v,f) =
= x1(v.r)éd(v,r) =

=Z xy(vond) sd(v,x - na)  for all v,r , (C-5)
n

where

pd(v,t) = 8 fdf exp(i2afr) D(v,f) =

sinfw +(1 - 8 ])]

for |v| < %
a t/A
= for all «
0 for Jol > %
= (1 - AJv]) sinc [i(l - Alvli} rect(% aAv) . {C-6)

Interpolation rule (C-5) uses the available slices of information in the

v,t plane of figure 8. A special case of (C-6) is
]
ad(v,0) = (1 - alv]) rect(; av) . (C-7)

c-2
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TCF RECOVERY

From (C-1) and (8-1),

R(t,t) = If~dv df exp(i2wvt + i2#f«) Ai(u,f) D(v,f) =
te
= Ry(t,7) @ J(t.v) =

= 2 Z R(ﬂ%,u) Azﬁ(t - %,r - %4) for all t,r , (C-8)
n L
n+L even

where

Azﬁ(t.-r) = AZ I‘(dv df exp(i2wvt + i2«ft) O(v,f) =

2 . 2,WT
) sin“(«t/a) - sin (ZA) )
2 2

b ~ X
207

., ut . AT . vt (AT
sin(=) + sin(5)  sin(™) - sin(57)
= 4 2 A 26 for all t,r . (C-9)

b1 X ¥y .1

Particular values are

22+ L) = sine(d) (C-10)

[t should be observed that (C-8) dictates two-dimensional interpolation in
the t,r plane of figure 8. Attempts at simpler one-dimensional interpolation

in t or + alone are bound to fail.

c-3
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PROPERTIES OF §(t, )

The two-dimensional function H(t,t) is unlike any proposed previously

for interpolation of TCF R(t,x). Some of its properties are listed here.

J(-t,x) =Pt, - 1) =P(t,x) . (C-11)
2 sinz(rml_- sinz(qu
AP (ma,2q8) = 2 5 . (c-12)
7 (m" - q°)

d, then t = v/2, while if m = -q,

1}

1fm=xgqgorms#-q, thend=0. Ifm

then t = ~v/2, giving

a2 P (+qa, 2q8) = sinc(2q) . (C-13)

Therefore B/ (ma,2qa) = 0 for all m,q, except that A2J5(0.0) =1, Similarly,

ﬁ«m + %)A.(2q + 1)19 =0 for all m,q . (C-14)

if we define

2 . 2
St = prt,en = sin (v;/a; - sin (v1/8)
L 4 (t - T )

, (C-15)

then
dt) =40, (C-16)

meaning that,}(t,r) is symmetric about the 45° line in the t,r plane.
Figure C-1 depicts some sample values of § in the first quadrant. In

particular,

C-4
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-1
{m2 -~ (q + 32-)2]

8% B (s, (2q + ) =
<

2 g 1 ) _ 1
a (m + 3)Aa,2q8) = . (C-17)
(v i+ 5% - o)

Interpolation function B(t,t) decays slowest along the t = +¢/2 lines in
the t,x plane, and fastest along the t = 0 and + = 0 lines. So direct
interpolation of the TCF is not best approximated by horizontal or vertical

slices, but in fact, by points between these slices.

E f:tlz
2 /
$ ,
/
14 4 -4
3 W 0 = /O I
/
4 %
i - & 4
2710 3n y 0 Sw 0 21
/
/
-4 —4 —4
1"13}‘ /o I 0 sv 0 IS
/
/ 4 4
t 3 0 o ®e o ¢
0 1 2 3

Figure C-1. Sample Values of AZJ?(t,r)
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APPENDOIX D. EVALUATION OF CAF

The original CAF of waveform s(t) is given by (73), in terms of
spectrum §(f) defined in (69). As in (87), we again presume that only the

discrete frequency calculations

§(ﬁ%) = AZ exp(-i2wnk/N) s(ka) for |n| <g— (D-1)
k

are available. Since the frequency increment is 8, = (NA)'], we

approximate CAF (73) according to

~ _ ] - %
x(v,t) = NA E exp(i2« ﬂ% t) S(ﬁ + -2‘1) S (ﬁ% - -;-’-) =

n

- J'af exp(izefe) S(F + 3 §°(F - ) L > g(r - B
n
T
= x(v.t)QE 8§(t - n NA) =
n

=z x{v, T - n Na) for all v,t . (0-2)
n

Since waveform s(t) is approximately limited to |t| < T/2 (see (84) and
figure 9), then CAF x(v,v) is approximately limited to [t] < T, as may

be seen by substituting (32) into (34):

D-)
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x(v,t) = fdt exp{-i2wvt) s(t + ;5-) S*(t - %) . (D-3)

Therefore, the approximate CAF X takes the appearance shown in figure D-1.

it is seen that overlap is negligible if we take

ro
[ B

T<NaA-T, j.e., N> (D-4)

This requirement on the FFT size in (D-1) is the same as that established in

(93) for the approximate WOF W.

DISCRETIZATION IN v and «

In order to utilize available samples (D-1) in the evaluation of
approximation (D-2), we restrict the evaluation of the approximate CAF to

frequency-shift values

NA ) for all . (D-5)

furthermore, we consider only the particular values of time delay given by

B, a0) = g > exp(izema/N) S(EE) SN (0-6)
n

since the right-hand side is now an N-point FFT for each mvalue of interest.

N values of q are swept out by each FFT. Compare (D-6) with (111).
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Figure D-1. Delay-Aliased CAF
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APPENDIX €. TCF OF IMPULSIVELY-SAMPLED WAVEFORM

Suppose continuous waveform s(t) is sampled with an infinite impulse

train (with delay to) yielding impulsive waveform
si(t) = s(t) A ;;E §(t - to - ka) . (E-1)
k
The corresponding TCF is

Ryt 2s,(t ¢ D) syt - =

= R(t,7) AZZZ S(t -t +3-ka) &(t-t -F-m).  (E-2)
k m

This function has impulses in the t,t plane at

t - to ts ka t to +t5
» 1.3., at (E"3)
Ix = -
t to - 2 ma h 4 (k m)A.

Furthermore, the area of each of these impulses is 1:

h ¢

I]ht dx &(t - to + 3 - ka) &(t - to -2 - ma) = j.dt §(r + ma -ka) =1 .

2
(E-4)
So (E-2) can be expressed alternatively as
2
Ri(t,r) = R(t,t) A :E ZE &(t - t0 - 5~§—m a) &(r - (k -~ m)a) . (E-5)
k m

£E-1
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Now let

k-m.

L}

n=k+m, L

Then n + & must be even, giving
- 2 2 4+ _nN . _
Ri(t,7) = R(t,7) & 2 s(t -t - 2 8) &(T - 1) =
n ']
n+L even

-2 > > Rt +%A, 2a) &(t - t —ga) §(v -2 ) .
n 1y 0 0

n+l even

(E-6)

(E-7)

This is a slight generalization of (B-1), to allow for delayed sampling.

Thus, the two approaches, (B-1) and (E-1), yield identical results.
FUNDAMENTAL TWO-DIMENSIONAL SAMPLING PATTERNS

Suppose, in (B-1), that we let
R(t,ry =1 for all t,x .

Then Ri(t") there approaches

ri(t,7) = a2 Z 2 s(t - 2 &(x - 10) .
n L

n+L even

But, at the same time, use of (E-8) in SCF (35) yijelds

A(st) = 6(”) 6(f) ’

£E-2

(t£-8)

(€-9)

(E-10)
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while (B-5) and (B-8) approach

a,(v,f) = Z E 56 -?) a( - 3. (E-11)
q m

q+m even

Thus, (E-9) and (E-11) are a double Fourier transform pair:
ai(u,f) = J]rdt dv exp{-i2avt - 12#f1) ri(t.r) . (E-12)

They generalize one-dimensional result (7)& (8) to two dimensions with
interspersed sampling. The impulse patterns of ri(t,r) and ai(u.f) in

their respective domains are displayed in figures E-1 and E-2.

£-3
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Figure E-1. [Impulse Locations for r.(t,r) in (E-9) 4
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Figure E-2. Impulse Locations for ai(o,f) in (E-11).
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Operating Characteristics for Combiner
With a Dead Zone in Each Channel

A. H. Nuttail
ABSTRACT

The receiver operating characteristics, namely detection
probability versus false alarm probability for a combiner which
employs nonlinearities with dead zones in each of its channels, are
derived in closed form as a function of N, the number of channels;
F, the fraction of data passed by the nonlinearity in each channel;
R, the signal-to-noise ratio in each channel; and T, the system
output threshold. Plots of these results for N =1, 2, 4, 6, 8, 16,
32,64and F = |, .1, .01, .001 reveal that inclusion of the dead
zone does not significantly degrade performance, the typical loss
being of the order of 1 dB for small N, and 3 dB for larger N, in
the important operating ranges. The only limitation is that
certain ranges of false alarm probabilities are unachievable;
however, since these ranges generally correspond to undesirable
operating conditions, the limitation is not too relevant.

Approved for public release; distribution is unlimited.
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OPERATING CHARACTERISTICS FOR COMBINER

WITH A DEAD ZONE IN EACH CHANNEL

INTRODUCTION

Some data processing shortcuts are often required in order to
keep the computational burden in today'’s detection and tracking
systems within manageable limits. One strategem to accomplish
this goal is to guantize the signal levels at various points in
the receiver processing chain. Another is to reject low-level
quantities, and retain only the larger terms, in the belief that
only the latter will lead to statistically meaningful decisions
on signal presence versus absence.

Here, we investigate one such technique, where all levels
below a breakpoint or threshold value are rejected, that is, set
to zero, while those signal levels above the breakpoint are
retained in their full accuracy. 1In particular, this approach is
employed in each branch of a combiner, as encountered in
diversity or multiple ping transmission. The question to be
addressed is the cost of this data reduction procedure, in terms
of the additional signal-to-noise ratio required to maintain a
desired level of performance, as measured by the false alarm and

detection probalkilities.

1/2
Reverse Blank
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PROCESSOR DESCRIPTION

The processor of interest is depicted in figure 1. Received

inputs Lyre-.,0y are either composed of noise-only or they all

N
contain signal plus noise. An example of this situation is
afforded by a multiple ping transmission, with search on the
range of a possible target. The received signal in each channel
(if present) is match-filtered and square-law envelope-detected
at the candidate time instant of suspected or hypothesized peak
output.

At this point, instead of simply summing up these multiple
outputs, and in an effort to reduce the amount of information
sent on for further data processing, the squared envelope X, in
the n-th channel is subjected to the nonlinear operation depicted
in figure 2. Namely, all input levels to the nonlinearity below
breakpoint (threshol i) value L are replaced by zero, whereas
those levels above the breakpoint are kept as is. The breakpoint
value L is chosen so that a specified fraction F of the input
data to the nonlinearity is passed, when noise-alone is present
at the inputs; the hope is that F can be chosen very small,
without significant degradation in performance. Finally, the
output of the summer in figure 1 is compared with output
threshold T for purposes of deciding on signal presence versus

absence.
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ANALYSIS OF PERFORMANCE

The inputs {rn) to fiqure 1 are presumed to be statistically
independent of each other, whether signal is present or not. The
squared-envelope outputs {xn} are, therefore, also statistically
independent of each other, with probability density function
px(u), which is presumed known for both cases of signal present
as well as signal absent. The corresponding cumulative
distribution function and exceedance distribution function are,

respectively,
u

P (u) = f dt p (t) = Prob(x < u) ,

Qx(u) - J dt px(t) = Prob{(x > u) . (1)

u+
The nonlinear device in fiqures 1 and 2 is characterized
mathematically by

0 for x < L
Yy = i L
x for x > L

(2)

v
o

Breakpoint L is presumed nonnegative, since the output of the
squared-envelope detector in figure 1 can never be negative. The

fraction of data passed by the nonlinearity is
F = Prob(x > L) = Q (L) . (3)

Since exceedance distribution function Q, is known, this equation

can be solved for the required breakpoint value L, once fraction
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F is specified. This calculation is done for the noise-only case,
since the breakpoint is desired to be set for this condition.
Inspection of figure 2 immediately reveals that the

probability density function of random variable Y is given by
py(u) = P (L) &(u) + p,(u) U(u - L), (4)

where 8§ and U are the delta function and the unit step function,
respectively. Therefore, the characteristic function of random

variable Y is

o«

£ - i -
Y(E) J du exp(i&u) py(u)

©

= P (L) + J du exp(iku) p,(u) . (5)
L

Fipally, using the statistical independence of the system

inputs, the summer output,
z = EZ: Yo ¢ (6)

has characteristic function

-]

£,(E) = [fy(a)]N = [re0) + [ qu explizu) px(U)]N. (1)
L

For general given probability density function px(u), the
integral on u in (7) can be done efficiently by means of a fast
Fourier transform. Then the numerical evaluation of the

exceedance distribution function of z, namely Qz(u), can be
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accomplished by the techniques utilized in [1, 2, 3). This
numerical approach would have to be carried out for both cases of
signal absent and signal present, in order to get the false alarm

probability P, as well as the detection probability P

F D°

Specifically,
PF = QZ(T; noise-only) ,
PD - Qz(T; signal-plus-noise) . (8)

In essence, (7) characterizes the performance of the
processor in figqures 1 and 2. The remaining effort is the
analytical and numerical manipulation of (7) into useful computer

forms and evaluation.

7/8
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EXPONENTIAL EXAMPLE
STATISTICS OF DETECTOR OUTPUT

If the inputs {rn} to the processor of figure 1 are Gaussian,
then the squared-envelope detector outputs {xn} are exponentially

distributed. We take the probability density function of x_ to

n
be
0 for u < 0
px(u) = for noise-only . (9)
exp(-u) for u 2 0
This corresponds to a mean value of
X = j du u p (u) =1 for noise-only . (10)

- -]

This choice of scaling at the detector output does not constitute
any loss of generality, since absolute level obviously has no
effect upon the receiver operating characteristics of the
processor in figure 1.

For Gaussian signal also present at the system input, the

probability density function of x_ is

n
0 for u < 0
p,(u) = for signal-present. (11)
a exp(-au) for u > 0
Here,
1
2" T+R " (12)

where R is the signal-to-noise power ratio at the matched filter

output. (If R = 0, then a = 1, and (11) reduces to (9).) Thus,
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any signal processing gains associated with the filtering process
are incorporated in the value of R. Observe that R is the
signal-to-noise power ratio per channel or per ping, not the
"total signal-to~-noise ratio" at the system output,

Another signal model, which also leads to probability density
function (11) for the detector output, is slow Rayleigh fading in
the medium through which the transmitted pings traveled. That
is, during a single ping duration, the medium attenuation is
constant, but from ping to ping, the attenuation is statistically
independent and governed by a Rayleigh probability density

function on the received signal envelope.

10
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CHARACTERISTIC FUNCTION OF QUTPUT z

We will determine the statistics of output z of figure 1 for
the signal-present probability density function of x, as given by
(11). The case for noise-only will then follow immediately by
setting a = 1.

The cumulative distribution and exceedance distribution

functions of x_ are given by substitution of (11) in (1), that is

n
0 for u < 0

px(u) - } ’
l - exp(-au) for u > 0
1 for u < 0

Q (u) = } . (13)
exp(-au) for u > 0

The characteristic function of random variable y is obtained by

substituting (11) and (13) in (5); thus

fy(&) = 1 - exp(-aL) + I du a exp(ifu-au) =
L

= 1 - B + B

a exp(itfL)
a - 1t ' (14)

where we define

v
o

B = exp(-aL); L (15)

The characteristic function of output z is given by (7) as

. N
a exp(i&L)
£,068) = [1 - B+ 2.8XRUEL) 17
N
. Z(:] (1-p)N-1 P exg(iex.nr)1 . (16)
n=0 (lﬁig/a)

11
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AUXILIARY FUNCTIONS

bPefine the set of functions

( 1 foru<?oO, )
T " exp(-t) : k
E(u,n) = ¢ J dt ol = exp{-u) en(u) = exp{-u) kT f{ (17)
u k=0
\ for u > 0 , J

for n > 0. Here, we used the partial-exponential notation e, (u)
given in [4; 6.5.11). The expansion of the integral in (17) may
be verified by repeated integrations by parts.

Also, define the set of normalized probability density

functions
0 for u < 0
pn(u) - un—l exp (- forn > 1,
p(-u)
Th-1}1 for u 2 0
po(u) = §(u) for all u . (18)

The corresponding characteristic functions are

1

£ (E) = ——r
n (1-ig)"

for n 2 0 , {19)

while the exceedance distribution functions are

Qn(u) = E(u,n-1) for all u, n 2> 1,

1l for u < 0
{20)

Qo (u) = {
0 for u > 0

12
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EXCEEDANCE DISTRIBUTION FUNCTION OF OUTPUT z

Since pn(u) and fn(E) are a Fourier transform pair for n 2 0,
it follows that

1

m and a pn(au) (21)
-1 a

are a Fourier transform pair. Then (16) allows us to determine
the probability density function of output random variable z as

N
p,(u) = Z(N] (1-8)¥"" B™ a p_(a(u - Ln)) for all u ,  (22)

n
n=0

where the "shift factor" u - Ln is due to the exp(ifLn) term.
This is a useful expansion, even for large N, since all the terms
are positive or zero; there is no cancellation, as there would be
for an alternating series.

The exceedance distribution functi n of 2z follows
immediately from (22) as

N

Qz(u) - }E:(ﬁ) (1--3)”‘n B" Qn(a(u - Ln)) for all u . (23)
n=0

Again, this series has no negative terms, Also, the Q, terms are
sums of positive quantities, as may be seen by referring to (20)
and (17). We will be interested only in u 2 0 in the following;

then the n = 0 term in (23) is, by use of (20),

(1 - B)N Qo(au) = 0 for u > 0. (24)

13
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DETECTION AND FALSE ALARM PROBABILITIES

We now utilize (8), (23), (24), and (20) to obtain the
detection probability as

P, = Z(’;) (1-8)N"" g™ g(a(T - Ln), n-1) . (25)

n=1

Here, B is given by (15), and a is given by (12).
The false alarm probability is obtained by setting R = 0,

that is, a = 1:

N N-n _n
P, = Z( ) (1-F) F® E(T - Ln, n-1) . (26)

Here, we have utilized (3) and the sequel, (13), and the fact

that B in (15) reduces, for a = 1, to
exp(-L) = Qx(L; noise-only) = F , (27)

which is the fraction of data passed by the nonlinearity in
figure 1, for noise-only. 1In fact, (27) allows us to explicitly
solve for the required breakpoint value L, for this exponential
example, as
L = - In(F) . (28)
To summarize, (25) and (26) give the detection and false
alarm probabilities in terms of fundamental quantities
N, number of channels,
F, fraction of data passed,
R, signal-to-noise power ratio per channel,

T, output threshold. (29)

14
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The remaining variables in (25) and (26) are given by (28), (12),
and (15) as
-
1 1+R

L = -1In(F) , a = IR B = exp(—aL) = F . (30)

SPECIAL CASES

For N = 1, one channel, (25) and (26) reduce to

F for 0 < T < L
PF = F QI(T_L) = ’
exp(~T) for L £ T
Fd for 0 < T < L
P, =B Ql(a(T—L)) = . (31)
exp(~-aT) for L < T

That is, Py = PFa for N = 1, independent of the value of fraction

F. This is obvious from (13) in this case.
Instead, if fraction F = 1, that is, no nonlinearity, then

(28) and (15) yield L = 0, B = 1, and we find

PF = E(T,N-1)

for F =1 . (32)

PD = E(aT,N-1)

These results agree with [5; (7) and (8)]. A program for the
evaluation of general results (25) and (26), as well as the

special case (32), is presented in the appendix.

15/16
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GRAPHICAL RESULTS

In Figure 3*, the receiver operating characteristic (ROC) is
given for N = 1, F = 1. That is, there is one channel and the
nonlinearity is not active. There is no need to consider values
of F less than 1, according to the comment under (31); however,
see the subsection below on achievable false alarm values. The

curves in figure 3 are parameterized according to
R(dB) = 10 log;g R . (33)

The remaining fundamental quantity, threshold T in (29), has been

eliminated, and Py is plotted versus P, on normal probability

F
paper.
In figqures 4, 5, 6, 7, the number of channels is kept at

N = 2, while fraction
F=1, .1, .01, .001, (34)
respectively. Additional cases for
N=4, 6, 8, 16, 32, 64, {35)

in figures 8 through 31, complete the coverage in a similar

fashion.

*Figures 3 through 31 are grouped at the end of this section.

17
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ACHIEVABLE FALSE ALARM VALUES

Not all values of false alarm probability can be reached by
the processing system of fiqure 1. Since the nonlinear device
output y  can only take on the values Yo - 0 and Y, 2 L, the sum
z can only assume the values z = 0 and 2z » L., Also, since the
probability of z = 0 is (1 - F)N for noise-only, where F is the
fraction of data passed by the nonlinearity in each channel, then
the probability of getting z > L is 1 - (1 -~ F)N. Thus, the

range of reachable false alarm probabilities is

ngl-cl—F)“. (36)

This bound holds regardless of the form of the probability
density for random variables {xn} in figure 1.

For the special case of N = 1, this rule yields Pp < F. Thus,
the plot in figure 3 for N = 1, F = 1 must be modified for F < 1,

to the extent that only the values for P, < F are achievable.

F
For N > 1, the rule in (36) first becomes obvious in figure 6

for N = 2, F = ,01., Namely, (36) yields
P, €1 - {1 - .91)° = ,0199 . (37)

Thus, the curves in figure 6 are terminated to the right of this
value of the false alarm probability. This termination feature

occurs in numerous other figures, always governed by (36).

18
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ERRATIC BEHAVIOR OF RECEIVER OPERATING CHARACTERISTICS

Some of the curves develop significant kinks for larger
values of the false alarm probability; see figure 31 for the most
pronounced example in this set of results. This behavior is not
due to computer round-off error; rather, it is due to the shifted
components of probability density function (22) "kicking in"” when
the output threshold reaches various multiples of breakpoint L.
Equivalently, the shifted E-function components of the detection
probability and false alarm probability in (25) and (26) are
activated at different threchold levels, reflecting the inherent
abrupt change of behavior ol these functions at zero argument.

For example,

1 for u < 0
E(“'o) - ’
exp(-u) for u > 0
( 1 for u < 0
E(u,1) = . (38)
exp(-u)(l+u) for u > 0

Thus, E(u,0) has a discontinuous slope at u = 0, while E(u,1l) has

a discontinuous second derivative at u = 0.

19
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OBSERVATIONS

The required signal-to-noise ratios for various values of N
and F are presented in tables 1 and 2 for two different levels of
performance, as read directly Ifrom fiqures 3 through 31. The
overriding impression is that the degradation in performance is
not severe, even for small values of F, the fraction of data
passed by the nonlinearity. For example, from table 1, the
decibel difference at F = .001 versus F = 1 is, for N = 1, 2, 4,

6, 8, 16, 32, 64, respectively, just
6, 0.3, 0.8, 1.0, 1.2, 1.7, 2.2, 2.7 dB.

For table 2, these differences are substantially the same:
6, 0.2, 0.5, 0.8, 1.0, 1.5, 2.0, 2.5 dB.

Thus, the losses increase from 0 dB at N = 1 channel, to less
than 3 dB for N = 64 channels.

The situation is slightly worse for the lower-quality case of
PF = lE-3, PD = .5, Namely, as F is changed from 1 to .001, the
required increment in signal-to-noise ratio is 0 dB for N = 1,

whereas it is 3.4 dB for N = 64.

20
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Required R(dB) for F =
N 1 .1 .01 .001
1 12.8 12.8 12.8 12.8
2 9.5 9.6 9.7 9.8
4 6.8 6.9 7.2 7.6
6 5.4 5.5 5.9 6.4
8 4.5 4.6 5.1 5.7
16 .3 2.6 3.2 4.0
32 0.4 0.7 1.6 2.6
64 ~1.4 ~1.0 0.1 1.3
Table 1. Required Signal-to~Noise Ratio frr Pp = 1g-6, P
Required R(dB) for F =
N 1 .1 .01 .001
1 22.4 22.4 22.4 22.4
2 16.0 16.0 16.1 16.2
4 11.6 11.6 11.8 12.1
6 9.4 9.6 9.9 10.2
8 8.1 8.2 8.6 9.1
16 5.3 5.6 6.1 6.8
32 2.9 3.3 4.0 4.9
64 0.8 1.2 2.2 3.3
Table 2. Required Signal-to-Noise Ratio for P, = 1E-8, P

21
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SUMMARY

The cost of suppressing the low-level outputs of the detected
squared-envelopes is generally minimal, unless the number of
channels becomes very large. This conclusion has been drawn only
for the example where these squared-envelopes have an exponential
probability density function for both the noise-only as well as
the signal-plus-noise cases. It should also be checked out for
other candidate forms of probability density functions besides
exponential.

One line of reasoning that makes this conclusion more
acceptable is that it is only the larger outputs from the
detectors that are going to lead to positive statements about
signal presence. Thus, suppression of the smaller outputs should
be inconsequential, at least for few channels. However, for a
large number of channels, the sum of many nonzero low-level
quantities may add up to a significant value and affect an

occasional detection decision.
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APPENDIX A. PROGRAM FOR RECEIVER OPERATING CHARACTERISTICS

GEHERATE FD ¥S PF; COMBIMER WITH DEAD ZOHE IH EACH CHAMHEL, TR2535

H=£4 ¢ HUMEER OF CHAHMELS; H>=1
F=.861 ! FRACTIOH OF DATA PASSED; @.<F<{=1,
nIM v(i100) ! THRESHOLD “ALUES

COM PEO1EO),FA1(1@0),F42¢100>  P43(100,Pd4(1A0>,F45100)
COM PAEC189),PA7C108),PdR(100),Pd9¢100) ,FJ10C1008),Pd11188)
COM FPA120162),F313(106),Pd14¢100),Fd15(100),Pd1£4108),Pd170100)
COM PA12¢188),Fd13¢100),Pd26(1008)
DOUBLE H,1,J ! INTEGERS
T=.081
T=T+.01
PE=FHPFCT,F,HD
IF PF>.1 THEM 118
T1=MAX(T=-.01,.01)
T=T+.01
FE=FHPFCT,F,H)
IF Ff>1E-18 THEN 158
T2=T ,
Delt=(T2-T1)-109,
FOR 1=0 T0O 109
T=T1+Delr#1

TCIo=T ' THEESHOLD YALUES

Pfels=FHPELT,F,H> ! FALSE ALARM FPROEARBILITIES

HEXT 1
Ridb=-5 V' STARTIHG SIGHRL-TO-HOISE FATIO (4BD
Delr=.5 ! THCREMEHNT IM SHR (dBE»

FOR J=1 TO 28
Fdb=Ridb+I-1 #Delr |  SIGHAL-TO-HOISE RATID FER CHAMHEL (dJB)

F=10.¢. 1%Rdb)> ! FOWER RATIO

FOR 1= TO 109

T=T(I>

Fd=FHFJCR, T,F, 1> { DETECTIOH PROBABILITIES

IF J=1 THEH Pd1c(i>=Pd
IF 2 THEH Pd2(I>=Pd

N

JI=2
IF J=2 THEHW Fd3CI =Fd
IF J=4 THEHW Pd4Id=Fy
IF J=5 THEH Pd57(1>=Pd
IF J=6 THEH Fd&CI>=Fd
IF J=7 THEHW Pd7C(l)=Fd
IF J=2 THEH Pdg(l)=Pd
IF J=3 THEH Fd3{1>=Pd
IF J=18 THEH Pdlwi{l;<=Pd
IF J=11 THEH Pd11<I)y=pFd

IF J=12 THEH Pd12<1)=Fd
IF J=13 THEH Pd13<(1)=Pd
IF J=14 THEH Pd14(1>=Fd
IF J=1% THEHM Pd15(1)>=Pd
IF J=16 THEHW Pd16C(I)>=Fd
IF J=17 THEW P417(1>=Pd
IF J=13 THEHW Pd18¢(T)=Pd
IF J=19 THEH Pd19(1>=Pd
[F J=20 THEHK Pd28(1)=Pd
HEXT 1

HEXT J
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550
568
5va
2-]t)
590
609
61
520
638
540
650
650
6708
620
£38
7ag
‘16
vz
736
740
7Se
768
7Y
780
799
208
819
820
2839
840
850
860
87a
329
890
360
910
220
938
948
350
360
979
230
998
1999
1819
1822
1e39

FOR I=08 10O 100
PFCID=FHInuphi (PFCTD)
Pd1CI>=FHInvphi (PA1CIYD
P42 CI>=FHInuphi(Pd2C(1))
PA3CIy=FNInvphi (Pd3C¢I))
Fd4(ID>=FHInuphi (Pd4¢1))
PASCId>=FHInuphi (P4SCIY)
PA6CID=FHInuphi (PA6(1))
FA7 (1)=FMInuphi (PA7(1))
PAS8C(I)=FHInuphi (Fd8(1))
PA3¢I)=FHInuphi(PdI(1))
FA1O8CIo=FHInuvphi (Fd1BCI))
FA11CId)=FHInuphiCPA11C1))
PA12CI>=FHInvphi(Pd12¢1))
FAd13¢I)=FNInuvphi(Pd13¢I))
Pd14CI)=FHInuphi (Pd14CI))
PA1SCI)=FHInuphi <Pd15¢I))
F31e(I)=FHInvphi (PA16CIY)
FAITCId>=FHInuphi CFAI7CI))
FA18¢CI»=FHInyphi(Pd18CIY)
PA13¢ID2FHInuphi (PA13¢CID)
Fd20CI)=FHInvphi (Fd20C1))
HEXT 1

CALL Plot

EHD

|

DEF FHInuphi(X) !
IF #%=.5 THEH RETURH B.
P=MIM(®,1.-%)

T=-LOGCP)

T=SORCT4+T)
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AMS 55, 26.2.23

FP=1.+T#01,4327388+T*#(,1859263+T+.0821208))
P=T-£2.5153517+T#7.802853+T*%.0108328>)> P

IF %<.5 THEM P=-P

RETURH P

FHEND

)

DEF FHE<U,DOUBLE H> !
DOUVBLE K !

IF U<=8, THEH RETURM 1.
S=T=EXP(-)

IF H=8 THEM RETURH 3
FOR kK=t TO H

T=T*U K

S=S+T

HEXT K

FETURH S

FHEHD

t

H>=8
INTEGER
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1049
1650
1860
1070
ioge
1890
1100
it10
1129
1130
1148
1159
1169
1179
1189
11906
1208
1218
1220
1230
1242
1250
1260
1270
1286
1298
1300
12190
1320
1338
1348
1350
1368
1370
1380
1398
14980
1410
1420
1430
1449
1450
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DEF FMP€C(T,F,DOUBLE N) !
DOUBLE Ns, N1 !
IF F<1. THEN 10959
Pf=FMECT,N~1)
RETURN Pf¢
t=-LOGKF)>
Hl=N+1
Fi=1.-F
A=F/F1
Tn=F1~N
C=7
Pf=9.
FOR Hs=1 TO N
C=C~L
Tn=Tn#A*(Ni-Ns) /Ns
PF=Pf+Tn*FHE(C,Ns-1)
HEXT Ns ¢
RETURN Pf
FNEND
]
DEF FHPJ(R,T,F,DOUBLE N> ! DETECTION PROB.
DOUBLE Ns, N} '  INTEGERS
Re=1./(1,+R)> I a
IF F<Y. THEN 13890
Pd=FNECRs*T,N-1)
RETURN Pd
=-LOG<(F)>
Hli=H+t
B=EXP(~Rs*L)>
Bi=1.-B
A=B-B1
Tn=B1~N
C=7
Pd=9.
FOR Hs=1 TO N
C=C~L
Tn=Tn*A*(N1-Ns>~-Ns
Pd=Pd+Tn*FHE(As*C,Ns-1)
HEXT HNs
RETURN Pd

FHEMD
l

FALSE ALARM PROB,
INTEGERS
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1420 SUE Flos I FLOT PI WS FF OH HORMAL PROEBABILITY PAPER
1479 COM PFO¥),Pd1(#),Pd2(%),Pd3(*),Pdd4¢*),PdS(*)

1439 COM PAEC#2 ,PAT(*d  PdeC*) ,PdI¢*) ,Pdi@cs) , Pd1l(%)

1490 COM PI12¢*2,Pd130*%)>,Pdid4(*¥) ,Fd1S(*)>,Pd16(*),Pd17(*)
1503 COM PA18C(*) , Pd13(%>,FPd26(%)

1519 DIM AR${26)1,B$030]1,C$(311]

1529 DIM Xiabel$0c1:35),Ylabel $(1:20)

1532 DIM Ycoord(1:38),Ycoord(1:38)

15418 ODIM ¥gridit:30>,Yorid(l:30>

1550 DOUEBLE M, L, Ly, Hx, Ny, I ! INTEGERS

1569 !

1579 A$="Probability of False Alarm"

1520 B¥="Frobability of Detsction"

1599 Ct="Figure ROC for H=64, r=.001"

1600 i

1619 Lx=12

1620 REDIM ¥label$(l:lx),¥coorddislx

1628 IATAR E~-100,E-9,E-8,E~-7,E-6,E-5,E-4,E~-3,.01,.,02,.05,.1
1648 FREAD Xlabel$(*)

1658 DATRA 1E-10,1E-9,1E-8,1E-7,1E~6,1E-5,1E-4,.04061,.01,.082,.85,.1
169 REARD Xcoord(*)

1678 t

1688 Ly=18

1639 REDIM flabel$Cl:Lud,Ycoorddlisby)

1790 DATA .01,.02,.05,.1,.2,.3,.4,.5,.6,.7,.8,.9
1718 DATAH .9%,.92,.93,.995,.998,.999

1729 READ Ylabel$(*)

1722 IATR .P1,.82,.05,.1,.2,.3,.4,.5,.6,.7,.8,.9
1749 DATA .95,.982,.99,.995,.998,.999

1759 READ Ycoord(*)

17609 !

1770 Hx=14

1788 REDIM ¥grid(l:Hx>

17398 DATA 1E-16,1E-9,1E-8,1E-7?,1E~6,1E-5,1E-4
1390 DATA .@981,.202,.905,,01,.92,.05,.1

{814 FEAD Hgrid(®>

18208 !

18209 Hy=18

1840 REDIM Ygrid<{i:iHud

1250 DATAR ,.91,.02,.85,.1,.2,.3,.4,.5,.6,.7,.8,.9
1260 DATA .95,.92,.99,.995,.998,.999

1878 FERD Ygridi*)

12840 i

1839 FOR I=1 TO Lx

1399 Aeoord(l)=FHInuphi(Xcoord{1l>)

1910 HEXT 1

1929 FOR I=1 TO Ly

1320 Yeoord(Id=FHInvphi(Ycoord<(i>>

1949 HEXT 1

1339 FOR I=1 TO Hx

13€08 AgridCId=FHInuphi (Agriddl>)

1978 HEXT 1

1988 FGR I=1 TQ Hy

1390 Yarid(I)=FHInvphi(Ygridd{l>)
2800 HEXT I
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Hq1=Lariddl)
X2=Xgridd(HxD
Y1=Ygrid(1>
Y2=Vgrid(Hyd
GIHNIT 209.-260.
PLOTTER IS 505, "HPGL"
PRINTER IS 585
PRINT "ys2*
LIMIT PLOTTER 505,9.,200,,0.,260.
YIEWPORT 22.,85.,19.,122.
WINDOW ®i,X2,Y1,Y2
FOR I=1 TO HNx
MOVE Hgrid<Id, Y1l
DRAW Xgrid(l),Y2
HEXT 1
FOR I=1 TO Ny
MOVE X1,Ygridd(I»
DRAM X2,Ygrid(lD
HEXT 1
LDIR ©
CSIZE 2.3,.5
LORG S
T=Y1-C(Y2~Y1)%,82
FOR I=1 70O Lx
MOVYE Xcoord(I),¥
LABEL Xlabels$(I>
HEXT 1
CSIZE 3.,.93
MOVE .B%(A1+X2),Y1-,06%(Y2-Y1)
LABEL AS$
MOVE .5%(X1+X2),Y1-,1%(Y2-Y1)
LABEL C#
CSIZE 2.3,.5
LORG 8
H=K1-(K2-¥1)%,01
FOR I=1 7O Ly
MOVE %X,Y¥coord(l)
LABEL Ylabgisd(l)
NEXT 1
LDIR PI-2.
CSIZE 3.,.3
LORG S
MOVE Xi-, 15%(X2-¥1),.S#(Y1+Y2D
LABEL BS$
FPEHUP
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2460 FLOT Pf(%>,Pdl1(%>

2470 FENUFP

2489 PLOT Pf(*>,Pd2(#*)

2499 PEHUP

25e8 PLOT Pf(*)>,Pd3(#*)-
25149 PEHUP

2528 PLOT Pf(%)>,Pd4(%)

2530 FENUP

2540 PLOT Pf(*),PdS(*>

2550 PEHUP

2560 PLOT Pf(*),Pd6(*>

2370 PEHUP

2580 PLOT Pf(*),Pd? (%)

2390 PERUP

2608 PLOT PFC(x>,Pd8(%)

2619 PEHUP

2620 FLOT Pf(*>,Pd9(*>

2630 FENUP

2640 FLOT PfC*>,Pd108(*)
26506 PEMUP !

2669 PLOT Pf(*)>,Pdllcx)
2678 FEHUP
2689 PLOT PfC*>,Pd12(*)
26309 PEMHUP
2789 PLOT Pf(#),Pd13(%*)
2710 FEMUP
2728 PLOT Pf(x>,Pd14(*)

2739 PENUP

2749 FLOT PRC%),PA1SC#)
2759 PEHUP

2760 PLOT PF(%),Pd164{%)
2770 PEMUP

27280 PLOT PFC*),Pd17(%)
2796 FEHUP

2890 PLOT Pf(*),Pd18¢(%)
2318 PEHUP

2820 PLOT Pf(%),Pd19¢%)
2530 PEMUP

2840 PLOT Pf(#),Pd2B(*)
2850 PEHUP

2569 BEEP 500,2

2879 PAUSE

2880 FRINTER 1S CRT
2890 FLOTTER 505 IS TERMINATED
2990 SUBEMD
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Optimum Memoryless Nonlinear Transformation
For Weak Narrowband Signals in Noise

A. H. Nuttall
ABSTRACT

The optimum memoryless nonlinear transformation for weak
narrowband signals in narrowband noise is derived in terms of the
Joint probability density function of the noise amplitude and phase
modulations. The optimization is in terms of maximizing the
magnitude of the deflection of the complex envelope at the
nonlinearity output for small signal inputs of arbitrary
characteristics. The optimum nonlinearity is complex, in general,
meaning that a phase modulation, in addition to that present at
the input to the nonlinearity, is superimposed. A problem with
the behavior of the optimum nonlinearity is traced back to a
shortcoming in the approximate analysis, and a method for
circumventing the problem is presented. Two methods of treating
the spurious weak signal component at the nonlinearity output are
consgidered and compared quantitatively. Finally, the optimum
nonlinearity for processing phase differences is derived for a
particular model of noise statistics and shown to be closely
related to an earlier processor.
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OPTIMUM MEMORYLESS NONLINEAR TRANSFORMATION

FOR WEAK NARROWBAND SIGNALS IN NOISE
INTRODUCTION

For strong additive noise that is not Gaussian, a nonlinear
transformation that suppresses the noise, but passes the signal,
is useful in aiding in the detection of weak signals. Here, we
will first review the standard memoryless nonlinear transforma-
tion of a lowpass real waveform composed of signal-plus-noise or
noise-alone and maximize the deflection. A problem arises for
the "optimum” nonlinearity, which indicates the possibility of
infinite deflection; this behavior is traced to a shortcoming of
the approximate analysis, and a method for circumventing it is
presented.

Then, we extend these ideas to a narrowband waveform contain-
ing both amplitude and phase modulation on the signal as well as
the noise. 1In both cases, a deflection measure, for small input
signals with arbitrary characteristics, will be maximized by
choice of the arbitrary memoryless nonlinearity characteristic.
The presence of a spurious weak signal component at the non-
linearity output will be fully discussed and treated in two
different ways. Also, the apparent infinity of the "optimum"
nonlinearity and its corresponding deflection will be thoroughly
investigated, and a method will be presented for ameliorating the

shortcomings of the approximate analysis.
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Some of the results of this investigation confirm those in
[1,2]. However, we give a full derivation of the method and
elaborate at length on how to handle the spurious signal
component and anomalous behavior. Additionally, the loss of
detectability, caused by the desire to completely suppress the
spurious signal component, is evaluated quantitatively.

A complete derivation of the optimum nonlinearity operating
in the presence of noise with phase dependence of a particular
kind is also presented. The corresponding maximum deflection is
derived in terms of the amplitude and phase difference
probability density functions. The anomaly for small noise

amplitudes is discussed and illustrated by examples.
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LOWPASS REAL WAVEFORM

Received real waveform x(t) is composed of signal-plus-noise
or noise-alone, where the additive noise n(t) is considerably

stronger than the signal and can be non-Gaussian. That is, input

s(t) + n(t)
x(t) = or , (1)
n(t)

where s(t) is the signal waveform with arbitrary characteristics.
This waveform is passed through arbitrary memoryless nonlinearity

g giving output

g{s(t) + n(t)} y,(t)
y(t) = g{x(t)} = or = or . (2)
gi{n(t)} vy (t)

Transformation g need not be analytic.

MEAN OUTPUTS

For a given signal amplitude s(t) at time t, the mean output
of the nonlinearity is given by averaging over the noise

v . *
statistics:

Y7060 = g(s(6) + n(6)] = | du p(u) gis(t) + u} , (3)

*
Integrals without limits are over the range of nonzero
integrand.
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where p is the known probability density function of noise n(t)
at time t. (We have suppressed any t dependence of p, but this
analysis allows for nonstationary additive noise, if need be.)

Now let the change of variable, x = s(t) + u, be made in (3) to

get
y178) = [ ax p(x - s(t)) gix} = (4)
= j dx [p(x) - s(t) p'(x)] g{x} , (5)

where we expanded the noise probability density function p about
the point x, through linear terms in (weak) signal amplitude
s(t).

A note of caution is in order regarding expansion (5). Since
X can range over (-«,+»), we are presuming that probability
density function p(x) has a local tangent for all x; that is,
p(x) has no discontinuities in slope. If we attempt to employ
the following results on a density p(x) that violates this
condition, the conclusions may be incorrect and a closer
investigation is warranted.

For noise-alone, we set s(t) = 0 in (4) to get mean output

yo(t) = dx p(x) g{x} . (6)

The difference in mean outputs, that is, signal-present versus

signal absent, follows from (5) and (6) as the approximation

Y1E) - ¥o(E) = - s(t) [ dx pr(x) glx) . (7)
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OUTPUT DEFLECTION

At the same time, the variance of the output of the non-

linearity for noise-alone is

2

var(y (t)) = y2(t) - y (€1 , (8a)
where mean-square value
y2(t) = g?(n(t)} = [ ax ptx) g?ix} . (88)

Combining (6)-(8), we define an output deflection from the

nonlinearity g as

2

N EAGERAG]
d- = var (y_(t)) v

= s%(t) - [J o p'(X)-g{X}]z — . (9)

f dx p(x) gzix} - [j dx’p(x) g{x}]z

This is an approximation to the deflection since it utilizes
(5). Therefore, the following results based on (9) are also

approximations.
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MAXIMUM DEFLECTION

We would like to maximize this small-signal deflection at the
nonlinearity output by choice of the nonlinearity characteristic
g. However, two observations should be made. First, the
absolute scale of g is immaterial to the deflection; that is,

a g{x} obviously gives the same deflection d° as does g{x}.
Second, an additive constant to g does not affect the deflection;
that is, g{x} + b gives the same value of dz as does g{x}. This
is easily verified by direct substitution of g{x} + b for g{x}
in (9), whereupon b is seen to cancel out everywhere. More
generally, nonlinearity a g{x} + b gives the same deflection as
g{x}.

What this means is that, without loss of generality, we can
set the nonlinearity mean output for noise-alone, §;TFT, equal to
zero, and not detract from the attainable values of deflection
criterion (9). So, setting (6) to zero, (9) becomes

- s2(¢t) [J S prtx) g(X}]Z . (10)

[ ax ptx) g%1x)

2

d

But now, by use of Schwartz’s inequality, this ratio is maximized

by the optimum memoryless nonlinearity

_ '{x) _ _4a
Iplx} = - Bf = - g 1o pix) . (11)

Here, we have taken advantage of the scaling independence in
order to supply the factor -1 for convenience. The resulting

maximum deflection is
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'2 X

pix) (12)

di - s52(t) f dx

Substitution of optimum nonlinearity (11) into noise-alone
mean output (6) immediately yields zero, consistent with the
assumption utilized in reducing (9) to (10). We should also
notice that signal value s(t) appears as a multiplicative term in
general deflections (9) and (10); thus, the optimum nonlinearitv
9, can be selected, as in (11), without regard to the particular
signal amplitude. It also allows s(t) to be deterministic or
random, as the case may be. These approximations are all

predicated on the small-signal assumption utilized in (5).

EXAMPLE

As an example of (11) and (12), consider Gaussian noise for

which

(x) S S ii_:_ﬂ_lz 4 11
p(x) = exp |- 3 or all x .
Ior

2n N ch

As noted under (5), this probability density function has no

discontinuities in slope. Substitution in (11) and (12) gives

X - p,
gm{x} - for all x

and
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Thus the (approximate) optimum nonlinearity is, in fact, linear,
and the maximum deflection is the instantaneous signal-to-noise
power ratio at the input to the nonlinearity.

By the arguments given in the sequel to (9), we could equally

well use nonlinearity

g x} = x

and realize the same maximum deflection di. This latter
nonlinearity, §m, would have a nonzero noise-only mean output,
namely Boi however, this is not a problem since it is known and
could be subtracted from the output of §m' if desired.

In the general case, we can always use (modified) optimum

nonlinearity
§uix) = a g {x} +b

instead of (11) and still get maximum deflection di in (12),
where a and b can be chosen for convenience. The major
Aifference is that the noise-only mean output is then b, not
zero; however, since b is known, this constitutes no limitation

or problenm.
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PHYSICAL INTERPRETATION

The general situation is depicted in the series of plots in
figures 1 ~ 3. The noise-only output yo(t) is given on the left
side of each plot, while the signal-plus-noise output y;(t) is
given on the right side. The mean of each waveform is indicated
by a horizontal dashed line. Figure 1 represents the starting
point of the analysis, namely (2). Figure 2 indicates the output
waveforms for the case of the optimum nonlinearity 9y in (11),
that is, yo(t) now has zero mean. The nonlinearity In maximizes
the ratio of the mean of yl(t) to the standard deviation L of
yo(t). Finally, figure 3 biases both yo(t) and yl(t) by constant
b and scales both by factor a; it represents the outputs of non-
linearity §m.

Another note of caution is in order relative to approxima-
tions (11) and (12). 1If p(x) is zero at any value of x, the
ocptimum nonlinearity In approaches infinity at that point, and
the maximum deflection d; may become infinite as well. This is
physically unrealistic and indicates that certain forms of the
noise probability density function p are disallowed or that the
approximations have gone awry. For example, if p approaches zero
at an isolated point, it must do so faster than linearly in order
that integral (12) remain finite from the contribution in the
neighborhood of that point. However, integral (12) is itself an

approximation and must also be investigated more closely.
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Figure 1. Outputs from General Nonlinearity g
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Figure 2. Outputs from Optimum Nonlinearity I
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Figure 3. Outputs from Modified Optimum Nonlinearity Qm
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This possibility of infinite deflection is not entirely due
to inadequacy of the approximation utilized in (5) and the
sequel. 1In general, if we use (4), (6), (8), and the upper line

of (9), we have, for any g, exact deflection

[I dx (p(x-s) - p(x)] gix}]z

[ ax ptx) g%(x)

Ez(s) =

where we have replaced s(t) by s for notational brevity. Now
suppose that we consider signal value s known and that non-
linearity g can be chosen with this knowledge. The optimum

nonlinearity is then (with no approximations)

p{x-s) - p(x) _ p(x-s) _,
p(x) p(x) )

g (x;s} =

Although it is physically unrealistic to presume signal value s
known, this approach is informative in that it pinpoints the
source and rate of approach of the infinities. It is immediately
seen that if p(x) approaches zero somewhere, then Ee{x;s}
approaches infinity at that x value (unless s = 0). The

corresponding maximum deflection for nonlinearity Ee{x;s} is

o [p(x-s) - p(x)] o2 (xes)
de(s) = J dx p(x) f dx p(x) -1l

and will remain finite only if p approaches zero less fast than
linearly. Thus, the condition on the rate of approach of p to
zero, in order to maintain finite deflection, is reversed from

the conclusion above based on approximation (5). This reversal

11
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is very important to know about, but the possibility of infinite
deflection still remains.
If we now make the small-signal assumptions on the exact

results above, we find

[4

g (xis) - - s g(—%i - s g,(x]

2
ales) - j ax B {x) (x) - a2,

consistent with (11) and (12), respectively. (The multiplicative
factor of s in Ee{x;s} is merely an irrelevant scale factor, as
far as the deflection is concerned.) No nonlinearity can
outperform ag(s) for any signal value s, since the latter result
allows for use of knowledge of p(x) as well as value s. So if d;
in (12) gives a result larger than Hg(s), it means that the
approximation giving rise to (12) was faulty. 1In that case, we
should revert to exact deflection az(s) and substitute the
particular nonlinearity g being employed. For example, if
approximate optimum nonlinearity I in (11) is utilized, the

corresponding deflection is found to be

[J dx p(x- s) p' (X)/p(X)]
J dx p'2(x)/p(x)

=2
dm(s) =

of course, ai(s) < az(s) in all cases.
Some examples are useful at this point. For Gaussian noise,

we have

12
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p(x) = (Zu)_’i exp(-x2/2) for all x ,

gm(x} - _ PIi{x) _ %

p(x) !
2 2
j dx (x) s” ,
di(s) = 52 '

ge{x;s) = exp[sx - %sz] -1 ~sx =159 {x},

Ez(s) = exp(sz) -1 ~ 5= di

The quantity ai(s) is larger than di for all s (except s = 0).
All of these results are self consistent.

For exponential noise,

p(x) = % exp(~]x]) for all x ,

g {xt = - R (x) _ sgn(x)

p(x) !
s? I dx (X) - s,
Ei(s) = {1 - exp(—isl)]z - s - !8!3 ,
golxis} = exp(-|x-s| + |x|) - 1,

<2 2 1 .3
di(s) - % exp(|s]|) + %— exp(-2]s]) - 1 ~ 5% - 1 |s|

Now, ag(s) is less than d;

for 0 < |s| < 2.07; thus the
approximation di is somewhat optimistic and Ei(s) should be used

instead. A sketch of nonlinearity §e{x;s} reveals that it

13




TR 8611

resembles s sgn{(x)}, especially for small s. This example is

consistent except for di,

despite the fact that p’'(x) is
discontinuous at the one point x = 0.
For a noise probability density function with a zero (at the

origin for convenience), we have, for example,

p{x) = a ]x]v exp(—]x]”) ’ v>20, wpw> o0,

gaixt = - §T£§l ~ - § as x - 0 ,

/

- 2 p’ (x o
I dx plx) < if v > 1

Elf‘(s)=o ifv<l,

7

g_{x;s} = RL%i%l -1 ~RB=8) s x50
€ P a |x|

a'z(s)<m if v o<1

As anticipated, the condition for finite deflection is reversed
in the exact result (v < 1) versus the approximation (v > 1). 1In
addition, the rate of growth of the optimum nonlinearity near
X = 0 is milder for the exact result and of a very different
character. The reason that ai(s) is zero for v < 1 is that
*(x)/p(x) ~ 1/x, whereas p'z(x)/p(x) ~ xV7? as x - 0+; thus, the
integrand of the denominator of Ei(s) has a higher-order
singularity at x = 0 and approaches infinity at a faster rate
than the numerator. This example exemplifies the need for close

scrutiny of a noise probability density function which has a zero

value anywhere in its range.

14
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NARROWBAND WAVEFORM

The available input waveform of interest in this section has

the form

Ax(t) cos[2nfot + ¢x(t)] ' (13)

where fo is the known center frequency, and Ax(t) and ¢x(t) are
the lowpass amplitude and phase modulations, respectively. The
complex envelope of this waveform, which can be easily extracted

from (13), is
x{t) = Ax(t) exp(i¢x(t)] . (14)

We will allow an arbitrary complex memoryless nonlinear
transformation h of Ax(t) and ¢x(t): that is, the output is

modified complex envelope
y(t) = h{Ax(t).¢x(t)} = hilx(t)], arg{x(t))} = g{x(t)} , (15)

where g is an arbitrary complex function of complex argument
x(t). Transformation g need not be analytic.

The input x(t) to nonlinearity g is composed of signal-plus-
noise (or noise-alone); thus, we can express the signal-plus-

noise output as
yp(t) = g{a_(t) expli¢_(t)] + A (t) explid ()]} , (16)

where As(t) and ¢s(t) are the arbitrary input signal amplitude
and phase modulations, while An(t) and ¢n(t) are the input noise

amplitude and phase modulations, respectively. We presume a low

15
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input signal-to-noise ratic; that is,

2 2
As(t) << An(t) . (17)

However, there are no limitations on the sizes of phase
modulations ¢S(t) and ¢n(t), nor on the signal characteristics.
The join:t probability density function of the noise amplitude and
phase modulations is presumed known; that is, p(An,On) is given.
(Again, although we suppress any t dependence of p, the following
analysis allows for nonstationary noise simply by reinstating any

t dependence in p.)

MEAN OUTPUTS

For given signal amplitude and phase modulations As(t) and
¢s(t), the complex mean output from the nonlinearity g is, from

(16),
1060 = [ aa) as, gfa (trexplis (t)1+a explis 1} p(A ,4). (18)
We now make the change of variables
A expli¢] = As(t) exp[i¢s(t)] + AL exp[i#n] (19)

in (18). The Jacobian of this two-dimensional transformation is

derived in appendix A; it is

3An,4y) A A
3(A,¢) " A, " TR expli¢] - A_(€) exp[1#_(E1T] (20

16
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At this point, for notational convenience, we will suppress
the t dependence of Al and bgi this time dependence will be
reestablished after all the following mathematical manipulations
have been completed. The use of (19) and (20) converts (18) into

the following exact result for the complex mean output

— A .
¥1(6) = [[ an as TR exp(i¢) - A_ exp(i¢)] IR exPie)} x

x p(I1A exp(i4) - A, exp(is )|, arg(h exp(i#) - A, exp(ie )}).(21)

This expression could be written in an entirely equivalent form
by replacing g{A exp(i¢)} with h{A,¢}; that is, from (14) and
(15),

h{a,¢} = g{A exp(i¢)} for all A,¢ . {22)

This latter form, in terms of h, more clearly accents that a
completely arbitrary transformation of A and ¢ is allowed;
however, since g is arbitrary, the same is true of the form

g{A exp(i¢)}, which is used henceforth.

17
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SMALL INPUT SIGNAL-TO~NOISE RATIO

We now make use of the low input signal-to-noise ratio
assumption, (17), by expanding (21) through first-order terms in

the signal amplitude modulation As. Since

11 - ¢ - i8] = J(l - €)%+ s

2“‘1"8,

and
arg(l ~ ¢ - i8) ~ - & ,

through linear terms in real variables € and §, then

|A exp(i¢) - AS exp(i¢s)| ~ A - As cos(¢s - ¢) for As << A ,

(23)
A
arg{A exp(i¢) - A_ exp(id )} ~ ¢ - KE sin(¢, - ¢) for A <CA .
Substitution in (21) yields
—_— A .
y,(t) ~ da dé - g{A exp(i¢)} x
1 II A - As cos(¢s $)
AS
x p(A - A  cos(é, - 4), ¢ - 3= sin(é, - #)] . (24)
Define
d 3
pl(A'¢) = -ax P(A:¢) ’ pz(Al¢) = W p(A:¢) ’ (25)

where it is presumed that these derivatives of p exist. Then the
term in (24) involving joint probability density function p can

be expanded as

18




TR 8611

A
P(A,¢) - A_ cos(¢_, - 8) py(R,$) - 5= sin(é_ - ¢) p,(A,¢) , (26)

to linear terms in A. Coupled with

A

s
~1 4 A cos(¢s - ¢) for As << A , (27)

A
A - A, cos(¢s - ¢)

(24) develops into

yl(t) - JI da d¢ [1 + ;5 cos(¢s - ¢)] g{A exp(i¢)} x

A
x [p(A,#) - A  cos(s, - ¢) b (A, 4) - 32 sin(s, - ¢) py(A,8)] =

A
- [[ an a¢ g(a exp(ie)} [p(a,0) + 32 costeg - ¢) p(A,#) -

A
S .
- B  cos(é = #) py(A,¢) - 3= sin(e, - ¢) py(A,8)] . (28)

through linear terms in Ag. There is no presumption about the
form of nonlinearity g in these expressions.

There is a fundamental flaw in the use of approximations
(23) and (27) in integral (21). The approximations specifically
require that A > A , yet they are used in end result (28) all the

way down to A = 0. The results in (23) should be augmented with

|A exp(i¢) - A  exp(ié )| ~ A
for A << As

arg{A exp(i¢) - As exp(i¢s)} ~ ¢s +n

19
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This would not only eliminate the troublesome 1/A dependencies
for small A in (23)-(28), but in fact convert the Jacobian to a
linear A dependence for small A, a very marked change.

The reason we do not incorporate this behavior is that it
would greatly complicate (28), and the intermediate range,
A = As' would still not be covered. What this means is that we
can anticipate some problems with approximation (28) and further
results based on (28), for small A; in fact, we mu.. be willing
to modify or discard the 1/A dependency in some cases and ranges,
since it is based upon an invalid approximation. We will return
to this point later and elaborate in more detail.

The mean output from complex nonlinearity g, for noise-only,

is available directly from exact result (21) by setting As = 0:

Yo(E6) = [[ da d¢ g(a exp(ie)} p(a,¢) . (29)

20
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DIFFERENCE IN MEAN OUTPUTS

The difference in complex mean outputs from nonlinearity g,

for signal-present versus signal-absent, is then available from

(28) and (29) as

Y108 - Y060 = - a, [[ an a¢ gla exp(i4)) x
x [coste, = #) q (A, 8) + sin(eg - ) gy, 0] , (30)

where, using (25), the real quantities

q (a4) = A 52 (BBl g (a,e) - g2 (RURE)) L (31
The approximate result in (30) is similar to that in (7) for
the lowpass real case in that signal amplitude A_ appears
multiplicatively as a linear factor. However, (30) is still
complicated by the appearance of signal phase ¢s inside the

integrals. If we expand the cos and sin terms in (30), we find

yl(t) - yo(t) - - A (cos¢s zZ, + sin¢s zb) ' (32)

wvhere complex numbers {(due to the allowed complexity of g)

z, = [ dA dé g{A exp(ié)} LC°s¢ q,(A,¢) - siné qz(A,¢)] '

z, = [ da dé g{A exp(ié)} -sin¢ ql(A,¢) + cosé qz(A,¢)] . {33)

21
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An alternative form of (32) is more useful; specifically, the

difference of mean outputs can be expressed as

. . 1 . .
yl(t) - yo(t) = - % Asexp(1¢s) (za-lzb) -3 Asexp(~1¢s) (za+1zb)-

(34)

- - % As(t) exp[i#s(t)} (za-izb) - % As(t) exp{—i¢s(t)] (za+izb),

where we have reestablished the time dependence of the signal
amplitude and phase modulations As(t) and ¢s(t), respectively.

The two complex numbers in (34) can be written as

z,-izp = [[ A a6 g(A exp(i4)} exp(-14) ay(A,8) - ig,(A,4)1,(35)
2,+1z, = [[ dA d¢ g(A exp(i#)} exp(+i¢) [q (A, 4) + iay(A,4)]1.(36)

The leading term in (34) contains a replica of the input

signal to the nonlinearity g, namely,

A () explid (t)] , (37)

and will be called the desired signal component in the difference
of mean outputs. The remaining signal-dependent term in (34),

namely,

As(t) exp[-i¢s(t)] ' (38)

is of no interest since it has a distorted phase modulation.
That is, (38) will not correlate with the local reference, since

the latter has exactly the same form (38). Henceforth, we simply

22
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ignore the extra term (38) in difference (34). Thus, for the

desired signal component, we have

1 \
(yl(t) - Yo(t))desired --3 As(t) exP[ios(t)] (za - 1zb) » (39)

where the complex number z_ - i zZ), is given by (35).

a
The simplest example of this behavior is furnished by the

nonanalytic nonlinearity
gz} = 1z1% ,

for which the output is

yy(t) = [A (t) expli# (t)] + A (t) explis (t)]]° =
- A2(t) + A_(t) expl-1¢_(£)1 A_(t) explie (t)] +

+ A (t) explié (£)] A_(t) exp(-i¢_(t)] + AZ(t)

Both types of signal terms, (37) and (38), are exhibited here.
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VARIANCE OF OUTPUT

At the same time, the variance of the output of the

nonlinearity, for noise-alone, is

2
var(y, (t)) = lyo(t) - Yo(t)’ =

2 2
- yo(t)l - yo(t)l : (40)

where yo(t) is available from (16) by setting As(t) = 0:

yo(t) - g{An(t) exp[i¢n(t)]} . (41)

There follows immediately the exact result

2 2
var(y(6)) = |atag(t) explie 1)} - [T FO erpiTatOTT| -

=[] aa as 19(a exp(i4)31% p(a,0) -
2
- III dAa dé g{A exp(i¢)} P(A'¢)l ' (42)

where p(A,¢) is again the joint probability density function of

the noise amplitude and phase modulations.

24
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OUTPUT DEFLECTION

We are now prepared to define an output deflection from

nonlinearity g (analogous to (9)) as

a2 - | 72T - 3570 gesireal” .
var(y (t))

|[[ aa a¢ 9(a exp(i4)) exp(-i4) lq;(a,4) - ig,y(a,4)1]°
JI da d¢ Igi }!2 p(A,¢) - III da d¢ g{ } p(A,¢)lz

=152
= 7 A ()

’

(43)
where we used (39), (35), and (42). Since (30)-(39) are based on

approximation (28), deflection (43) is likewise an approximation.

MAXIMUM DEFLECTION

We would like to maximize this small-signal deflection (43)
at the nonlinearity output, by choice of the nonlinearity
characteristic g. However, as in the sequel to (9), two
important observations must be made. First, the absolute sca'e

of g is obviously immaterial to the value of dz. Second, an

additive complex constant to g does not affect dz; this last
property is derived in appendix B. Thus, nonlinearity

a g{A exp(i¢)} + b gives the same deflection as g{A esip(id)},
where a and b are arbitrary complex constants.

what this means is that, without loss of generality, we can

set the complex nonlinearity mean output for noise-alone, yo(t),
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equal to zero, and not detract from the attainable values of
deflection criterion (43). So, setting (29) to zero, (43)

becomes

2 Akt) |[[ aa as ofa explio)} exp(-i4) lay(n,4) - iqy(a,4)1]°
d = 4 - r 2 I
[ aa a6 |gta expcie)}]? pea,e)

(44)

But now, since g is completely arbitrary, this ratio is maximized
(according to Schwartz’s inequality) by the (approximate) optimum

memoryless nonlinearity

exp(id) (qy (A, ) + iq,(a,4))

g, (A exp(i¢)} = h {A,¢} = - STAE) -
- - P B a(R) < g (BR)] -
= - exp(i¢)[3§ ln(Ei%Lil] + % 3% 1n{p(A.¢)}] ' (45)

where we used (22) and (31). Here, we also have taken advantage
of the scaling independence in order to supply the factor -1 for
convenience. This result agrees with [1; (9)].

The resulting maximum deflection is

2
dn = 7 Ag(t) [[ on ae PR, 8 — -
2 2
= 7 Aglt) f[ da d¢ p(A, ) ‘ (4¢)
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where q; and q, are available from (31) as

q (A 4) = a g8 (RIRetl) g (a9 - G2 (RABL) (49

Whether the phase term, qz(A,¢)/p(A,¢), in optimum nonlinearity
(45) is important or not can be ascertained from (46) by
evaluating it with and without the q%/p term present. Some
limitations of approximations (45) and (46) concerning the 1/A
dependencies are given in appendix C, as well as an alternative
approach.

Substitution of optimum nonlinearity (45) into noise-alone
mean output (29) immediately yields the conjugate of the integral
in (B-1), which is shown to be identically zero in (B-4). This
is consistent with the nonrestrictive assumption utilized in
reducing (43) to (44). It should also be noted that signal
amplitude As(t) appears as a multiplicative term in general
deflections (43) and (44); thus, the optimum nonlinearity 9, can
be selected, as in (45), without regard to the particular signal
amplitude. It also 2llows As(t) exp{i¢s(t)] to be deterministic
or random, as the case may be. This is all predicated on the
small signal assumption utilized in (22)-(28). The actual output
time waveform from the optimum nonlinearity In in (45) is
obtained by replacing argument A exp(i¢) with

As(t) exp[i¢s(t)] + An(t) exp[i¢n(t)]; see (16).
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PHYSICAL INTERPRETATION

A physical interpretation of what is taking place in this
complex envelope case is given in figures 4 - 6. The noise-only
output yo(n) is plotted on the left side of each figure as a
complex point in the plane, which moves as time progresses. The
noise-only mean output for arbitrary nonlinearity g is indicated
by a dashed arrow in figure 4 to the complex point y;T?T given by
(29). For any nonlinearity g selected, this is a known point
since joint probability density function p(A,4) is known.

When signal is also present, the situation for output yl(t)
is depicted on the right side of each figure. The mean output
for arbitrary nonlinearity g is indicated by a dashed arrow in
figure 4 to the complex point §IT€T given by (21) or (28). This,

too, is a known point for specified g, A é

s’ 's”

When we choose the class of nonlinearities g that have zero-
mean noise-only output §;T?T, as done in (43)-{44), we are taking
advantage of knowledge of these locations and the situation is
as shown in figure 5. The mean location of complex waveform
yo(t) is now at the origin of coordinates and its standard
deviation from the origin is indicated by Oy Then the plot of
yl(t) appears on the right side of figure 5, where the dashed
arrow is drawn to the point ?ITET. When we maximize the

deflection criterion d2

in (44), we are maximizing the ratio of
the length of the arrow on the right side to the standard

deviation g, on the left side. Physically, we are trying to make
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Figure 4. Outputs from General Nonlinearity g

Figure 5. Outputs from Optimum Nonlinearity In

y .(t)

C:j/yor(t)

Yli(t)

b

N

ylr(t)

Figure 6. Outputs from Modified Optimum Nonlinearity §m
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the signal-present average distance from the origin as large as
possible relative to the signal-absent deviations from the
origin.

Finally, figure 6 represents the outputs when the optimum
nonlinearity is scaled and biased by an arbitrary factor and
additive constant. Both yo(t) and yl(t) are similarly scaled and

shifted, but the maximum deflection is unchanged.

EXAMPLES

As an example of (45) and (46), suppose the narrowband noise

is zero-mean Gaussian; then

2
p(A,¢) = 3 exp[— —57] for a > 0, |9 < n, {48)
Znan Zan
giving
g (A exp(i$)] = —= A exp(i¢) (49)
g
n
and
,  Al(t)s2
a3 - (50)
°n

Thus, the optimum nonlinearity in (49) is linear and the maximum
deflection is the signal-to-noise power ratio at the input to the
nonlinearity. A more thorough analysis of this example is given

in appendix C.
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By the arguments given in the sequel to (43), we could

equally well use nonlinearity

§,(A exp(i¢)} = A exp(i¢)

2

n in (50). In the

and realize the same maximum deflection d

general case, we can always use (modified) optimum nonlinearity
@m{A exp(ié¢)} = a gm{A exp{i¢)} + b

instead of (45), and still realize maximum deflection d; in {(46),
where complex constants a and b can be chosen for convenience.
The major difference is that the noise-only mean output is then
b, not zero; however, since b is known, this constitutes no
limitation or problem. This case is depicted in fiqure 6.

As a second (more general) example, if the noise amplitude

and phase modulations are statistically independent, then

and (45) reduces to

P
o
"~
— 7

a p,(A)
gm{A exp(i¢)} = hm{A,¢} = — exp(i¢) 7Y 1n -] ¢+ i

o
o
R g

(52)

This result agrees with [1; (10) and (16)]). The maximum

deflection, (46), is
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—

, , [pé(A) - pa(A)/A]z
dm - 2‘ As(t) da - Pa“\) +

J 1 Pal®) J S p52<¢)} 53,
+ A ——— 4, ——— .
A2 pb(¢)

The relative importance of the pé(#) term can be easily
ascertained from here. The 1/A dependencies are thoroughly

discussed in appendix C.

DISCUSSION OF IMAGINARY TERM

In general, for the optimum nonlinearity in (45), the exp(i¢)
factor indicates a replication of the phase-modulation at its

input; that is, from (16),
arg{A_(t) expli¢ (t)] + A (t) explis (t)]] (54)

is reproduced at the output of In* And if the imaginary term
inside the bracket of (45! were zero, that is, q, = 0, this would
be the totality of phase modulation at the output of the optimum
nonlinearity. Since g, = 0 corresponds to p(A,¢) being
independent of ¢, the modification of the amplitude modulation at

the nonlinearity input would then be according to

3 pa(A)
- 3 In { Y ' (55)

and the maximum deflection is
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2 1

2 o121 - p,(a)/a]?
dm - As(t) dA .

pa(A)

) (56)

However, the presence of the extra imaginary term in (45)
means that additional amplitude and phase modulations to those
given in (55) and (54), respectively, are superposed on the

output. Whether this is significant, in practice, will depend on

a quantitative investigation of the relative sizes of qi and qg

in maximum deflection {(46).

SIZE OF NEGLECTED TERM

When we expressed the difference of mean outputs from
nonlinearity g in the form (34), we discarded the second term as
being of an undesirable form. To see how this neglected term
compares with the retained term, in terms of magnitude, we need

to compare |z_ - izb) with |z + izbl. For the optimum

a a

nonlinearity I in (45), we have, from (35) and (36),

‘ qi(A,¢) + q%(A,¢)
lza B lzblm i p(A,¢) ' =7
2
| ' [ql(A,¢) + iqz(A,¢)]
|2, + izp), - da d¢ exp(i2¢) P(A,$) T

.(58)

al(a,9) - al(a,9) + 12 q(A,4) q, (A,
- dA dé exp(i2é) 5(A, 4]

Thus, the exp(i2¢) term chops up the ¢ integral, since 2¢ ranges
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over 4n, leading to a small value for (58). 1In addition, the q%

and qg terms cancel each other in (58), whereas they add in (57).
It can also be observed that (57) is identical with the maximum
deflection (46), except for factor Ai(t)/4. Some alternative
forms to (57) and (58) in rectangular coordinates are given in
appendix D.

Of course, in all cases,

| | lql(A.¢)+iq2(A,¢) 2
‘za + 12b‘m < || dA de lexp(i2¢)] p(A,$) i

= lza - izb!m ; (59)

however, it is expected that we will have
Iza + lzblm << Iza - 1zblm (60)

in most practical cases. As an example, the Gaussian noise

considered in (48)~(50) yields

+e n A3 exp[-Az//(Zoﬁ)]
lza + izbl - I da J dé exp(i2é) - 0. (61)
m Znas
0 -n n
Thus, neglecting the second term in (34) is justified, both in

terms of physical interpretation and in terms of magnitude of

contribution.
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OPTIMUM NONLINEARITY FOR PHASE CHANGES

It is hard to conceive of an independent physical narrowband
noise process for which the phase ¢, (t) would not be uniformly
distributed over a 2n interval. 1In that case, (51) is relevant,
with P,(#) constant of value (2n)°1. Then the second term in
optimum nonlinearity (52) is absent, as is the additive term in

(53); see also (55) and (56).

NONLINEAR PROCESSING

In this situation, it may be advantageous to resort to
additional processing of the phase changes between adjacent time
samples of input x(t); regqular phase changes would occur for a
frequency-shifted narrowband process, such as encountered in FSK
communication. 1In particular, we consider nonlinear processing

of adjacent time samples of the received waveform, namely,
A (), ¢, (t), A (t-8), ¢ (t-8), (62)

where 4 is the time between samples; see also (13) and (14).

Thus, the output of the nonlinearity is generalized from (15) to
y{t) = hi{a (t), o), A (t-0), ¢ (t-8)} , (63)

where h is an arbitrary complex nonlinear transformation of four

real variables.
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INPUT NOISE STATISTICS

The required statistical information about the input noise
process is now the joint probability density function of noise

quantities
A(t), ¢ (t), A (t-8), ¢ (t-8) . (64)
We denote these random variables by

$ . (65)

A $ 2 n

nl nl n'

respectively, and presume that their joint probability density

function has the form

Py(AL) Ppid,) P (A ) p (¢, - ¢) . (66)

That is, all the random variables (65) are statistically
independent except that ¢ = ¢ (t) depends on ¢ = ¢ (t-4); thus,
probability density function P, can be expected to peak at a

point(s) related to the frequency shift(s) of the noise carrier.
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MEAN OUTPUT

The mean output from the general nonlinearity, for signal

present, is

Yl(t) - h{Ax(t)l ¢x(t)l Ax(t‘A)’ ’x(t‘A)} -
= [[J] e, as, o, ¥, b (R)) b (3) p(A) P (4 -F ) x
x h{|A exp(ié¢ ) + A_ exp(is¢ )|, arg{a exp(ie ) + A  exp(is )},

}Kh exp(i;h) + Ks exp(izs)|, arg{xn exp(iin) + Xs exp(i?s)}},(67)

where we suppressed the time dependence of the signal terms (for

now) by using the notation

s s s

Now make the changes of variables (using appendix A)
A exp(i¢) = A, exp(i¢n) + A exp(i#s) '
A exp(i¢) = A exp(ig ) + Ks exp(i?s) , (69)

to obtain mean output

77 = [[[] anas oK a3 22 5 ) o8

x pa(”) pc(e“a) h{At¢'Kr;} P (70)
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where

v = p(A,¢) |A exp(i¢) - A_ exp(id¢ )| ,
v =u(R,$) = |A exp(i¢) - Xs exp(i$s)| ,

© = 0(A,¢, = arg{A exp(i¢) - A, exp(i#s)} '

ol
[ ]
@l
e~
o
]

arg{A exp(i¢) - Ks exp(i?s)} . (71)

This result, (70), is exact.

SMALL INPUT SIGNAL-TO-NOISE RATIO

For small signal-to-noise ratios, we can now expand the
quantities in (71) in power series in Ag and Ks through linear

terms. Reference to (23) yields

k-~
?

>
1

A cos(tbs - ¢) )

s
gy ~ A - As cos(¢s - ¢) for As << A
AS > _ - (72)
6 ~ ¢ ~ . 51n(¢s - ¢) and As << A .
_ - A - -
0 ~ ¢ - - Sin(¢s - ¢)
A y,

Therefore
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A
A A S -
v A - A cos(é - ¢) L+ g coslég $)
= A
Bo1s —2cos(3. -9, (73)
-~ - s
u A

where we used (72) and (27). Substitution in (70) gives

approximation
- - Ag A -
yl(t) - JJJJdA dé dA d¢ [1 e cos(¢s - ¢)][1 + §§ cos(¢s - ¢)}x
X pa(A - As cos(¢s - ¢)) pb[¢ - - sin(d»s - ¢)] pa(A - AS cos(¢s~
A
_ Al A _ _ o
-9)) p | - 7 - = siné, ~ ¢) + 2 sin(F, - §)| h(a,4,K7F). (70)
A

Again, however, as noted below (28), the 1/A and 1/A dependencies
are incorrect for small A or A; we must be prepared to modify or
discard the 1/A dependency in some cases where infinities in
behavicr arise. The discussion in appendix C is again very
relevant.

Now we could expand mean output (74) through linear terms in
As and Ks‘ However, since we have only one nonlinearity h{ } to
choose, we will not be able to simultaneously maximize the
coefficients of both As and Ks. Instead, we concentrate solely
on A, = As(t) and maximize its coefficient; this is consistent

with the observation that the output of nonlinearity (63) at time

t-4 will already have maximized the coefficient of Ks = A_(t-8)
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when it was the current output. Then, to linear terms in A

{(74) becomes

y1(E1 - [[[] on as o& a¢ {pa(i) PL(®) Py(R) p_(é - %) +

s

A

cos(é, - ) p,(R) py(¢) p (A) p (¢ - ¢) -

- As cos(¢s - $) pa(A) pb(é) pé(A) pc(¢ - ¢) -

A
s . = - , = - =
- 5= sin(e_ - ¢) p_(R) py (%) p,(A) pL(¢ ¢>} h{a,¢,k,%) . (75)

A

The leading term in (75) is yo(t), the noise-culy mean
output. The remaining terms contain AS linearly and a
combination of exp(i¢s) and exp(-i¢s) terms. As explained in
(34) and the sequel, the desired signal term is that containing

just exp(i¢s). It is, from (75),

3 2 exp(is) [[[] an ae dR 4% n(a, 6.5, %) expi-14) p (R) py(¥)

p,(A) _ . _ ALY _ -
X Y pc(¢ - ¢) - pa(A~ pcf¢ - ¢) + i Y P.l® - $)y . (76)
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VARIANCE OF OUTPUT
At the same time, the variance of the nonlinearity output

(63) for noise-only is exactly

var(y (t)) = [[[[andscRat |nia,6,8,3)1|% p, (R) pp(®) p, () p (=%
(77)
where we have set yo(t) = 0 as usual. The deflection is equal

to the magnitude-squared value of (76) divided by (77). This

deflection is maxinized by the optimum nonlinearity

— - R PR 245 pé(¢-;)}
h_{A,¢,A,$} = exp(1¢){— - - i § ] =
i ABA R (-9

(78)

L

JALEY
A ’

p_(A)
= - exp(i¢)[a% 1n[ 2 } + i —
( p.(4-¢)

where we have canceled ocut common terms involving pa(X) and
P,(®). We must again take note that (78) is only an

approximation and is not accurate for small A.
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OPTIMUM NONLINEARITY

Nonlinearity (78) is identical to (52) except for the
replacement of pb(¢) by pc(¢—$); this agrees with the comment in
{1; second paragraph under (10)]). Thus, the optimum nonlinearity

hm is independent of amplitude variable A and depends only on

difference, ¢-¢, of phase variables, except for leading factor
exp(i¢), which reproduces the phase of the input; see the second
argument ¢x(t) in (63). 1In order to employ (78), the probability
density function P, of noise amplitude, and the probability
density function Pc of noise phase changes between samples, must
be determined.

If we define auxiliary functions

d pa(A)
ha[A} = - 3a 1n[ Y '

h (6} = - a—% 1n p_(0) , (79)

then (78) can be expressed as

1

ho{A,6,K,3) = exp(i6)[n (A} + 1 £ 0 (4-F}] . (80)

and the optimum nonlinearity output is, by use of (63),

explicitly

h {#,(€) - ¢x‘t“°’*} o)

. . €
y(t) = exp[1¢x(t)] [ha{Ax(t)} + i Ax(t)

All of these results are predicated on the particular model of
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noise statistics as given by (66). Another model for the noise
joint probability density function would lead to a different
optimum nonlinearity.

When the optimum nonlinearity, (80), is substituted into the
deflection, which is the magnitude-squared value of (76) divided

by variance (77), the maximum deflection is found to be

a2 - 5 a2tt) [ [ an p(a) nZ(a) +

+ J aa pa(z) f de p_(0) hg{e}] : (82)

n

&2

This quantity depends only on the probability density functions
P, and pP.; see (64)-(66) and (79). The presence of the pa(A)/Az
term has been discussed earlier and is not valid for small A; see

also appendix C.
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EXAMPLE

Suppose that probability density functions

2
p,(A) = éf exp[:55] for A > 0 ,
] 29
a a

2
2
c

pc(e) - (Znai]'k exg:o['e } for all o . (83)

20

Then (79) yields

A 2]
ha{A} - = for A > 0 , hC{B] - ;5 ' (84)
%a c
and optimum nonlinearity (80) becomes
h (A, 4,K,3) = exp(i¢)[% + 1 %9—:71] : (85)
-] g
a c
The maximum deflection follows from (82) as
2 _ At)2 A () e A a2
a2 - £ J"z‘ —-z-ep[;;-i . (86)
%a c 0 a a

However, the last integral on A does not converge at A = 0; this
is an example where the inadequacies of the small-signal
approximations in (72) and (73) cannot be ignored, and (86) is
useless. The 1/A dependency in (85) and the l/A2 term in (86)

are incorrect for small A and must be eliminated in that range.
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SUMMARY

The transformation of coordinates in (19) and the sequel was
performed so that the series expansion of §IT€T could be done in
terms of derivatives of noise joint probability density function
p, rather than derivatives of nonlinearity g. This allows g to
be discontinuous, but presumes that probability density function
p is differentiable. An alternative approach based upon an
analytic transformation g is given in (E-20) and the sequel.

The deflection criterion has been based upon a difference of
complex mean outputs for arbitrary signal waveform, as given by
(30). This philosophy has been explained in figure 5; it takes
full advantage of the fact that noise-only mean output §;T€T is a
known complex quantity and can be subtracted out. Equivalently,
restricting the nonlinear transformation to the class with zero-
mean noise-only outputs does not detract from the attainable
deflection values.

Even for small input signal amplitudes, the difference in
mean outputs, (34), contains a spurious term in addition to the
desirable term, for a general nonlinearity g. We have chosen to
ignore the undesired term and to concentrate on maximization of
the desired one. After pursuing‘this approach, we returned to a
quantitative measure of the size of the undesired term and found
that it was generally quite small; see (57)-(61). Thus, our
approach was confirmed to be a consistent one. An alternative

viewpoint is given in appendix E, where it is shown that

45




TR 8611

deliberate suppression of this spurious term causes a degradation
in the maximum deflection attainable.

In equations (45), (52), (78), and (80), there is a 1/A term
in the imaginary part of the "optimum” nonlinearity. This would
appear to indicate that the imaginary component is very important
for small inputs; see (81) for example. However, we have then
violated the assumptions under which these results were derived,
such as in (23), (26), (27), (72), (73), and (75). For example,
(23) presumes that A is much larger than Al What this means is
that the true optimum nonlinearity does not really have a 1/A
dependence for small A; however, we do not know what the exact
dependence is for small A, because our presumptions preclude
investigation in that region. 1In practice, this means that, for
small inputs, we must somehow limit the size of the imaginary
part of the nonlinearity output, but the exact transition value
and behavior is unknown. A discussion of this problem is
presented in appendix C, along with an example of its application

and illustration of the basic principles.
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APPENDIX A, JACOBIAN OF TRANSFORMATION

Suppose we want to make the two-dimensional transformation

between polar coordinates r,® and p,¢, according to

r exp(i®) = p exp(i¢) + a exp(ib) , (A-1)

where a and b are arbitrary real constants. The Jacobian of this

transformation is

ar A
3(r,0) 3p 3¢ . (A-2)
a(Pl¢) _3_9_ 2_9-

99 2¢

From (A-1), there foliows directly

Y
[¢o]

ar . N . .
Ty exp(i®) + r i exp(io) 3 " exp(i¢) ,
%% exp(iB) + r i exp(ie) %% = p i exp(i¢) . (A-3)

Equating real and imaginary parts of these two equaticns, we have

ar a6 .

3; = cos(¢-0) , r —; = sin(¢-6) ,

ar . 20

3; = — p sin{¢-8) , r —; = p cos(¢~8) . (A-4)

Substituting in (A-2), there follows the desired result
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(r,0) o, p -
3(e,¢) r  |p exp(i¢) + a exp(ib)|

P
- ’ (A-S)
(pz + a2 + 2ap cos(#—b))*

where we used (A-1).
If there were a need to solve for the individual terms in
(A-2), they can be obtained from (A-4), by using the real and

imaginary parts of (A-1) to eliminate cos® and sin®, with the end

results
%% - %[p + a cos(’-b)] P
%% = - %ﬂ sin(¢~b) ,
%% - %3 sin(¢ -b) ,
%% - fi[p + a cos(o-b)] , (A-6)
with
r = (pz + a2 + 2ae cos(¢—b))% . {A-7)
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APPENDIX B. INDEPENDENCE OF ADDITIVE CONSTANT

We will show here that the deflection (43) is unchanged if
g{A exp(i¢)} is replaced by g{A exp(i¢)} + b , where b is a
complex constant. This is a simple exercise for the denominator
of (43), as a direct substitution and expansion immediately
reveals that b cancels out everywhere.

For the numerator of (43), we have an additive term {(inside
the magnitude-squared) of value

b IJ dA d¢ exp(-i#)[A —i[EiﬂLil) - i —i(ﬂiﬁLil]] . (B-1)

A A

However, integration by parts yields*

j da A Eﬁ[ﬂiﬁLil) - J da BiRso) (B-2)

* %
as well as

[ as expt-14) F3(RIBY) oy [ ap exp(-i4) REBuSL | (53

Substitution of these two results in (B-1) yields
b[J d¢ exp(-ié) (-1) I da B{R.#) _ f da i J dé exp(-i¢) Ei%Lil]
(B-4)

which is identically zero. Thus, the additive term dependent on

b is zero.

*Result (B-2) is true if p(0,¢) = O.

**The 2n periodicity of p(A,$) in ¢ is utilized in getting (B-3).

49/50
Reverse Blank




TR 8611
APPENDIX C. BEHAVIOR OF OPTIMUM NONLINEARITY

Some problems with the approximations utilized in (23)-(27),
in order to simplify the mean output §ITET, were pointed out in
the sequel to (28) and were manifested in the example in (53) by
means of the 1/A dependencies for small A. To circumvent these
limitations, we will adopt the procedure used just after figure 3
for the lowpass case, namely, investigation of the exact
deflection and corresponding optimum nonlinearity with knowledge
of signal amplitude As(t) and phase ¢s(t). Again, although
physically unrealistic, this approach is informative and does
furnish an absolute upper bound on performance.

The starting point is the exact result (21) for the non-

linearity mean output,

1060 = [[ an d¢ 25 9ta exp(io)) plizl, arg(z)) . (c-1)

where (dropping explicit signal t dependence)
2 = A exp(i¢) - Al exp(id_). (C-2)

The noise~only mean output is obtained by setting A, = 0:

Y,(6) = [[ da dé gia exp(is)}) p(A,4) . (c-3)

The variance of yo(t) is given by (42).

We now define exact deflection
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2 ¥, (0 - y (o2
3 (a0, = Py

’ (C"4)

where the dependence on signal parameters is made explicit.
Since the absolute scale of nonlinearity g and an additive

constant to g do not affect the deflection, we can simplify

(C-4) to
. A 2
2 ][ an a¢ gia expie))[Br ptizl,arg(z)) - p(a,0)]]
d (AS'¢S) = T i 2 .
[] aa as |gta exp(i013]? pea,¢)
(C~5)
By Schwartz’s inequality, the optimum nonlinearity (with no
approximations, but with assumed knowledge of A_ and ¢_) is
s s
9 (A, 4R L 00) = 7o p<lzéfa?;?(2)) -1, (C-6)

where z is given by (C-2). The corresponding maximum deflection

follows from (C-5) as

2
3,ag. 000 = [[ an as [Br piiz21, arg(z)) - pia,9)]? /oca, 0 -

2

2
A" p{lz], arg(z))
- j] da dé e 22 -1 . (c-7)

From (C-2), since

2

i
s ~ 2 A AS cos(¢s - ¢)] ' (C-8)

|z} = [AZ + A
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it follows that

lz| ~ A, as A& > 0+ (if K  # 0) (C~9)

and, therefore, exact optimum nonlinearity Ee in (C-6) has no 1/A
dependency for small A (unless probability density function
p(A,¢) approaches zero rapidly for small A), but in fact has a
linear dependence on A. That is,

A p(As,¢s+n)

2

Similarly, the integrand of maximum deflection 3; in (C-7) has no

1/A2 dependence, but in fact, an a? dependence for small A:

2
AZ P (As,¢s+n)

p(A,¢) 2
AS

as A > 0+ . ({C-11)

These are marked differences in behavior from the approximate
results of (45)-(47).

1t should also be noted that optimum nonlinearity Ee in (C-6)
is teal. (More precisely, one of the possible optimum non-
linearities is real since complex multiplicative constants can be
dropped.) The reason this disagrees with the complex solution in
(45) is that As and ¢, are presumed known in ({-6). When ¢e is
unknown, then even if (C-6) is developed in a power series in A_,
it is not possible to extract a nonlinearity that is independent
of ’s’ this information is too deeply embedded in optimum form

(C-6). Thus, (C-6) should only be regarded as a guide to good
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processing, especially for small A, but otherwise it is not
overly useful. The corresponding maximum deflection in (C-7) is
probably more useful since it furnishes an absolute upper bound
on performance for any nonlinearity. If an approximate result,
like (46) or (50) or (53), outperforms (C-7), it is in error and
must be modified or discarded. The apparent infinity in (53) at
A = 0, for example, is conspicuously wrong; reference to (C-11)
indicates that the true near-origin behavior is significantly
different.

The philosophy in this appendix is very different from that
utilized in (34)-(39). There, a desired type of signal term was
identified up front, while the nonlinearity characteristic g was
still arbitrary; then, that particular type of term was maximized
by choice of g. Here, the entire nonlinearity output difference
of means was maximized without any type of term being designated
as desired. Thus, we should expect to be able to realize a
larger deflection in this latter case since no terms have been
suppressed or ignored. The only problem with this approach is
that, after the maximization, it is not generally possible to
extract a meaningful nonlinear device that is independent of the
input signal values of amplitude and phase.

An example to illustrate these points is furnished by

Gaussian narrowband noise as in (48):

A A2
p(A,d) = 3 exp(- ——7] for A > 0, |¢] < n . (C-12)
Znon 2an
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Then, (C-6) and (C-8) immediately yield optimum nonlinearity

- A AS Ag
ge(A,é;As,Qs) = exp 02 cosHs - ¢} - ;:5 -1 . (C-13)
n n

For small A, this behaves according to

A A

g S

ge(A.¢.As,¢s) -~ 02 cos(¢s - $) as As -+ 0 . (C-14)
n

Even though there is a linear term in AS, which could be factored

out, the remaining nonlinearity, namely 53 cos(¢s - ¢), depends

o
on ¢s‘ It is now too late to express n

s
02 cos(¢s - &) =
n
1 : . . .
- EZE[A exp(-i¢) As exg(1¢s\ + A exp(i¢) As exp(-1¢s)] (C-15)
n

and to drop the Al exp(—iés) term as being undesired since this
component has been an integral part of the maximization of
deflection (C-5). 1In fact, if we drop that term in (C-15), we

are left with nonlinearity

A

A exp(-ié¢) g exp(ios) ' (C-16)

Zdn

which can be modified to A exp(-i¢) since complex multiplicative

factors on the nonlinearity are irrelevant. However, A exp{(-i¢)
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manifestly has the wrong phase behavior; see (49). Thus, this
series of (late) approximations and replacements can lead to a
nonsense processor and must be avoided.

The maximum deflection for this example is obtained by

substituting (C-12) in (C-7):

+ o n
52 A 1 (1.2 2
F(n .0,) = J da I as 2 exp[- UZ[EA + A2 - 2an_ cos(¢s—¢))}-1
0 -n n n
1 +~ Az Az ZAAs Ai
= :7 I dA A exp]|- ; 7 - ;7 I, 62 - 1 = exp ;i -1, (C-17)
n 0 ‘n n n n

where we used [3; 6.631 4]. Observe that this quantity is
independent of signal phase ¢s. For small input signal-to-noise

ratio, this becomes

_ a2 A
de(As,¢s) ~ :3 as —; > 0 . ({C-18)
n

This latter approximation is twice as large as (50) and is due to
the fact that, here, we have retained all the signal terms at the
nonlinearity output, whereas the method leading to (50) discarded
one of the two possible terms. See the discussion immediately
after (C-11).

For some purposes, it may be more useful to express the above
relations in terms of the joint probability density function of
the in-phase and quadrature components of the narrowband noise

rather than the amplitude and phase. Thus, if we let w{u,v) be
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the joint probability density function of
u, + iv, = A_ exp(ié ) , (C-19)

n n

then the joint probability density function p of amplitude and

phase is given by

p(A,¢$) = A w(A cosé, A sin¢) . (C-20)
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APPENDIX D. ALTERNATIVE FORMS IN RECTANGULAR COORDINATES

In (C-19) and (C-20), the joint probability density function
w(u,v) of the in-phase and quadrature components of the input
noise,

u, + ivn = An exp(1¢n) ' (D~1)
was introduced; it is related to the joint probability density
function p of amplitude and phase by

p(A,¢) = A w(A cosé, A sin¢) . {D-2)

When we employ this result in (31), there follows
ql(A,é) = Al cosé¢ wl(A cosé, A sin¢) + siné wz(A cos¢, A sing)] ,
(D-3)

qz(A,¢) = A[l-sin¢ wl(A cosdé, A sin¢) + cos¢ wz(A cosé, A sing)] ,
and therefore

q,(A,¢) + iqz(A,¢) = A exp(-i¢) W(A cosé, A sin¢) ,

ql(A,¢) - iqz(A,¢) = A exp(i¢) W*(A cos$, A sin¢) , (D-4)
where

)

W(u,v) = wl(u,v) + iwz(u,v) = {35 + isé]w(u,v) . (D-5)

When (D-4) is employed in (35) and (36), there follows

59




TR 8611

z, - izb - II dA d¢ A g{A exp(id)} W*(A cos¢, A sin¢) =

- Ij du dv gf{u + iv} w*(u,v)

(D-6)
and
z, + izb - jj dA d¢ A g{A exp(i¢)} W(A cos¢, A sin¢) =
- ff du dv g{u + iv} W(u,v) (D-7)
When the optimum nonlinearity, (45), is expressed in the
notation of (D-2)-(D-5), we have
. W i
g,{A exp(i¢)} = - w:: gg::f : :;2: ’ (D-8)
or
gplu + iv} = - g%'—:-} . (D-9)
When this is utilized in (D-6) and (D-7), the following
alternatives to (57)-(59) result:
Wiu,v 2 wi(u,v) + w%(u,v)
(za-t2p)m = - ” du dv l——l——LL-w(u,v) = - [[ au av

wi{u,v) '

(za+izb)m - - IJ du dv EELEL!L - II du dv [wl(u,v) + iwz(u,v)]z

w(u,v) w(u,v)

wf(u,v) - w%(u,v) + i2 wl(u,v) wz(u,v)
- - II du dv TETRETy . (pb-10)
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As an example of these results, suppose that joint

probability density function
2 2 . 2
w(u,v) = f(u® + v“); that is, p(A,¢) = A £(A") . (D-11)

The noise joint probability density function is independent of

angle. Then

wl(u,v) = 2 u f’(u2 + vz)

’

wylu,v) = 2 v f'(u2 + vz) , (D-12)

and (D-10) yields

(za— izb)m = -4 II du dv (u2 + vz) f(uz N v;)

re 2,.2 '
-—BnIdA A3f'—-—‘-‘;‘—-—’-, (D-13)
0 £(A")
2, 2 2
. o2 £ (uT + vT)
zZ + iz - -4 du dv (u + iv) "
[ a b]m II f(uz N v2)
n te 2, 2
- -4 jd¢ exp(i2é) J'dA al 5—'—-‘—%‘—1 -0 . (D-14)
£(A")
-R 0

Example (D-11) is a generalization of Gaussian probability

density function (48) and (D-14) generalizes (61).
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APPENDIX E. CONSTRAINED MAXIMIZATION OF DEFLECTION

When the difference of mean outputs was expanded through
linear terms in signal amplitude As(t), the end result for

arbitrary nonlinearity g was (34):

YL(E) - Y060 = - 2 A_(t) explio ()] (z, - iz,) -

{
[ STE

As(t) exp[—i¢s(t)] (za + izb) . (E-1)

At that time, we ignored the second term as being of no interest
and maximized the first (desired) term; see (39) and (43). Then,
we later returned to investigate the relative sizes of these
terms in (57)-(61) and appendix D.

Here, we adopt a different viewpoint: we force the second
term in (E-1) to be zero and then we maximize the magnitude of
the first term by choice of nonlinearity g. More precisely, we

maximize deflection (43), subject to integral constraint

jj du dv g{u + iv} W(u,v) = 0 ; (E-2)

this last equation comes from (D-7) and (D-5).

The first point to observe is that the absolute scale of g
does not affect (43) or (E-2). The second is that the same
independence is true for an additive complex constant, b, to g.
This was proven in appendix B for (43) and follows for (E-2)

since
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jj du dv b W(u,v) = b fj dudv (32 + 1 32)w(u,v) =

= b I dv I du S%w(u,v) + ib I du j dv sgw(u,v) -0, (E-3)

where we used (D-5) and the facts that

3 Tus+=
j du —w{u,v) = |w(u,v) + ¢c,(v) =0 ,
du i 1 Um—®
3 ] Tvmpo
j dv 3;w(u,v) = |w(u,v) + cz(u) e = 0 . (E~-4)

What this means is that, without loss of generality, we can
set the complex nonlinearity mean output for noise-alone, y_(t),
equal to zero. This results in deflection (44), which can be

expressed in the form

IIJ du dv g{u + iv} W*(u,v)|2
Ij du dv Ig{u + iv}|2 w{u,Vv)

2 1 .2
d” = zAs(t)

' (E-S)

where we used (D-4), (D-1), and (D-2). The problem of interest
here is to maximize (E-5), subject to constraint (E-2), by choice
of nonlinearity g.

Since (E-2) is really two constraints on the real and
imaginary parts, we need two real Lagrange multipliers; letting I
denote the integral in (E-2), we must add to (E-5) the two real

terms
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e, Lo I % (I et x) , (E-6)

where X\ is a complex Lagrange multiplier. Then, the essential

quantity we must maximize is

o - |II g W*IZ X N . W (E-7)
e Won -l

where we have dropped irrelevant scale factors and adopted an
extremely abbreviated notation for the time being.

If we replace
g{u + iv} by gm{u 4+ iv}l + € nfu + iv} , (E-8)

where g,{ } is the optimum nonlinearity, n{ } is any
perturbation, and € is an arbitrary complex constant, the new

value of Q is

o+ 80 = jf(qm + en) W IJ(qm + en)* W _

m Ij(gm + en) (g, + en)” w

- A* Jj(gm + gEN) W - X If(gn + en)* W* . (E-9)
Let constants

N = Ij g, ¥ . D= JI {gmlz w o; (E-10)

N is complex, while D is real. If we set the partial derivative
of Qn * §Q with respect to e” (for fixed e) equal to zero, and

then set ¢ = 0, c* = 0, we find that we must satisfy
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* 2 *
DNIII‘] W - |N] H‘gmnw x &
- - jf n* W oe o0 (E-11)
3]
for all perturbations n = n{u + iv}. That is,
JJ n"[Ew- INL g - w*] -0 for all n . (E-12)

The solution for the optimum nonlinearity is therefore (dropping

irrelevant scale factors)

(E-13)

In order to solve for the unknown constants, we must
substitute (E~13) into the constraint (E-2). But, first, we

define the two additional quantities
2 2
w w

M is real, while C is complex. Then the substitution yields

DA
0 = JI gy W=-C+5g M. (E-15)
Equation (E-15) can be solved for
DA c

Use of this result in (E-13) gives the optimum constrained

nonlinearity

66




TR 8611

C *
W(“,V) - E W {ulv)

wi{u,v)

gplu + iv} = - ' (E-17)

where constants M and C are given by (E-14). By comparison, the
unconstrained optimum nonlinearity did not have the w* term; see
(D-9).

The corresponding maximum deflection is obtained by the use

of (E-17) and (E-14) in (E-S5):

4 2

2
a2 = 1 a2ty m {1 - LQL_) i (E-19)
m s M

The factor

I du dv Wi(u,v)/wlu,v) |2

<
1 -7 2 5
M JJ du dv |[W(u,v)|“/w(u,v)

(E-19)

is the awount by which the constraint (E-2) degrades the

attainable deflection; see (46) and (D-4).
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ALTERNATIVE APPROACH

If we return to'exact mean output yl(t) in (18) and presume
now that nonlinearity g is analytic, then a series expansion in

As(t) yields directly

Yl(t) - yo(t) -
-~ A(t) explis_(t)] jj da_ dé_ p(A_,¢ ) gi{A_ explis_1}. (E-20)

The subscript a on g denotes that nonlinearity g is now required
to be analytic. We immediately see that the second term in (34),
of the form As(t) exp[-i¢$(t)], is absent. Now use (D-2) and

(D~1) to obtain

¥,(E) - Y (E) = A_(t) explis_(t)] JJ du dv w(u,v) g{u+iv}.(E-21)

The double integral in (E-21), denoted by I, can be put in

two different forms: first, since

sg(w(u,v) ga{u + iv}) = wl(u,v) ga{u + iv} + w(u,v) gé(u + iv} ,
(E-22)
then

j du w(u,v) gé(u + iv} =
= f du Eg(w(u,v) ga{u + iv}) - f du wl(u,v) ga[u + iv} . (E-23)

The first term is
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Um4
[w(u,v) ga[u + iv} + c(v)] =0 , (E-24)

Us-~®

since we presume that probability density function w(u,v) goes to

zero fast enough at u = 3. Therefore, integrating (E-23) on v,
I = Jj du dv w({u,Vv) gé{u+iv) - - JJ du dv w,(u,v) ga{u+iv}.(E-25)

A similar approach to (E-22), but involving 3/3v instead, yields

the alternative expression
I =i jj du dv w,(u,v) g {u + iv) . (E-26)
Since (E-25) and (E-26) are equal, we obtain

Jj du dv W(u,v) ga{u + iv} = 0 , {E-27)

where we used (D-5):

Wlu,v, = wi(u,v) + iwy(u,v) = (3% + 13§)w(u,v) . (E-28)

But (E-27) is identical to the constraint (E-2) that we adopted
earlier in this appendix. Thus, the assumption of analyticity of
nonlinearity 9, automatically realizes the constraint that
eliminates the second (undesired) term in (E-1). This is also
obvious directly from expansion (E-20).

Since I is given by both (E-25) and (E-26), it is also given

by the linear combination
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I = —pII du dv wl(u,v) ga{u+iv}+(1—p)ifj du dv wz(u,v) ga{u+iv} =

- - fj du dv g_(u+iv) [p wi(u,v) - i(l-p) wy(u,v)] , (E-29)

where p is any complex constant. Notice that an additive

constant to 9, does not affect I, since

a u-+@
j du wl(u,v) - J du u wiu,v) = {w(u,v) + c(v)] =0 , (E-30)

= o

and similarly,

J av wylu,v) = 0 . (E-31)

Then, by reference to (42) and the upper line of (43), the

deflection can be expressed as

lif du dv ga{u+iv}[p wl(u,v) -i(1l-p) wz(u,v)

I
JI du dv |9a{U+iv}|2 wiu,v) , (E-32)

2

2
d® = As(t)
where we used (E-21), (E-29), (D-2), and (D-1). Now if g, were

unrestricted, the optimum nonlinearity is now

* *
p wl(u,v) + i(1-p ) wz(u,v)

gam{u+iv} = -2 wio,v) =

* * * %
p_ (W + W) + (l-p ) (W-W ) _
w

_ Wuv) - (1 - 29*) W*(ULV) (E-33)
wiu,v) !

70




TR 8611

where we used (E~28). But since (E-27) must be satisfied by this

candidate nonlinearity am v find that

1 - 2p" = % , (E-34)

where C and M are given by (E-14), and (E-33) becomes identically
(E-17).

The only thing wrong with this latter alternative approach in
(E-20) and the sequel is that there is no guarantee that (E-33)
yields an analytic nonlinearity g for any p. Thus, (E-33) may
not be a valid solution. Furthermore, it is unnecessarily
restrictive to limit g to being analytic, and the identical
optimum nonlinearity, obtained earlier in (E-17), was not
restricted to being analytic. 1In summary, (E-17) is the optimum
constrained nonlinearity which eliminates the As(t) exp[-i¢s(t)}
term, while (D-9) is the optimum nonlinearity which ignores this

latter term.
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Determination of Noise Field Directionality
Directly From Spatial Correlation for Linear,
Planar, and Volumetric Arrays

A. H. Nuttall
ABSTRACT

The spatial correlation between two points of an array is given
by a two-dimensional integral in terms of the noise field
directionality. Depending on the dimensionality of the array, this
integral equation can be partially solved to yield explicit
expressions for the noise field directionality in terms of a
multidimensional Fourier transform. In particular, for a linear
array, a one—dimensional collapsed field distribution can be
determined; for a planar array, the sum of symmetrically-arriving
rays can be solved for; and for a volumetric array, the complete
field can be found. The effects of finite length and discrete
arrays on the estimate of the noise field directionality are also
considered.
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DETERMINATION OF NOISE FIELD DIRECTIONALITY DIRECTLY FROM

SPATIAL CORRELATION FOR LINEAR, PLANAR, AND VOLUMETRIC ARRAYS

INTRODUCTION

When an array is located in a homogeneous stationary noise
field, measurement of the crosscorrelations between all pairs of
separated elements, at each temporal-frequency of interest, is
the most general second-order statistical information that can be
extracted. These spatial correlations depend upon the
directionality of the surrounding noise field, which is the
primary quantity of interest here. Instead of beamforming the
element outputs, for example, and trying to suppress the inherent
sidelobes by proper weighting procedures, we want to avoid any
preconceived notions about data processing and go directly from
the spatial correlation to the noise field directionality in as
direct and simple a manner as possible.

However, because the noise field directionality is a two-
dimensional function of polar and azimuthal angles, some inherent
loss or condensation of information takes place with a linear
array and, to a much lesser extent, with a planar array.
Nevertheless, we want to preserve and extract the maximum amount
of information about the noise field directionality, consistent
with the dimensionality of the array employed, and to minimize

the amount of data processing required.
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We begin by assuming the array to be an infinite continuous
line in the one-dimensional case, and solve the integral equation
for the integrated (or collapsed) noise field directionality, at
each temporal-frequency, in terms of the spatial correlation
along the line. Then, we discretize the line, so as to be an
equi-spaced array, and determine the effect that this limitation
has upon the estimated directionality. Finally, we investigate
the smoothing that is caused by the practical requirement that
any physical array must have finite length. Thus, the facts that
the spatial correlation will never be available on a continuum,
nor for infinite separations, are included in the analysis.

A similar procedure is pursued for the two-dimensional case,
where the planar array is presumed to have equal spacings Ax and
Ay in the x and y dimensions, respectively. Again, the aliasing
effects are considered, as well as the limitation of having to
employ a finite-size planar array. Finally, in the three-
dimensional case, where the problem is overdetermined, a
plausible and efficient procedure for collapsing the surplus
information is presented, although it is recognized that an
unlimited number of alternatives exist.

Although it was stated that the noise field directionality is
of interest, this does not preclude the presence of plane-wave
arrivals, that is, additive signals or interferences in the
background. 1In fact, the examples are specifically of that type,
for these can be considered as the fundamental building blocks of

a general noise field.
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Some related results on this problem of restoring the noise
field directionality from the spatial correlation are given in
[1,2,3,4], but limited to the line array. Specifically, [1l] gave
a least squares approach, starting from a discrete finite-length
array. However, ill-conditioning of the simultaneous linear
equations for the noise field directionality precluded its use
for more than approximately ten elements. This ill-conditioning
is circumvented here by deferring the discretization until after
the integral equation is solved; this procedure for the line

array was first given in [4].

3/4
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CHARACTERIZATION OF NOISE FIELD

Let Nf(6,¢) be the intensity of the homogeneous stationary
noise field at temporal-frequency £, arriving from direction 6,94,
where 0 < @ < n, -n < é < n; see figure 1. The amount of power

received in solid angle d6 d¢ sin® about 6,¢ is
do d¢ sine Nf(e,¢). (1)

We call Nf(9,¢) the noise field directionality; the product

sin® Nf(9.¢) could be called the plane-wave density.

z
arrival
0 <8 <n

-n < ¢ <n ® :

\\ ' / y

- | s
¢ ~ s
A
X

Figure 1, Cocrdinate System

Consider general field point X11¥1027- Then if the time of
arrival at the origin, of the component from direction 6,4, is

zero, then the time of arrival at X9:¥q02; is
1 < .
T, =z (x;, sin® cos¢ + y, sin® sin¢ + 2z, coso), (2)

where ¢ is the speed of propagation. Therefore, the transfer

function at X10¥y024 applied to the arrival from direction ©,¢ is
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Hl(f) = exp(—iZuftl) =
= exp[ig§ (x, sin® cos¢ + Yy, siné sin¢ + z, cose)], (3)

where wavelength A = c¢c/f.
The elemental contribution to the crosscorrelation between
this arrival at X10¥9r2g and Xy1¥y12Z,, at temporal-frequency f,

is then
de dé sine@ N_(,4) H (£) H,(£f) = d0 d¢ sind x
X Nf(9,¢) exp iz§ (x sinB cosé + y sin® siné + 2 cose)}, (4)

where separations
X = X3 - X,
Y =¥ - Yy
z =2z, - z,. (5)

If the arrivals from different directions are uncorrelated, the
spatial correlation (at frequency f) between two points separated

by x,y,z is then given by integrating over all angular space,
n n
Gelx,y,2) = [ de [ d¢ siné Ne(6,4) x
0 -n
X exp[ig% (x sin® cosé + y sin® sin¢ + 2z cose)]. (6)
The problem of interest is: given spatial correlation

Gf(x,y,z) versus X,y,z (or restricted slices of Gf(x,y,z)), solve

for noise field directionality Nf(e,¢) (or smoothed versions of
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Nf(e,¢)). That is, invert integral equation (6) for noise field
directionality Nf(9,¢) or for whatever can be determined. There
are three cases that must be distinguished, namely, linear,

planar, and volumetric arrays.

7/8
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LINEAR ARRAY

It is most convenient mathematically to locate the line array
along the z axis, that is, x = y = 0. Then the exponential in

(6) is independent of ¢, and (6) reduces to*

n
de J d$ siné Nf(9,¢) exp[iaﬂ z cose] =

0
O ey

Gel2z) X
-n
n
. = 2N
= J de sine Nf(e) exp[1—x z cose] . {(7)
0
where
n
ﬁf(e) = J dé Nf(6.¢) for 0 < ®<n (8)
-N

is the integrated or averaged noise field directionality, and
Gf(z) is the one-dimensional spatial correlation at separation z
along the line, both functions evaluated at frequency f£. Gf(z)
is the only second-order function that can be measured (or
estimated) from the line array, and Nf(e) is the only field
function that can be determined. There is no possibility of
undoing the integration of (8); this is a mathematical

representation of the inherent conical symmetry of response of

*The case where the line array is located on the x axis is

treated in appendix A.
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a linear array. It is also one reason for choosing the line
array to lie along the 8 = 0 axis, since all the two-dimenrional
field information is conveniently collapsed into a one-
dimensional function of © alone. See appendix A for the preohlems

associated with choosing a different coordinate system.

SOLUTION OF INTEGRAL EQUATION

To solve integral equation (7) for noise field directionality
Ef(e), consider the following:

+@

j dz exp[«i%% u z) Gf(z) =

n +o
= f de sine ﬁf(e) I dz exp(—iz§ z (u - cose)) -
0

n
- j do sine N () X 8(u - cose), (9)
0
where 8 is the delta function. Now let t = cos®, which is a
one-to-one transformation for 0 < & < n, to get

+o 1

dz exp(-i2% u z) G.(z) = A | dt N.(arccos(t)) &(u - t) =
X £ £

—C0 -1

)N ﬁf(azccos(u)) for ju) < 1
= { , {10)

0 for ju] > 1

where arccos is the principal value inverse cosine function.

10
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That is,
+o
ﬁf(arccos(u)) = % I dz exp(-i£§ u z] Ge(z) for (ul <1, (1lla)
—o
or
+o
Ne(e) = § j dz exp(-13§ coso z) Gg(z) for 0 < o ¢ m. (11b)

Compare (1lb) with starting point (7).

Thus, given the spatial correlation Gf(z) for all possible
separations 2 along the line array, the integrated noise field
directionality ﬁf is available via a single one-dimensional

Fourier .ransform.

11
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EXAMPLE
An example is informative at this point. Let
Ne(e) = 8(e - 6,), 0< o <

Then the spatial correlation is, from (7),

- i .21
Gf(z) = smeo exp(x Y 2 coseo).

Observe that as 8, 0 or n, that is, endfire of the line array,
the strength of this quantity decays to zero, due to the sin®
term in the area element in (1). Substitution of correlation

Gf(z) into (11b) yields noise field directionality
Nf(e) = sineo §(cose - coseo) for 0 < & < n.

Now the delta function here is located at 6 = 8, and has area
l/sineo. Thus, ﬁf(e) is &(0 - 90), as it should be; however, the
trigonometric form shows ﬁf(e) as the product of two terms, the
first of which tends to zero as 90* 0 or n, and the second of
which has an area that tends to infinity as 60+ 0 or n. This
behavior will re-occur in the following investigations.

We have employed the following useful property above: if

g(x) has an isolated zero at X then in the neighborhood of Xoe

s(g(x)) = S(g'(xo) (x—xo)] = IT’%T)—E' §(x - x.)
o

That is, the area of the delta function at x, is equal to the

reciprocal absolute slope of the argument at Xt if nonzero.

12
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DISCRETE INFINITE-LENGTH ARRAY

I1f samples of spatial correlation Gel(z) at increment 4 in 2
are available, an approximation to (lla) is afforded, for
ful < 1, by

+o
ﬁf(arccos(u)) = % Ez: exp(—ig% u A n) Gg(8 n), (12)

n=-—o
the right-kand side of which has period \/8 in u. Since the
integrated noise field directionality in (lla) is defined on an
interval of length 2, that is, -1 < u < 1, aliasing will occur in
approximation (12) unless &4 < A\/2. Thus, the spacing 4, between
samples of Gf(z), must be less than a half-wavelength at the
temporal-frequency f of interest. This is presumed true
henceforth.

Now if u is restricted to the values

m A M M
u N3 for - 5 < m < 7 - 1, (13)
which cover a full period, there follows, for % %l <1,
+®
= m A A .
Nf(arccos(ﬁ K)) =5 zz: exp(-i2nmn/M) Gf(A n). {(14a)
Nz~

The sum on the right-hand side can be accomplished via an M-point
fast Fourier transform when collapsing is employed [5; page 5].

The resultant angles at which Ef(e) is available are

m A - mA _n Mo
em = arccos[ﬁ K)' or cosem s for 3 < m £ 3 1, (14b)
13
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provided that 1%1

o>
AN

€ 1. These values are equally spaced in cos®
space.
The right-hand side of (12) can be rewritten in the form

[5; pages 3-4)

4o +®
% j dz exp(—ig§ u z) Gf(z) A E{: §(z - 4 n) =
—» n=—o
+@ +@
= ﬁf(arccos(u)) @ }:: S(u - 9%) = E:: ﬁf(atccos(u - ﬂ%]), (15a)
n=-o n=—e

where ® denotes convolution. The separation of these aliased

lobes (for n # 0) is A/8 on the u scale; then, since the extent
of ﬁf(arccos(u)) is 2 on the u scale, overlapped aliasing lobes
do not occur if A& < A/2. This is a mathematical back-up to the

claim under (12).

14
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DISCRETE FINITE-LENGTH ARRAY

The effect of a finite-length array can easily be
incorporated by modifying (15a), so as to include weighting w(z).

Then, we have, for the estimated noise field directionality,

4@ 4
%J.dz exp(-i-z{- u z] Gel(z) o Z §(z - 8 n) wi(z) =
- Nx—ow
+®
- N (arccos(u)) @ Z w[u - 9—%) (15b)
N=-o
where window
4+
W(u) = % I dz exp(—ig% u z) w(z). {15c)

Thus, not only is the noise field directionality aliased at
separations A/8 in u, but, in addition, it is smoothed by window
W. Sampling, per se, does not distort the estimated
directionality, if done finely enough, that is, &4 < A\/2.
However, the finite length of the array always causes smearing,
with a window width of the order of X/Lz, where Lz is the

effective length of weighting w(z).

15/16
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PLANAR ARRAY

It is now most advantageous mathematically to locate the
planar array in the x,y plane, that is, at z = 0. Then the

exponential in (6) is independent of cos6, and (6) reduces to

n n
Gel(x,y) = J de J d4 sine N.(8,4) exp[13§ 5ind (a cosé + y sing))=
0 -
n/2 n
I 4 J . o L2 .
= e d¢ sineé Nf(e,¢) exp(1~§ sin® (x cosé + y 51n¢)], (16)
0 -n

where

ﬁf(9,¢) - Nf(9,¢) + Nf(n - e'¢)

for 0 < 6 { n/2, -n < ¢ < =&, (17)

ﬁf is the sum of the elemental components in symmetrically-
arriving rays on opposite sides of the planar array; recall that
@ = n/2 now corresponds to the plane of the array. Spatial
correlation Gf(x,y) is the only function that can be measured (or
estimated) from the planar array, and ﬁf(a,¢) is the only field
directionality function that can be determined. There is no
possibility of undoing the summation of (17); this is a
mathematical representation of the inherent two-sided symmetric
response of a planar array. It is also one reason for choosing
the planar array to lie along the 6 = n/2 plane, since the
totality of the two-dimensional field information is conveniently

collapsed into a one-sided function of ©, that is, 0 < 6 < n/2.

17
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SOLUTION OF INTEGRAL EQUATION

Consider the two-dimensional Fourier transform of (16),

4
I(u,v) = II dx dy exp(—iz§ (ux + vy)) Gf(x,y) -

(18)
n/2 n

- f de J dé sine N (e,4) A §(u - sin® cosé) (v - sind sine).
0 -1

Let

a = sin® cosé, B = sin® sin¢ for 0 < 8 < n/2, -n < ¢ < n. (19)
These relations can be inverted by using

a + i = sind exp(i¢), (20)

to give

b
§in® = |a + iB| = (az + 52) , ¢ = argla + iB). (21)

Thus, (19) is a one-to-one two-dimensional transformation in the
ranges 0 < 8 £ n/2, -t < ¢ < n allowed in (18). From (19) and

(21), the Jacobian is

cosO cosé -5in® sin¢

c0sO siné sin® cosé¢

(o

a(e,¢)

] ]

= SinG CcosO = (az + 32) (1 - az - 52) . (22)

Substitution of these results in (18) yields

18
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2 2 . TH
I(u,v) = A jf do dB Fla,B) (1 R ] §(u-a) §(v-g) =

<

2 2 2 2

A® F(u,v) [1 - u’ -v ] for u” + v© <1

- ’ (23)
otherwise

where Cy is a circle of radius 1 located at the origin, and
Fla,B) = N:(arcsin(]a + iB]), arg(e + iB)). (24)

Here, arcsin is the principal value inverse sine function. From

(23), (24), and (18), the noise field directionality is

ﬁf(arcsin(lu + iv|), arg(u + iv)) =

¥k 4=
- (l - uiz_ VZ) IJ dx dy exp(—ig% {ux + vy)) Gf(x,y)

for ul + v2 < 1. (25)

An alternative form is available by letting

u = sin® cos¢é¢, v = sind® sin¢ for 0 < 8 < n/2, -n < ¢ < n, (26)

namely
+®
ﬁf(e,¢) = coge IJ dx dy exp(-iz% sin® (x cos¢ + y sin¢)) Gf(x,y)

A

for 0 < ©® < n/2, -1 < ¢ £ n. (27)

It is interesting to compare this form with starting result (16).
An alternative, when the planar array lies in the y = 0 plane, is

given in appendix B.

19
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BEHAVIOR NEAR PLANE OF ARRAY

At first sight, the presence of the cos® term in (27) would
appear to be a problem for 6 = n/2, which is the plane of the
array. However, the following example illustrates what is

happening; let
ﬁf(e,¢) = §(0 - eo) §{(¢ - ¢o) for 0 < 8, < n/2, -n < ¢, < T
Then (16) yields spatial correlation
G.(x,y) = sin®_ ex [i-?iE sin®_ (x cos¢_ + siné ))
gi¥ry o P A o o y o)’

The strength of this quantity tends to zero as 9°+ 0. Substitu-

tion of this Gf(x,y) into (27) yields noise field directionality

Nf(9,¢) = szneo cos® 8(sin6 cosé - 51neo cos¢°) x

x 8§({sin® sin¢ - 51neo 51n¢°).

By use of the property

s(ax + by) s(cx + ay) = pALALL

it may be shown that ﬁf(6,¢) is 8(® - 8,) 3(¢ - ¢,), as expected;
however, the trigonometric form shows ﬁf as the product of two
terms, the first of which tends to 0 as 904 0 or n/2, and the
second of which has impulses with area which tends to infinity as
8,2 0 or n/2. Thus, the sineO and cosH® terms are not a problem
since they are compensated by multiplicative terms; however, they

may lead to inaccuracies in numerical computation.

20
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DISCRETE INFINITE-LENGTH ARRAY

The form in (25) gives the noise field directionality sum
ﬁf, defined in (17), as a double Fourier transform of the two-
dimensional spatial correlation function Gf(x,y). If samples of
Gf(x,y) at increments Ax in x and Ay in y, respectively, are

available, an approximation to (25) is afforded, for uz + v2 <1,

by
o . . . (1 - u2 - vz)k
Nf(arc51n(|u + iv]), arg{u + iv)) = Az Ax Ay x
+® +@
x Z Z exp(-i2% (u 8,k + v 8, 3)) Ggla, X, 8, 30 (28)

kz—® jg«o

The summation on the right-hand side of (28) has periods )\/Ax in
u, and X/AY in v. Since the sum ﬁf is defined within the circle
u2 + vz < 1, overlapped aliasing lobes will occur in (28) unless
Ax < A/2 and AY < A/2; that is, the spacings between samples of
Gelx,y) must be less than a half-wavelength at the temporal-
frequency f of interest. We presume this to be true henceforth.

Now if we restrict u and v in (28) to the values

m A M M
um'-‘ﬁ?; for —-Z—Sms-z-—l,
n A N N
Vo "N & for -3<n <35 - 1, (29)
b4

both of which cover full periods in u and v, respectively, there

follows

21
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L
- (1 - u; - v )
Nf(arcs1n(]um + 1vn|), arg(um + xvn)) = Az x
4 +
‘-—1 . s L] + 0
X Ax AY }E: ZLA exp(-i2nmk/M-i2nnj/N) Gf(Ax k, Ay i), (30)
k:—@ j=—@
provided that
. m A n i
lug, + vl = |ﬁ K; +1i5 K; <1 (31)

The double sum in (30) can be accomplished as an MxN two-
dimensional fast Fourier transform, when collapsing is employed
[5; page 5]. The resultant angles at which noise field

directionality ﬁf(9,¢) is available are

. jm X n i
O_(_GmnzarCS].nlﬁ'—A;-Flﬁ-A—y-‘si,
s arg® A, DA
“n < dn = arg(M 5 + i3 Ay] < n, (32)
or
. m A n i
Slnemn = lﬁ-A: + 1 ﬁz-'y-l -
- [Ey s @Y (332)
M A N A !
X Y
where
M M N N

but remembering that (31) must remair true.

22
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The right-hand side of (28) can be re-written in the form

(5; pages 3-4]

(1 - w? - vz)% I 2n
Az JJ dx dy exp(-l—x (ux + vy)) Gf(x,y) X
4+ 4+
x o Z Stx - 8, k) b }: sty - o, §) =
ka—ﬁ j-—ﬂ

= ﬁf(arcsin(!u + iv}), arg(u + iv)) ®
4o +®

o ) sfu-%) e ) sfv-

k=—o jm—»

Drf
>
Sk

) ) (34a)

The separations of the aliased lobes (for (k,j) # (0,0)) are >\/Ax
on the u scale and X/Ay on the v scale. Then, since the extent
of the noise field directionality ﬁf is u? + v2 <1, overlapped
aliasing lobes do not occur if 8, < A/2 and Ay < A2. This is a

quantitative restatement of the claims made in the sequel to

(28).
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DISCRETE FINITE-LENGTH ARRAY

The effect of finite lengths in the x and y directions can be
incorporated by modifying (34a) so as to include weighting
w(x,y). Then, we have, for the estimated noise field

directionality,

G -w2 - T
1 - - .2
u 3 \ II dx dy exp(—1—£ (ux + vy)] Gf(x,y) X
x -
+@ + @
x 8, Ez: 8(x - 8, k) Ay E:: 8y - AY j)y wix,y) =
= -0 j=_co
=N (arcsxn(lu + ivij),arg(u + iv)) @ }Z: zz: KA'V - %ﬁ],
k=—-o» 3=_w b4
(34b)
where window
4+
Wiu,v) = lf JJ dx dy exp[~i£§ (ux + vy)) wix,y) . (24c)

A

Thus, not only is the noise field directionality aliased at
separations )\/Ax in u and X/AY in v, but, in addition, it is
smoothed by window W. Sampling alone does not distort the
estimated directionality if done with Ax < A\/2 and Ay < AN/2; see
(34a). However, the finite lengths of the array always smears,
with window widths of the order of A/Lx in u and >\/LY in v, where
L_ and LY are the effective lengths of weighting w(x,y) in x and

X

Yy, respectively.

24
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VOLUMETRIC ARRAY

We now have the full version (6):

n n
Gf(x,y,z) = I de J d¢ sin® Nf(9,¢) X
0 -n
(.Zn . . .
X €exXp 1= (x sin® cos¢ + y sin® sind + z cose)). (35)

However, since noise field directionality Ng is a function of two
variables, while spatial correlation Gf has three arguments, some
of the information in G is superfluous and must be reduced or

collapsed in some fashion.

SOLUTION OF INTEGRAL EQUATION

We begin by defining triple Fourier transform

+®

I(u,v,w) = IIJ dx dy dz q(z) exp(—iz% (ux + vy + wz)] Gf(x,y,z) -

-0

n n
= I de I d¢ sino N.(e,¢) A% §(u - sin@ cos$) &(v — sind siné) x
1] -1

x Q(w - cos8), (36)

where we use a weighting gq(z) on the z variable, and define

+ @
Q(t) = I dz exp(-i2ntz/\) q(z). (37)

(If q(z) = 1 for all z, then Q(t) = X &§(t).)
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We now break the right-hand side of (36) into two parts

according to

n n n/2 n n R
[ ae I dé = j de f dé + J de f de , (38)
0 -1 0 -n n/2 -1

and in each region, we make the change of variable used in (19)

and the sequel, namely

a = 5in® cosé, 8 = sind sing. (39)

Then ¢ = arg(e + ig), while

arcsin(|la + ig|) for 0 < e < n/2
[~ I (40)
n - arcsin(|a + i8]) for n/2 < 6 < n
and
] PN
(1 - &% - 8%) for 0 <8 < n/2
cos6 = " (41)
( 2 _g%)
-1 -« -8B for n/2 £ 9 <n
Define, for future use,
2 2)\* 2 . .2
s(x,B) = (1 - at -8 ) for o + 8% ¢ 1. (42)

Using these results in (36), there follows

I(u,v,w) = A2 jj da dB s(u,B) L

C

Fl(u,s) §{u-a) 8(v-8) Q(w-s(ax,B))
1

+ A jj de dB s(a,8) ) F,(a,B) 8(u-a) §(v-B) Q(w+s(a,B)),  (43)

1

whiere C1 is a circle of radius 1 located at the origin, and
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Fl(a,e) = Nf(arcsin([a + iB|), arg(a + iB))
}for e + 18| < 1.

Fz(a,ﬁ) = Nf(n - arcsin(|a + iB|), arg(e + iB)) (44)

Evaluating the integrals in (43), we have

1

I{(u,v,w) = Xz s(u,v) [Fl(u.v) Q(w - s(u,v)) +

+ Fy(u,v) Q(w + s(u,v))] for ul + vZ < 1. (45)

SIMULTANEOUS EQUATIONS

1f we evaluate the triple Fourier transform in (36) at two

different values of w, we have

§L§5!l I(u,v,wy) = Fy{u,v) Q(w;~ s(u,v)) + Fy(u,v) Q(w;+ s(u,v))
(46)
and

stffll I(u,v,w,) = Fy(u,v} Q(w,= s(u,v)) + Fy(u,v) Q(wy+ s(u,v)).

(47)
Also, if we define
Qn(+) = Q(wn + s(u,v)) ,
Qn(—) = Q(wn - s(u,v)) , (48)
and denominator
D = Ql(") Qz(+) = Ql(+) QZ(—)' (49)

the solutions to (46) and (47) are
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2

Fylu,v) = §§3*§1[02(+) I(u,v,w ) = Q(+) I(u.v,wz)) for

s(u,v)
Fylu,v) = —ifL;—[ol(-) T(u,v,wy) = Q,(~) I(u,v,w)] (50)

provided that D # 0. Function s is defined in (42).

There is a great deal of leeway in these solutions. Namely,
Q(t) in (37) is arbitrary, and the values Wy and w, are arbitrary
as well; the only restriction is that D in (49) not be zero. 1In
the special case where weighting g(z) in (36) is real and even,
then Q(t) in (37) is also real and even; we presume this to be

the case henceforth. If we then choose Wy = -Wy, (49) becomes
2 2
D=2Q (w1 = s(u,v}) - Q% (w; + s(u,v)). (51)

If the effective length of weighting g(z) is L,, a represent-
ative plot of Qz(t) is displayed in figure 2. For small s, a
good location for W,y is at the point where Qz(t) has its maximum
slope. For larger s, a value for w, near s would guarantee a

large value for D in (51).

0% (t)

¥

s = s(u,v) = (l-uz-vz)

Figure 2. Window Function Q2
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ANGULAR REPRESENTATIONS
If we make the substitutions
u = sin® cos¢, v = sin6 sin$¢ for 0 < © £ n/2, -n < ¢ < n, (52)

then (42), (44), and (51) yield

s(sin@ cos¢, 5ind sin¢) = cosd 3
for

?l(sine cos¢, sin® siné) = Nf(e,¢)

F,(sin® cos¢, sind sing) = N.(1 - ©,4) 0 <8< n2, -n<é<m.

D = Qz(w1 - co0s®) -~ Qz(w1 + cos9) J (53)

Then (50) becomes

o Q(w1 - c088) I(+) - Q(w1 + €c0s86) I(-)

N.(0,¢) = 23 , (54a)
£ xz Qz(w1 - €co0s9) - Qz(wl + Cc0sO)
Q{w, - cos9) I(-) - Q(w, + cos8) I(+)
Ne(n - o,4) = 228 L -~ . (54b)
A Q (wl - cos®) - Q (w1 + co0s508)

for 0 < ® { n/2, -n < ¢ < m,

where we define

+®

1(+) = I1(sin® cos¢, sin® siné¢, iwl) = IJJ dx dy dz q(z) x

4

X exp(—iz§ {x sin® cosd + y sin® siné + z wl)) Gf(x,y,z), {55)
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upon use of (36). We repeat that these results for the noise
field directionality apply only for Q(t) real and even;
otherwise, Q(t) and wy are arbitrary.

An alternative form to (54b) is available, if desired, by the

substitution 8’ = n - ©, namely

, Q(w, + cos8') I'(-) - Q(w, - cos®’) I'(+)
Ng(07,4) = coso 1 1

22 Q®(w, - cose’) - o%(w, + cose’)
for n/2 £ ® < n, -n < ¢ £ n, (56)
where
I'{+) = I{sin®' cosé, sind’ sing, 1w1). (57)

The most extensive calculation required here is that given by

(55); rewriting it differently,

4o
I(u,v,iwl) = JI dx dy exp(-ig§ (ux + vy)) X
4o
X J dz exp[—iz% (iwl)z) g(z) Gf(x,y,z). (58)

The innermost integral, the Fourier transform on z, only needs to
be accomplished for the two values Wy whereas the outer
integrals must be done for ranges of u and v. This is the
collapsing operation alluded to under (35). On the other hand,

the inner integral must be repeated for every x,y value of

30
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interest; nevertheless, (58) is not as difficult as a three-
dimensional Fourier transform.

An example of this procedure for the volumetric array is
carried out in appendix C; it illustrates the care that must be

taken with respect to the 6 variable in (54).
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SUMMARY

The noise field directionality for the cases of one-, two-,
and three-dimensional arrays have been solved for, explicitly, in
terms of the appropriate spatial correlation available in each
case. In the one-dimensional case, only the polar directionality
can be determined, while in the two-dimensional case, the sum of
symmetrically arriving rays on both sides of the planar array can
be evaluated. For the three-dimensional case, all ambiguity can
be eliminated, but the overdetermined nature of the problem
requires some collapsing of information and leaves many options
to consider. For example, one could let the volumetric array be
a thin-shelled sphere; however, the resulting two-dimensional
integral equation for the noise field directionality cannot be
solved e. plicitly. The attractive feature of large stacked
planar arrays is that it permits the use of Fourier transforms
and, therefore, an explicit expression for the noise field
directionality in terms of the three-dimensional spatial
correlat .on. Also, Fourier transforms are efficiently evaluated
by the uie of fast Fourier transforms.

In this investigation, we have presumed exact knowledge of
the spatial correlation Gf(z) or Gf(x,y) or Gf(x,y,z), depending
on the dimensionality of the array employed. 1In practice, Ge
must be estimated from measurements made from a physical array;
in this case, maximum advantage should be taken of the
stationarity and homogeneity of the noise field. Thus, for a

line array of equi-spaced elements, Gf(nA) should be estimated
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from all the available pairs of elements that have separation na
in space and over the total available observation time that data
have been recorded on all elements.

A comparison [6] is underway between the methods of this
report and the Fourier series method given in [4], at least for
the line array. Results are similar, but not identical; in
particular, the aliasing of the Fourier series method is more

severe than for the Fourier integral approach.
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APPENDIX A. ALTERNATIVE LOCATION OF LINEAR ARRAY

If we locate the line array along the x axis, that is,

y =2z = 0, then (6) reduces to

n n
Gglx) = J de J dé sin® N.(8,4) expi
0 -n

1 X sine cosQ] -

A=

n/2 n
- ! ae { d¢ sine N (8, 4) exp[i

=

X sinéo cos¢), (A-1)

where

&f(el¢) - Nf(el¢) + Nf(n - 9,¢) + Nf(e;"O) + Nf(ﬂ. - 9,‘¢) (A’Z)

for 0 < ® < n/2, 0 < ¢ < n. Therefore, Fourier transform

+o
I(u) = I dx exp(-ig% u x] Gf(x) =

n/2 n
- J ae I d¢ sine N (6,4) X 8(u - sin® coss). (A-3)
0 0
Now let

s = sin8, t = cosé¢, (A-4)

which are one-to-or. transformations in the ranges allowed in

integral (A-3). Then
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1 1
ds s dt

I(u) = X
% 5
0 (1 -s2) -1 (G -¢?)

ﬁf(arcsin(s),arccos(t)) S§(u-ts).

(A-5)
The innermost integral on t yields
ﬁf(arcsin(s), arccos{u/s))
% for |u}l < s
( 2/52)
1 - u /S ' (A-s)

0 for ju)l > s

thereby giving

1
ds s
I(u)=XI
i
up G - s2)7 (2 - u?)

I ﬁf(arcsin(s), arccosl{u/s))

for |u] < 1. (A-7)

This integral equation for noise field directionality ﬁf is more
general than Abel’s integral equation, because limit u is also
involved in one of the arguments of ﬁf. We have been unable to
simplify (A-7) and extract any simple descriptor of the noise
field directionality analogous to (8). Placing the linear array

along the y axis, instead, encounters the same problem.

36




TR 8631
APPENDIX B. ALTERNATIVE LOCATION OF PLANAR ARRAY

Suppose the planar array lies in the x,z plane, that is,

y = 0. Then (6) becomes

n n
Gelx,2z) = f de I d¢ sine N (©,¢) exp(iz%(x sine cos¢ + z cose)) =
0 -n

n n
= j de I dé siné N.(6,4) exp(iz§(x sin® cos¢ + 2z cose)) , (B=1)
0 0

where

Hf(el¢) = Nf(er¢) + Nf(e,"‘¢) for 0 < e < n, 0 < ¢ < n. {B-2)

Then

+o
I(u,v) = II dx dz exp(-ig§ {ux + vz)] Gf(x,z) =

2

dé sin® N.(8,4) A" .(u - 5in6 cos¢) &(v - cos®). (B-3)

(|
O ey 21
o,
e+]
[ - |

Now let

s = sin® cos¢, t = cosH, (B~-4)

for which the Jacobian is

s

»
3(s,t) _ sin%e sing = (1 - ¢2) (1 -s%2-¢2)".  (8-5)

3(6,4¢)

Then
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2—15
2 N.|arccos(t),arccos s(l—t )
1(u,v) = X*[[ as at >

d(u-s}é(v-t)=
C1 (l - s2 - tz)

22 —u 2, .2
% Nglarccos(v), arccos 21 % for u* + v® ¢ 1
(1-u2-v2) (1-v?)

3

\ 0 otherwise

/

(B-6)

Thus, we have the explicit representation for the noise field
directionality,

e
u__ 1 - v? - v3)
N.|larccos(v), arccos i = dx dz x
_f[ [(l—vz) ]] A2 IJ

2n

X exp[—i—x (ux + vz)) Gf(x,z) for u2 + v2 <1 (B-7)

If we now let

U = sinG cosé, v = cosH, (B-8)

this becomes

+®
N:(8,9) = Elﬁﬂiiiﬂi IJ dx dz exp(—ia%(x sin6 cosé¢ + 2 cose)] x
A
-

x Gf(x,z) for 0 < ®©

In

n, 0 < ¢ < & (B-9)

This is a viable alternative to (27). Compare with starting

result (B-1).
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APPENDIX C. EXAMPLE FOR VOLUMETRIC ARRAY
Let the noise field directionality be given by

Nf(9,¢) = 8(9-90) 6(¢-¢°). 0 < eo < n, -n < ¢° < m. (Cc-1)

Notice that arrival angle eo can range over an interval of length

n. We distinquish two cases:

A: 0 < 90 < n/2,

B: n/2 < 90 < m. (Cc-2)

From (35), the three-dimensional spatial correlation is

Gf(x,y,z) = sine° exp(iz% (x sineo cos¢o +

+ v sine_ sing_ + 2 coseo)) ) (c-3)

The problem addressed here is the reestablishment of (C-1) by
means of the solution procedure given in (54)-(57). Recall that
Q(t) is real and even.

First, substituting (C~3) in (55), there follows

I(+) = sineo Xz 8(sind cosé¢ - sineo cos¢°) x

x 8(8in® sin¢ - sineo sin¢o) Q(iwl - coseo) . (C-4)

Now, when we recaill that 6 is limited to (0,n/2) in (54), the

delta functions in (C-4) are located at
A: 9-90, ¢-¢ol

or B: 6 =1 -~ eo, ¢ = ¢° . (C-5)
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By means of the two-dimensional transformation employed in

(19)-(22), we find that

2
A: I(+) = coseo 8§(06 - 60) S(¢ - ¢o) Q(w1 + coseo) ,
XZ -
B: I(i) = T-CFS-EC;T §(6 - nm + 90) 8(¢ - ¢0) Q(Wl + COSGO) . (C-G)

Substitution of (C-6) in the numerator of (54a) yields

2
A
A: cos® coseo 8(0 - 90) S(¢ - ¢O) C(G,GO) '
XZ
B: cos® TEE;EZT 8(6 - n + 60) $(¢ - ¢o) C(G.eo) ' (C~7)
where

C(e,eo) = Q(wl—cose) Q(wl-coseo) - Q(wl+cose) Q(w1+coseo). (C-8)

But since
C(e_,9 ) = Qz(w ~ cos8_) - Qz(w + Cc0s9 )
o' o 1 1) 1 o’ !
we find that

(6 - 90) (¢ - ¢o) for case A
Nf(el¢) = . (C-lO)
0 for case B

On the other hand, substitution of (C-6) in the numerator of

{54b) yields

40
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2
A: COSbH E-o"'gg; 8(0 - 90) 5(¢ - 4’0) D(G,Go) ‘
XZ
B: cos6 '—éo—s'e—:T 6({0 - n + 90) S{¢d - ¢o) D(e,eo) ’ (C-11)

where

D(e,eo) - Q(wl—cose) Q(w1+coseo) - Q(wl+cose) Q(wl—coseo). (C-12)

But since

D(eo,eo) - 0,
D(n-6_,6 ) = Qz(w +cos8_) - Qz(w -cos9_) (C-13)
¢’ o 1 0 1 o' !
we find that

0 for case A
(C-14)

Nf(n—el¢) = {
8(e—n+eo) 8(¢—¢°) for case B

This last case could be written in a form similar to (56) as

Nf(e',¢) = 5(9'—60) 8(¢—¢o) for n/2 < 6' < n. (Cc-15)

*n any event, (C 10) and (C-14) confirm starting result (C-1) for

the noise field directionality.
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Estimation of Noise Field Directionality;
Comparison with Fourier Series Method

A. H. Nuttall
ABSTRACT

For a line array immersed in a stationary homogeneous noise
field, the noise field directionality, at any temporal-frequency of
interest, it estimated without any a priori assumptions about the
field and without the limitations of ill-conditioning. The key to
this development is the deferment of the inherent discretization
assoclated with an array until after the integral equation for the
noise field directionality has been soived in terms of the observed
spatial correlation.

Comparison with the Fourier series method reveals nearly
identical results, except that the Fourier series method has some
inaccurate low-order Fourier coefficients. Also, no Bessel
function evaluations are required for the new method proposed
here; instead, one FFT suffices for approximate evaluation of the
field directionality. However, neither procedure has the
superresolution capability of some of the recent
eigen-decomposition approaches.
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ESTIMATION OF NOISE FIELD DIRECTIONALITY;

COMPARISON WITH FOURIER SERIES METHOD

INTRODUCTION

The possibility of estimating the directionality of a
stationary homogeneous noise field, directly from the element
outputs of a line array, was investigated in [1,2,3) and found
feasible only for small array sizes, due to ill-conditioning of
the solutions of the fundamental least-squares equations relating
the observed discrete spatial correlations to the impingent
field. 1In addition, the possibility of incorporating a priori
information about the field directionality and allowing for
additive uncorrelated noises at the elements were considered in
[2].

Recently, the ill-conditioning associated with these
approaches was circumvented in [4] by employing a Fourier series
method for the unknown field. However, this method requires
numerous Bessel function evaluations and can have inaccurate low-
order expansion coefficients, leading to bias in the estimated
field directionality. Here, we will eliminate both of these

drawbacks.
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NOISE FIELD CHARACTERIZATION

Consider a (wide-sense) stationary homogeneous noise field
characterized by directionality N(f,0,¢) that measures the power
density spectrum at temporal-frequency f, due to noise arrivals
from direction (©6,¢). See figure 1. This characterization
presumes that noise arrivals from different directions are

uncorrelated and thereby precludes multipath arrivals, for

example.
Z
arrival
0 B<n i
-n< ¢ <n o !
1
\\ i
¢ ™ - ! /,
~ boos
__________ RV v
X

Figure 1. Angqular Geometry

Suppose a collection of M receiving elements with arbitrary,
but known, locations is immersed in this field. The largest
amount of second-order information that can be extracted from
these element outputs is the set of joint probability density
functions between elements. However, in so far as estimating
N(f,0,¢) is concerned, there is no need to retain anything more
about the element outputs than the (Hermitian) matrix G(f) of

their cross-spectral functions ij(f), 1 < k,j < M.
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In order to relate ij(f) to noise field directionality
N(f,0,¢), consider the power density spectrum of the elemental
contribution due to solid angle dO6 d¢ sin® centered at (9,4},
namely

de d¢ sin® N(f,0,4). (1)
In addition, let rk(e,¢) be the time taken for a noise arrival
from direction (6,4¢) to reach sensor k of a receiving array.
Consequently, the transfer function applied to this arrival in

reaching the k-th sensor is
exp[—iantk(e,¢)] = Hk(f,9,¢). (2)

Then the cross-spectrum of the outputs of omnidirectional sensors

k and j, owing to the elemental contribution (1), is
de d¢ sin® N(f,0,4) H,(£,0,4) HI(£,0,4) =
= d6 d¢ sin® N(f,0,4¢) exp[—ian{rk(e,¢)~rj(6,¢)]}. (3)

Assuming that the noise arrivals from different directions
are uncorrelated, the cross-spectrum ij(f) of the outputs of
sensors k and j is given by the sum of componerts (3) over all

angular space:

n n
Gyy(E) = J de f d4 sine N(£,8,4) exp[-i2nf(T, (0,4)-74(0,4)}1. (4)
0 -n

This result holds for 1 < k,j < M, where M is the number of
sensors in the receiving array. N(f,0,4) is called the noise

field directionality at temporal-frequency f£. The product
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sin® N(f,0,¢) could be called the plane-wave density.

Equation (4), for all k,j, constitutes the totality of
information about N(f,98,¢) from the available elements. The
problem is to estimate N(f,0,4¢) from measurements of {ij(f)}.
It should be noted that not all {ij(f)} contain independent
information. Thus, Gy, (£) = G, (£) for all k, and Gy (f) = G;k(f)
for all k,j. Also, for example, if elements 1,2 and 3,4 have
Ty =Ty = T3-T, for all 8,¢, (4) indicates that Glz(f) = G3q(f);
this is due to the homogeneity of the noise field.

Array processing techniques, whether they are standard delay
and add, weighted, or optimum (adaptive), result in a
preprocessing of noise field directionality N(£f,9,¢). Attempts
to then estimate N(f,0,4¢) from these processed quantities must,
in some sense, undo what the array process’ -~ has already done.
But why should array processing be used on the elements at all,
when we are interested in estimating the noise field
directionality? An "optimum" estimation technique should accept
matrix G(f) as its input and emit an estimate of N(f,9,¢) as its

output. This is the goal of this investigation.
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LINE ARRAY

In this report, we will address only the case where the
receiving array lies entirely on a single line in space. 1In
figure 1, let 6 be measured with respect to the location of the
line. That is, let the line array lie along the 6 = 0 axis,
namely the z-axis. See figure 2. Then if dk is the distance
(measured downward) of the k-th element from some reference point
on the line, we have delay

d

Tk(e,¢) i cos® for 1 < k < M. (5)

o

The values 6 = 0 and n correspond to endfire of the line array,

and ¢ is the speed of propagation,.

+ 2
T .
dy
LY,

~

Figure 2. Geometry of Line Array
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INTEGRATED DIRECTIONALITY FUNCTION

1t follows from (4) and (5) that cross-spectrum

n n
d - d.
Gy (£) = j dae f d¢ sind N(f,0,¢) exp[-ian —5—3——1 cose] - (6)
0 -n

n
4, - d,
- I de sine exp[—ian + cose] N(£,0) for 1 < k,j <M, (7)

0

where we define integrated (or collapsed or averaged) noise
directionality

n

N(g,o) = [ de N(E,6,4). (8)

~-n
Notice that N(f,9,4) is defined in terms of a coordinate system
centered on the line. According to (7), the only quantity that
can be estimated about the noise field directionality is the
integrated function N(£,6) in (8); this is a manifestation of the
inherent conical symmetry of a line array response. The problem
is to invert the measurements {ij(f)} in (7) and solve for the

quantity N(f,0), if possible.
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EQUISPACED LINE ARRAY

For an equispaced line array, figure 2 can be specialized to

d =k d for 1 < k < M, (9)

where d is the element spacing. Then, (7) becomes

n
Gyl £) = J 46 sineé exp[—la(k—j) cose] N(£,0) =
0
1
= I du exp[—ia(k—j)u] N(f, arccos(u)), (10)
21

where arccos is the principal value inverse cosine function and

£ C
@ =N F f0 = 33’ u = cos9. {11)

The quantity fo is the (design) frequency at which spacing d

would be a half-wavelength:

C
A =‘f'—=2d. {12)

Also, u = 0 corresponds to broadside of the line array.

At this point, a change of notation is very convenient. We
suppress the explicit appearance of frequency f (it still appears
through « in (11)) and express (10) as a spatial correlation

1

C(k-j) = J du exp(-ialk-j)u) B(u), (13)
1
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where we recognize that the only dependence on k,j is through

their difference and define the noise directionality function

N(f, arccos(u)) for -1 < u < 1
B(u) = (14)
0 for |u| > 1
Finally, we modify spatial correlation (13) to
1
c(p) = j du expl-iapu) B(u). (15)
-1

This can be considered as an integral equation for noise field
directionality B{u), where « is known, and spatial correlation
C(p) = C*(-p) is available only for integer p satisfying |p! < M;

this was the approach considered in [1; section 2.3].

10
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FOURIER INTEGRAL METHOD

Suppose that spatial correlation C(p) in (15) were available
for all continuous p, not just the integers |p| < M. Then
multiplying (15) by exp(iapu’) and integrating over all p, we

have, using (11),

+® +® 1
f dp exp(iapu’) C(p) = I dp exp(iapu’) f du exp(~iapu) B(u) =
-~ - -1
2f
1 - 2 B(u)  if -l <u <1
- f du B(u) 2 §(u-u’) = . (16)
-1

0 otherwise

That is,

4o

B(u) = 7o— J dp exp(ieup) C(p)  for -1 < u < 1. (17)
o]

-
This is an explicit integral relationship for the (integrated)
noise field directionality B{u) at bearing u, in terms of spatial
correlation C(p) at separation p. We will call this the Fourier
integral method for the determination of the noise field
directionality.

As an example, if the field is composed of a single plane-
wave arrival,

B(u) = &(u-u_), Ju | <1, (18)

o]

then (15) gives spatial correlation

11




TR 8599
C(p) = exp(-iapu,) for all p, (19)

and (17) restores directionality (18). We should also note that
the highest rate of variation of spatial correlation C(p) is
exp(+iap), obtained when u,? tl. If we insert a higher variation

for C(p) into solution (17), such as (19) with |u > 1, we get

ol
nonzero values for directionality B(u) outside the allowed (-1,1)
range of u, namely G(u—uo). Since this is disallowed according
to (14), noisy estimates of spatial correlation C(p) require some
preprocessing prior to insertion into (17); alternatively, non-

zero values of B(u) for |[u|l > 1 might be ignored, but this is not

an attractive approach.

12
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INFINITELY-LONG DISCRETE ARRAY

Equation (17) gives the impression that spatial correlation
C(p) is required for all continuous p. But since (13) indicates
that C(p) will only be available for integer p, we consider that
case first; in fact, we consider spatial correlation C(p) to be
known for all integer p, which corresponds physically to an
infinitely-long equispaced line array. The corresponding
trapezoidal approximation to integral (17) for the noise field
directionality is denoted as

+
By (u) = 3-;—"— E exp(ieun) C(n) for all u. (20)

Nu—-

But this can be developed according to

Y $+ o
Bb(u) = 5%; J dp exp(iaup) C(p) E §(p-n) =
- nNz=-
4+ + @
= B(u) @ }E:s[u - n 35] = EZ:s[u - n 35] -
o o
s —o N=-o
= 2f
= }Z:B[u - n _TE] for all u, (21)
N=~®

where ® denotes convolution, and we used (11). Function Bb(u)
has period 2fo/f in u; if we define A = ¢c/f, this period is i/d,

where we used (12).

13
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Bb(U)
aliasing
B(u) lobe
1 \\\il\u i u
' 2f 2f ' ' 2 2f '
0 o) 0 o)
i 1- 5 -1 0 1 5 -1 5

Figure 3. Approximation Bb(u)

The plot of approximation Bb(u) to the noise field direction-
ality in fiqure 3 reveals aliasing lobes separated by Zfo/f on
the u-axis. If £ < fo, that is, if the array is being used below
its design frequency, then these lobes do not overlap, and we
have

B,,(u) = B(u) for -1 < u < 1. (22)
Thus, exact recovery of the noise field directionality B(u) is
possible from knowledge of spatial correlation C{(p) at integer p,
provided that

f < fo' that is, d < M\/2; (23)

here, we used A\ = c/f and (12). The element spacing must be less
than a half-wavelength at the temporal-frequency f of i .iterest in
order to avoid aliasing. The discrete nature of the array does
not, in itself, prevent recovery of the field; it is the finite

length of a physical array that causes problems.

14
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1f spatial correlation C{(p) contains a component with too
high a rate of variation, as, for example, (19) again with

|u > 1, we get B(u) = 8(u~uo) as before. However, a plot of

ol
the corresponding Bb(u) in figure 4 (for u, > 1) reveals an
aliased component within the fundamental range (-1,1). We would
be led to believe that the noise field directionality has a

component
ZfO

which is incorrect. Thus, the discrete nature of an array can be
a problem if the measured spatial correlation C(p) contains
disallowed components, which show up as aliased components inside
the fundamental range (-1,1) of u. This problem exists even if

the array has infinite length.

I B !
I |
I I
: i % 1 u
-1 u, 0 1 o u,
U, = U, - 3;2 Uy, = u o+ EEQ

Figure 4. Aliasing of Disallowed Component

15
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FINITE-LENGTH DISCRETE ARRAY

The approximate noise field directionality for a finite array

of M elements is a modification of (20):

$+®
Bc(u) = 7%— EE: exp{ioun) C{(n) w. for all u, (25)

°n
where weights

W, = 0 for |n} > M. (26)

We consider that weights {wn} are samples of a continuous

function w(p); that is,
w_ = w(n), (27)
where function w satisfies
w(ip) = 0 for |p| > M. (28)

See figure 5. It then follows immediately from (25) and (20)

that

w(p)

-M 0 M

Figure 5. Weighting Function w(p)

16
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Bc(u) = Bb(u) ® W(u), (29)
where window
4@
W(u) = =o— f dp exp(ioup) w(p) (30)
7t p(ioup) w(p).

(For the case of no weighting, that is, w(p) = 1 for all p, then

W(u) = &8(u), and (29) reduces to (21).) The window W(u) has

2f
effective width —?9 in u. {31)

by Lo

(For flat weighting, that is, w(p) = 1 for |p| < M, the effective
width is half of (31); however, the sidelobes of W{u) are then
significant.)

Although the aliasing of Bb(u) in figure 3 can be controlled
through satisfaction of (23), the convolution result in (29)
reveals that the true noise field directionality B(u) will be
smeared by window W(u). This is a result of the finite length,
(26), of the array. Also, (29) and (31) reveal that
approximation Bc(u) has no superresolution capabilities; in fact,
the smaller that f is chosen below design frequency fo' the more
smeared B (u) becomes. Thus, there is good reason to operate
near the design frequency, that is, maximize f/fo, in order to
minimize the width in (31); however, there is the conflicting
requirement depicted in figure 3 and (29), which points to

smaller values of f/fo. A compromise is in order.

17
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If spatial correlation C(p) contains a disallowed component
such as (19) with luol > 1, (29) and figure 4 indicate the
presence of a smeared and aliased component within the
fundamental range (-1,1). Thus, such disallowed components
should be preprocessed out of spatial correlation C(p) before

submission into approximation (25).

APPROXIMATE FIELD

The approximate noise field directionality that we will
consider at length, here, is obtained by setting L 1 for

n] ¢ M in (25):

M-1
5%— exp(iaun) C(n) for -1 < u < 1. (32)
o

n=1-M

Ba(u) =

This is a sampled box-car approximation to the exact integral
result for B{u) in (17). Ba(u) has period 2fo/f inu., If |C(n)]
for |n}] > M is substantially smaller than C(0), (32) could give a
good approximation to B(u). If not, then one of the super-
resolution techniques, such as maximum entropy, could be used to
effectively extrapolate spatial correlation C(n) out to n = e
and the transform carried out analytically in closed form.
Approximations (32) and (25) have the same form as
{1; (41) & (42)], if weighting W(f,u) there is independent of u.

Also, if £ = fo' (32) reduces identically to [1; (47) or (51)].

18
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However, we do not solve any ill-conditioned equations here, when
£ < fo; on the other hand, we have not minimized any error
measure either.

The actual numerical evaluation of approximation Ba(u) is

best done by specializing to the particular argqument values

M-1

k 2fo f ,
Ba X = 3f }Z: exp(i2nkn/K) C(n) =
° n=1-M
M-1
- 5%- C(0) + 2 Re Z exp(-i2nkn/K) C (n) b . (33)
o
n=1

which can be accomplished by a discrete Fourier transform. The
K values of k, that are swept out, cover an interval of length
2fo/f in u, which is broader than the length 2 interval required,
when £ < fo’ See figure 3.

The exp(ix) function in (32) is being sampled at increment

A, = aqu=n1 £ u . (34)
X fo

So, if £ < fo and ju| < 1, then |A < n, meaning that exp(ix)

|
has at least two samples per period. This is well known to be

the requirement for avoidance of overlapped aliasing lobes and is
corroborated by figure 3. This sampling rate interpretation will
be very important later when we discuss the Fourier series method

[41.

19
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Similarly, the spatial correlation C(g) in (17) is being
sampled at increment Ap = 1. But since the sampling increment of

exp(-ix) in (19), for basic elemental example (18), is
£
8, = awu =N = U, (35)

we again have ]Ax| < n if £ < fo and luol < 1. Thus, at least two
samples per period are taken of spatial correlation C(p), as

well, even if values of u, near +1 occur.

DISCUSSION

It can be seen from (34) and (35) that the most troublesome
cases will be when frequency f is near fo and u, is near #1, that
is, when the array is employed at its design frequency and when
arrivals come in near endfire. Since arrivals come in of their
own accord, no control is had of L except to turn the line
array. And although one could choose i < fo in order to
alleviate aliasing, losses in resolution will then occur, as (31)
indicates. Thus, a trade-off is in order in regards to choice of

f/f perhaps, values somewhat less than 1 are a reasonable

of
compromise, as was done in [1l; figures 3,4,5]. Of course, a
larger number of elements, M, always helps in improving
resolution, as shown by (31); this is now a viable alternative,

since there is no ill-conditioning as there was in [1].

20
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The reason that we have been able to circumvent the ill-
conditioning is that we have deferred the inherent sampling of
(15), with increment Ap = 1, until after we solved the integral
equation for noise field directionality B(u) in explicit forr
(17). So, instead of facing up to the discrete issue, as
explicitly posed in (13), we have put it off as long as possible,
and have then addressed it in the various forms (20), (25), and
(32). which are reasonable approximations to tr-~ ideal continuous
result (17). This procedure of temporarily ignoring the discrete
sampling associated with a line array was first presented in
(4; section 3] in connection with a cosine series expansion for
the field distribution; this latter procedure is fully developed

in the next section.

21/22
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FOQURIER SERIES METHOD

In order to derive this method, we return to a combination of

{(14) and (15):

1
C(p) = j du exp(-iapu) N(f, arccos(u)) =
-1
h4
- J d0 exp(-iop cos®) sin® N(f,8) . (36)

0

This equation relates the measured spatial correlation C(p), at
integer separations p, to the integrated noise field
directionality N(£,6) (see(8)). We again suppress the f

dependence and define plane-wave density

A(8) = sin® N(f,9) for 0 < & < n , {37)
to obtain
n
C(p, = j 40 exp(-iap cos®) A(8) . (38)
0

As in (15) and the sequel, spatial correlation C(p) is known only
for integer p satisfying |p| < M. Function A(8) is the unknown
field function that must be estimated. It is related to the B

function of the preceding section according to

A{©) = sin® B(cos8) for 0 ¢ 8 < n . {39)

See (37) and (14).
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FOURIER SERIES EXPANSION

We expand A(6) in a cosine series according to

+e

A(9) = EE: aq cos(g®e) for 0 <8 < n . (40)
q=0

This basis is a complete set on interval (0,n). See [5; page 92].

If we substitute (40) into (38), and interchange operations, we

get
+© n
C(p) = E:: aq f de exp(~iap cosB) cos(qgd) =
g=0 0
+ &
= q }Z: aq (-i)9 Jq(ap) ' (41)
g=0

where we used [6; 9.1.21]. As a special case,

C(0) = n a, ¢ (42)

which allows explicit determination of a.
Equation (41) constitutes an infinite set of complex
simultaneous linear equations for coefficients (aq); . If we

split this equation into its real and imaginary parts, we have

24
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+® +®
1 - _i\ 4 - REL
- c.(p) EZ: aq (-1) Jq(ap) }Z: ay, (=117 3y, tap) (43)
q-o k’o
q even
+® + @
"]'.' = - q+1 = _ k
- Ci(p) zz: aq (-1) Jq(ap) EE: a1 ! 1) JZk_l(ap)
g=1 k=1l
g odd (44)

We now have two infinite sets of real simultaneous linear
equations, one for the even coefficients, the other for the odd
coefficients, in cosine expansion (40).

Since spatial correlation C(p) in (38) is only known for a
finite number of discrete p values, namely integer |p| < M, there
is no hope of solving for the infinite number of unknowns {aq} in
(43) and (44). WwWhat we shall do, for the time being, is to
ignore this limitation and pretend that C(p) is known for all
continuous p > 0. (Of course, C(p) is then also known for p < 0,
according to C(-p) = C*(p) from (15), since field B{(u) is real.)
This procedure was first propounded for the line array in [4].

We multiply both sides of (43) by JZm(ap)/p and integrate

over p, to obtain

1 [, JamleP) N k(o JamoP)
T ~(]; dp —-T—- Cr(P) = kZ(; aZk (-1) J. dp """"'"p'——'-" Jzk(ap) =
a (-1)"®
2m
- W for m 2 1 ’ (45)
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here, we used {6; 11.4.6]. 1In a similar fashion, from (44,

1. Japoqtep) EQ: k . Jag_pleP)
0 k=1 0
a (-1)®
2m-1
3251 for m > 1 . (46)

Combining (42), (45), and (46), we have

1 1
ao L] ‘i C(O) - 'i Cr(O) ’
+ \
J, {(ap)
2 m 2m
ayy = 2 (-1)™ 2n J dp —*f— c_(p)
0
\ form > 1. (47)
+
J {ap)
2 m 2m-1
ayme1 = 2 (-1 (20-1) f dp 21— ¢, (p)
0 J

Convergence of the first integral at p = 0 is guaranteed since
JZm(ap)/p + 0 as p » 0, because 2m > 2. The second integral also
converges at p = 0, since J2m_1(ap) Ci(p)/p + 0 as p » 0, because
2m-1 > 1 and C;(0) = 0. <Thus, both integrands in (47) approach
zero at the origin.

We now have explicit integral relations for the coefficients
{aq} in the cosine series expansion of A(®) in (40). They are
exact results for {aq}, presuming that spatial correlation C(p)

is available for all continuous p > 0. They agree with

[4; (13)-(15)].
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EXAMPLE
Consider the same single plane-wave arrival given in (18):

B(u) = &§(u - uo) ' ju < 1. (48)

O]
Then (39) yields

A(8) = sin® §{(cos6 - uo) = §(6 - eo) for 0 ¢ &8 < n , (49)

where 9, = arccos(uo), 0 < 8, < m. Substitution in (38) gives

spatial correlation
C(p) = exp(-iap coseo) = exp(—iapuo) ' (50)

as in (19). When this result is used in (47), the coefficients

are found to be (see appendix A)

2
aq = 3 cos(q eo) for g > 1 , (51)

independent of «. Then the summation on the right-hand side of

(40) becomes (appendix A)

4@
R(©) = Z [s(e -6 - m2n) + §(6 + O - m2n)] for all ©. (52)

M= - 00

The plot of this function in figure 6 reveals that the only
impulse component lying in the allowed range of 6, namely (0,n),

is that at 8 = eo. Therefore,

27
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A(e) = &(8 - 90) for 0 <8 <, (53)

as desired. Thus, the use of all the exact coefficients {aq} in

(51) restores field distribution A(®) precisely.

R(8)

e
L i L 4
1 i T U
-2n 90-2 -n —90 0 90 n n~6° 2n
Figure 6. Summation R(©) in (40)
DISALLOWED COMPONENT
The highest rate of variation of spatial correlation C(p) in
(50) is exp(+iap), just as in (19) and the sequel. If we insert
a higher variation for C(p) into integral solution (47) for the
coefficients, namely
C(p) = exp(—iapuo) , u, > 1, (54)

we obtain [7; 6.693 1&2]
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1
a&% " T’
a_ = 2 o4 for g > 1 (55a)
q = -
where
Q = 1 = u_ - u2 -1 , (55b)
3 O N 0
u_ + ju. -1

independent of «. Use of these coefficients in summation (40)

gives reconstructed field (right-hand side of (40))

u2 - 1

1 0
R(9©) .EW' (56)

A plot of this function in figure 7 reveals that it is spread out
over the entire (0,n) interval; this is in contrast to the
Fourier integral method in (19) which correctly restored a zero

field in the fundamental interval, namely

B{u) = §(u - uo) ' u. > 1, (57)

n R(O)

Figure 7. Reconstructed Field R(6) for u, > 1
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for this example. Thus, the Fourier series method gives nonzero
field values for 0 < 6 < n, even when all the coefficients (aq}
are determined exactly by the integrals in (47). The use of
noisy estimates for C(p) in {47) is therefore more debilitating
for the Fourier series method than for the Fourier integral
method, and some preprocessing (that is, low-pass filtering) of
the available spatial correlation C(p) values is required prior
to insertion into (47). 1If this is not done, a spurious
background will be yielded from the Fourier series method in the
fundamental range 0 < 8 < n, due to "spillover" from disallowed
components of C(p).

Substitution of the reconstructed field R(8) of (56) and
figure 7 into the right-hand side of (38) does not restore the
spatial correlation (54) for this example with u, > 1. This is
expected, since the coefficients (aq} in (55) decay with q,
preventing summation (40) for A(6) from retaining the arbitrarily
narrow behavior required versus ©, namely the delta function in

(49).
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DISCRETE ARRAY

For an equispaced line array of M elements, (13) indicates
that spatial correlation C(p) will be available only for integer
ipl| < M. We therefore adopt, as approximations to the exact

integral results in (47), the forms

- \
= 2 m . sz(an)
8o = 7 (F1)7 2m }Z: 5 C,(n)
n=1
» form > 1 ,
M-1
J {an)
~ 2 m 2m-1
dm-1 = 1 (-1)" (2m-1) EZ: E— Ci(n)
n=1 / (58)

along with 50 =a, = Cr(O)/n; see [4; (16)-(18)]. These are
explicit finite sums for the approximate coefficients {Eq}, to be
used in the cosine series (40) in place of the exact, but
unknown, {aq}. (The terms for n = U in the summands of (58) are
zero by virtue of the discussion under (47).)
Several potential problems exist with approximations (58).
First, the increment in the Jk(x) Bessel functions in (58) is
£
Ax = o = 0 ; . (59)
o
For the design frequency f = fo’ (that is, d = X\/2), this
increment is n, which is rather large. The plots of Jk(x) in
figure 8, for 0 < x < 20n and selected k values between 1 and 35,
reveal that the low-order Bessel functions are very poorly

sampled at values x_ = nn, especially for small n. For example,

n
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Figure 8.
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the peaks of Jl(x) at x near .6n and 1.7n are badly represented
by samples at x = n and 2n. (The curves in figure 8 are scaled
relative to the largest value of Jy(x) at x near .6n.)

Of more relevance are the plots of weighted functions Jyp (x)/x
in figure 9, because this is the actual integrand in (47). (The
curves in figure 9 are scaled individually for plotting
appearances, so that each has the same peak value.) We again
observe that the low-order weighted functions are poorly
represented by samples taken at X, = nn.

For larger arguments x, the "period" Py of Jl(x), indicated
on figure 8, is approximately 2n; thus, we are getting just 2
samples per period at 8, = n, which is barely adequate for Jq (x)
at large argument values. For the higher-order weighted Bessel
functions, the initial peaks (near x = k+2) are well represented
by samples at 8, = n. 1In addition, the period P, in figures 8
and 9 is greater than 2n, for larger arguments; thus, we are
getting more than 2 samples per period of the higher-order Bessel
functions. Of course, eventually, for large enough x, all the
Jk(x) have period 2n. (See [6; 9.2.1].)

These sampling considerations indicate that the low-order
coefficients aq will likely be inaccurate, especially when f is
near fo' while the higher-order coefficients will not be badly
affected by this particular feature. A numerical investigation

of these effects is undertaken in appendix B. 1In particular,

coefficients 51, 52, 310 are computed for a variety of values of
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ug (coseo), @ (nf/fo), M, and compared with the exact values
ajr ay, a;4- The results quantitatively confirm the above
expectations.

The second problem with approximations (58) is that the
increment in the samples of spatial correlation C(p) is Ap = 1.
The discussion surrounding (35) is directly relevant again and
should be reviewed. Arrivals near endfire, 90 ~ 0 or n, will be
most severely affected.

A third problem with (58) is that M is not infinite;
therefore, the summands may not have decayed sufficiently to
terminate the summation at M-1, with negligible error. As seen
earlier, for plane-wave arrival (48)-(50), spatial correlation
C(p) does not decay at 511 with p, and since [6; 9.2.1]

Jk(x) 1

e 373 as X > +o, (60)

X X

the integrands of (47) can decay very slowly with p.

Furthermore, if a in (1l1) is less than n, JZm(an) and
JZm_l(an) in (58) may not yet have even reached their substantial
range of values by the time n reaches M-1. To develop this

point, observe from figure 8 that

n

Jk(x) 0 for x| < k - 2n. (61)
Therefore

0 for 2m > an + 2n. (62)

n

sz(an)
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So, for example, if M = 64 and £ = fo’ then « = n,

max n = M-1 = 63, and (62) indicates that the Bessel function is
essentially zero for 2m > 204. Thus, approximate coefficients
Sq, determined from (58), will be substantially zero for q > 200;
this is the limit that was unknown in [4; under (5b) and bottom
of page 1651},

As another example, if M = 64 and ¢ = fo/2, then (62)
indicates that the approximate coefficients éq for @ » 105 will
be substantially zero; this is verified by [4; figure 3]. Thus,
figures 8 and 9, with (62), 3jive a guantitative indication of
when the Fourier series method will collapse, in terms of the

loss of the higher-order coefficients and the attendant degraded

resolution.
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RESOLUTION CAPABILITY

The general situation is as follows: approximate coefficient

5q in (58) involves Jq(an) for n = 1 to M-1. Reference to (61)

therefore indicates that if

q> any + 2n = a(M-1) + 2n = q’, (63)

ax

then Sq = 0. Thus, summation (40) for field A(®) will have zero
terms for q > q’. For the same plane-wave example considered in
(48)-(53), this would result in a resolution capability of the
order of (appendix A, especially (A-9) and (A-10))
n - n - A
Q'+ %  a(M-1) 2d(M-1)

A
= 5L (64)

at broadside, where we used (63), (11), and defined L as the
length of the line array. However, the coefficients {Sq}
deteriorate before q reaches q’, typically for q > q’'3/4. This

results in a resolution of the order of

(65)

(=g
n
Wi >
]
Wit
>

N
>

This is somewhat sharper than the standard quoted result of M\/L,
but not significantly so. Thus, the Fourier series method has
slightly better resolution than standard beamforming, which

corroborates several of the results in [4].
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DISCUSSION

It was demonstrated in (51)-(53), that for the plane-wave
arrival of (48)-(50), use of all the exact coefficients {aq) in
the Fourier series method restored the field A(8) precisely for
all ©. However, when we discretize the array and must resort to
approximations {§q} in (58), this restoration capability is lost,

even if the array is infinitely long; see the tabular results in

appendix B for M = 100, 1000, 10000, 100000. This result for the
Fourier series method is distinctly differznt from that for the
Fou.ier integral method, as a review of (21) and figure 3
reveals. 1In both methods, we are presuming that f < fo, that is,
that the array is used at or below its design fregquency. Thus,
sampling {(in space) is more detrimental to the Fourier series
method than to the Fourier integral method; this is related to
the fact that the latter employs a (single) Fourier transform in
(17), whereas the former uses (numerous) Bessel transforms in
(47).

The summation on g in (40) for field A(8) cannot be carried
out to =». However, when employed with approximate coefficients
{éq}, it should be carried out at least to the limit g' given in
(63), after which {éq} are essentially zero; this will maximally
preserve the resolution capability of the Fourier series method.
This procedure was not employed in [4; figures 1,4,6]; thus, some
inherent resolution of the Fourier series method was lost in

those examples.
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GRAPHICAL RESULTS

We shall re-do the examples given in [4], where the Fourier
series method was introduced, but now using more coefficients and
comparing the results with the Fourier integral method presented
here., The first example is that of five plane-waves with arrival
angles 54°,57°,60°,63°,66°, as given in [4; figures 1 and 2}.
(Angle 90° corresponds to broadside of the line array.) The two
arrivals at 57° and 63° each have twice the common power of the
other three arrivals. The exact cosine series coefficients {aq}
for 0 < g £ 250 are plotted in figure 10A, and are listed
numerically in table 1 for 0 < q < 30. We have normalized the
total power so that the origin value of the spatial correlation
is C(0) = n; then a, = So = 1.

For a line array with M = 64 elements, employed at its design

frequency, f = fo'

the approximate coefficients {Sq}, as
determined via (58), are given in figure* 10B and table 1. A
comparison of the numerical results in table 1 shows a very large
discrepancy between ay and 51 and between a, and 52. However,
this discrepancy decreases to about 5% for q = 3 and 4, and is
much smaller for q > 4. Comparison of the plots in figure 10
reveals that Sq is substantially zero for q > 205, in agreement

with (62) and the sequel, and that 5q and aq are very similar for

2 < q< 175.

*This figure is not in complete agreement with [4; figure 2]).
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Table 1. Cosine Series Coefficients

q aq 3q
0 1.0000 1.0000
1 .9977 .4837
2 -.9906 -.4407
3 -1.9580 -2.0569
4 ~.9628 -.9130
5 .9423 .9265
6 1.8349 1.8428
7 .8887 .8868
8 -.8561 -.8535
9 ~1.6399 -1.6395
10 -.7806 -.7784
11 .7383 .71390
12 1.3869 1.3895
13 .6463 .6471
14 -.5974 ~-.5942
15 -1.0938 -1.0933
16 -.4954 -.4916
17 .4431 4433
18 .17809 .7852
19 .3379 .3376
20 -.2857 -.2810
21 -.4687 -.4697
22 -.1841 -.1793
23 .1353 .1335
24 .1766 .1811
25 .0433 .0406
26 -.0007 .0031
27 .0790 .0754
28 .0769 .0794
29 -.1114 -.1157
30 -.2857 ~.2851

For these same parameter values, the reconstructed field
distribution, via the Fourier integral method of (32), is
depicted in figure 11A, while that for the Fourier series method
of (58), (40), and (63), using approximate coefficients {Eq}, is
displayed in figqure 11B. This latter figure is an improvement
over [4; figure 1) for two reasons: 250 coefficients {Sq} were

used instead of 140, and the angular sampling increment was
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previously insufficient to track the detailed behavior of the
field distribution. The two parts of figure 11 are very similar,
except for the drift in the Fourier series method near 6 = n, due
mainly to inaccurate low-order coefficients 51 and 52.

Both plots yield some negative values for the reconstructed
field distribution, due to sidelobes from the plane-wave
components. These can be suppressed at the cost of decreased
resolution. See (25)-(31) for the Fourier integral method. As
for the Fourier series method, if approximations (58) (to exact
results (47)) used a taper, instead of box-car weighting out to
p = M~1, a similar control of sidelobes is achievable.

If all the parameter values above are kept unchanged, except
that the arrival angles are squeezed closer together, namely
56°,58°,60°,62°,64°, we then have the example considered in
(4; figures 4 and 5). The exact and approximate cosine series
coefficients are given in figures 12A and 12B, respectively. The
field distribution for the Fourier integral method is plotted in
figure 13A, while that for the Fourier series method is plotted
in figure 13B. All five plane-waves are resolved by both
procedures; in fact, the only essential difference is the slight
drift in figure 13B near 6 = n, due to poor values of 51 and 52.
Figure 13B is a significant improvement over [4; figure 4], again
due to additional coefficients and finer angular sampling in 8.

The third example of the Fourier series method, from
[4; figure 6], corresponds to three plane-waves with arrivals

closer to endfire, namely 27°,30°,33°. The power level of the
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33° arrival is one-half of the common power level of the other
two arrivals; all other parameters are unchanged. The exact and
approximate coefficients are given in the two parts of figure 14;
the approximation appears to deteriorate for q > 100. The field
distribution for the Fourier integral method is depicted in
figure 15A, while that for the Fourier series method is plotted
in figure 15B. The major discrepancy is again the drift in the
latter plot near & = n; this is in spite of the seemingly poor
results for coefficients {iq} in figure 14B.

The final example considered here is that given in
{1l; page 15], namely

0 for -1 < u < 0
B(u) = . (66)
2u for 0 <u<l

However, those earlier results were limited to M < 12 due to

ill-conditioning. The spatial correlation follows from (15) as

ctp) = 5 [exp(-iap) (1 + iap) - 1] . (67)
«“p

The reconstructed field distribution via the Fourier integral
method, for M = 64 elements, is presented in figures 16A and 16B
for flat weighting (32), with f/fo = 1 and .5, respectively. The
corresponding plots for Hann weighting, (25) and figure 5, are
depicted in figure 17. The familiar tradeoff between resolution
and sidelobes is quite evident. Perhaps a plot of both results,
with and without weighting, would yield important information not

available from either plot alone.
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Figure 10. Coefficients for Five Separated Arrivals
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Fiqure 12. Coefficients for Five Close Arrivals

45




TR 8599

(o

20

0 2 8

Figure 13A. Fourier Integral Method

-20

0 2 6

Figure 13B. Fourier Series Method
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SUMMARY

The Fourier integral method and the Fourier series method
have very similar performance; the major difference is the slow
drift in the background level of the noise field directionality
for the Fourier series method due to inaccurate low-order cosine
series expansion coefficients. There is a rather large
difference, however, in terms of the amount of computation, since
the Fourier integral method can employ a fast Fourier transform
to good advantage, while the Fourier series method requires
numerous Bessel function evaluations.

Use of the array somewhat below its design frequency eases
the aliasing problems associated with both methods; but there is
a tradeoff connected with this approach, namely, a loss of
resolution. Similarly, weighting can be used to suppress
sidelobes, but again, only at the expense of resolution.

It has been presumed throughout this report that the spatial
correlation is known exactly, for all required argument values,
without any random error. 1In practice, the spatial correlation
must be estimated from a finite observation time on random
processes. This limitation will further degrade the performance
of both techniques considered here; which one will suffer most,
and by how much, is unknown.

Extension of the Fourier integral method to two- and three-
dimensional arrays have been undertaken in {9]. The effects of
finite array length and discrete sampling on the estimate of the

full noise field airectionality have also been considered.
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APPENDIX A. EXAMPLE OF FOURIER SERIES METHOD

The single plane-wave arrival was given in (48); it yields

spatial correlation (50):

C(p) = exp(-iap cos® ); 0 <8, < m. (A-1)

Substitution in (47) yields coefficients [7; 6.693 2&1]

2 m
aZm =3 {(-1)" cos{2mB)
fol’.’ A8 ? 1 [ (A_Z)
a, ;=2 (-1)™! sinl(2n-1)8]
where
. n
g = arcszn(coseo) =3 - 60 {(A-3)

Although spatial correlation C{p) depends on «, coefficients {aq}

do not. Also, observe that

cos(2mB) = cos(mn-Zmeo) = (—1)m cos(Zmeo),

sin{{2m-1)8) = sin[[Zm-—l)[—% - eo)} = (-1)™ ! cosl(2m-1)e ), (A-2)

giving

2
aq =< cos(q 8,) for q > 1. (A-5)

When these coefficients, along with a, = 1/n, are substituted
in the right-hand side of (40), we obtain (letting © be

arbitrary)
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4+
R(O) = -’11- + %Z cos(qe,) cos(qe) =
g=1
)
1 1
= I + T }ZZ[COS(Q(G—BO)) + cos(q(e+e°))]. {A-6)
q=1
But [8; page 28]
+® +® +®
RN § cos(qt) = =+ cos(qt) = §(t-m2n) (A-T)
2n n q 2n q '
qsl g=-= M=o
giving
4@
R(©) = EZ: [8(0 - eo - m2n) + &(9 + eo - m2n)} for all ©. (A-8)
MN=—-®

This function is discussed in (52) and the sequel.
For future reference, if the sum in (A-7) were terminated at

q’, we have

1 1 - .1 sin{(2q'+1)t/2] _
Zn t }f: cos(qt) = 53 sin(t/2) ) (A-9)
q=1

The first zero crossing of this function is at

n

tO = a7:g— . (A-10)

This is approximately the resolution of waveform (A-9).
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APPENDIX B. NUMERICAL INVESTIGATION OF (58)

For the single plane-wave arrival given in (48)-(50), the

spatial correlation is

C(p) = exp(—iapuo) ’ o = nf/fo y  fu < 1. (B-1)

ol

Substitution in (58) gives approximate coefficients

n . = Jy(an)
3 al = ZZ: — s:n(anuo) '
n=1
. M-l 3, (an)
5 8, = -ZEZ: — cos(anuo) ’
n=1
) M-1 3, 0(en)
5 510 = —IOEZ: — cos(anuo) . (B-2)
n=1

The exact coefficients are given by (51) as

% aq = cos(qec) = cos(q arccos(uo)) for q > 1 , (B-3)

and are independent of «a.

Numerical values of approximations (B-2) are given in tables
B-1, B-2, B~3, respectively, for several values of Uy, o and for
M = 100, 1000, 10000, 100000. The exact values, from (B-3), are
listed in the right-most column for comparison purposes.

Several observations can be made from these tables. Except
for u, = 1, the sums in (B-2) for M = 100 are nc too different
from what they would have been for M = =, Part of this is due to

the fact that M = 100 is considerably larger than the biggest

coefficient order, 10, that we considered here.
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The values of the approximate coefficients 51 and 52 are poor
for « = n, that is, for frequency f equal to design frequency fo'
even for a large number of elements M, independent of arrival
angle u,. However, if o is decreased, so that f is well below
the design frequency fo’ d < A2, then 51 and 52 are rather close
to a, and as, respectively. However, the loss in resoclution is
unlikely to be tolerable in this case.

By contrast, the values of 510 in table B-3 are good

approximations to aj0° with two exceptions:

u, = 1, o= n, all M ;

u, = 1, all o, ™M = 100 . (B-4)

That is, endfire arrivals will cause the most problems, as is

expected physically.
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Table B-1. Values of % 51
% 51 for:

o « M=100 M=1000 M=10000 M=100000 g a,
0 all 0 0 0 0 0
.25 n .129232 .129164 .129166 .129166 .25
.25 | .75r| .187050 .187166 .187169 .187169 .25
.25 | .s5m | .223371 .223390 .223387 .223387 .25
.25 | .25n| .244032 .243504 .243520 .243520 .25
.5 n .243202 .243356 .243361 .243361 .5
.5 .75n| .371340 .371278 .371273 .371273 .5
.5 .5n | .446531 .446295 .446302 .446302 .5
.5 .25n| .487704 .487032 .487014 .487014 .5
.15 n .312112 .311716 .311728 .311728 75
.75 | .75n| .548651 .548352 .548355 .548355 75
.75 | .5n | .668571 .668247 .668229 .668230 75
.75 | .25a] .730345 .730503 .730458 .730456 75
1 n 0 0 0 0 1
1 .75n| .675038 .700277 .708228 .710741 1
1 .5n | .843507 .874322 .884057 .887135 1
1 .25n] .910216 .953689 .967453 .971806 1
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I

Table B-2. Values of 3 52
% 52 for:

u, « M=100 M=1000 M=10000 M=100000 % a,
0 n -.774782 ~.774469 -.774460 -.774459 -1

0 .75r| -.877975 -.878516 ~-.878500 -.878500 -1

0 .5n | -.948405 -.947527 -.947499 -.947498 -1

0 .25n| -.984898 -.987151 -.987084 -.987082 -1
.25 n -.638731 -.639064 -.639054 ~-.659054 | -.875
.25 | .75n| -.751196 -.750903 -.750906 -.750907 | ~-.875
.25 | .5n | -.822242 ~.822027 ~.822058 -.822057 | -.875
.25 | .25n] -.860117 -.862071 -.862055 -.862057 | -.87%
.5 n -.226752 -.226437 -.226428 -.226427 -.5
.5 .75n| -.367826 -.367496 -.367515 -.367515 -.5
.5 .5n | -.444596 -.445729 -.445695 -.445694 -.5
.5 .25n| -.485886 -.486894 -.486983 ~-.486980 -.5
.75 " .497761 .497414 .497424 .497425 .125
.75 | .75m| .275027 .273883 .273906 .273905 .125
.75 | .5n .182765 .181761 .181708 .181709 .125
.75 | .25n| .136903 .138239 .138154 .138149 125
1 n 1.992866 2.080480 2.108031 2.116738 1

1 .75n] 1.105007 1.155646 1.171553 1.176580 1

1 .51 .969535 1.031886 1.051378 1.057535 1

1 .25n| .884033 .973009 1.000600 1.009308 1
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Table B-3.

Values of % a

10
N .

n
u, o M=100 M=1000 M=10000 M=100000 3 359
0 n -1.001835 -1.000047 -.999998 -.999996 ~1
0 .75} -.997211 -1.000083 -1.000002 -1.000000 -1
0 .5n |-1.004328 -1.000142 -1,000004 ~1.000000 -1
0 .25n| -.993657 -1.000337 -1,000013 -1.000003 -1
25 n .818745 .816853 .816903 .816904 |.816895
25 .75n .815431 .816916 .816897 .816895 |.816895
25 .5n .815723 .817043 .816890 .816894 |.816895
25 .25n .823767 .816816 .816904 .816892 [.816895
.5 n -.501787 -.499985 -.499935 -.499934 -.5
.5 .75n) -.501841 -.499903 -.500002 -.499999 -.5
.5 .5n -.495030 -.500171 ~.500005 -.500000 -.5
.5 .25n] -.492036 -.499587 -.500016 -.500003 -.5
.75 ) .589326 .587351 .587401 .587402 |.586426
.75 .75n .592357 .586315 .586433 .586429 |.586426
.75 .5n .593192 .586680 .586418 .586426 |.586426
.75 .25n .593387 .586898 .586445 .586423 |.586426
1 n 1.329489 1.797572 1.936303 1.979867 1
1 .75n .606719 .882941 .963235 .988393 1
1 .5n .504084 .856082 .954934 .985763 1
1 .25n .252087 .794347 .936197 .979862 1
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